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Executive Summary 
This 2021 West-Wide Climate and Hydrology Assessment (2021 Assessment) is the technical 
companion document to the Bureau of Reclamation’s (Reclamation) 2021 SECURE1 Water Act 
Report to Congress. The 2021 Assessment investigates changes in climate and hydrology across 
the West using approaches that align with Reclamation’s 2011 and 2016 SECURE Water Act 
Reports and new techniques, data, and analyses that provide a broader assessment of future 
hydroclimate changes to support water management in the West. This work is performed by 
Reclamation’s Technical Service Center in partnership with the United States Geological Survey 
(USGS), University of Arizona, Columbia University, Desert Research Institute, National Center 
for Atmospheric Research, Aspen Global Change Institute, and in collaboration with 
Reclamation regions and area offices. 

The climate change analysis in the 2021 Assessment provides estimates of changes in 
temperature, precipitation, snowpack, and streamflow across the West using consistent 
methodology, including using statistically downscaled projections from the Coupled Model 
Intercomparison Project Phase 5 (CMIP5) climate model archive. The analysis approach to 
estimate changes for these hydroclimate variables followed methods similar to the 2011 and 
2016 SECURE Water Act Reports. However, for the 2021 Assessment, additional data were 
used, and analyses performed to provide an assessment of hydroclimate changes to support water 
management in the West. Specifically, the following data and analyses are the newer aspects in 
the 2021 Assessment: 

• Use of statistically downscaled CMIP5 projections for Representative Concentration 
Pathway (RCP) 4.5 (“lower scenario”) and RCP8.5 (“higher scenario”) developed using 
the LOcalized Constructed Analogs (LOCA) method (in short, CMIP5-LOCA) in the 
hydroclimate analysis. 

• Use of paleohydrologic (“paleo”) data—reconstructed streamflow and reconstructed 
drought index. 

• Projections of drought index using the CMIP5-LOCA downscaled climate projection 
data. 

• West-wide drought analysis with paleo-reconstructed and projected drought index data 
spanning 1473 to 2099. 

• Data-driven reservoir performance risk quantification for five Reclamation reservoirs 
over a range of paleo-periods and recent historical periods. 

 
1 SECURE is the acronym for Science and Engineering to Comprehensively Understand and Responsibly Enhance. 
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• Planning and operations model-driven reservoir performance risk quantification over a 
range of paleo-period drought events and recent historical drought events on managed 
river systems in Reclamation’s eight major river basins. 

• Recent historical and future turfgrass water demands for major urban areas in the West. 

• A synthesis of impacts of climate on groundwater recharge and discharge for eight case 
study areas. 

This report is organized with the following chapters describing the data and analysis performed 
as part of the 2021 Assessment: 

• Chapter 2: Background on the global climate projections used in the study, including the 
downscaled future climate projections, future hydrologic projections, and paleohydrology 
scenarios presented in this report. 

• Chapter 3: Analysis of hydroclimate projections in the eight major Reclamation river 
basins, focused on annual climate projections and decadal changes in temperature and 
precipitation, April 1st snowpack, and mean monthly and mean seasonal runoff specific to 
each basin. 

• Chapter 4: Analysis of the variability and characteristics of drought (duration, severity, 
and frequency) for historical (1473 to 2005) and future (2006 to 2099) projected climate 
conditions across the Western United States. 

• Chapter 5: Quantification of risks to reservoir performance using drought indices that 
consider estimates of water demands and inflows into selected major reservoirs across the 
Western United States, including an implicit consideration of the reservoir operating rules 
used to approximate demands. The following five Reclamation reservoirs were studied: 
American Falls, Canyon Ferry, Lake Powell, Millerton Lake, and Shasta Lake. 

• Chapter 6: Using consistent methodology, evaluation of observed historical drought 
events and drought events identified in paleo-reconstructed timeseries of streamflow 
(hereafter referred to as paleo droughts) on managed river systems in Reclamation’s eight 
major river basins. Insights of system performance from the CMIP5-LOCA hydrology 
are also discussed. 

• Chapter 7: Estimates of recent, historical, and future turfgrass water demands for major 
urban areas in the Western United States, as a complement to estimates of historical and 
future agricultural irrigation water demands developed in 2015 (Reclamation, 2015a). 

• Chapter 8: Synthesis of impacts of climate change on groundwater recharge and 
discharge and summary of findings from recent studies conducted by Reclamation. 

• Chapter 9: Uncertainties in the analysis presented throughout Chapters 2 through 8 and 
how these analyses may support risk-informed water management and planning even 
with associated uncertainties. 
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• Based on the data and analyses conducted across the chapters, the following are the key 
findings: 

• Future projections show temperatures will continue to increase (see Chapter 3). 

• Average annual precipitation is projected to increase in the north, particularly in the 
Columbia and Missouri River Basins, and decline in the south. 

• Snow storage, as measured by snow water equivalents (the amount of water in snowpack) 
is projected to decline, with only a few locations showing some increases, likely due to 
increased precipitation. 

• Climate model projections indicate an increase in average drought duration and an 
increase in the variability of drought duration for most of the Western United States in 
the future (see Chapter 4). 

• Climate models also project future increases in average drought severity and in the 
variability of drought severity for most of the Western United States. 

• The probability of severe drought is generally much higher in the paleohydrologic 
reconstructions than in the instrumental period for some of the reservoirs studied. 
However, given the high minimum active storage pool of the reservoirs selected for this 
study, the ability of the systems to avert a drought impact based on a prior reservoir refill 
cycle still relatively high in all of the five reservoirs studied (see Chapter 5). 

• Analysis using water resources system models across the eight major Reclamation river 
basins showed the following (see Chapter 6): 

o In the Boise River basin, the paleo droughts were much more severe than the 
observed historical droughts. Future drought projections indicate the possibility of 
more severe, but shorter duration events as compared to the paleo events, or 
longer, but less severe events. 

o In the Klamath River Basin, the extended drought in the first half of the 1900s 
remains the most impactful drought when looking at historical and paleo droughts 
considered in this report. According to the analysis performed in this report, 
droughts of greater severity and of longer duration than those in the historical and 
paleo-reconstruction period are possible in the future. 

o In the Missouri River Basin, projected future droughts are generally comparable 
to the observed historical and paleo events, but suggest the possibility of 
moderate, but extremely long duration events. 

o In the Rio Grande Basin, future drought projections suggested droughts of greater 
severity and longer duration than any of the observed historical or paleo events. 

o In the Sacramento and San Joaquin River Basins, projected future droughts are 
generally of equal severity to observed historical or paleo events, but of greater 
length, or alternatively shorter in length and more severe. 
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o In the Truckee River Basin, projected future droughts are generally comparable to 
observed historical or paleo events; however, longer duration droughts are 
possible. 

• Projections of future evapotranspiration and net irrigation water requirements for urban 
turfgrass throughout the Western United States show substantial increases in water 
demands in the future. Sixty-eight urban demand areas were selected, and detailed results 
for specific seasonal turfgrass types covering a broad range of hydroclimates are given 
for three selected urban areas—Las Vegas, Nevada; Los Angeles, California; and Denver, 
Colorado (see Chapter 7). 

• West-wide analyses of climate change impacts to groundwater recharge and discharge is 
not available, and only site-specific findings are documented in Chapter 8. However, for 
the Colorado River Basin—Upper Colorado River Basin and Lower Colorado River 
Basin—results from a multi-year collaboration effort with the USGS are available. This 
analysis was completed using the CMIP5 projections that were statistically downscaled 
using the Bias Correction and Spatial Disaggregation (BCSD) method. The key findings 
include: 

o Recharge projections in the Upper Colorado River Basin have considerable spatial 
heterogeneity throughout the basin and are seasonally variable. 

o With the combined projections of increased temperature (and increased 
evapotranspiration) and decreased precipitation, groundwater recharge is 
projected to be substantially less than historical levels in the Lower Colorado 
River Basin. 

Drought analyses combined with projections of future hydroclimate conditions suggest that, 
overall, drought severity and duration will increase across the West in the coming century. 
However, in many locations in the West, variability in drought conditions will also increase, as 
climatic conditions evolve. Collectively, the impacts of climate change on water resources 
present challenges to operating Reclamation facilities to meet growing demands for water and 
hydropower now, and to upgrading and maintaining infrastructure to support operations in the 
future. The 2021 Assessment was conducted with a goal of providing quantitative information 
using diverse datasets (paleohydrologic, instrumental, and climate projections) to support future 
water management decisions across the West. 
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1 Introduction 
The Bureau of Reclamation (Reclamation), established in 1902, is best known for the dams, 
powerplants, and canals it constructed within the 17 Western States of the United States. 
Reclamation’s mission is to manage, develop, and protect water and related resources in an 
environmentally and economically sound manner in the interest of the American public. As the 
largest manager and wholesaler of Western water in the Nation, Reclamation has a responsibility 
to consider potential risks to water supplies, and to help implement measures that ensure water 
will be managed as effectively and sustainably as possible. 

A growing risk to effective water management in the Western United States is climate change. In 
recent decades, climate science has highlighted a broad suite of future challenges for managing 
water, in addition to risks already posed by natural variations in climate and pressures associated 
with growing populations. These challenges include impacts to water supplies, water demands, 
and environmental conditions that may affect Reclamation’s ability to fulfill its mission. In light 
of these challenges, Reclamation is working with its partners in the West to identify appropriate 
forward-looking adaptive actions that add resiliency and reliability to water management 
planning and practices. 

The Omnibus Public Land Management Act of 2009 (Public Law 111-11) was enacted on 
March 30, 2009. Subtitle F of Title IX of that legislation, known as the SECURE2 Water Act, 
recognizes that climate change poses a significant challenge to the protection of adequate and 
safe supplies of water, which are fundamental to the health, economy, security, and ecology of 
the United States. Section 9503 of the SECURE Water Act authorizes Reclamation to coordinate 
and partner with others to ensure the use of best available science; assess specific risks to water 
supply; analyze the extent to which water supply risks will impact various water-related benefits 
and services; develop appropriate mitigation strategies; and monitor water resources to support 
these analyses and assessments.3  

Section 9503 (Reclamation’s Climate Change and Water Program) authorizes Reclamation to 
assess climate change risks for water and environmental resources in the eight major 
Reclamation river basins. Section 9503 also includes the authorities to evaluate potential climate 
change impacts on water resource management, and to develop strategies to either mitigate for or 
adapt to impacts. The eight major Reclamation river basins listed within the SECURE Water Act 
include the Colorado, Columbia, Klamath, Missouri, Rio Grande, Sacramento, San Joaquin, and 
Truckee River Basins. The SECURE Water Act also directs Reclamation to submit reports to 
Congress 2 years after enactment and every 5 years thereafter to describe progress in carrying 
out those activities. This 2021 West-Wide Climate and Hydrology Assessment (2021 

 
2 SECURE is the acronym for Science and Engineering to Comprehensively Understand and Responsibly Enhance. 
3 The SECURE Water Act also authorizes the Department of Energy (Section 9505) and the Department of the 

Interior’s United States Geological Survey (Sections 9507 and 9508) to assess and report on the impacts of climate 
change on national hydropower production and water data enrichment, respectively. 
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Assessment, or this report) is the technical companion document to the 2021 SECURE Water 
Act Report to Congress. 

1.1 Reclamation’s WaterSMART Programs and Activities 
Addressing the SECURE Water Act 

WaterSMART (Sustain and Manage America’s Resources for Tomorrow) was established in 
February 2010 by the Department of the Interior as a broad framework for Federal collaboration 
with States, Tribes, local governments, and non-governmental organizations to work toward a 
secure and sustainable water supply. Reclamation has implemented the climate change 
adaptation activities authorized under Section 9503 of the SECURE Water Act through the Basin 
Study Program, which is part of WaterSMART and supports President Biden’s new Executive 
Order on Tackling the Climate Crisis at Home and Abroad. 

The Basin Study Program includes a set of complementary activities that represent a 
comprehensive approach to incorporate the best available science into planning activities for 
climate change adaptation:  

• Basin Studies – Reclamation partners with basin stakeholders to conduct comprehensive 
basin studies to define options for meeting future water demands in river basins in the 
West where imbalances in supply and demand exist or are projected as a result of climate 
change or other stressors. In response to the identified imbalances, the basin studies 
assess options and strategies for meeting future water demands. Partners can build on 
completed basin studies through Water Management Options Pilots to conduct deeper 
analysis of adaptation strategies, incorporate new science and data, or otherwise expand 
the analysis in the completed basin study. 

• West-Wide Risk Assessments (WWRAs) – Through the WWRA activity, Reclamation 
develops key data on climate-induced risks and impacts to Reclamation’s operations. 
Specifically, Reclamation has developed surface water hydrologic projections over the 
Western United States from contemporary climate projections. These projections provide 
risk assessment information for metrics described in the SECURE Water Act 9503(b)(2), 
including climate change risks to snowpack, changes in the timing of streamflow, and 
changes in the quantity of runoff. These data provide a foundation for future basin 
studies, as well as for project-specific applications and planning activities. Reclamation 
also coordinates with the United States Geological Survey (USGS), National Oceanic and 
Atmospheric Administration (NOAA), National Aeronautics and Space Administration 
(NASA), Department of Energy (DOE), and the Natural Resources Conservation Service 
(NRCS) on climate activities through the WWRA Implementation Team. 

• Applied Science Tools – Reclamation also provides Basin Study Program funding on a 
competitive basis for projects to develop modeling, forecasting, and data-related tools to 
improve water management and operations. Funding is available for projects by non-
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Federal entities and, separately, for projects by Reclamation staff that support technical 
capacity through the development of applied science tools and information. 

• Reservoir Operations Pilots – Through Reservoir Operations Pilots, Reclamation 
identifies potential improvements to reservoir operations through the evaluation of 
operating alternatives and use of improved forecasts and modeling tools. 

• Science and Technology Program – Reclamation is also actively engaged with research 
partners to develop and share information for a common understanding of climate change 
impacts to water resources in the West. The Science and Technology Program is a 
Reclamation-wide competitive, merit-based applied research and development program 
focused on innovative solutions for water and power challenges in the Western United 
States. Reclamation partners with the U.S. Army Corps of Engineers, USGS, NOAA, and 
others to identify mutual science needs for short-term water management decisions and 
long-term planning. These programs are fundamental to developing new information for 
adapting to climate change by assessing the current state of knowledge, identifying where 
gaps exist, and finding opportunities to address those gaps. 

1.2 The 2011 SECURE Water Act Report 

In 2011, Reclamation published the initial SECURE Water Act Section 9503(c) – Reclamation 
Climate Change and Water 2011 Report to Congress (Reclamation, 2011a). That report assessed 
climate change risks and how those risks could impact water operations, hydropower, flood 
control, and fish and wildlife in the Western United States. It represented the first consistent 
(with respect to methodology of analysis across the West) and coordinated assessment of risks to 
future water supplies across the eight major Reclamation river basins and identified several 
increased risks to water resources in the Western United States during the 21st century. The 
report noted that projected changes in temperature and precipitation are expected to impact the 
timing and quantity of streamflow in all Western river basins, which would impact the amount of 
water available for farms and cities, hydropower generation, fish and wildlife, and other uses, 
such as recreation. 

1.3 The 2016 SECURE Water Act Report 

The 2016 SECURE Water Act Report to Congress built upon the 2011 report and used the World 
Climate Research Programme (WCRP) global climate projections developed through its Coupled 
Model Intercomparison Project (CMIP), which are released roughly every 5 to 7 years. The 
companion technical assessment to the 2016 SECURE Water Act Report, the West-Wide 
Climate Risk Assessment, relied upon the most current climate projections featured in the 
Intergovernmental Panel on Climate Change’s (IPCC) Fifth Assessment, which were developed 
as part of the WCRP CMIP Phase 5 and are referred to here as CMIP5 Projections.  
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1.4 The 2021 SECURE Water Act Report 

This 2021 Assessment provides projections of future water supplies in the eight major 
Reclamation river basins listed in the SECURE Water Act, characterized in a manner consistent 
with the approach used in the 2016 SECURE Water Act Report. The evaluation includes an 
assessment of future climate conditions over the basin (i.e., precipitation and temperature), as 
well as the surface water hydrologic response (i.e., snow water equivalent, or the water available 
from snowpack) and runoff. 

Reclamation operators and planners rely on information about temperature, precipitation (rainfall 
and snowfall), snowpack, streamflow, water demands, and groundwater to make informed 
decisions. As such, assessments of how these measures may change in the future are important to 
enable appropriate risk-informed decision-making, particularly in warmer, wetter, and drier 
periods. In 2011, and again in 2016, Reclamation conducted West-wide assessments of future 
temperature, precipitation, snowpack, and runoff changes. 

Building on these prior efforts, Reclamation’s 2021 Assessment provides supporting material for 
the 2021 SECURE Water Act Report using several complementary approaches that align with 
previous work and also promote innovations that allow a broader assessment of future change. 
Where appropriate, this report summarizes how hydroclimate projections developed since the 
2016 Assessment align with previous projections. The 2021 Assessment was performed by 
Reclamation’s Technical Service Center in partnership with the USGS, University of Arizona, 
Columbia University, Desert Research Institute, National Center for Atmospheric Research, 
Aspen Global Change Institute, and in collaboration with Reclamation Regions and Area 
Offices. 

In this climate and hydrology assessment, in addition to using projections of future climate, 
Reclamation also incorporated paleohydrology to inform long-term planning. Paleohydrology 
uses tree-ring reconstructions of hydroclimate variables (e.g., precipitation, temperature, 
streamflow, etc.) to understand wet and dry conditions centuries before instrumentations 
(e.g., streamflow gages) were installed. As such, paleohydrology provides tools for water 
managers that complement and add value to contemporary projections of future climate and 
hydrology. 

In particular, paleohydrology analysis provides new consistent information to water managers on 
the likelihood of drought. The term consistent refers to the same methodology across the 
Western United States. This is especially useful as instrumental records (stream gages), going 
back only a hundred years in most cases, capture a limited number of extreme events and may 
not contain the full range of variability (droughts and wet periods) that has occurred over past 
centuries. Using a longer record based in paleohydrology informs water managers whether 
droughts of the distant past were similar to or more severe than observed droughts. For example, 
as shown in the Colorado River Basin Study, paleohydrology reveals droughts hundreds of years 
ago (e.g., in the 1500s) that are more severe than any in the observed record. A longer record of 
past droughts can inform water managers about the types of droughts, and level of risk, to 
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consider in planning studies and can complement the use of future projections of how climate 
change may impact drought severity and duration. 

Paleohydrology has been useful in informing water management and planning in watersheds as 
explored in earlier studies supported by Reclamation’s WaterSMART Basin Studies Program, 
including the Colorado River Basin Water Supply and Demand Study (Reclamation, 2012b), the 
Upper Missouri Basin Impacts Assessment and Basin Study (Reclamation, 2018), and the 
Reservoir Operations Pilot Study for the Washita Project (Reclamation, 2018), among others. 
Further analysis of paleohydrology in other Reclamation basins and as a West-wide analysis 
allows water managers greater access to paleohydrology information, providing a longer history 
and consistent approach to evaluate risks with greater perspective across the entire West. New 
insights are shared in the West-wide Drought Analyses (spatial maps) and Water Supply 
Reliability Assessment chapters. Refer to Chapter 2 for a detailed discussion of the types of 
information leveraged and developed for the 2021 Assessment. 

1.5 Report Organization 

The focus of this report is to describe the development of hydroclimate projections and to 
provide a summary evaluation of climate change implications for water management in the eight 
major Reclamation river basins listed in the SECURE Water Act. The report is organized as 
follows: 

Chapter 2 provides background on the global climate projections used in the study, including 
the downscaled future climate projections, future hydrologic projections, and paleohydrology 
scenarios presented in this report. 

Chapter 3 presents an analysis of hydroclimate projections in the eight major Reclamation river 
basins. The overview focuses on annual climate projections and the decadal changes in 
temperature and precipitation, April 1st snowpack, and mean monthly and mean seasonal runoff 
specific to each basin. 

Chapter 4 presents analyses of the variability and characteristics of drought (duration, severity, 
and frequency) for historical (1473 to 2005) and future (2006 to 2099) projected climate 
conditions across the Western United States. 

Chapter 5 presents an approach to quantify reservoir performance risk using drought indices 
that consider estimates of water demands and inflows into five selected major reservoirs across 
the Western United States, including an implicit consideration of the reservoir operating rules 
used to approximate demands. 

Chapter 6 presents a consistent West-wide evaluation of observed historical drought events and 
drought events identified in paleo-reconstructed timeseries of streamflow on managed river 
systems in Reclamation’s eight major river basins. Insights of system performance from the 
CMIP5-LOCA hydrology are also discussed. 
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Chapter 7 provides estimates of historical and future turfgrass water demands for major urban 
areas in the Western United States as a complement to estimates of historical and future 
agricultural irrigation water demands developed in 2015 (Reclamation, 2015a). 

Chapter 8 synthesizes impacts of climate on groundwater recharge and discharge and 
summarizes findings from recent studies conducted by Reclamation over approximately the last 
5 years. 

Chapter 9 summarizes uncertainties in the analysis presented throughout Chapters 2 through 8 
and outlines how these analyses may support risk-informed water management and planning, 
even with associated uncertainties.
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2 Background 
This chapter describes the types of information leveraged and developed for the 2021 
Assessment. This includes observed historical information, future hydroclimate projections using 
downscaled global climate model simulations, and paleohydrology information in the form of 
annual streamflow reconstructions. Further, an available gridded reconstruction of PDSI was 
used and compared against future projections of PDSI based upon downscaled climate 
projections. 

2.1 Downscaled Global Climate Projections 

Global Climate Models (GCMs) aim to simulate fundamental physical laws based on mass, 
energy, and momentum conservation in the coupled land-atmosphere-ocean system. Governing 
equations of these physical processes are solved numerically to provide a time evolution of state 
variables representing the Earth’s climate. These simulations require vast computational 
resources. Thus, in practice, GCM simulations are performed at horizontal computational grid 
resolutions (about 100 kilometers (km)) that are nearly an order of magnitude greater than the 
spatial scale of interest for most regional climate impacts assessments (e.g., about 10 km or 
finer). Among other factors, the simulation of physical processes at a coarse spatial resolution 
leads to systematic discrepancies in comparisons between simulation results and observations. In 
order to obtain credible simulations of variables relevant to a climate impacts assessment, such 
as precipitation and temperature, among others, it is necessary to reduce or eliminate such model 
discrepancies. 

Projections of future climate conditions have been developed by the climate modeling 
community using a wide range of GCMs forced with emissions scenarios. The emission 
scenarios encapsulate possible future trajectories of global greenhouse gas emissions and the 
corresponding atmospheric composition. The World Climate Research Programme established 
the Coupled Model Intercomparison Project (CMIP) in 1995 to facilitate broad analysis and 
application of GCMs. The CMIP framework provides standards for modeling and guidelines for 
comparing GCM results developed by the climate modeling community. The GCM simulations 
performed within the CMIP framework form the basis for periodic global and national climate 
impacts assessments. Examples of such climate impact assessments include the ones conducted 
by the Intergovernmental Panel on Climate Change, specifically the Third, Fourth, and Fifth 
Assessment Reports (IPCC 2001, 2007, and 2014). An example of a national assessment is the 
National Climate Assessment conducted every 4 years by the United States Global Change 
Research Program (USGCRP). In 2017, the USGCRP released the Fourth National Climate 
Assessment (NCA4). The USGCRP is mandated by Congress to coordinate Federal research and 
investments to understand the forces shaping the global environment. 
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To date, the contemporary climate assessments mentioned above use GCM-based climate 
projections from two CMIP phases: (1) CMIP Phase 3 (CMIP3) multi-model dataset completed 
in 2007, and (2) CMIP Phase 5 (CMIP5) multi-model dataset completed in 2013. Modeling 
experiments using CMIP Phase 6 (CMIP6) are currently underway. 

For this report, no variables from these or other future climate projections were used directly 
from GCMs at their native geospatial scales. Because the GCMs are run to simulate climate over 
the whole Earth for 100 years or more, their geospatial scales are large—on the order of 100 to 
200 km on a grid side. These native-scale outputs must be post-processed to make them useful at 
the finer spatial and temporal scales (e.g., daily) where assessment questions mostly arise. 

The coarse GCM outputs must be downscaled to a spatial scale that is appropriate for impact 
assessment studies and to correct for inherent biases in GCM outputs. The downscaling process 
is a current area of active research, and there is a continuum of downscaling methods ranging 
from statistical approaches to physically oriented dynamic modeling methods. The climate 
projections used in the hydroclimate analysis for this report were derived from GCM projections 
that were downscaled using a statistical method referred to as LOcalized Constructed Analogs 
(LOCA) method of empirical-statistical downscaling (Pierce et al., 2014). In this approach, 
regional climate patterns are translated to local-scale through regional pattern matching. In 
regional pattern matching, the best-matching historical days (e.g., 30 days) are identified as 
compared to coarsened observations and they are used to describe the local scale spatial 
relationship for each grid point being downscaled. In addition, LOCA selects the single best 
analog based on the nearest grid cells from a pool of analogs selected based on the larger 
regional pattern. The CMIP5-LOCA projection set provides the primary source of downscaled 
projections presented in the Fourth National Climate Assessment (USGCRP, 2018) and Fourth 
California State Climate Assessment (Pierce et al., 2018).  

The West-Wide Climate Risk Assessment of the 2016 SECURE Water Act Report (Reclamation, 
2016c) was based on the monthly CMIP5 Bias Correction and Spatial Disaggregation (BCSD) 
climate projection dataset, whereas this report has been based on the daily CMIP5-LOCA 
climate projections. A brief description follows detailing the difference between the CMIP5-
BCSD and CMIP5-LOCA climate projection datasets. Specifically, this description focuses on 
the climate projections that are provided through the Downscaled Climate and Hydrology 
Projections (DCHP) archive (Maurer et al., 2014). The DCHP archive has been the primary 
resource for Reclamation’s WaterSMART studies. 

The downscaled monthly CMIP5-BCSD climate projections available from the DCHP archive 
include results from 36 GCMs. Each of these GCMs was used for a minimum of four 
simulations, reflecting forcing of the climate system with four emission scenarios. The emissions 
scenarios in the CMIP5 archive are the same as those defined in the IPCC Fifth Assessment 
(IPCC, 2014) where they are referred to as Representative Concentration Pathways (RCPs). 
These scenarios are designated as RCP2.6, RCP4.5, RCP6.0, and RCP8.5. The numeric value for 
each RCP represents the possible range of radiative forcing values by the year 2100 relative to 
pre-industrial era (e.g., +2.6 Watts per square meter (W/m2), +4.5 W/m2, etc.). In this BCSD 
dataset, the observation dataset developed by Maurer et al. (2002) is used to develop 
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relationships between observed historical data and GCM-simulated historical data. The 
observation dataset has a grid spacing of 1/8th degree, about 12 km, and the training period used 
is 1950 to 1999. Relationships between observed historical and simulated historical climate are 
used to correct for systematic biases in the model simulations. To provide hydrologic variables 
such as snow water equivalent, evapotranspiration, and runoff, the downscaled climate 
information is used to run the Variable Infiltration Capacity (VIC; Liang et al., 1994; Liang et 
al., 1996; Njissen et al., 1997) hydrologic model, though these earlier datasets use an earlier VIC 
version 4.1.2 at 1/8th degree grid spacing. 

The downscaled daily CMIP5-LOCA climate projections available from the DCHP archive 
include results from 32 GCMs. Each of these GCMs was used for two simulations, reflecting 
forcing of the climate system with RCP4.5 and RCP8.5. The NCA4 identified RCP4.5 and 
RCP8.5 as the core scenarios representing an appropriate range of future conditions, stating, 
“NCA4 focuses on RCP8.5 as a ‘higher’ scenario, associated with more warming, and RCP4.5 as 
a ‘lower’ scenario with less warming. Other RCP scenarios (e.g., RCP2.6, a ‘very low’ scenario) 
are used where instructive, such as in analyses of mitigation of science issues” (USGCRP, 2018). 
Reclamation has consistently relied on a broad range of possible climate scenarios when 
assessing the risks and impacts from climate change, considering each as equally likely to best 
characterize the range of possible futures. Scenarios contained within the West-Wide Climate 
Risk Assessment of the 2016 SECURE Water Act Report are incorporated in this report, which 
remains a state-of-the-art assessment of potential future climate and hydrology using RCP2.6 
through RCP8.5. Additionally, this 2021 Assessment summarizes potential outcomes from 
RCP4.5 and RCP8.5, including additional downscaling methodologies as described in this report. 
Reclamation’s use of a range of RCPs—without assigning probabilities to any individual climate 
modeling experiment—reflects Reclamation’s commitment to understanding uncertainties 
associated with future projections and to identifying a fuller range of possible outcomes 
consistent with the current state of the practice in water resources climate impact assessments. 

Figure 1 and Figure 2 show Coupled Model Intercomparison Project Phase 5 (CMIP5) 
projections using Bias Correction and Spatial Disaggregation (BCSD) and LOcalized 
Constructed Analogs (LOCA) distributions of annual mean temperature and total precipitation 
projections, respectively. These projections are shown for the range of Representative 
Concentration Pathways (RCPs) for key locations in the eight major Reclamation river basins. 
The key locations are as follows (see Table 1 for location latitude and longitude information): 

• Colorado – Colorado River above Imperial Dam 
• Columbia – Columbia River at The Dalles 
• Klamath – Klamath River near Klamath 
• Missouri – Missouri River at Omaha 
• Rio Grande – Rio Grande at Elephant Butte Dam 
• Sacramento-San Joaquin – Sacramento-San Joaquin Rivers at Delta 
• Truckee – Truckee River at Nixon 
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In each sub-plot of Figure 1 and Figure 2, which represents a key location in one of the eight 
major Reclamation river basins listed above, the heavy line is the median value for each year 
across the range of projections. The shaded area is the annual time series of 10th to 90th 
percentiles. For CMIP5-BCSD, RCPs 2.6, 4.5, 6.0 and 8.5 are shown, and for CMIP5-LOCA, 
projections are shown for RCP4.5 and RCP8.5. The LOCA and BCSD ensemble presents a 
collective view of temperature and precipitation projections from the available full range of 
downscaled RCPs—2.6 through 8.5. 

 
Figure 1. CMIP5 BCSD and LOCA distribution of annual mean temperature projections across RCPs. 

Note: In each sub-plot, which represents a major Reclamation river basin location, the heavy line is the annual time series median 
value (i.e., median). The shaded area is the annual time series bounded by the 10th to 90th percentiles. 

deg F = degrees Fahrenheit   
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Figure 2. CMIP5 BCSD and LOCA distribution of annual total precipitation projections across RCPs. 

Note: In each sub-plot, which represents a major Reclamation river basin location, the heavy line is the annual time series median 
value (i.e., median). The shaded area is the annual time series bounded by the 10th to 90th percentiles. 

The historical dataset used for LOCA to develop relationships between observed historical 
climate and simulated historical climate by the GCMs was developed by Livneh et al. (2015), 
and the training period used is 1950 to 2005. In contrast, BCSD was trained on Maurer et al. 
(2002). These two observed datasets generally use the same approach for computing gridded 
climate fields from the station data available at the time they were developed; however, the 
Livneh et al. (2015) dataset has a higher resolution, leading to differences between it and the 
Maurer et al. (2002) dataset in local extremes and variability. The LOCA method uses local 
historical spatial patterns and has a bias correction method that includes a frequency-dependent 
correction to improve the simulation of natural climate variability and attempts to preserve the 
original GCM-predicted change in the bias-corrected result (Pierce et al., 2015). To provide 
hydrologic variables (including evapotranspiration, runoff, and snow water equivalent, among 
others), the downscaled precipitation and temperature are input into the VIC hydrologic model, 
version 4.2.c, at 1/16th degree grid spacing. The VIC hydrologic model configuration used was 
cited in Livneh et al. (2013), which used model parameters calibrated over many years on a 1/8th 
degree grid and moved them to a 1/16th degree grid with only a few modifications. 
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LOCA-downscaled climate and simulated hydrology were evaluated in this report as a set of two 
experiments—first as near-term projections of the next few decades through 2035, and second as 
the long-term projections through the end of the 21st century (Taylor et al., 2012). Additionally, a 
detailed comparison of CMIP5 climate projections based on the BCSD downscaling method and 
the LOCA downscaling method is presented by Vano et al. (2020). 

The next section describes the development of hydrologic projections using the monthly CMIP5 
projections in the DCHP archive. 

2.2 Hydrologic Projections 

In this report, projections of future climate and hydrology are summarized for each of the eight 
major Reclamation river basins, consistent with the past 2011 and 2016 SECURE Water Act 
hydroclimate reports. The projections are based on downscaled GCM climate projections as 
summarized in the previous section. Corresponding projections of streamflow were developed 
using methods summarized above and synthesized in the next section. 

The methods used in the 2011 and 2016 West-Wide Climate Risk Assessments hydroclimate 
projections reports for developing hydrologic projections from climate projections were based on 
the macro-scale hydrologic model VIC (Liang et al., 1994; Liang et al., 1996; Nijssen et al., 
1997). This current study is based on VIC model version 4.2.c. The VIC model is a gridded 
macro-scale (grid resolution greater than 1 km) hydrology model that is spatially distributed and 
solves the water balance at each model grid cell. The grid resolution for the VIC application is 
1/16th degree latitude by 1/16th degree longitude (approximately 6 km by 6 km), which is the 
same grid resolution for the LOCA-downscaled CMIP5 climate projections. The model was 
initially developed as a land-surface model for direct integration with GCMs, but it now is run 
almost exclusively as a standalone hydrology model using a daily simulation timestep. 

Future projections of snowpack (in the form of snow water equivalent, or SWE), as well as 
runoff and streamflow, are based on simulations using the VIC model with inputs of future 
climate projections (precipitation and temperature) described previously. The VIC model 
simulates runoff and streamflow that are unimpaired, meaning not affected by human influence 
(such as storage in dams or diversions for cities and irrigation networks). Further, the model is 
also based on an assumption of static land cover. Vano et al. (2020) describe in more detail the 
selected configuration of the VIC model for developing CMIP5-LOCA hydrology projections. 
Other surface hydrologic models may simulate dynamic vegetation and carbon dioxide effects on 
vegetation growth, but those were not considered in this report. Chapter 3 summarizes projected 
changes in snowpack, runoff, and streamflow based on the output from VIC model simulations. 
As was done in 2011 and 2016, routed streamflow was developed for the 43 selected locations 
given in Table 1. Analysis of the climate and streamflow data is presented in Chapter 3. 
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Table 1. Descriptions for the 43 West-wide reporting locations 

River Basin(s)* Site Name and Description Latitude Longitude State(s) 

Colorado 

Colorado River at Lees Ferry 36.8647 –111.5875 AZ 

Colorado River above Imperial Dam 32.8834 –114.4685 CA-AZ 

Green River near Greendale 40.9086 –109.4224 UT 

Colorado River near Cameo 39.2392 –108.2656 CO 

Gunnison River near Grand Junction 38.9766 –108.4562 CO 

San Juan River near Bluff 37.1469 –109.8642 UT 

Columbia 

Snake River at Brownlee Dam 44.8389 –116.8995 ID 

Columbia River at Grand Coulee 47.9656 –118.9817 WA 

Columbia River at The Dalles 45.6075 –121.1722 OR 

Yakima River at Parker 46.5061 –120.4519 WA 

Deschutes River near Madras 44.7261 –121.2465 OR 

Snake River near Heise 43.6128 –111.6600 ID 

Flathead River at Columbia Falls 48.3619 –114.1839 MT 

Klamath 

Williamson R. below the Sprague River 42.5577 –121.8442 OR 

Klamath River below Iron Gate Dam 41.9281 –122.4431 CA 

Klamath River near Seiad Valley 41.8529 –123.2311 CA 

Klamath River at Orleans 41.3036 –123.5336 CA 

Klamath River near Klamath 41.5111 –123.9783 CA 

Missouri 

Missouri River at Canyon Ferry Dam 46.6494 –111.7275 MT 

Milk River at Nashua 48.1297 –106.3639 MT 

South Platte River near Sterling 40.6192 –103.1886 CO 

Missouri River at Omaha 41.2589 –95.9222 NE 

Bighorn River at Yellowtail Dam 45.3079 –107.9567 MT 

North Platte River at Lake McConaughy 41.2145 –101.6434 NE 

Rio Grande 

Rio Grande near Lobatos 37.0786 –105.7564 CO 

Rio Chama near Abiquiu 36.3183 –106.5972 NM 

Rio Grande near Otowi 35.8762 –106.1433 NM 

Rio Grande at Elephant Butte Dam 33.1563 –107.1905 NM 
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River Basin(s)* Site Name and Description Latitude Longitude State(s) 

Pecos River at Damsite No. 3 near Carlsbad 32.5114 –104.3342 NM 

Sacramento-
San Joaquin 

Sacramento River at Freeport 38.4561 –121.5003 CA 

Sacramento River at Bend Bridge near Red Bluff 40.2642 –122.2219 CA 

Feather River at Oroville 39.5217 –121.5467 CA 

San Joaquin River near Vernalis 37.6761 –121.2653 CA 

Stanislaus River at New Melones Dam 37.9472 –120.5292 CA 

Sacramento-San Joaquin Rivers at Delta 38.0645 –121.8567 CA 

San Joaquin River at Millerton Lake (Friant Dam) 36.9981 –119.7066 CA 

American River at Fair Oaks 38.6366 –121.2284 CA 

Tulare-Buena Vista Lakes 36.0524 –119.7187 CA 

Truckee 

Little Truckee River below Boca Dam 39.3883 –120.0950 CA 

W.F. Carson River at Woodfords 38.7697 –119.8328 CA 

Truckee River at Farad Gage (just above CA 
State line) 39.4540 –120.0063 CA 

Truckee River at Nixon Gage 39.7780 –119.3392 NV 

Carson River at Fort Churchill Gage 39.3272 –119.1508 NV 

* Note: The Pecos, Tulare, and Carson are not SECURE Water Act (SWA) River Basins, but are included respectively under the Rio 
Grande, Sacramento and San Joaquin, and Truckee River Basins because they are of interest from a water operations standpoint. 

Further, in this report, future projections of a common drought index, Palmer Drought Severity 
Index (PDSI; Palmer, 1965), have been developed to provide additional context to the variability 
of future water supply. This information is introduced in the next section. 

2.3 Reconstructed and Projected Drought Index 

Knowing more about the occurrence of drought events will help stakeholders prepare and 
subsequently adapt to changing hydroclimate conditions. In this report, Reclamation has 
developed a risk-informed framework to support water management decisions by way of a range 
of data and tools based on current science. 

One component of that framework is a dataset to explore drought events that leverages existing 
information, as well as encompasses newly developed information. Reclamation and study 
partners developed tools and information based on paleohydrology reconstructions to evaluate 
dry and wet period characteristics and analyze probabilities of shifting between a wet state or dry 
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state (regime shifts). A West-wide analysis of drought and hydrologic regime shifts using PDSI 
are described in Chapter 4 of this report. 

The analyses are performed using the PDSI (Palmer, 1965) to define drought events. The 
advantage of using PDSI to define droughts is that it focuses explicitly on droughts driven by 
hydroclimate variability (see Section 9.3 for more on advantages and disadvantages of different 
drought measures). The historical period used in this analysis includes the years 1473 to 2005, 
which encompasses the beginning of the available PDSI reconstruction to 2005, which is the end 
of the historical period over which climate projections were trained. The PDSI data for this 
period were leveraged from the Cook et al. (2010) PDSI dataset, which provides tree-ring based 
reconstructions of average June-July-August PDSI on a 0.5-degree (°) latitude by 0.5° longitude 
spatial resolution for the years 0 to 2017 (see Section 4.1 for more details regarding PDSI data). 

Future projections of PDSI were developed based on CMIP5-LOCA climate projections using 
the Wells (2003) model for computing PDSI. Thus, time series of PDSI data covering the period 
1473 to 2099 was developed for use in the analyses. The PDSI model (Wells, 2003) was run 
using projected temperature and precipitation for each available CMIP5-LOCA projection to 
calculate gridded monthly PDSI values, again for each projection, for each of the 1/16th degree 
grid cells for the period 1950 to 2099. Subsequently, for each projection, the monthly PDSI 
magnitudes were averaged to summer (June-July-August average) values for consistency with 
the historical PDSI analysis. As a final step, the summer season PDSI values for the 1/16th degree 
grid cells then were aggregated to the 1,255 USGS eight-digit Hydrologic Unit Codes (HUC-8s). 

2.4 Streamflow Reconstructions and Drought Definition 

Additional analyses in this report use water-year annual streamflow reconstructions based on 
tree-rings. In recent years, tree-ring based reconstructions of streamflow have been increasingly 
used to evaluate how well water systems throughout the West would manage if droughts like 
those that have occurred in the distant past were to occur today. More specifically, they have 
been used to broaden the perspective of long-term water supplies in multiple Reclamation basins 
via their incorporation into the Basin Study Program (Reclamation, 2012b; Reclamation, 2018). 
In ideal situations, reconstructions can extend annual estimates of past streamflow at key 
monitoring locations by up to 1,000 years or more. Due to their great length, these records can: 
(1) help characterize the long-term patterns of variability that influence drought and flood risk 
over time (Gangopadhyay et al., 2019); (2) provide greater perspective on the likelihood of 
particularly challenging wet and dry periods that have posed historical challenges for water 
management (Meko et al., 2007; Woodhouse et al., 2010; Martin et al., 2020); and (3) establish a 
robust baseline of natural internal climate variability from which to estimate future change 
(Prairie et al., 2008). The extreme wet and dry conditions often represented in reconstructions, 
but which are lacking in the short instrumental record, also help managers test infrastructure and 
operational strategies under these stressful conditions using model simulations. 
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The basic process of reconstructing streamflow from tree-rings relies first on the science of 
dendrochronology in which the growth rings of trees are accurately dated by calendar year and 
measured for growth characteristics (Douglass, 1941; Stokes and Smiley, 1968; Fritts, 1976). 
Because the annual growth of many trees is largely a function of climate conditions prior to and 
during the growing season, the long growth records of older trees can serve as valuable “proxy” 
records of inter-annual climate variability over the entire lifespan of a tree (Fritts, 1976). Tree 
rings are used to develop chronologies, or timescale information about wet years and dry years. 
The steps in developing the chronologies include, selecting appropriate sites for trees, developing 
the tree-ring chronologies from the sampled trees’ annual tree-rings, and developing the 
empirical (statistical) models between chronologies and annual flows. Since inter-annual 
streamflow variability is also closely related to climatic conditions over the course of the water 
year, tree-rings record valuable information on the drivers of streamflow that can be used to 
estimate streamflow variability over time. There is a fundamental question about how a changing 
climate may impact the relationships between tree rings and streamflow, and whether the 
hydroclimate conditions of the distant past are informative for the future. This is a question not 
easily answered, particularly because relationships in the current form typically rely on a century 
of instrumental records and climate change has been observed over that same duration, 
confounding analysis. Still, hydroclimate conditions have occurred in the paleo-reconstructed 
period that have not been observed in the instrumental record and these conditions are valuable 
to consider in an assessment of water management risks. 

The general approach to reconstructing streamflow involves the statistical correlation of growth 
patterns in tree-rings to variability in an observed streamflow record. This allows for the 
development of a statistical reconstruction model that can then be used to estimate annual flow 
from annual growth rings. Most often, the approach takes the form of a multiple linear regression 
model based directly on composite tree-ring records called chronologies. Chronologies are 
developed from multiple trees for multiple sites (Meko and Graybill, 1995; Woodhouse et al., 
2006; Woodhouse, 2001), but may use larger pools of tree-ring data via the principal components 
(i.e., a statistical summary of common variance) of numerous chronologies (Hidalgo et al., 2000; 
Littell et al., 2016), or may employ other non-parametric or Bayesian network models 
(Gangopadhyay et al., 2009; Ravindranath et al., 2019). The skill of the tree-ring data is assessed 
in terms of variance explained. The accuracy of the reconstruction is also tested against the 
observed record using the process of cross-validation—a process that quantifies predicted 
streamflow from the statistical model against observed data not used in the calibration process, 
or an independent dataset (Fritts, 1976; Briffa et al., 1988).  

Fundamentally, there is uncertainty associated with correlating tree-rings with annual streamflow 
using a statistical model. Probabilistic interpretations of flow reconstructions are needed because 
of uncertainty stemming from limitations of the basic data, from the reconstruction process itself, 
and from the choice of analytical methods. Important differences in these reconstructions can 
largely be traced to differences in basic tree-ring data, hydrologic data, and modeling choices. 
Section 9.2 further describes the steps in developing streamflow reconstructions and important 
uncertainties to consider. This uncertainty stems from methodological choices inherent to the 
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techniques, as well as a limited understanding of how past variability characteristics will persist 
under changing future climate conditions. 

The 2021 Assessment used 152 streamflow reconstructions for various gaging locations across 
the eight major Reclamation river basins (refer to Figure 3) and focused on records at 10 key 
locations across the West for incorporation into river management system modeling exercises 
(Chapter 6). This allowed for a continuous estimate of streamflow variability across 
Reclamation’s full operational area from 1685 to 1977, which provides an assessment period of 
over 300 years when combined with existing observational streamflow records. 

 
Figure 3. Locations of available 152 streamflow reconstructions. 

Note: The brown filled squares represent sites referenced by ScienceBase, red filled circles represent sites compiled in TreeFlow, and 
black filled circles represent sites that were developed as part of this report. Sites surrounded by larger open circles were used as 
part of the Water Supply Reliability Analysis (Chapter 6). 

Table 2 provides a list of 47 additional streamflow reconstruction locations beyond the 105 that 
were already cited by Gangopadhyay et al. (2019). 
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Table 2. Additional 47 streamflow reconstruction locations beyond the 105 that were already cited by 
Gangopadhyay et al. (2019) 

Reconstruction Name 
Nearest 

Stream Gage 
ID* 

Reclamation 
River Basin 

State or 
Province 

Start 
Date 

End 
Date 

Columbia River at the Dalles 14105700 Columbia OR 1685 1977 
Boise River at Boise 13202000 Columbia ID 1450 2001 
Crooked River below Opal 
Springs near Culver 

14087400 Columbia OR 1450 1998 

Deschutes River near Madras 14092500 Columbia OR 1500 1980 
Green River at Auburn 12113000 Columbia WA 1500 1980 
Kootenay River at Glade 08NJ001 Columbia BC 1500 1980 
Kootenay Lake Outflow near 
Corra Linn 

08NJ158 Columbia BC 1500 1980 

Kootenai River below Libby 
Dam near Libby 

12301933 Columbia MT 1486 1982 

Kootenai River at Bonners Ferry 12309500 Columbia ID 1500 1980 
Brownlee Res at Brownlee Dam 13289710 Columbia ID 1500 1980 
North Fork Clearwater River at 
Ahsahka 

13341000 Columbia ID 1451 1982 

Salmon River at White Bird 13317000 Columbia ID 1451 2006 
Columbia River at Grand Coulee 12436500 Columbia WA 1486 1983 
North Fork Payette River at 
Cascade 

13245000 Columbia ID 1451 2006 

Clark Fork at Whitehorse Rapids 
near Cabinet 

12392000 Columbia ID 1451 2003 

Flathead River near Polson 12372000 Columbia MT 1486 1982 
Clark Fork near Plains 12389000 Columbia MT 1500 1980 
Pend Oreille River near Waneta 
Dam 

Not applicable Columbia NA 1437 1982 

Sandy River below Bull Run 14142500 Columbia OR 1437 1982 
Spokane River at Long Lake 12433000 Columbia WA 1500 1980 
Columbia River at Birchbank 08NE049 Columbia BC 1497 1983 
Columbia River above 
Steamboat Rapids 

08ND011 Columbia BC 1391 1996 

South Fork Boise River at 
Anderson Ranch 

13190500 Columbia ID 1500 1980 

Snake River at CJ Strike Dam 13171620 Columbia ID 1500 1980 
Snake River at Milner 13087995 Columbia ID 1485 1983 
Owyhee Reservoir Inflow 13183000 Columbia OR 1500 1980 
Boise River near Parma 13213000 Columbia ID 1500 1980 
Payette River near Payette 13251000 Columbia ID 1450 1998 
Henrys Fork near Rexburg 13056500 Columbia ID 1489 1985 
Owyhee River near Rome 13183000 Columbia OR 1500 1980 
Teton River at Mouth Not applicable Columbia ID 1440 1983 
Snake River near Heise 13037500 Columbia ID 1500 1980 
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Reconstruction Name 
Nearest 

Stream Gage 
ID* 

Reclamation 
River Basin 

State or 
Province 

Start 
Date 

End 
Date 

Willamette River at Albany 14174000 Columbia OR 1500 1980 
Willamette River at Salem 14191000 Columbia OR 1500 1980 
Yakima River at Kiona 12510500 Columbia WA 1451 1982 
Flathead River at Hungry Horse 12362500 Columbia MT 1450 1980 
Arroyo Seco River at Pasadena 11098000 NA CA 1404 2016 
Santa Ana River near Mentone 11051500 NA CA 1404 2016 
Kern River below Isabella 11191000 San Joaquin CA 1404 2016 
Swiftcurrent Creek at Sherburne 05016000 Missouri MT 1026 2008 
St. Mary River near Babb 05017500 Missouri MT 1026 2000 
St Mary River near International 
Boundary 

05020500 Missouri MT 1026 1999 

North Fork Milk River above St. 
Mary Canal near Browning 

06133500 Missouri MT 1347 2006 

Milk River at Western Crossing 
of International Boundary 

06133000 Missouri MT 1018 1999 

Frenchman River at 
International Boundary 

06164000 Missouri MT 1741 2008 

Lodge Creek at International 
Boundary 

06144500 Missouri MT 1581 2000 

Battle Creek at International 
Boundary 

06149500 Missouri MT 1730 2005 

* Streamflow gages with alphanumeric ID are located in Canada. 

To estimate the risks associated with future drought and pluvial events, it is necessary to quantify 
the long-term likelihood of such events through both their magnitudes and durations over time. 
This information allows managers to improve strategies for mitigating the unwanted effects of 
too much or too little water and provides a baseline assessment of risk on which to project 
estimates of changing future water supplies. The first step in describing drought and pluvial 
dynamics over time is to develop a definition for what constitutes a drought or pluvial event. 
Definitions useful to management are often tied to the types of events that represent risks to 
infrastructure or operations. For the purpose of this work, a drought or (pluvial) event is defined 
as: 

An event beginning with, and including, two or more consecutive years of streamflow 
below (above) the median flow level that is ended only by, and excludes, two or more 
consecutive years of streamflow above (below) the median flow level. An event may 
include one or more individual wet (dry) years within the drought (pluvial) only when 
bounded on both sides by dry (wet) years. 

The median flow is computed over the duration of the paleo-reconstructed streamflow record. As 
an example, drought events in the paleo-reconstructed period are defined for the Missouri River 
at Toston, Montana, and illustrated in the upper panel of Figure 4 by brown-shaded regions. The 
lower panel of Figure 4 illustrates the drought definition for a single drought in the observed 
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historical period—the Dust Bowl drought of the 1930s. The same definition was applied to each 
of the 152 streamflow reconstruction locations identified previously (Figure 3). 

 
Figure 4. Illustration of drought definition used in the example in Chapter 6 shown for Missouri River at 
Toston, Montana. 

Note: Black horizontal line shows the median flow for the period of record, and the brown shading highlights the classified drought 
years 

ft3/sec = cubic feet per second 

This drought definition captures the prolonged nature of potentially challenging wet and dry 
periods and recognizes that such events generate cumulative water deficits and surpluses, despite 
the brief cessation of difficult conditions that may occur during a single intervening wet or dry 
year. The second step in describing drought and pluvial dynamics over time is to quantify the 
magnitude and duration of each event. This can be accomplished in many ways; however, for the 
purpose of this work, five measures of magnitude and/or duration were determined for each 
event. These included the event duration (measured in years), the intensity (measured as the 
average annual flow deficit/surplus over the length of the event), the cumulative deficit/surplus 
(measure as the sum of annual deficits/surpluses over the length of the event), the variability 
(measured as the variance of annual flows over the length of the event), and how quickly the 
event developed (assessed as the lowest/highest value averaged over the first 5 years of the 
drought/pluvial event). 
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As an example, Figure 5 illustrates the maximum cumulative deficit (in acre-feet) for each of the 
152 locations illustrated in Figure 3, calculated using the above drought definition over the 
period 1685 to 1977. The largest cumulative deficits appear in the wettest parts of the Western 
United States, namely the Pacific Northwest and California. Cumulative deficit is highly 
correlated with the average magnitude of streamflow, so regions with large deficits generally 
have higher average streamflow. 

 
Figure 5. Drought events with maximum cumulative deficit (in acre-feet) over common years 1685 to 
1977 for 152 streamflow locations. 

Note: Drought events with maximum cumulative deficit as calculated using the selected drought definition for this analysis for each 
of 152 streamflow reconstruction locations. 

As another example, Figure 6 illustrates the maximum drought length (in years) for each of the 
152 locations illustrated in Figure 3, calculated using the same drought definition and time 
period. The longest droughts have also appeared in the Pacific Northwest; however, long 
droughts of 40 years or more did occur throughout the Western United States. 
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Figure 6. Drought events with maximum drought length (in years) over common years 1685 to 1977 for 
152 streamflow locations. 

Note: Drought events with maximum drought length as calculated using the selected drought definition for this 
analysis over common years 1685 to 1977 for each of the 152 streamflow reconstruction locations. 

Droughts with the largest cumulative deficit are further investigated in Chapter 6. Ten of the  
152 streamflow reconstructions were used to develop inputs to river systems models to evaluate 
how these drought events impact water management. 

The choice of drought definition and the choice of paleo-reconstruction period of analysis can 
have important implications for the identification of drought events. These methodological 
choices introduce uncertainty into the analysis and results need to be examined with a full 
understanding of the choices made and the limitations introduced when selecting drought events. 
An illustration of this point is discussed below with respect to the Colorado River Basin, where 
several streamflow reconstructions exist for the Colorado River at Lees Ferry location over 
different time periods in the paleo record and allow for an evaluation of differences in identified 
drought events. Similar uncertainty exists in all basins, though it may not be possible to directly 
examine given the more limited paleo-reconstructions available. 

Streamflow reconstructions for the Colorado River at Lees Ferry have been previously used in 
the Colorado River Basin Water Supply and Demand Study (Reclamation, 2012b), as well as 
other water planning and management efforts within the basin. 
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The Woodhouse et al. (2006) streamflow reconstruction (Lees-B) has a record of 1490 to 1997. 
A subset of that record (1685 to 1977) was used to inform the storage-deficit ratio analysis 
(Chapter 5) and water supply reliability evaluation in this report (Chapter 6). A reconstruction 
was also developed by Meko et al. (2007) over a longer period, 762 to 2005. More recently, yet 
another reconstruction at the same location was developed for the California Department of 
Water Resources (CDWR) and spans 1116 to 2015 (described in Lukas et al., 2020). 

An analysis was performed to understand the sensitivity of identified drought events to the 
reconstruction record used to inform them. For example, droughts further investigated in 
Chapter 6 were identified using the Woodhouse et al. (2006; Lees-B) reconstruction over the 
period 1685 to 1977. Had the full Lees-B reconstruction been used, this median flow level would 
have increased by just under 150,000 acre-feet (from 14,604,117 acre-feet to 14,752,460 acre-
feet). Further, if the Meko 2007 reconstruction had been used, this median flow level would have 
increased slightly more (14,833,860 acre-feet). 

To illustrate how the median flow impacts the identification of drought that would have been 
used in Chapter 6 had the full Lees-B reconstruction been used, droughts were identified using 
both the full median flow for 1490 to 1998 and the common period median flow (1685 to 1977) 
over the full reconstruction length. 

The analysis found that one drought is affected by choice of median flow. This indicates that the 
drought definition is relatively insensitive to moderate changes in the long-term median flow 
level for the Woodhouse et al. (2006; Lees-B) reconstruction. Perhaps more informative, the 
analysis revealed that there were drought events in the full Woodhouse et al. (2006; Lees-B) 
record (i.e., prior to 1685) that ranked higher in terms of cumulative deficit than the droughts 
used in this report. The other two reconstructions (Meko et al., 2007 and CDWR, 2017) both 
extend further back in time than Lees-B and identify additional droughts that exceed the droughts 
considered in this report. Available information developed for the Colorado River Basin 
illustrates that methodological choices related to drought definition and data used may impact the 
selection of drought scenarios used in assessments such as this one. 

2.5 Storyline of Analyses for Risk-Informed Decision-Making 

As previously discussed, the 2021 Assessment provides additional information beyond 
hydroclimate projections and analysis provided in the 2011 and 2016 assessment reports. 
Hydroclimate analysis provides valuable information on projected changes in temperature, 
precipitation, and simulated natural streamflow that would occur in the absence of water 
management. The West-wide drought analysis, presented in Chapter 4 of this report, offers 
context by evaluating droughts of the distant past through quantification of a common drought 
measure (PDSI) based on hydroclimate variability. The frequency and duration of droughts 
characterized by natural conditions (i.e., with consideration of evapotranspiration demands from 
the natural landscape, but not from the human-altered landscape such as agricultural fields) 
provides information to understand the variability of drought and pluvial (wet) events over long 
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time scales. It also allows for evaluation of the same information into the future using climate 
projections. 

The analyses performed in Chapter 5 offer a purely data driven evaluation of drought impacts on 
five managed river systems based on observed historical records and paleo-reconstructed 
streamflow records. Water demands are implicitly incorporated into this data-driven approach 
through use of observed data that reflects diversions, return flows, storage, and losses. Although 
this approach requires simplifying assumptions on river operations, it offers a broad view of 
drought impacts without the investment of detailed water supply reliability assessments, which 
were performed and summarized in Chapter 6 of this report. The data-driven approach provides a 
high-level view of water supply availability compared to demands over time. 

The analysis in Chapter 6 may be thought to build upon that presented in Chapter 5 in terms of 
complexity of approach. Chapter 6 analyses are based on detailed water supply reliability 
assessments conducted in case study river basins. Each individual case study analysis requires 
detailed input data of inflows and water demands, as well as a robust modeling framework to 
account for river operations, infrastructure, and management constraints. In this report, water 
supply reliability analyses were performed using the observed historical record and drought 
events from the paleo-reconstructed period. 

Together, these analyses provide a sample of approaches that facilitate understanding of the 
frequency, severity, and variability of past and potential future droughts. They may also offer a 
road map for further exploration into droughts. 

2.6 Water Management with Uncertainty 

This chapter discusses the wealth of analysis and understanding that led up to and includes this 
report with respect to future climate projections, future hydrologic projections, and 
paleohydrology (in the form of PDSI reconstructions and annual streamflow reconstructions). It 
is important to acknowledge that a diversity of techniques collectively provides a more robust 
analysis, especially when different techniques reveal similar conclusions. For example, even with 
advances in models of the Earth System and downscaling techniques, all future climate 
projections indicate climate will continue to warm beyond what humans have experienced, 
despite the uncertainty in the precise trajectory of greenhouse gas concentrations. Moreover, 
paleo analysis and analysis using future projections both reveal scenarios and likelihoods which 
extend understanding, allow for a more risk-informed decision-making framework, and can help 
promote more resilient planning. 

Uncertainties associated with approaches described in this chapter in part stem from an evolving 
understanding of complex system processes and imperfect representation of those processes in 
models. These uncertainties are reducible to some extent with improved knowledge and 
computing power. Uncertainties also stem from the chaotic nature of the climate system, which 
is not reducible. As research continues to characterize and, where possible, reduce uncertainties 
inherent in projecting hydroclimate impacts of climate change, the water resources management 
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community should also be aware that future conditions are ultimately deeply uncertain. This 
means that risk-informed analyses alone may not provide appropriate practical information for 
planning, and that bottom-up approaches using decision-making under deep uncertainty 
(DMDU) methods should continue to be explored. Such methods can help identify system 
vulnerabilities and improve understanding of what conditions make a system most vulnerable.  

There is no single approach that provides a full understanding of climate change impacts on the 
managed river systems in the West. Top-down approaches that translate climate projections to 
impacts on watersheds may be applied in concert with bottom-up approaches such as those 
DMDU methods to provide the broadest insights. 

While it is important to acknowledge limitations in the analyses presented in this report and to 
make an initial effort to fully characterize and better reveal that uncertainty space, the 
information presented in the remaining chapters offers an assessment and illustration of new and 
updated tools that water managers may use to explore their decision-making space. Further 
acknowledgement and discussion of uncertainties associated with the range of analyses 
conducted in this report is provided in Chapter 9. 
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3 Hydroclimate Projections for Major 
Reclamation River Basins 

This chapter presents hydroclimate projections for the eight major Reclamation river basins. The 
variables illustrated in this report are precipitation, mean temperature, snow water equivalent, 
and runoff. The evaluation approach for the hydroclimate projections from CMIP5-LOCA is first 
presented in Section 3.1. Results from the evaluation for each of the eight major Reclamation 
river basins are presented in Sections 3.2 to 3.8. To provide context and to develop an expanded 
understanding, Section 3.9 summarizes a comparison of CMIP5-LOCA streamflow projections 
presented in this report and CMIP5-BCSD streamflow projections reported in the West-Wide 
Climate Risk Assessment of the 2016 SECURE Water Act Report (Reclamation, 2016c). A 
summary of projected hydroclimate changes from this assessment is presented in Section 3.10 
for each basin. Finally, a broad list of potential impacts for future water management is given in 
Section 3.11. 

3.1 Evaluation Approach 

The figures and analysis for each basin are grouped under two sections. The first section 
provides an assessment of projections for a set of hydroclimate variables in each basin. The 
second section presents climate change impacts on annual runoff, seasonal cycles, and shifts in 
annual runoff timing for selected runoff locations within each of the basins. Runoff impacts are 
reported at 43 locations (refer to Table 1) covering the eight major Reclamation river basins. 
Under the hydroclimate projections section, four sets of plots are presented for each major river 
basin. These include: 

• Time series plots of six hydroclimate variables. 

• Spatial plots showing the spatial distribution of 

o temperature; 

o precipitation; and 

o April 1st snow water equivalent (SWE)4. 

 
4 All references to SWE (snow water equivalent) in this report correspond to April 1st SWE values. 
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 Hydroclimate Projections 

 Time Series Plots 

Basin- and projection-specific annual time series plots are presented for six hydroclimate 
indicator variables covering the period 1950 to 2099 as follows: 

• Annual total precipitation  

• Annual mean temperature 

• April 1st snow water equivalent 

• Annual runoff 

• December-through-March runoff 

• April-through-July runoff 
Three variables—annual total precipitation, annual mean temperature, and April 1st snow water 
equivalent—vary spatially (at 1/16th degree or about 6-kilometer (km) grid resolution) across the 
basins. To estimate total annual precipitation for a given basin, basinwide average precipitation 
(averaged across the grid cells in the basin) was first calculated for each month of the years 1950 
to 2099. These monthly precipitation values then were summed for each year (1950 to 2099) to 
obtain the annual total precipitation. 

To estimate basin mean temperature, average temperature was calculated from all the grid cells 
in the basin for each month of the years 1950 to 2099. Next, these monthly temperatures for any 
given year were averaged to estimate the basinwide annual mean temperature.  

SWE on April 1st of a given year is a widely used measure to assess snowpack and subsequent 
spring-summer runoff conditions in the snowmelt-dominated basins of the Western United 
States. SWE is a state variable that is output from the VIC hydrology model. For each of the 
simulation years, 1950 to 2099, April 1st SWE was saved from the simulations for the model grid 
cells in a given basin. This gridded SWE on April 1st was averaged over all the grid cells for the 
given basin to calculate the basinwide April 1st SWE in each of the simulation years, 1950 to 
2099. 

Runoff for each of the locations listed in Table 1 was calculated for the annual timescale and for 
two seasonal timescales, December-through-March total runoff conditions and April-through-
July total runoff conditions. For the VIC model, the term “total runoff” signifies the sum of 
VIC’s surface runoff and baseflow variables, which, when combined, represent stream channel 
input that can be routed to estimate streamflow at a particular location. For each of the 
simulation years 1950 to 2099, monthly total runoff was aggregated on a water year5 basis to 

 
5 Water year t is defined as the period from October 1 of year t–1 to September 30 of year t. For example, water year 

1951 spanned from October 1950 through September 1951. So, there are 149 water years spanning the calendar 
years 1950 to 2099. For time series plotting, values from water year 1951 were repeated for 1950. 
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calculate water year-specific total annual runoff, December-through-March runoff, and April-
through-July runoff. 

The annual time series plots for the six hydrologic indicator variables for all the projections were 
calculated, and the results are presented to reflect ensemble central tendency and ensemble 
spread. The central tendency is measured using the ensemble median, and the 10th and 
90th percentile bounds from the 64 projections provides the lower and upper bounds in the 
envelope of hydroclimatic possibility through time. 

 Spatial Plots 

The second sets of plots presented in this report include spatial plots of decade-mean 
precipitation, temperature, and April 1st SWE. These plots show the spatial distribution for the 
variables across the contributing basins in each of the eight major Reclamation river basins (a 
total of seven locations6). The spatial plots are developed on a water year basis (affecting 
calculations for only precipitation and temperature averaging) for the reference decade of the 
1990s (water years 1990 to 1999). 

The spatial distribution of temperature for the 1990s is presented as an ensemble median of the 
64 projections. At each grid cell in a given basin and for each of the 64 selected projections, the 
mean annual temperature is first calculated from the 12 monthly values for each of the 10 water 
years 1990 to 1999. Next, for each grid cell, the ensemble median of the decade average mean 
temperature was calculated and used in developing the spatially varying temperature plots. 

Temperature changes in each of the future decades were estimated as follows. At each grid cell 
in a given basin and for each of the 64 projections, the decade-mean temperature changes were 
calculated by averaging the mean annual temperature from the 10 water years in each of the 
respective future decades. Then, for a given projection and at a given grid cell, the difference (in 
degrees Fahrenheit) between a given future decade’s mean annual temperature and the reference 
decade’s mean annual temperature was calculated. The uncertainty in the distribution of the 
change in decade-mean temperature for the 2020s, 2050s, and 2070s is presented using the 
25th and 75th percentile, and the median (50th percentile) represents the central tendency of 
change in decade-mean temperature distribution. 

The calculations for decade-mean precipitation and April 1st SWE distribution follow steps 
similar to the ones used for deriving the temperature distributions. The spatial distribution of 
precipitation for the 1990s is presented as an ensemble median of the 64 projections. At each 
grid cell in a given basin and for each of the 64 projections, average total precipitation for the 
1990s was calculated first. Next, for each grid cell, the ensemble median of the average total 
precipitation for each of the future decades was calculated and used in developing the spatially 
varying precipitation plots. A positive magnitude change implies wetter conditions and a 
negative change implies drier conditions, relative to the 1990s. The uncertainty in the 
distribution of the change in decade-mean precipitation for the future decades is presented using 

 
6 Seven locations result from the eight major Reclamation basins because the Sacramento-San Joaquin Rivers Delta 

inflow location combines flows from two river basins—Sacramento and San Joaquin. 



Hydroclimate Projections for Major Reclamation River Basins 
 

30 

the 25th and 75th percentile, and the median (50th percentile) represents the central tendency of 
change in decade-mean precipitation distribution. 

The spatial distribution of April 1st SWE for the reference decade is also presented as an 
ensemble median of the 64 projections. The VIC macro-scale hydrology model was used to 
simulate snow dynamics, when applicable, for grid cells in the basin. Typically, snow is present 
in only a subset of grid cells in a basin, and VIC simulated snow accumulation and melt 
dynamics are only for these grid cells. At each of these grid cells in the basin and for each of the 
64 projections, the average April 1st SWE for the 1990s was calculated first. Next, the ensemble 
median of the average April 1st SWE for each of the future decades was calculated and used in 
developing the spatially varying SWE plots. 

SWE changes in each of the future decades were estimated as follows. For the relevant grid cells 
(i.e., grid cells with snow present) in a given basin and for each of the 64 projections, average 
April 1st SWE was calculated by averaging SWE values from the 10 water years in the decade. 
Then, for a given projection and at a given grid cell, the difference in average April 1st SWE 
between a given future decade and the reference decade was calculated. A positive magnitude 
change implies an increase in the SWE value, and a negative change implies a decrease in SWE, 
relative to the reference decade. The uncertainty in the distribution of the change in decade-mean 
SWE for the future decades is presented using the 25th and 75th percentile, and the median 
(50th percentile) represents the central tendency of change in decade-mean SWE distribution. 

 Impacts on Streamflow Annual and Seasonal Cycles 
This section presents impacts on streamflow for selected subbasin river locations within the eight 
major Reclamation basins. Streamflow is calculated (Vano et al., 2020) using a network routing 
scheme (Mizukami et al., 2016) that uses the USGS geospatial fabric (Viger, 2014). 

In the river basin sections that follow, the first set of plots for each basin demonstrates annual 
cycle variation and climate change impacts on the annual cycle at each of the selected locations 
for the three future periods. The second set of plots presents the uncertainty information in the 
flow projections using box-and-whisker plotting symbols (or boxplots for short). The box in the 
boxplot corresponds to the inter-quartile range (i.e., the lower bound of the box corresponds to 
the 25th percentile, and the upper bound corresponds to the 75th percentile). The horizontal line 
within the box corresponds to the median value of the change estimated from the 64 flow 
simulations. The whiskers correspond to the 5th and 95th percentiles of the runoff magnitude 
change estimated from the 64 flow simulations. For each future decade, three boxplots are 
presented, corresponding to the annual runoff and the December-through-March and April-
through-July seasonal runoff. 

The third set of plots shows the shift in timing of the annual runoff volumes as boxplots. For 
each projection, the shift in runoff timing was estimated to be the difference in the centroid dates, 
which corresponds to the timing of the center of mass of annual flow (i.e., half of the annual 
flow) between the mean annual hydrographs of the future decade and the reference decade. A 
negative shift means that the future decade will have an earlier centroid date and that more of the 
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annual runoff will occur earlier in the year. A positive shift indicates that more of the runoff will 
happen later in the year. Finally, these shifts in annual runoff timing are presented as separate 
boxplots for each of the three future decades. The boxplots show the uncertainty in the 
distribution of the shift in runoff timing estimated from the 64 projections. 

The plots described here are presented in the subsequent Sections 3.2 through 3.8. The results for 
the eight major Reclamation river basins are presented in the following order: 

• Colorado River Basin (Section 3.2) 

• Columbia River Basin (Section 3.3) 

• Klamath River Basin (Section 3.4) 

• Missouri River Basin (Section 3.5) 

• Rio Grande Basin (Section 3.6) 

• Sacramento and San Joaquin River Basins (Section 3.7) 

• Truckee and Carson River Basins (Section 3.8) 

3.2 Colorado River Basin 

The Colorado River Basin, located in the Southwestern United States, occupies an area of 
approximately 250,000 square miles. The Colorado River is approximately 1,400 miles long. It 
originates along the Continental Divide in Rocky Mountain National Park, Colorado, and ends 
where it meets the Gulf of California in Mexico. The Colorado River is a critical resource in the 
West because seven basin States (Arizona, California, Colorado, Nevada, New Mexico, Utah, 
and Wyoming) depend on it for water supply, hydropower production, recreation, fish and 
wildlife habitat, and other benefits. Although agricultural uses account for 70 percent of 
Colorado River water use, between 35 and 40 million people rely on the same water for some or 
all of their municipal needs. Moreover, the United States also has a delivery obligation to 
Mexico for some of the Colorado River waters pursuant to a 1944 treaty. 

 Hydroclimate Projections 
Figure 7 shows six plots of hydroclimate indicators for the Colorado River above Imperial Dam:  
annual total precipitation (top left), annual mean temperature (top right), April 1st SWE (middle 
left), annual runoff (middle right), December-through-March runoff (bottom left), and April-
through-July runoff (bottom right). The heavy black line is the median value (50th percentile) of 
the annual time series of the 64 projections. The shaded area is the annual time series of the 10th 
to 90th percentiles. 
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Figure 7. Colorado River Basin – Time series plots for six projected hydroclimate indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  

Total annual precipitation (median value) throughout the basin is shown to be largely constant 
over time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
annual runoff (median value) shows a decrease over time. The December-through-March runoff 
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volume shows an increase over time, and the April-through-July runoff shows a decrease over 
time. For additional discussions and information regarding currently ongoing studies in the basin, 
see Sections 3.9 and 3.9.1.1. 

Figure 8, Figure 9, and Figure 10 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the Colorado River Basin above 
Imperial Dam. In each figure, the simulated 1990s distribution of median decadal mean 
condition for the variable of interest is shown in the upper middle plot, and changes in the 
decadal mean condition are shown below for three future periods (2020s, 2050s, and 2070s 
relative to the 1990s) at three change percentiles within the range of projections (25th, 50th, and 
75th percentiles). 

In Figure 8, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 9, the median change in precipitation for 
the future decades indicates a wet pattern, particularly in the upper portions of the basin (Upper 
Colorado River Basin). In Figure 10, the spatial plots generally indicate a reduced snowpack. 
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Figure 8. Colorado River Basin – Spatial distribution of simulated decadal temperature changes. 

Note: deg F = degrees Fahrenheit 
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Figure 9. Colorado River Basin – Spatial distribution of simulated precipitation changes. 
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Figure 10. Colorado River Basin – Spatial distribution of simulated decadal April 1st SWE changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 11 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
six Colorado River subbasins. Overall, there is a shift to earlier runoff peaks, which is most 
prominent in the 2070s for all the subbasins. Also, the magnitude of the peaks varies across the 
subbasins in the future decades in comparison to the reference 1990s decade. 

 
Figure 11. Colorado River Basin – Simulated mean monthly streamflow for various subbasins. 

Note: MAF = million acre-feet 

Figure 12 shows boxplots of the distribution of simulated changes in runoff magnitude for 
annual, December-through-March, and April-through-July runoff in the six Colorado River 
subbasins. The median change for the December-through-March period in all three decades is 
generally positive, indicating an increase in runoff. Also, see Figure 7 (bottom left panel) for an 
example of the December-through-March runoff time series for the Colorado River above 
Imperial Dam subbasin, which shows an increase over time in runoff for this season. The median 
annual streamflow change, both at Lees Ferry and at Imperial Dam, shows practically no change 
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for the 2020s, but decreases for the 2050s and 2070s from the 1990s reference. Overall, in the 
2020s, the median annual flow is largely unchanged from the 1990s for most of the subbasins. 
However, for the 2050s and 2070s, a decline in the median annual flows is indicated for all 
subbasins (except for Green River near Greendale, UT which shows minor flow increases in the 
2050s). Finally, in interpreting these change results, it is important to recognize the uncertainty 
in the change magnitude and direction. 

 
Figure 12. Colorado River Basin – Simulated change in streamflow magnitude for various subbasins. 

Figure 13 shows the simulated shift in runoff timing for the various subbasins. The analysis 
shows that for all three future periods—2020s, 2050s, and 2070s—nearly half of the projections 
(i.e., the median value in the boxplots) show that the timing of the center of mass of annual flow 
(i.e., half of the annual flow) will occur earlier than in the 1990s. As an example, for the 
Colorado River at Lees Ferry, this shift in early runoff timing will be about 6 days, 9 days, and 
11 days respectively for the 2020s, 2050s, and 2070s decades. Overall, nearly all projections are 
pointing towards an early runoff in the future relative to the 1990s. 
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Figure 13. Colorado River Basin – Simulated shift in streamflow timing for various subbasins; negative 
values denote earlier runoff relative to the 1990s. 

3.3 Columbia River Basin 

The Columbia River is the fourth largest river in North America. It rises in the Rocky Mountains 
of British Columbia, Canada, and flows 1,243 miles to the Pacific Ocean through Washington 
and Oregon. The Columbia River Basin occupies an area of approximately 258,000 square miles 
and spans seven States (Idaho, Montana, Nevada, Oregon, Utah, Washington, and Wyoming) 
and one Canadian province (British Columbia). The river system has more than 400 dams, which 
provide hydroelectricity, irrigation, flood control, operations for fish and wildlife, streamflow 
regulation, and storage and delivery of water. Dams in the Columbia River Basin and lower 
Snake River basin also provide operations for navigation. Collectively, Columbia River system 
dams provide up to 80 percent of the electrical needs in the Northwest; 39.7 million acre-feet of 
storage space for flood control; locks and other infrastructure for navigation of 17 million tons of 
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cargo annually; irrigation for 7.8 million acres of land; and recreational opportunities for 
hundreds of thousands of Americans. 

 Hydroclimate Projections 
Figure 14 shows six hydroclimate indicators for the Columbia River at The Dalles: annual total 
precipitation (top left), annual mean temperature (top right), April 1st SWE (middle left), annual 
runoff (middle right), December-through-March runoff (bottom left), and April-through-July 
runoff (bottom right). The heavy black line is the median value (50th percentile) of the annual 
time series of the 64 projections. The shaded area is the annual time series of the 10th to 
90th percentiles. 

Total annual precipitation (median value) throughout the basin is shown to be increasing over 
time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
annual runoff (median value) shows some decrease over time (for additional discussions, see 
Sections 3.9 and 3.9.1.2). The December-through-March runoff volume shows an increase over 
time, and the April-through-July runoff shows a decrease over time. 

Figure 15, Figure 16, and Figure 17 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the Columbia River above The 
Dalles. In each figure, the simulated 1990s distribution of median decadal mean condition for the 
variable of interest is shown in the upper middle plot, and changes in the decadal mean condition 
are shown below for the three future periods and at three change percentiles within the range of 
projections (25th, 50th, and 75th percentiles). 

In Figure 15, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 16, the median change in precipitation 
for the future decades indicates a wet pattern in the basin. In Figure 17, the spatial plots indicate 
the basin is projected to have generally reduced snowpack (April 1st SWE). Analyses of results 
from Figure 14 through Figure 17 indicate that warming is projected to lead to precipitation 
falling as rain instead of snow, leading to decreased snowpack in the basin and shifts in runoff 
seasonality. 
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Figure 14. Columbia River Basin – Time series plots for six projected hydroclimate indicators. 
Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  
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Figure 15. Columbia River Basin – Spatial distribution of simulated decadal temperature changes. 

Note: deg F = degrees Fahrenheit  
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Figure 16. Columbia River Basin – Spatial distribution of simulated precipitation changes. 
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Figure 17. Columbia River Basin – Spatial distribution of simulated decadal April 1st SWE changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 18 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
seven Columbia River subbasins. Overall, there does not appear to be much of a shift in the peak 
runoff timing from the reference 1990s decade to the 2020s and 2050s. For the 2070s, however, 
all the subbasins show a noticeable early shift in peak flow. Furthermore, the peaks are generally 
the same or somewhat lower in the 2020s and 2050s, but consistently lower in the 2070s across 
all subbasins from the 1990s reference. 

Figure 19 shows boxplots of the distribution of simulated changes in streamflow magnitude for 
annual, December-through-March, and April-through-July runoff in the seven Columbia River 
subbasins. For most of the subbasins, in all three future decades the median change for the 
December-through-March runoff is positive, indicating an increase in streamflow during this 
season. Also, see Figure 14 (bottom left panel) for an example of the December-through-March 
runoff time series for the Columbia River at The Dalles subbasin, which shows an increase in 
runoff over time for this season. The April-through-July median streamflow shows declines in 
the 2050s and 2070s relative to the 1990s across the subbasins. In addition, see Figure 14 
(bottom right panel) for an example of the April-through-July runoff time series for the 
Columbia River at The Dalles subbasin, which shows a decrease in runoff over time for this 
season. 

Figure 20 shows the simulated shift in streamflow timing for the various subbasins. For all the 
subbasins in all three future decades, the median value of the change in runoff timing is negative. 
This implies that half of the annual flow occurs sooner than it did in the 1990s. For example, for 
the Columbia River at The Dalles, the earlier shift is about 5, 9, and 11 days, respectively, in the 
2020s, 2050s, and 2070s relative to the 1990s. 
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Figure 18. Columbia River Basin – Simulated mean monthly streamflow for various subbasins. 

Note: MAF = million acre-feet 
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Figure 19. Columbia River Basin – Simulated change in streamflow magnitude for various subbasins. 
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Figure 20. Columbia River Basin – Simulated shift in streamflow timing for various subbasins; negative 
values denote earlier runoff relative to the 1990s. 
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3.4 Klamath River Basin 

The Klamath River originates in headwater streams of south-central Oregon. It eventually flows 
southwest through the Cascade Range and picks up runoff from the Shasta, Scott, Salmon, and 
Trinity Rivers in California before flowing to the Pacific Ocean. The length of the Klamath River 
is approximately 254 miles and the Klamath River Basin covers an area of approximately 
15,700 square miles. Reclamation’s Klamath Project provides irrigation water for approximately 
210,000 acres of cropland and is an important recreation area for residents of northern California 
and southern Oregon, providing myriad boating, water skiing, fishing, hunting, camping, and 
picnicking opportunities. 

 Hydroclimate Projections 
Figure 21 shows six hydroclimate indicators for the basin above the Klamath River near Klamath 
gaging station: annual total precipitation (top left), annual mean temperature (top right), April 1st 
SWE (middle left), annual runoff (middle right), December-through-March runoff (bottom left), 
and April-through-July runoff (bottom right). The heavy black line is the median value (50th 
percentile) of the annual time series of the 64 projections. The shaded area is the annual time 
series of the 10th to 90th percentiles. 

Total annual precipitation (median value) throughout the basin is shown to be largely constant 
over time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
annual runoff (median value) shows some decrease over time (for additional discussions, see 
Sections 3.9 and 3.9.1.3). The December-through-March runoff volume shows an increase over 
time, and the April-through-July runoff shows a decrease over time. 

Figure 22, Figure 23, and Figure 24 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the basin above the Klamath 
River near Klamath gaging station. In each figure, the simulated 1990s distribution of median 
decadal mean condition for the variable of interest is shown in the upper middle plot, and 
changes in the decadal mean condition are shown below for the three future periods and at three 
change percentiles within the range of projections (25th, 50th, and 75th percentiles). 

In Figure 22, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 23, the median change in precipitation 
for the future decades indicates a slightly wetter pattern in the lower portions of the basin. In 
Figure 24, the spatial plots indicate that a reduced snowpack is projected throughout the basin. 
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Figure 21. Klamath River Basin – Time series plots for six projected hydroclimate indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  

 

 



West-Wide Climate and Hydrology Assessment 

51 

 
Figure 22. Klamath River Basin – Spatial distribution of simulated decadal temperature changes. 

Note: deg F = degrees Fahrenheit  
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Figure 23. Klamath River Basin – Spatial distribution of simulated precipitation changes. 
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Figure 24. Klamath River Basin – Spatial distribution of simulated decadal April 1st SWE changes. 

Note: The gray pixels within the basin boundary indicate reduction of SWE beyond the color scale range. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 25 shows mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in five 
Klamath River subbasins. For the five sites in this basin, the shift in peak runoff in all future 
decades is clearly visible and fairly pronounced for the 2070s relative to the 1990s. 

 
Figure 25. Klamath River Basin – Simulated mean monthly streamflow for various subbasins. 

Note: MAF = million acre-feet 

Figure 26 shows boxplots of the distribution of changes in runoff magnitude for annual, 
December-through-March, and April-through-July runoff in the five Klamath River subbasins. 
For all the subbasins, in all three future decades the median change for the December-through-
March runoff is positive, indicating an increase in runoff during this season. Also, see Figure 21 
(bottom left panel) for an example of the December-through-March runoff time series for the 
Klamath River near Klamath subbasin, which shows an increase in runoff over time for this 
season. However, the April-through-July median runoff shows declines in the 2020s, 2050s, and 
2070s relative to the 1990s across all of the subbasins. In addition, see Figure 21 (bottom right 
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panel) for an example of the April-through-July runoff time series for the Klamath River near 
Klamath subbasin, which shows a decrease in runoff over time for this season. The median 
annual runoff largely shows no change in any of the subbasins in any of the three future periods. 

 
Figure 26. Klamath River Basin – Simulated change in streamflow magnitude for various subbasins. 

Figure 27 shows the simulated shift in runoff timing for the various subbasins. For all the 
subbasins in all three future decades, the median value of the change in runoff timing varies from 
near zero to a positive value. Positive values imply that about half of the annual flow occurs later 
than it did in the 1990s. As an example, for the location Klamath River near Klamath, the median 
shift for the 2020s and 2050s practically shows no change, but for the 2070s decades, it is about 
4 days later than from the 1990s. 
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Figure 27. Klamath River Basin – Simulated shift in streamflow timing for various subbasins; negative 
values denote earlier runoff relative to the 1990s. 

3.5 Missouri River Basin 

The Missouri River is the longest river in the United States. It has a watershed of more than 
500,000 square miles, which includes portions of ten States (Montana, North Dakota, South 
Dakota, Wyoming, Colorado, Nebraska, Iowa, Kansas, Missouri, and Minnesota) and two 
Canadian provinces (Alberta and Saskatchewan) and encompasses approximately one-sixth of 
the entire lower 48 United States. The Missouri River drains the largest watershed within the 
United States and produces annual yields of nearly 40 million acre-feet. Reclamation has 
constructed more than 40 dams on Missouri River tributaries that have helped with agricultural 
development in the basin. The facilities in the basin also provide benefits including flood control, 
navigation, irrigation, hydropower, water supply, recreation, fish and wildlife, and water quality. 
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Navigation is important in the lower basin States, while reliable water delivery for agriculture 
and municipal, rural, and industrial use is important in the upper basin States. 

 Hydroclimate Projections 
Figure 28 shows six hydroclimate indicators for the Missouri River Basin above Omaha: annual 
total precipitation (top left), annual mean temperature (top right), April 1st SWE (middle left), 
annual runoff (middle right), December-through-March runoff (bottom left), and April-through-
July runoff (bottom right). The heavy black line is the median value (50th percentile) of the 
annual time series of the 64 projections. The shaded area is the annual time series of the 10th to 
90th percentiles. 

Total annual precipitation (median value) throughout the basin is shown to be increasing over 
time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
December-through-March runoff volume shows a general increase over time, and the April-
through-July runoff shows an increase over time. However, largely, there are no changes in 
annual runoff, in spite of increased seasonal flows. This likely points to losses attributable to 
other hydrologic processes, such as increased evapotranspiration or losses to the sub-surface. For 
additional discussions, see Sections 3.9 and 3.9.1.4. 

Figure 29, Figure 30, and Figure 31 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the Missouri River Basin. In each 
figure, the simulated 1990s distribution of median decadal mean condition for the variable of 
interest is shown in the upper middle plot, and changes in the decadal mean condition are shown 
below for the three future periods and at three change percentiles within the range of projections 
(25th, 50th, and 75th percentiles). 

In Figure 29, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 30, the median change in precipitation 
for the future decades indicates a wetter pattern. In Figure 31, the spatial plots indicate the basin 
is projected to have generally reduced snowpack. Analyses of the results from Figure 28 through 
Figure 31 indicate that warming is projected to lead to precipitation falling as rain instead of 
snow and, consequently, to decreased snowpack in the basin. However, due to projected 
increases in precipitation, runoff is expected to increase mostly over the April-through-July 
season. 
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Figure 28. Missouri River Basin – Time series plots for six projected hydroclimate indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  

 



West-Wide Climate and Hydrology Assessment 

59 

 

 
 

Figure 29. Missouri River Basin – Spatial distribution of simulated decadal temperature changes. 

Note: deg F = degrees Fahrenheit 
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Figure 30. Missouri River Basin – Spatial distribution of simulated precipitation changes. 
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Figure 31. Missouri River Basin – Spatial distribution of simulated decadal April 1st SWE changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 32 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
six Missouri River subbasins. For several subbasins (e.g., Bighorn River at Yellowtail Dam, 
Missouri River at Omaha, and North Platte River at Lake McConaughy) the hydrograph peak is 
higher in all the future decades from the 1990s reference. Also, there is an earlier shift in peak 
runoff timing from the 1990s decade for many of the subbasins, and it is apparent over the 2070s 
(e.g., Missouri River at Canyon Ferry Dam, Missouri River at Omaha, and Bighorn River at 
Yellowtail Dam). 

 
Figure 32. Missouri River Basin – Simulated mean monthly streamflow for various subbasins. 

MAF = million acre-feet 

Figure 33 shows boxplots of the distribution of changes in runoff magnitude for annual, 
December-through-March, and April-through-July runoff in the six Missouri River subbasins. 
Overall, the median change for the annual and seasonal runoffs vary across the subbasins. 
Changes to both annual and December-through-March streamflow in the 2020s and 2050s 
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relative to the 1990s are variable ranging from no change (e.g., North Fork of Platte River at 
Lake McConaughy), to decrease in runoff (e.g., South Fork of Platte River near Sterling), and 
increase in runoff (e.g., Missouri River at Omaha). However, the April-through-July runoff 
largely shows an increase across the subbasins in all three future decades relative to the 1990s 
reference. This increase in April-through-July runoff is also evident from the example time series 
plot (Figure 28, bottom right panel) for the subbasin, Missouri River at Omaha. 

 
Figure 33. Missouri River Basin – Simulated change in streamflow magnitude for various subbasins.  

Figure 34 shows the simulated shift in runoff timing for the various subbasins. In all the 
subbasins, the analysis shows that for each future decade, the median value of the change in 
runoff timing is negative. This implies that half of the annual flow occurs earlier in the three 
future decades (2020s, 2050s, and 2070s) relative to the 1990s reference. As an example, for the 
location Missouri River at Omaha, the earlier shift is about 5, 9, and 12 days, respectively, for 
the 2020s, 2050s, and 2070s decade, as compared to the 1990s decade. 
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Figure 34. Missouri River Basin – Simulated shift in streamflow timing for various subbasins; negative 
values denote earlier runoff relative to the 1990s. 

3.6 Rio Grande Basin 

The Rio Grande Basin, located in the Southwestern United States, provides water for irrigation, 
residential, environmental, and recreational uses in Colorado, New Mexico, and Texas, as well as 
Mexico. The Rio Grande is approximately 1,896 miles long and drains a basin about 
182,200 square miles in area across both countries—the United States and Mexico. Reclamation 
Projects within the basin include the Closed Basin Project, Colorado; the San Juan-Chama Trans-
mountain Diversion Project, between Colorado and New Mexico; the Middle Rio Grande 
Project, New Mexico; and the Rio Grande Project, in New Mexico and Texas. These Projects 
provide water for municipalities, Tribes, and industry, and support approximately 200,000 acres 
of irrigated agriculture, which produces alfalfa, cotton, vegetables, pecans, and grain. 
Reclamation’s facilities provide critical water and power for industry and communities, 
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including Albuquerque and Las Cruces, New Mexico; El Paso, Texas; and Ciudad Juarez, 
Mexico. This analysis presents results for the upper portion of the basin above the Rio Grande at 
Elephant Butte Dam. 

 Hydroclimate Projections 
Figure 35 shows six hydroclimate indicators for the upper portion of the basin above the Rio 
Grande at Elephant Butte Dam: annual total precipitation (top left), annual mean temperature 
(top right), April 1st SWE (middle left), annual runoff (middle right), December-through-March 
runoff (bottom left), and April-through-July runoff (bottom right). The heavy black line is the 
median value (50th percentile) of the annual time series of the 64 projections. The shaded area is 
the annual time series of the 10th to 90th percentiles. 

Total annual precipitation (median value) throughout the upper basin is shown to be nominally 
decreasing over time. The ensemble spread appears to be somewhat widening, implying that, 
there is some increase in the range of values for total annual precipitation magnitudes through 
time. The mean annual temperature (median value) throughout the basin shows an increase over 
time and a widening ensemble spread, implying that, there is some increase in the range of mean 
annual temperature values over time. April 1st SWE (median value) shows a decrease over time. 
The annual runoff (median value) shows a decrease over time. The December-through-March 
runoff volume is largely constant over time until around 2050 and post-2050 it nominally 
increases over time. The April-through-July runoff shows a decrease over time. 

Figure 36, Figure 37, and Figure 38 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the Rio Grande Basin above 
Elephant Butte Dam. In each figure, the simulated 1990s distribution of median decadal mean 
condition for the variable of interest is shown in the upper middle plot, and changes in the 
decadal mean condition are shown below for the three future periods and at three change 
percentiles within the range of projections (25th, 50th, and 75th percentiles). 

In Figure 36, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 37, the median change in precipitation 
for the future decades indicates a slightly wet pattern primarily in the highest elevations 
(headwater areas) of the basin. In Figure 38, the spatial plots indicate the median basin snowpack 
(April 1st SWE) is projected to decrease. 
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Figure 35. Rio Grande Basin – Time series plots for six projected hydroclimate indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  
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Figure 36. Rio Grande Basin – Spatial distribution of simulated decadal temperature changes. 

Note: deg F = degrees Fahrenheit  
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Figure 37. Rio Grande Basin – Spatial distribution of simulated precipitation changes. 
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Figure 38. Rio Grande Basin – Spatial distribution of simulated decadal April 1st SWE changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 39 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
five Upper Rio Grande subbasins. For most locations in this basin, relative to the 1990s, the 
runoff peaks appear to be occurring earlier in the spring during the later decade (2070s) than the 
earlier decade (2020s). The exception to this is the Pecos River near Carlsbad where the 
hydrograph peak around August is attributed to summer monsoon runoff events. 

 
Figure 39. Rio Grande Basin – Simulated mean monthly streamflow for various subbasins. 

MAF = million acre-feet 

Figure 40 shows boxplots of the distribution of simulated changes in runoff magnitude for 
annual, December-through-March, and April-through-July runoff in the five Upper Rio Grande 
subbasins. Across the subbasins, the median annual flow, relative to the 1990s reference, shows 
practically no change in the 2020s for all subbasins, but largely shows a decrease in the 2050s 
decade. By the 2070s, median annual flow shows a decrease for all the subbasins. The median 
December-through-March runoff, except for the Pecos River site, shows an increase in the three 
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future decades relative to the 1990s reference. As an example, a nominal increase in the median 
December-through March runoff for the Rio Grande at Elephant Butte Dam can be also be seen 
in Figure 35 (bottom left panel). The median April-through-July runoff for all locations, relative 
to the 1990s, generally shows no change in the 2020s, but shows a decrease in the 2050s and 
2070s decade. This decrease is illustrated, for example, in the time series plot for the Rio Grande 
Basin at Elephant Butte Dam (Figure 35, bottom right panel), which generally shows a decrease 
in the median April-through-July runoff over time. 

 
Figure 40. Rio Grande Basin – Simulated change in streamflow magnitude for various subbasins. 

Figure 41 shows the simulated shift in runoff timing for the various subbasins. The Pecos River 
location shows positive value (i.e., late) of the median change in runoff timing in all of the three 
future decades 2020s (1 day), 2050s (3 days), and 2070s (3 days) relative to the 1990s. For all 
the other Upper Rio Grande locations, the analysis shows that for each future decade the median 
value of the change in runoff timing is negative. This implies that half of the annual flow occurs 
sooner than it did in the 1990s. For example, for the Rio Grande at the Elephant Butte Dam, the 
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earlier shift is approximately 6, 8, and 9 days, respectively, in the 2020s, 2050s, and 2070s 
relative to the 1990s. 

 
Figure 41. Rio Grande Basin – Simulated shift in streamflow timing for various subbasins; negative values 
denote earlier runoff relative to the 1990s. 

3.7 Sacramento and San Joaquin River Basins 

The Sacramento and San Joaquin River Basins include three major Central Valley watersheds— 
the Sacramento River in the north, and the San Joaquin River and Tulare Lake Basins in the 
south. The combined watersheds extend nearly 500 miles from northwest to southeast and range 
from 60 to 100 miles wide. The Sacramento and San Joaquin Rivers are the two largest rivers in 
California with lengths of 445 miles and 366 miles, respectively. These two rivers have a 
combined drainage area of about 60,000 square miles and meet in the Sacramento-San Joaquin 
Rivers Delta, the largest estuary on the West Coast and the hub of California’s complex water 
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supply system. The rivers play a key role in supporting California’s economy by providing water 
for many of the agricultural counties in the Nation’s leading farm State. In addition to water for 
farms, homes, and industry in California’s Central Valley and major urban centers in the San 
Francisco Bay and Central Coast areas, the rivers sustain aquatic and terrestrial habitats, along 
with numerous managed waterfowl refuges. 

 Hydroclimate Projections 
Figure 42 shows six hydroclimate indicators for the basin above the Sacramento and San Joaquin 
Rivers at the Delta: annual total precipitation (top left), annual mean temperature (top right), 
April 1st SWE (middle left), annual runoff (middle right), December-through-March runoff 
(bottom left), and April-through-July runoff (bottom right). The heavy black line is the median 
value (50th percentile) of the annual time series of the 64 projections. The shaded area is the 
annual time series of the 10th to 90th percentiles. 

Total annual precipitation (median value) throughout the basin is shown to be largely constant 
over time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
annual runoff (median value) shows a nominal decrease over time. The December-through-
March runoff volume shows an increase over time, and the April-through-July runoff shows a 
decrease over time. 

Figure 43, Figure 44, and Figure 45 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the Sacramento and San Joaquin 
River Basins above the Delta. In each figure, the simulated 1990s distribution of median decadal 
mean condition for the variable of interest is shown in the upper middle plot, and changes in the 
decadal mean condition are shown below for the three future periods and at three change 
percentiles within the range of projections (25th, 50th, and 75th percentiles). 

In Figure 43, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 44, the median change in precipitation 
for the future decades indicates a slightly wetter pattern, mostly in the mountainous regions of 
the basin. In Figure 45, the spatial plots indicate the median basin snowpack (April 1st SWE) is 
projected to decrease. 
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Figure 42. Sacramento and San Joaquin River Basins – Time series plots for six projected hydroclimate 
indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  
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Figure 43. Sacramento and San Joaquin River Basins – Spatial distribution of simulated decadal 
temperature changes. 

Note: deg F = degrees Fahrenheit  
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Figure 44. Sacramento and San Joaquin River Basins – Spatial distribution of simulated precipitation 
changes. 
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Figure 45. Sacramento and San Joaquin River Basins – Spatial distribution of simulated decadal April 1st 
SWE changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 46 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
eight Sacramento and San Joaquin River subbasins and the Tulare basin. For all the locations, 
there appears to be an earlier shift in runoff peak. 

Figure 47 shows boxplots of the distribution of simulated changes in runoff magnitude for 
annual, December-through-March, and April-through-July runoff in the eight Sacramento and 
San Joaquin River subbasins and the Tulare basin. Overall, the analysis shows that there is an 
increase in the median December-through-March runoff and decrease in the April-through-July 
runoff in all three future decades, with nominal changes in the ensemble-median annual runoff 
magnitudes. These changes in streamflow seasonality are evident in the time series plots for the 
basin above the Sacramento and San Joaquin Rivers at the Delta. In addition, in Figure 42, the 
bottom left panel shows an increase over time in the median December-through-March runoff 
and the bottom right panel shows a decrease over time in the median April-through-July runoff. 

Figure 48 shows the simulated shift in runoff timing for the various subbasins. For all the 
subbasins, the shift represented by the ensemble median shows that half of the annual flow 
volume will occur earlier in the future decades relative to the 1990s decade. Also, it appears from 
the analysis that this earlier shift grows for some of the subbasins in the three future decades 
relative to the 1990s decade. For example, for the Delta inflow, the earlier shift is about, 4, 7, and 
9 days, respectively, in the 2020s, 2050s, and 2070s relative to the 1990s. 
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Figure 46. Sacramento and San Joaquin River Basins – Simulated mean monthly streamflow for various 
subbasins. 

Note: MAF = million acre-feet 
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Figure 47. Sacramento and San Joaquin River Basins – Simulated change in streamflow magnitude for 
various subbasins. 



West-Wide Climate and Hydrology Assessment 

81 

 
Figure 48. Sacramento and San Joaquin River Basins – Simulated shift in streamflow timing for various 
subbasins; negative values denote earlier runoff relative to the 1990s. 
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3.8 Truckee and Carson River Basins 

The Truckee River originates at Lake Tahoe in California and flows for nearly 119 miles north 
and east into Nevada, where it terminates in Pyramid Lake. The Truckee River Basin 
encompasses an area of approximately 3,060 square miles in the States of California 
(760 square miles) and Nevada (2,300 square miles). The Truckee River is a major source of 
water for western Nevada, including the cities of Reno and Sparks. Along with the Carson River, 
the Truckee River supplies irrigation water to Reclamation’s Newlands Project for 
approximately 57,000 acres of cropland. The Truckee River is also an important recreation 
resource for residents in California and Nevada, providing boating, rafting, kayaking, fishing, 
hunting, and camping opportunities. 

 Hydroclimate Projections 
Figure 49 shows six hydroclimate indicators for the basin above the Truckee River at Nixon 
gage: annual total precipitation (top left), annual mean temperature (top right), April 1st SWE 
(middle left), annual runoff (middle right), December-through-March runoff (bottom left), and 
April-through-July runoff (bottom right). The heavy black line is the median value 
(50th percentile) of the annual time series of the 64 projections. The shaded area is the annual 
time series of the 10th to 90th percentiles. 

Total annual precipitation (median value) throughout the basin is shown to be largely constant 
over time. The ensemble spread appears to be somewhat widening, implying that, there is some 
increase in the range of values for total annual precipitation magnitudes through time. The mean 
annual temperature (median value) throughout the basin shows an increase over time and a 
widening ensemble spread, implying that, there is some increase in the range of mean annual 
temperature values over time. April 1st SWE (median value) shows a decrease over time. The 
annual runoff (median value) shows a nominal decrease over time. The December-through-
March runoff volume shows an increase over time, and the April-through-July runoff shows a 
decrease over time. 

Figure 50, Figure 51, and Figure 52 show the spatial distribution of simulated decade-mean 
temperatures, precipitation, and April 1st SWE, respectively, in the basin above the Truckee 
River at Nixon gage. In each figure, the simulated 1990s distribution of median decadal mean 
condition for the variable of interest is shown in the upper middle plot, and changes in the 
decadal mean condition are shown below for the three future periods and at three change 
percentiles within the projections (25th, 50th, and 75th percentiles). 

In Figure 50, the median change for the three future decades relative to the 1990s indicates 
increasing temperatures throughout the basin. In Figure 51, the median change in precipitation 
for the future decades indicates a slightly wetter pattern, mostly in the mountainous regions of 
the basin. In Figure 52, the spatial plots indicate the median basin snowpack (April 1st SWE) is 
projected to decrease. 
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Figure 49. Truckee and Carson River Basins – Time series plots for six projected hydroclimate indicators. 

Note: The heavy black line is the annual time series median value (i.e., median). The shaded area is the annual time series of 10th to 
90th percentiles. 

MAF = million acre-feet; deg F = degrees Fahrenheit  
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Figure 50. Truckee and Carson River Basins – Spatial distribution of simulated decadal temperature 
changes. 

Note: deg F = degrees Fahrenheit   
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Figure 51. Truckee and Carson River Basins – Spatial distribution of simulated precipitation changes. 
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Figure 52. Truckee and Carson River Basins – Spatial distribution of simulated decadal April 1st SWE 
changes. 
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 Impacts on Streamflow Annual and Seasonal Cycles 
Figure 53 shows the mean monthly streamflow values for the 1990s, 2020s, 2050s, and 2070s in 
four Truckee River subbasins and the Carson River Basin. There are noticeable shifts in the 
distribution of monthly flow in the future decades relative to the 1990s reference, but, there do 
not appear to be large shifts in the peak runoff timing except for the 2070s. 

 
Figure 53. Truckee and Carson River Basins – Simulated mean monthly streamflow for various subbasins. 

Note: MAF = million acre-feet 

Figure 54 shows boxplots of the distribution of simulated changes in runoff magnitude for 
annual, December-through-March, and April-through-July runoff in the four Truckee River 
subbasins and the Carson River Basin. Overall, the analysis shows that there is an increase in the 
ensemble-median December-through-March runoff and a decrease in the April-through-July 
runoff in all three future decades, with nominal changes in the ensemble-median annual runoff 
magnitudes. These changes in streamflow seasonality are evident in the time series plots for the 
basin above the Truckee River at Nixon gage. In Figure 49, the bottom left panel shows an 
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increase over time in the median December-through-March runoff and the bottom right panel 
shows a decrease over time in the median April-through-July runoff. 

 
Figure 54. Truckee and Carson River Basins – Simulated change in streamflow magnitude for various 
subbasins. 

Figure 55 shows the simulated shift in runoff timing for the various subbasins. For all of the 
subbasins, the shift represented by the ensemble median shows that half of the annual flow 
volume will occur earlier in the future decades relative to the 1990s decade. Also, it appears from 
the analysis that, for some of the subbasins, this earlier shift grows in the three future decades 
(2020s, 2050s, and 2070s) relative to the 1990s decade. For example, for the Truckee River at 
the Nixon gage, the earlier shift is about 9, 18, and 20 days, respectively, in the 2020s, 2050s, 
and 2070s relative to the 1990s. 
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Figure 55. Truckee and Carson River Basins – Simulated shift in streamflow timing for various subbasins; 
negative values denote earlier runoff relative to the 1990s. 
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3.9 Expanding Understanding of Streamflow Simulations 

To expand understanding of the LOCA streamflow projections described above (Sections 3.2 
through 3.8), this section highlights comparisons of these streamflow projections with 
streamflow projections from BCSD reported in the West-Wide Climate Risk Assessment of the 
2016 SECURE Water Act Report (Reclamation, 2016c). In addition, streamflow projection 
information used in other Reclamation regional climate impact studies are also discussed to 
provide context for the current LOCA streamflow projections. The discussions in this section are 
focused only on streamflow simulations as it is the primary variable of interest for use in any 
subsequent water resources system modeling to support water allocation decisions. 

Though the GCM projections from the CMIP5 experiment were used both in the 2021 and 2016 
assessments, there are some key differences as to how the hydrologic projections were developed 
in these two assessments. These include: 

• Use of different statistical downscaling techniques—LOCA (this report) and BCSD 
(2016 Assessment)—to develop the climate projections. 

o The LOCA and BCSD methods use different climate observation datasets in their 
training step to develop the transfer function relationships that are subsequently 
used in the downscaling step. 

• Different configurations of the VIC hydrology model—including model version, model 
grid resolution, and flow routing scheme—were used in this report and 2016 Assessment. 

• Some differences in basin contributing area were also noted in the flow routing schemes 
used in this report and 2016 Assessment. 

These differences in the choice of downscaling techniques and hydrology model configurations 
can lead to substantial differences in natural (i.e., unimpaired) streamflow simulations. In fact, 
some substantial differences were found between the CMIP5-LOCA (this report) and CMIP5-
BCSD (2016 Assessment) streamflow simulations. To illustrate this, a comparison of LOCA and 
BCSD streamflow simulations over the historical period—water years 1951 to 1999 at selected 
key gage locations in the eight major Reclamation river basins—is presented in Figure 56. Note 
that, the comparisons are based on VIC simulated natural flows only and do not involve any 
post-processing of these simulated flows (e.g., secondary bias-corrections). Typically, additional 
post-processing would be done prior to use of the information as input to a river systems model, 
for example. 

For each location, the comparison is based on the respective (LOCA or BCSD) ensemble median 
of mean annual flows calculated over the historical period water years 1951 to 1999. In the case 
of LOCA, the total number of streamflow projections over this historical period, water years 
1951 to 1999, is 32 as the RCP4.5 and RCP8.5 streamflow projections are identical over this 
historical period (recall, the total number of projections from CMIP5-LOCA is 64, which 
includes 32 for RCP4.5 and 32 for RCP8.5). In the case of BCSD, the total number of CMIP5 
streamflow projections over this historical period, water years 1951 to 1999, is 97 and includes 
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RCPs 2.6, 4.5, 6.0 and 8.5 (Reclamation, 2016c). This difference in which scenarios and GCMs 
are used, is another reason why future streamflow projections could differ (in addition to 
downscaling and hydrologic model configuration). 

Simulated annual flow for a given projection over water years 1951 to 1999 was used to first 
calculate the mean annual flow for the projection. This step to calculate mean annual flow was 
repeated with each projection in the respective set—32 projections in the case of LOCA; 97 
projections in the case of BCSD—resulting in an ensemble of mean annual flows for LOCA and 
BCSD projections. The median of each ensemble was then calculated to obtain the ensemble 
median mean annual flow. The ensemble median of mean annual flow over water years 1951 to 
1999 for key gage locations from LOCA and BCSD simulations is presented in Figure 56 for the 
same key locations presented in Section 2.1 of this report. Simulated flows based on LOCA and 
BCSD projections are presented in units of million acre-feet (MAF). 

 
Figure 56. Comparison of ensemble median of mean annual flow between LOCA and BCSD over water 
years 1951 to 1999 for key gage locations. 

Note: Simulated flows (ensemble median of mean annual flow over water years 1951 to 1999) in million acre-feet (MAF) comparing 
CMIP5-LOCA and BCSD results is shown adjacent to each bar plot. 

The comparison presented in Figure 56 shows that, generally, the LOCA streamflow simulations 
are biased low relative to the BCSD streamflow simulations. However, for two locations—
Klamath River near Klamath and Rio Grande at Elephant Butte Dam—the LOCA simulated 
flows are higher than the BCSD simulated streamflow. This difference in ensemble median of 
mean annual flow magnitude over water years 1951 to 1999 between LOCA and BCSD 
simulations for the key gage locations is presented in Figure 57. For each gage location, the 
difference is expressed in terms of a percentage difference of the LOCA simulated flows from 
the BCSD simulated flows shown in Figure 56. 
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Figure 57. Percentage difference in ensemble median of mean annual flow magnitude between LOCA 
and BCSD simulations over water years 1951 to 1999 for key gage locations. 

Note: The difference is expressed in terms of a percentage difference (rounded to the nearest integer) of the LOCA simulated flows 
from the BCSD simulated flows (ensemble median of mean annual flow over water years 1951 to 1999; refer to Figure 56 for flow 
magnitudes). For a given gage location, negative (positive) percentage value implies that LOCA simulated flow is lower (higher) than 
BCSD simulated flow. 

This comparison of LOCA and BCSD flow simulations and the differences shown over the 
historical period—water years 1951 to 1999 (see Figure 56 and Figure 57, respectively)—
persists into the future as well. To illustrate differences over historical and projected future 
periods, LOCA and BCSD simulated flows over the full simulation period—water years 1951 to 
2099—are presented in Figure 58 through Figure 64. Specifically, for each location, ensemble 
median flow (50th percentile) along with the lower (10th percentile) and upper (90th percentile) 
confidence limits are shown for the LOCA and BCSD simulations separately, and then the 
LOCA and BCSD ensembles were combined to develop an ensemble from which the median and 
confidence limits were calculated. The ensemble median and confidence limits calculated from 
the combined LOCA and BCSD ensembles are shown using heavy colored lines in the time-
series plots. The combined LOCA and BCSD streamflow ensemble thus presents the collective 
view of streamflow projections from these two sets of projections with the available full range of 
downscaled RCPs—2.6 through 8.57. 

 

 
7 BCSD projections include RCP 2.6, 4.5, 6.0, and 8.5. LOCA projections include RCP 4.5 and 8.5. 
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Figure 58. Simulated flows for Colorado River above Imperial Dam from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Figure 59. Simulated flows for Columbia River at The Dalles from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Figure 60. Simulated flows for Klamath River near Klamath from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Figure 61. Simulated flows for Missouri River at Omaha from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure. 
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Figure 62. Simulated flows for Rio Grande at Elephant Butte Dam from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Figure 63. Simulated flows for Sacramento-San Joaquin Rivers at Delta from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Figure 64. Simulated flows for Truckee River at Nixon from BCSD, LOCA, and combined BCSD and LOCA projections. 

Note: Ensemble median (50th percentile), lower (10th percentile), and upper (90th percentile) confidence limits are shown in the figure.  
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Overall, Figure 58 through Figure 64 show that the bias between LOCA and BCSD flow 
simulations identified over the historical period (water years, 1951 to 1999; see Figure 57) 
persists into the future streamflow simulations. Comparison of changes in annual and seasonal 
streamflow values for the key gage locations from the LOCA and BCSD simulations are 
presented in Table 3. To be consistent with the LOCA analysis presented in Sections 3.2 through 
3.8 and the BCSD analysis findings reported in the West-Wide Climate Risk Assessment of the 
2016 SECURE Water Act Report (Reclamation, 2016c; see Tables 8, 9 and 10), comparison of 
LOCA and BCSD streamflow change information is presented using the 1990s reference decade 
(water years 1990 to 1999) for the three future decades, 2020s (water years 2020 to 2029), 2050s 
(water years 2050 to 2059), and 2070s (water years 2070 to 2079). Results (percentage change) 
are shown as inter-quartile range—25th percentile to 75th percentile—for annual and seasonal 
changes for the selected key gage locations. In interpreting this change information, it is 
important to note the hydroclimate conditions in the basin for the reference 1990s decade—i.e., 
in the reference decade (1990s), a basin could be, for example, in either dry, average, or wet 
state. 
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Table 3. Comparison of LOCA and BCSD annual and seasonal streamflow projection changes for selected key gage locations 

Location Projection* 

2020s 2050s 2070s 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Colorado 
River above 

Imperial Dam 

LOCA 
-11.8 
 to  

14.4 

-5.4 
 to  

17.2 

-11.5 
 to  

19.2 

-14.4 
 to  
7.4 

-0.2 
 to  

20.6 

-13.7 
 to  

14.4 

-16.1 
 to  
2.8 

1.1 
 to  

24.3 

-17.6 
 to  

11.8 

BCSD 
-6.6 
 to  

19.5 

-7.4 
 to  

17.7 

-3.6 
 to  

25.1 

–11.0 
 to  

15.9 

–6.3 
 to  

22.9 

–8.4 
 to  

21.2 

–12.6 
 to  

18.7 

–0.8 
 to  

25.0 

–10.1 
 to  

25.3 

Columbia 
River at The 

Dalles 

LOCA 
-8.5 
 to  
6.2 

3.0 
 to  

21.2 

-7.7 
 to  
7.8 

-11.7 
 to  
4.7 

14.5 
 to  

39.0 

-14.1 
 to  
5.0 

-11.2 
 to  
1.5 

20.2 
 to  

55.6 

-19.3 
 to  
0.4 

BCSD 
-2.5 
 to  
8.7 

2.0 
 to  

31.1 

-4.4 
 to  

10.5 

–5.2 
 to  

11.4 

10.3 
 to  

43.4 

–7.6 
 to  
9.9 

–2.2 
 to  

11.0 

16.0 
 to  

54.4 

–10.2 
 to  
5.7 

Klamath 
River near 
Klamath 

LOCA 
-9.7 
 to  

10.1 

3.1 
 to  

24.4 

-26.2 
 to  

-11.4 

-13.9 
 to  
9.1 

12.5 
 to  

44.7 

-47.0 
 to  

-24.2 

-13.7 
 to  

10.2 

16.2 
 to  

53.1 

-55.9 
 to  

-33.3 

BCSD 
-9.8 
 to  

14.7 

5.5 
 to  

28.0 

-27.5 
 to  

-11.2 

–9.5 
 to  

12.5 

21.7 
 to  

45.4 

–47.0 
 to  

–17.7 

–8.5 
 to  

18.2 

23.6 
 to  

68.8 

–54.9 
 to  

–22.9 
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Location Projection* 

2020s 2050s 2070s 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Missouri 
River at 
Omaha 

LOCA 
-4.0 
 to  
9.5 

-3.3 
 to  
9.1 

1.3 
 to  

19.7 

-2.1 
 to  

12.1 

0.5 
 to  

12.4 

7.3 
 to  

26.7 

-6.7 
 to  

13.9 

-5.2 
 to  

15.9 

7.0 
 to  

32.8 

BCSD 
2.6 
 to  

18.6 

2.2 
 to  

26.5 

4.5 
 to  

22.7 

6.5 
 to  

25.1 

15.6 
 to  

44.6 

8.6 
 to  

32.0 

7.0 
 to  

34.5 

13.8 
 to  

59.0 

13.1 
 to  

41.7 

Rio Grande 
at Elephant 
Butte Dam 

LOCA 
-14.2 
 to  

11.7 

-5.6 
 to  

16.8 

-17.9 
 to  

13.6 

-18.9 
 to  
5.3 

-5.1 
 to  

20.8 

-26.7 
 to  
4.7 

-22.9 
 to  
3.4 

-3.6 
 to  

25.3 

-28.3 
 to  
-3.2 

BCSD 
-7.8 
 to  

17.6 

-8.2 
 to  

16.0 

-9.2 
 to  

25.1 

–16.2 
 to  
7.3 

–12.1 
 to  

11.7 

–18.5 
 to  
9.7 

–20.5 
 to  
8.9 

–15.4 
 to  

15.0 

–22.2 
 to  

11.2 

Sacramento-
San Joaquin 

Rivers at 
Delta 

LOCA 
-8.7 
 to  

19.9 

-0.6 
 to  

35.5 

-23.5 
 to  
-1.7 

-14.1 
 to  

17.6 

2.6 
 to  

54.6 

-41.5 
 to  

-17.7 

-11.5 
 to  

14.9 

10.6 
 to  

61.1 

-45.2 
 to  

-22.1 

BCSD 
-8.2 
 to  

24.8 

-1.5 
 to  

42.8 

-25.0 
 to  
-0.1 

–11.0 
 to  

26.1 

5.8 
 to  

51.0 

–40.9 
 to  

–14.0 

–12.0 
 to  

24.6 

6.3 
 to  

56.8 

–43.8 
 to  

–14.7 
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Location Projection* 

2020s 2050s 2070s 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Annual 
(%) 

Dec-Mar 
(%) 

Apr-Jul 
(%) 

Truckee River 
at Nixon 

LOCA 
-9.2 
 to  

27.3 

31.8 
 to  

117.4 

-21.4 
 to  
9.8 

-13.4 
 to  

26.1 

93.2 
 to  

208.7 

-38.6 
 to  

-14.0 

-9.8 
 to  

24.9 

104.3 
 to  

295.8 

-50.7 
 to  

-21.1 

BCSD 
-8.1 
 to  

28.7 

27.3 
 to  

156.6 

-22.8 
 to  

11.8 

–13.1 
 to  

22.1 

76.8 
 to  

242.6 

–38.1 
 to  

–4.6 

–13.0 
 to  

24.2 

111.2 
 to  

316.4 

–49.9 
 to  

–13.8 

* Note: The BCSD projections (Reclamation, 2016c) include RCP 2.6, 4.5, 6.0, and 8.5 (total, 97 projections). LOCA projections (this report) include RCPs 4.5 and 8.5 (total, 64 projections). 
The LOCA RCP4.5 and RCP8.5 streamflow projections are identical over the period, 1950 to 2005. 
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Again, the combined LOCA and BCSD streamflow ensemble presents a collective view of 
streamflow projections and reflects the various sources of uncertainties involved in the steps to 
develop these projections. 

A range of climate and hydrology projection information has been used in other Reclamation 
regional climate impact studies. It is, therefore, important to acknowledge and provide context 
for these streamflow projections for some of these studies. The following sub-section provides a 
listing of regional studies in selected major Reclamation river basins8. Further, it provides 
context around the hydroclimate projections summarized in this report in relation to existing 
regional studies. 

 Streamflow Projections and Regional Studies 

 Colorado River Basin 

Currently, Reclamation together with Scripps Institution of Oceanography, are completing a 
study that explores future water supply projections in the Colorado River Basin developed based 
on CMIP5, and comparing them to previously developed CMIP3 projections, across 48 metrics 
that provide an overall quality ranking for each model. Similar to this report, the study also 
evaluates the effects of BCSD and LOCA downscaling techniques on the CMIP5 projections. 
Additionally, the study further uses the VIC hydrologic model to explore the Colorado River 
Basin’s hydroclimatic sensitivity to future warming. 

Preliminary findings show similar results to what has been discussed in this report with respect 
to the evaluation of the CMIP projections and that the choice of downscaling techniques, either 
BCSD or LOCA, influence results. Further findings show that, as a group, the CMIP5 models are 
better performing than CMIP3 models at reproducing historical regional atmospheric circulation, 
but not temperature or precipitation metrics. However, some individual CMIP3 models did 
perform better than some individual CMIP5 models. In addition, it was shown that, independent 
of precipitation, the warming trends in the CMIP5 projections could reduce future streamflows in 
the Colorado River Basin. 

 Columbia River Basin 

Recently, the River Management Joint Operating Committee (RMJOC) consisting of the U.S. 
Army Corps of Engineers, Bonneville Power Administration, and Bureau of Reclamation, 
together with the University of Washington, completed the second edition of a comprehensive 
study on climate change in the region known as RMJOC-II (RMJOC, 2018). Like this report, it 
evaluated two different downscaling techniques, BCSD and Multivariate Adaptive Constructed 
Analogs (MACA), but also evaluated different versions of the hydrologic models, Variable 
Infiltration Capacity (VIC) and Precipitation-Runoff Modeling System (PRMS). The RMJOC-II 

 
8 The major Reclamation river basins where selected studies are discussed are the ones where, based on the analysis 

of annual flows over the historical period—water years 1951 to 1999 (refer to Figure 57)—the absolute percentage 
difference in ensemble median of mean annual flow magnitude between LOCA and BCSD simulations was greater 
than 10. In addition, the Colorado River Basin is also included. 



West-Wide Climate and Hydrology Assessment 

105 

study concluded that both the variation in downscaling technique and hydrologic model can 
influence the results of the streamflow outputs, which is further reflected in this evaluation of the 
LOCA downscaling technique. Differences in the results of this report and the RMJOC-II study 
can be attributed to the effects of different downscaling techniques and versions of hydrologic 
models used. 

 Klamath River Basin 

In the Klamath River Basin, Reclamation partnered with the California Department of Water 
Resources and the Oregon Water Resources Department to conduct the Klamath River Basin 
Study, which was completed in 2016. The study relied on CMIP5-BCSD hydroclimate 
projections as well as CMIP3-BCSD hydroclimate projections that were summarized in the 
West-Wide Climate Risk Assessment of the 2011 SECURE Water Act Report (Reclamation, 
2011b). At the time of the Klamath River Basin Study, CMIP5-BCSD projections were novel 
and not well understood and the basin study offered an opportunity to better understand 
differences between CMIP3 and CMIP5 hydroclimate projections. Results of this report largely 
coincide with results summarized in the Klamath River Basin Study. However, with the addition 
of CMIP5-LOCA hydroclimate projections, a few notable differences ought to be made apparent. 

One notable difference in streamflow projections presented in Figure 60 is partly due to the 
watershed boundary used in calculating streamflow from runoff across the landscape. The 
CMIP5-LOCA modeling sequence utilized a contributing area approximately 30 percent larger 
than the CMIP5-BCSD modeling sequence. This largely accounts for the approximately 
23 percent difference between mean annual flow at Klamath River at Klamath, California over 
the historical period, illustrated in Figure 57 (i.e., where CMIP5-LOCA results in higher mean 
annual flow than CMIP5-BCSD). Additional differences are apparent in projections of change in 
runoff volume, which may be attributed to other methodological choices previously described. 

 Missouri River Basin 

For the Missouri River at Omaha, the ensemble median of mean annual streamflow calculated 
using the CMIP5-LOCA suite of models and approaches over the historical time period is 
19 percent lower than that using the CMIP5-BCSD suite of models and approaches (refer to 
Figure 57). In other words, over the historical comparison period (water years, 1951 to 1999), the 
simulated streamflow from the CMIP5-BCSD suite of models are generally higher than the 
simulated streamflow from the CMIP5-LOCA suite of models. Figure 61 shows that CMIP5-
BCSD mean annual streamflow are higher than CMIP5-LOCA mean annual flow at 
corresponding percentiles of the ensembles. This difference corresponds with historical and 
future projections of precipitation as well. Observed precipitation from the two different datasets 
used in these approaches (Maurer et al., 2002 for CMIP5-BCSD and Livneh et al., 2013 for 
CMIP5-LOCA) over the historical period are largely consistent, but differences are apparent in 
the future projections, which becomes greater closer to 2100. CMIP5-LOCA precipitation 
projections are drier in the northern Rocky Mountains than the CMIP5-BCSD projections. The 
comparison of these two datasets summarized by Vano et al. (2020) shows that CMIP5-BCSD 
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projections indicate larger changes in the ensemble mean streamflow, which is consistent with 
projected changes summarized in Table 3. 

Streamflow projections presented in this report encompass a vast watershed—over 
233,000 square miles. Investigation of differences between the CMIP5-BCSD and CMIP5-
LOCA datasets in smaller watersheds within the greater Missouri River Basin illustrate similar 
differences, although to varying degrees. Further, previous existing studies that may provide 
insights into the differences in mean annual streamflow between CMIP5-BCSD and 
CMIP5-LOCA have been conducted over smaller watersheds within the Missouri River Basin, 
for example the Upper Missouri Basin Impacts Assessment (Reclamation, 2020c), which 
encompasses the Upper Missouri River upstream of Fort Peck Reservoir. Streamflow projections 
from that study relied on CMIP5-BCSD projections and are consistent with other analyses using 
the same projections in this region. 

This 2021 Assessment report highlights one challenge of using one consistent approach for 
climate impact assessment across the West, as the Missouri River Basin spans diverse 
geography, topography, climate, and hydrological processes. For example, the northern latitudes 
of the basin encompass the Prairie Potholes Region, notable for its complex groundwater and 
surface water interactions and vast small depression storage basins. Further regional 
investigations would be required to fully understand the methodological choices that may cause 
the differences in projected annual streamflow seen in the Missouri River Basin. 

3.10 Summary of Hydroclimate Changes 

This section provides a West-wide summary of the findings from the hydroclimate analyses for 
the changes in precipitation, temperature, snow condition, streamflow, runoff magnitude, and 
runoff seasonality (including shifts to annual runoff timing) for each of the major Reclamation 
river basins described in Sections 3.2 through 3.8 above. 

Results from the analyses are presented for the 43 West-wide reporting locations (see Table 1) in 
a set of tables. In each table, change information for the hydroclimate variable of interest 
(e.g., temperature, precipitation, runoff, etc.) is presented as inter-quartile range (referred to as 
“range” hereafter). In other words, every entry in the table corresponds to a set of two values, 
where the first value corresponds to the 25th percentile and the second value corresponds to the 
75th percentile estimates. This change information is calculated from the 1990s reference decade 
for the three future decades, 2020s, 2050s, and 2070s for the 64 (32 for RCP4.5 and 32 for 
RCP8.5) LOCA downscaled projections. The listed summary tables include: 

• Projected range of temperature change (Table 4) 

• Projected range of precipitation change (Table 5) 

• Projected range of April 1st SWE change (Table 6) 

• Projected range of annual runoff change (Table 7) 
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• Projected range of December-through-March runoff change (Table 8) 

• Projected range of April-through-July runoff change (Table 9) 

• Projected range of annual runoff timing shift (Table 10) 
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Table 4. Projected range of temperature change for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 

Projected Range1 of Temperature Change 
(degrees Fahrenheit) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry 1.8 to 3.1 3.9 to 6.1 5.2 to 8.1 

Colorado River above Imperial Dam 1.8 to 2.9 3.9 to 6.0 5.2 to 7.7 

Green River near Greendale 1.8 to 3.3 4.2 to 6.3 5.1 to 8.6 

Colorado River near Cameo 1.7 to 2.9 3.9 to 5.8 4.8 to 7.8 

Gunnison River near Grand Junction 1.8 to 2.9 4.0 to 5.8 5.0 to 7.9 

San Juan River near Bluff 1.8 to 2.9 4.0 to 5.8 5.1 to 7.5 

Co
lu

m
bi

a 

Snake River at Brownlee Dam 1.7 to 3.2 4.0 to 6.1 4.9 to 8.5 

Columbia River at Grand Coulee 1.9 to 3.0 3.8 to 5.8 4.8 to 8.0 

Columbia River at The Dalles 1.8 to 2.9 3.8 to 5.8 4.9 to 7.9 

Yakima River at Parker 1.8 to 2.8 3.6 to 5.6 4.2 to 7.4 

Deschutes River near Madras 1.7 to 2.7 3.5 to 5.4 4.2 to 7.2 

Snake River near Heise 1.6 to 3.0 4.1 to 5.9 4.9 to 8.2 

Flathead River at Columbia Falls 1.8 to 2.9 3.7 to 5.6 4.7 to 8.0 

Kl
am

at
h 

Williamson R. below the Sprague River 1.8 to 2.6 3.8 to 5.6 4.4 to 7.4 

Klamath River below Iron Gate Dam 1.8 to 2.7 3.7 to 5.4 4.3 to 7.2 

Klamath River near Seiad Valley 1.8 to 2.7 3.7 to 5.3 4.3 to 7.1 

Klamath River at Orleans 1.8 to 2.7 3.7 to 5.3 4.3 to 7.0 

Klamath River near Klamath 1.7 to 2.6 3.6 to 5.2 4.2 to 6.8  
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River 
Basin* 

Site Name and Description 

Projected Range1 of Temperature Change 
(degrees Fahrenheit) 

2020s 2050s 2070s 

M
is

so
ur

i 

Missouri River at Canyon Ferry Dam 1.8 to 3.1 4.1 to 6.2 5.1 to 8.5 

Milk River at Nashua 1.8 to 3.4 4.1 to 6.4 5.4 to 8.8 

South Platte River near Sterling 1.7 to 3.0 3.7 to 5.6 4.8 to 7.7 

Missouri River at Omaha 1.8 to 3.2 4.1 to 6.0 5.0 to 8.6 

Bighorn River at Yellowtail Dam 1.7 to 3.1 4.0 to 5.9 5.0 to 8.4 

North Platte River at Lake McConaughy 1.6 to 3.0 3.7 to 5.5 4.7 to 8.0 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos 1.7 to 2.8 3.8 to 5.5 4.7 to 7.5 

Rio Chama near Abiquiu 1.9 to 2.8 3.8 to 5.6 4.8 to 7.3 

Rio Grande near Otowi 1.8 to 2.7 3.8 to 5.5 4.7 to 7.4 

Rio Grande at Elephant Butte Dam 1.8 to 2.8 3.8 to 5.7 4.8 to 7.4 

Pecos R at Damsite No. 3 near Carlsbad 1.8 to 2.7 3.8 to 5.4 4.9 to 7.5 

Sa
cr

am
en

to
– 

Sa
n 

Jo
aq

ui
n 

Sacramento River at Freeport 1.7 to 2.5 3.6 to 5.2 4.3 to 6.9 

Sacramento River at Bend Bridge near Red 
Bluff 

1.7 to 2.5 3.6 to 5.2 4.3 to 7.0 

Feather River at Oroville 1.7 to 2.5 3.7 to 5.3 4.3 to 7.0 

San Joaquin River near Vernalis 1.6 to 2.5 3.5 to 5.2 4.3 to 6.8 

Stanislaus River at New Melones Dam 1.7 to 2.6 3.6 to 5.3 4.2 to 7.0 

Sacramento-San Joaquin Rivers at Delta 1.6 to 2.4 3.6 to 5.1 4.3 to 6.8 

San Joaquin River at Millerton Lake (Friant 
Dam) 

1.7 to 2.7 3.8 to 5.5 4.6 to 7.2 

American River at Fair Oaks 1.6 to 2.5 3.6 to 5.3 4.2 to 6.8 
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River 
Basin* 

Site Name and Description 

Projected Range1 of Temperature Change 
(degrees Fahrenheit) 

2020s 2050s 2070s 

Tulare-Buena Vista Lakes 1.5 to 2.4 3.2 to 5.0 4.2 to 6.6 

Tr
uc

ke
e 

Little Truckee River below Boca Dam 1.7 to 2.5 3.7 to 5.4 4.2 to 7.1 

W.F. Carson River at Woodfords 1.8 to 2.7 3.8 to 5.4 4.3 to 7.2 

Truckee River at Farad Gage (just above CA 
State line) 

1.7 to 2.5 3.7 to 5.4 4.2 to 7.1 

Truckee River at Nixon Gage 1.8 to 2.7 3.8 to 5.5 4.4 to 7.4 

Carson River at Fort Churchill Gage 1.8 to 2.8 4.0 to 5.6 4.5 to 7.4 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected temperatures are the 25th to 75th percentile change of the 64 projections. 

Table 5. Projected range of precipitation change for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of Precipitation Change (%) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -3.2 to 10.6 -3.4 to 12.0 -1.7 to 12.0 

Colorado River above Imperial Dam -3.8 to 10.2 -4.5 to 10.7 -1.2 to 11.0 

Green River near Greendale -2.2 to 12.8 0.0 to 14.4 0.5 to 16.9 

Colorado River near Cameo -3.9 to 8.0 -4.0 to 9.0 -3.0 to 10.1 

Gunnison R. near Grand Junction -4.0 to 7.9 -2.8 to 9.5 -2.5 to 9.4 

San Juan River near Bluff -4.6 to 8.7 -5.4 to 9.4 -1.4 to 8.4 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Precipitation Change (%) 

2020s 2050s 2070s 

Co
lu

m
bi

a 

Snake River at Brownlee Dam -1.4 to 9.6 1.7 to 12.2 1.7 to 12.4 

Columbia River at Grand Coulee -2.2 to 8.8 -1.5 to 11.7 1.0 to 9.7 

Columbia River at The Dalles -1.3 to 7.2 -0.7 to 11.1 2.3 to 10.9 

Yakima River at Parker -3.0 to 8.9 0.5 to 10.8 0.1 to 14.8 

Deschutes River near Madras -7.3 to 8.5 -5.0 to 8.9 -3.3 to 9.8 

Snake River near Heise -1.6 to 9.7 -1.0 to 11.5 -2.3 to 13.8 

Flathead River at Columbia Falls -3.1 to 8.4 -3.1 to 10.0 -0.7 to 10.9 

Kl
am

at
h 

Williamson River below the Sprague 
River 

-7.1 to 10.2 -7.0 to 13.9 -3.3 to 14.0 

Klamath River below Iron Gate Dam -6.8 to 8.4 -6.9 to 9.5 -3.8 to 10.0 

Klamath River near Seiad Valley -6.1 to 8.2 -6.0 to 9.8 -4.6 to 10.2 

Klamath River at Orleans -6.0 to 8.7 -6.7 to 9.2 -5.0 to 10.0 

Klamath River near Klamath -5.0 to 7.7 -6.6 to 10.0 -4.9 to 10.1 

M
is

so
ur

i 

Missouri River at Canyon Ferry Dam -2.0 to 7.6 -1.0 to 9.5 -0.4 to 12.2 

Milk River at Nashua -3.6 to 9.7 -3.8 to 13.0 -3.8 to 14.1 

South Platte River near Sterling -0.2 to 6.5 -1.6 to 8.8 -1.7 to 7.9 

Missouri River at Omaha -0.5 to 5.9 1.2 to 8.6 0.4 to 12.0 

Bighorn River at Yellowtail Dam -0.3 to 10.7 0.7 to 12.5 -0.6 to 14.7 

North Platte River at Lake McConaughy -2.2 to 8.7 -2.0 to 9.8 -0.8 to 10.6 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Precipitation Change (%) 

2020s 2050s 2070s 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -4.8 to 6.8 -4.2 to 9.0 -3.9 to 8.7 

Rio Chama near Abiquiu -5.3 to 6.7 -7.0 to 8.7 -4.7 to 5.7 

Rio Grande near Otowi -5.8 to 6.4 -4.4 to 9.5 -4.2 to 7.2 

Rio Grande at Elephant Butte Dam -5.0 to 5.6 -5.2 to 8.8 -4.8 to 6.3 

Pecos River at Damsite No. 3 near 
Carlsbad 

-7.0 to 5.9 -8.7 to 8.6 -10.3 to 3.8 

Sa
cr

am
en

to
–S

an
 J

oa
qu

in
 

Sacramento River at Freeport -4.1 to 7.7 -6.7 to 10.0 -4.2 to 12.2 

Sacramento River at Bend Bridge near 
Red Bluff 

-4.5 to 6.3 -5.8 to 10.4 -4.0 to 11.4 

Feather River at Oroville -4.8 to 10.2 -6.2 to 12.3 -4.3 to 11.4 

San Joaquin River near Vernalis -5.6 to 12.0 -6.4 to 13.3 -5.2 to 11.4 

Stanislaus R. at New Melones Dam -5.4 to 12.3 -7.7 to 13.4 -5.8 to 11.2 

Sacramento-San Joaquin Rivers at Delta -4.3 to 9.6 -6.4 to 11.5 -4.7 to 9.8 

San Joaquin River at Millerton Lake 
(Friant Dam) 

-6.7 to 12.0 -8.1 to 12.9 -6.1 to 12.5 

American River at Fair Oaks -3.4 to 10.2 -7.1 to 12.9 -5.5 to 10.3 

Tulare-Buena Vista Lakes -8.0 to 11.4 -9.6 to 10.0 -10.0 to 11.2 

Tr
uc

ke
e 

Little Truckee R. below Boca Dam -4.2 to 13.9 -6.7 to 16.7 -3.7 to 13.2 

W.F. Carson River at Woodfords -4.3 to 14.0 -4.1 to 14.0 -3.3 to 12.9 

Truckee River at Farad Gage (just above 
CA State line) 

-3.9 to 13.4 -5.9 to 15.0 -3.4 to 12.6 

Truckee River at Nixon Gage -4.4 to 14.9 -5.9 to 15.6 -3.5 to 13.4 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Precipitation Change (%) 

2020s 2050s 2070s 

Carson River at Fort Churchill Gage -4.2 to 15.5 -4.0 to 16.2 -1.8 to 14.6 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected precipitation are the 25th to 75th percentile change of the 64 projections. 

Table 6. Projected range of April 1st SWE change for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of April 1st SWE Change (%) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -17.2 to 5.2 -27.2 to -5.5 -33.3 to -13.3 

Colorado River above Imperial Dam -17.7 to 4.6 -28.4 to -6.4 -34.3 to -13.4 

Green River near Greendale -13.7 to 10.0 -18.0 to 3.3 -21.5 to -1.1 

Colorado River near Cameo -13.5 to 7.2 -21.2 to 0.2 -25.2 to -6.1 

Gunnison R. near Grand Junction -17.2 to 8.4 -27.5 to -3.1 -34.9 to -6.0 

San Juan River near Bluff -17.4 to 8.2 -35.2 to -5.7 -42.4 to -8.3 

Co
lu

m
bi

a 

Snake River at Brownlee Dam -18.2 to 0.2 -30.5 to -9.3 -44.4 to -17.5 

Columbia River at Grand Coulee -14.9 to 0.9 -29.1 to -10.1 -43.5 to -19.8 

Columbia River at The Dalles -13.9 to -0.7 -31.2 to -10.8 -44.6 to -17.9 

Yakima River at Parker -19.9 to -1.9 -46.3 to -20.0 -61.9 to -33.6 

Deschutes River near Madras -7.3 to 9.2 -21.3 to 8.3 -38.2 to 1.0 

Snake River near Heise -11.5 to 7.5 -16.6 to -1.1 -23.6 to -6.4 

Flathead River at Columbia Falls -10.3 to 3.8 -21.4 to -5.0 -35.8 to -12.6 
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River 
Basin* 

Site Name and Description 
Projected Range1 of April 1st SWE Change (%) 

2020s 2050s 2070s 

Kl
am

at
h 

Williamson River below the Sprague 
River 

-59.8 to -22.5 -83.1 to -51.7 -91.0 to -59.5 

Klamath River below Iron Gate Dam -39.7 to -17.8 -62.9 to -34.3 -74.4 to -44.0 

Klamath River near Seiad Valley -26.9 to -6.3 -45.3 to -17.5 -54.9 to -24.4 

Klamath River at Orleans -32.7 to -11.2 -52.4 to -23.8 -63.0 to -32.0 

Klamath River near Klamath -35.6 to -12.6 -57.1 to -28.2 -67.7 to -36.7 

M
is

so
ur

i 

Missouri River at Canyon Ferry Dam -15.3 to 3.5 -29.6 to -7.3 -40.1 to -12.5 

Milk River at Nashua -17.0 to 2.7 -28.1 to -10.8 -36.9 to -16.3 

South Platte River near Sterling -11.1 to 9.6 -19.2 to 2.7 -24.8 to 0.6 

Missouri River at Omaha -13.0 to 3.5 -19.9 to -2.7 -32.5 to -8.5 

Bighorn River at Yellowtail Dam -8.9 to 8.6 -10.2 to 9.6 -16.2 to 2.7 

North Platte River at Lake McConaughy -12.2 to 11.2 -17.2 to 8.6 -23.3 to 0.5 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -13.2 to 12.3 -30.2 to 0.9 -34.7 to -5.3 

Rio Chama near Abiquiu -18.5 to 10.6 -37.4 to -7.6 -47.1 to -13.2 

Rio Grande near Otowi -15.2 to 13.0 -34.1 to -2.6 -39.7 to -7.7 

Rio Grande at Elephant Butte Dam -15.7 to 12.4 -35.1 to -3.0 -40.3 to -7.8 

Pecos River at Damsite No. 3 near 
Carlsbad 

-27.4 to 7.1 -55.6 to -17.7 -67.1 to -30.9 
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River 
Basin* 

Site Name and Description 
Projected Range1 of April 1st SWE Change (%) 

2020s 2050s 2070s 

Sa
cr

am
en

to
–S

an
 J

oa
qu

in
 

Sacramento River at Freeport -37.6 to -14.0 -59.2 to -31.4 -70.8 to -38.7 

Sacramento River at Bend Bridge near 
Red Bluff 

-30.1 to -3.8 -45.2 to -15.5 -56.4 to -22.3 

Feather River at Oroville -44.4 to -20.6 -71.2 to -44.0 -82.9 to -51.6 

San Joaquin River near Vernalis -23.4 to 1.9 -42.6 to -14.8 -48.9 to -19.3 

Stanislaus R. at New Melones Dam -30.2 to -2.8 -54.6 to -21.6 -63.9 to -32.2 

Sacramento-San Joaquin Rivers at Delta -32.1 to -8.9 -51.0 to -25.0 -62.2 to -34.4 

San Joaquin River at Millerton Lake 
(Friant Dam) 

-20.2 to 5.0 -37.8 to -10.4 -41.7 to -14.8 

American River at Fair Oaks -39.8 to -16.6 -69.9 to -39.8 -80.9 to -45.7 

Tulare-Buena Vista Lakes -25.5 to 4.9 -42.4 to -13.5 -46.6 to -20.1 

Tr
uc

ke
e 

Little Truckee R. below Boca Dam -33.9 to -10.0 -62.7 to -31.4 -75.4 to -40.4 

W.F. Carson River at Woodfords -33.1 to -4.2 -62.3 to -28.9 -75.4 to -39.3 

Truckee River at Farad Gage (just above 
CA State line) 

-32.6 to -10.1 -62.0 to -31.7 -73.5 to -38.5 

Truckee River at Nixon Gage -33.1 to -10.1 -62.3 to -31.9 -73.7 to -39.0 

Carson River at Fort Churchill Gage -32.0 to -2.3 -58.2 to -24.6 -69.1 to -35.3 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected April 1st SWE are the 25th to 75th percentile change of the 64 projections. 
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Table 7. Projected range of annual runoff change for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Change (%) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -12.1 to 13.2 -16.6 to 8.0 -17.5 to 2.7 

Colorado R. above Imperial Dam -11.8 to 14.4 -14.4 to 7.4 -16.1 to 2.8 

Green River near Greendale -13.1 to 20.1 -18.9 to 11.2 -21.0 to 12.7 

Colorado River near Cameo -12.6 to 5.5 -17.3 to 6.2 -20.3 to 3.5 

Gunnison R. near Grand Junction -14.4 to 11.8 -18.7 to 9.3 -19.5 to 5.3 

San Juan River near Bluff -16.8 to 10.6 -22.6 to 2.6 -22.7 to -1.1 

Co
lu

m
bi

a 

Snake River at Brownlee Dam -8.9 to 12.2 -12.5 to 11.7 -14.1 to 11.8 

Columbia River at Grand Coulee -8.7 to 8.2 -11.2 to 8.8 -10.3 to 2.2 

Columbia River at The Dalles -8.5 to 6.2 -11.7 to 4.7 -11.2 to 1.5 

Yakima River at Parker -8.8 to 8.7 -10.0 to 5.7 -12.7 to 7.1 

Deschutes River near Madras -12.9 to 13.9 -11.5 to 8.5 -11.6 to 6.3 

Snake River near Heise -12.0 to 10.8 -22.6 to 4.7 -27.2 to -0.4 

Flathead River at Columbia Falls -10.5 to 6.3 -16.7 to 4.9 -19.0 to 0.8 

Kl
am

at
h 

Williamson River below the Sprague 
River 

-9.0 to 14.4 -10.0 to 16.3 -10.8 to 17.5 

Klamath R. below Iron Gate Dam -15.4 to 10.8 -17.4 to 7.3 -17.1 to 7.2 

Klamath River near Seiad Valley -12.2 to 10.8 -15.3 to 10.8 -15.7 to 11.6 

Klamath River at Orleans -10.8 to 9.3 -12.8 to 10.5 -15.1 to 9.9 

Klamath River near Klamath -9.7 to 10.1 -13.9 to 9.1 -13.7 to 10.2 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Change (%) 

2020s 2050s 2070s 

M
is

so
ur

i 

Missouri R. at Canyon Ferry Dam -9.0 to 7.4 -11.9 to 6.6 -17.9 to 6.0 

Milk River at Nashua -7.0 to 19.6 -1.3 to 25.2 -6.1 to 33.4 

South Platte River near Sterling -12.2 to 7.3 -16.6 to 1.9 -24.4 to 3.1 

Missouri River at Omaha -4.0 to 9.5 -2.1 to 12.1 -6.7 to 13.9 

Bighorn River at Yellowtail Dam -11.7 to 13.4 -11.0 to 16.7 -17.2 to 12.1 

North Platte River at Lake 
McConaughy 

-8.2 to 13.1 -10.3 to 15.2 -13.6 to 12.1 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -17.2 to 10.9 -24.9 to 5.4 -26.5 to 0.9 

Rio Chama near Abiquiu -15.3 to 15.3 -23.6 to 8.2 -20.5 to 5.1 

Rio Grande near Otowi -18.3 to 12.5 -24.7 to 5.5 -23.1 to -0.3 

Rio Grande at Elephant Butte Dam -14.2 to 11.7 -18.9 to 5.3 -22.9 to 3.4 

Pecos River at Damsite No. 3 near 
Carlsbad 

-12.8 to 13.7 -14.1 to 20.7 -12.6 to 11.4 

Sa
cr

am
en

to
– 

Sa
n 

Jo
aq

ui
n 

Sacramento River at Freeport -8.5 to 18.2 -14.7 to 17.7 -11.0 to 16.8 

Sacramento River at Bend Bridge near 
Red Bluff 

-11.1 to 14.4 -16.1 to 16.7 -14.8 to 10.1 

Feather River at Oroville -9.2 to 19.6 -14.1 to 16.0 -11.3 to 16.6 

San Joaquin River near Vernalis -11.7 to 22.0 -16.8 to 15.5 -14.8 to 14.8 

Stanislaus River at New Melones Dam -9.8 to 23.5 -17.6 to 19.3 -16.2 to 12.7 

Sacramento-San Joaquin Rivers at 
Delta 

-8.7 to 19.9 -14.1 to 17.6 -11.5 to 14.9 

San Joaquin River at Millerton Lake 
(Friant Dam) 

-12.7 to 21.6 -19.7 to 16.4 -16.2 to 13.5 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Change (%) 

2020s 2050s 2070s 

American River at Fair Oaks -8.6 to 17.2 -14.7 to 17.4 -12.5 to 12.2 

Tulare-Buena Vista Lakes -12.6 to 22.4 -18.6 to 15.7 -19.0 to 16.9 

Tr
uc

ke
e 

Little Truckee R. below Boca Dam -8.7 to 27.8 -14.5 to 24.6 -9.0 to 22.6 

W.F. Carson River at Woodfords -10.4 to 26.1 -16.2 to 21.7 -13.5 to 17.8 

Truckee River at Farad Gage (just 
above CA State line) 

-9.5 to 26.4 -13.3 to 25.3 -11.0 to 22.3 

Truckee River at Nixon Gage -9.2 to 27.3 -13.4 to 26.1 -9.8 to 24.9 

Carson R. at Fort Churchill Gage -8.3 to 31.3 -10.5 to 31.5 -10.6 to 27.4 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected annual runoff are the 25th to 75th percentile change of the 64 projections. 

Table 8. Projected range of December-through-March runoff change for the 43 West-wide reporting 
locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of Dec–Mar Runoff Change (%) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -3.5 to 17.3 1.7 to 23.7 7.5 to 27.5 

Colorado River above Imperial Dam -5.4 to 17.2 -0.2 to 20.6 1.1 to 24.3 

Green River near Greendale -7.1 to 19.4 3.3 to 30.5 7.2 to 42.9 

Colorado River near Cameo -8.6 to 7.1 -8.2 to 10.2 -7.6 to 12.9 

Gunnison River near Grand Junction -6.3 to 17.4 2.9 to 24.3 8.6 to 39.3 

San Juan River near Bluff -2.1 to 13.6 0.3 to 17.2 6.0 to 25.4 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Dec–Mar Runoff Change (%) 

2020s 2050s 2070s 

Co
lu

m
bi

a 

Snake River at Brownlee Dam 3.1 to 22.0 14.6 to 38.1 18.9 to 49.5 

Columbia R. at Grand Coulee 3.0 to 19.4 12.4 to 39.1 19.1 to 57.0 

Columbia River at The Dalles 3.0 to 21.2 14.5 to 39.0 20.2 to 55.6 

Yakima River at Parker 13.4 to 37.7 37.0 to 80.8 48.1 to 105.6 

Deschutes River near Madras -0.5 to 34.0 14.9 to 50.3 23.6 to 68.1 

Snake River near Heise -11.9 to 5.0 -9.9 to 12.4 -5.6 to 17.3 

Flathead R. at Columbia Falls -3.7 to 9.5 -3.0 to 29.0 6.7 to 44.3 

Kl
am

at
h 

Williamson River below the Sprague 
River 

6.1 to 36.4 14.1 to 51.8 16.5 to 62.2 

Klamath River below Iron Gate Dam 2.5 to 31.7 13.5 to 48.7 19.2 to 63.4 

Klamath River near Seiad Valley 3.6 to 37.6 21.1 to 61.3 23.8 to 73.7 

Klamath River at Orleans 5.1 to 34.6 21.8 to 57.6 25.2 to 67.6 

Klamath River near Klamath 3.1 to 24.4 12.5 to 44.7 16.2 to 53.1 

M
is

so
ur

i 

Missouri River at Canyon Ferry Dam -6.9 to 6.4 -9.2 to 8.3 -9.9 to 14.7 

Milk River at Nashua 1.2 to 22.8 2.2 to 37.0 9.3 to 49.4 

South Platte River near Sterling -13.6 to 9.8 -13.1 to 7.6 -15.1 to 9.7 

Missouri River at Omaha -3.3 to 9.1 0.5 to 12.4 -5.2 to 15.9 

Bighorn River at Yellowtail Dam -14.1 to 3.7 -16.2 to 2.4 -20.6 to 1.5 

North Platte River at Lake 
McConaughy 

-7.5 to 14.6 1.1 to 22.8 3.3 to 33.0 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Dec–Mar Runoff Change (%) 

2020s 2050s 2070s 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -7.5 to 17.8 -4.9 to 38.4 7.8 to 52.8 

Rio Chama near Abiquiu 2.1 to 22.4 7.5 to 29.4 15.4 to 39.6 

Rio Grande near Otowi -2.4 to 17.2 1.1 to 30.9 9.9 to 39.9 

Rio Grande at Elephant Butte Dam -5.6 to 16.8 -5.1 to 20.8 -3.6 to 25.3 

Pecos River at Damsite No. 3 near 
Carlsbad 

-10.4 to 16.4 -15.7 to 16.4 -12.0 to 14.2 

Sa
cr

am
en

to
– 

Sa
n 

Jo
aq

ui
n 

Sacramento River at Freeport -0.6 to 33.7 0.5 to 51.6 10.0 to 55.9 

Sacramento River at Bend Bridge 
near Red Bluff 

-2.5 to 25.3 -2.0 to 42.7 1.9 to 48.5 

Feather River at Oroville 6.4 to 42.6 12.9 to 67.2 23.7 to 77.5 

San Joaquin River near Vernalis 4.5 to 49.9 14.6 to 72.5 20.8 to 86.2 

Stanislaus River at New Melones 
Dam 

6.8 to 51.7 24.7 to 78.1 33.7 to 105.6 

Sacramento-San Joaquin Rivers at 
Delta 

-0.6 to 35.5 2.6 to 54.6 10.6 to 61.1 

San Joaquin River at Millerton Lake 
(Friant Dam) 

5.9 to 61.1 20.9 to 90.3 30.6 to 99.3 

American River at Fair Oaks 2.9 to 33.9 5.2 to 49.4 10.6 to 60.5 

Tulare-Buena Vista Lakes -7.4 to 38.3 -4.1 to 44.8 -6.6 to 40.3 

Tr
uc

ke
e 

Little Truckee River below Boca 
Dam 

41.6 to 153.7 114.3 to 269.0 138.1 to 426.5 

W.F. Carson R. at Woodfords 50.6 to 185.4 171.9 to 511.2 211.6 to 713.2 

Truckee River at Farad Gage (just 
above CA State line) 

38.6 to 137.7 113.3 to 251.7 116.9 to 351.5 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Dec–Mar Runoff Change (%) 

2020s 2050s 2070s 

Truckee River at Nixon Gage 31.8 to 117.4 93.2 to 208.7 104.3 to 295.8 

Carson River at Fort Churchill Gage 14.5 to 114.7 66.8 to 196.2 78.7 to 251.3 

*  Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San 
Joaquin, and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected December-through-March runoff are the 25th to 75th percentile change of the 64 projections. 

Table 9. Projected range of April-through-July runoff change for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of Apr–Jul Runoff Change (%) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -13.1 to 16.4 -16.9 to 10.4 -21.5 to 7.0 

Colorado River above Imperial 
Dam 

-11.5 to 19.2 -13.7 to 14.4 -17.6 to 11.8 

Green River near Greendale -14.1 to 26.7 -20.7 to 15.1 -24.2 to 14.3 

Colorado River near Cameo -11.0 to 9.1 -17.1 to 11.2 -22.8 to 8.5 

Gunnison River near Grand 
Junction 

-16.3 to 13.6 -23.7 to 9.3 -26.6 to 5.0 

San Juan River near Bluff -18.4 to 11.0 -32.4 to -0.2 -34.4 to -6.9 

Co
lu

m
bi

a 

Snake River at Brownlee Dam -12.6 to 13.0 -17.8 to 7.5 -22.7 to 2.7 

Columbia River at Grand Coulee -6.5 to 10.1 -10.4 to 8.1 -13.7 to 6.0 

Columbia River at The Dalles -7.7 to 7.8 -14.1 to 5.0 -19.3 to 0.4 

Yakima River at Parker -12.8 to 6.6 -22.9 to -0.9 -32.7 to -8.0 

Deschutes River near Madras -15.1 to 4.2 -25.3 to -4.4 -32.7 to -7.2 

Snake River near Heise -13.6 to 13.4 -23.3 to 9.0 -28.4 to 2.8 

Flathead R. at Columbia Falls -7.9 to 11.3 -12.5 to 5.6 -19.7 to 2.6 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Apr–Jul Runoff Change (%) 

2020s 2050s 2070s 

Kl
am

at
h 

Williamson River below the 
Sprague River 

-26.6 to -3.4 -38.5 to -10.3 -41.6 to -16.2 

Klamath River below Iron Gate 
Dam 

-24.4 to -3.3 -41.6 to -15.6 -48.2 to -19.7 

Klamath River near Seiad Valley -23.2 to -3.5 -42.7 to -17.0 -49.9 to -21.9 

Klamath River at Orleans -25.9 to -7.5 -46.5 to -22.4 -55.7 to -30.7 

Klamath River near Klamath -26.2 to -11.4 -47.0 to -24.2 -55.9 to -33.3 

M
is

so
ur

i 

Missouri River at Canyon Ferry 
Dam 

-8.0 to 12.2 -10.8 to 10.3 -18.1 to 12.1 

Milk River at Nashua -4.9 to 24.9 -2.0 to 29.3 -0.6 to 38.9 

S. Platte River near Sterling -6.1 to 16.8 -8.3 to 11.3 -19.8 to 13.6 

Missouri River at Omaha 1.3 to 19.7 7.3 to 26.7 7.0 to 32.8 

Bighorn River at Yellowtail Dam -3.4 to 26.6 1.4 to 31.0 -3.9 to 35.3 

North Platte River at Lake 
McConaughy 

-2.0 to 22.0 -2.7 to 22.8 -4.8 to 21.1 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -16.8 to 15.7 -27.5 to 5.7 -27.7 to 0.1 

Rio Chama near Abiquiu -18.5 to 18.6 -35.8 to 5.7 -34.4 to -2.7 

Rio Grande near Otowi -19.2 to 15.5 -31.0 to 4.9 -30.6 to -4.6 

Rio Grande at Elephant Butte Dam -17.9 to 13.6 -26.7 to 4.7 -28.3 to -3.2 

Pecos River at Damsite No. 3 near 
Carlsbad 

-13.2 to 8.1 -21.3 to 9.1 -20.5 to 1.2 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Apr–Jul Runoff Change (%) 

2020s 2050s 2070s 

Sa
cr

am
en

to
– 

Sa
n 

Jo
aq

ui
n 

Sacramento River at Freeport -27.2 to -9.2 -46.8 to -28.8 -56.6 to -30.4 

Sacramento River at Bend Bridge 
near Red Bluff 

-28.2 to -9.3 -46.1 to -25.2 -53.8 to -26.9 

Feather River at Oroville -29.6 to -13.6 -52.7 to -34.7 -64.4 to -37.1 

San Joaquin River near Vernalis -16.5 to 9.7 -32.6 to -0.5 -33.1 to -7.9 

Stanislaus River at New Melones 
Dam 

-21.4 to 3.2 -43.9 to -15.3 -47.7 to -21.3 

Sacramento-San Joaquin Rivers at 
Delta 

-23.5 to -1.7 -41.5 to -17.7 -45.2 to -22.1 

San Joaquin River at Millerton Lake 
(Friant Dam) 

-17.2 to 12.2 -33.8 to -0.2 -35.4 to -7.2 

American River at Fair Oaks -27.6 to -4.4 -47.6 to -26.1 -54.5 to -31.3 

Tulare-Buena Vista Lakes -24.3 to 6.8 -40.8 to -10.5 -43.3 to -16.1 

Tr
uc

ke
e 

Little Truckee River below Boca 
Dam 

-21.4 to 9.0 -38.6 to -16.1 -53.8 to -22.6 

W.F. Carson R. at Woodfords -18.2 to 15.8 -35.9 to -8.0 -47.3 to -17.5 

Truckee River at Farad Gage (just 
above CA State line) 

-21.5 to 9.1 -40.0 to -15.8 -53.0 to -22.2 

Truckee R. at Nixon Gage -21.4 to 9.8 -38.6 to -14.0 -50.7 to -21.1 

Carson River at Fort Churchill Gage -17.4 to 11.1 -38.5 to -11.9 -45.2 to -19.9 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected April-through-July runoff are the 25th to 75th percentile change of the 64 projections. 
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Table 10. Projected range of annual runoff timing shift for the 43 West-wide reporting locations 

River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Timing Shift (day) 

2020s 2050s 2070s 

Co
lo

ra
do

 

Colorado River at Lees Ferry -7.8 to -3.6 -12.3 to -6.4 -15.8 to -8.2 

Colorado River above Imperial 
Dam 

-8.1 to -3.3 -12.5 to -6.1 -14.5 to -8.2 

Green River near Greendale -8.5 to -3.9 -12.9 to -7.4 -16.7 to -9.3 

Colorado River near Cameo -8.0 to -3.8 -12.8 to -8.1 -16.8 to -10.0 

Gunnison River near Grand 
Junction 

-9.7 to -5.1 -14.8 to -8.8 -19.2 to -9.7 

San Juan River near Bluff -7.6 to -3.0 -10.7 to -3.6 -12.8 to -4.5 

Co
lu

m
bi

a 

Snake River at Brownlee Dam -6.8 to -2.4 -10.3 to -4.5 -12.4 to -5.9 

Columbia River at Grand Coulee -8.0 to -4.0 -12.7 to -7.5 -16.7 to -10.2 

Columbia River at The Dalles -7.1 to -3.4 -11.2 to -6.4 -14.3 to -8.6 

Yakima River at Parker -8.2 to -2.0 -10.9 to -3.5 -12.3 to -4.8 

Deschutes River near Madras -6.6 to 0.6 -6.8 to 2.5 -8.2 to 1.5 

Snake River near Heise -9.2 to -5.1 -15.2 to -8.8 -21.3 to -11.0 

Flathead R. at Columbia Falls -9.3 to -4.0 -16.7 to -8.7 -20.4 to -11.7 

Kl
am

at
h 

Williamson River below the 
Sprague River 

-3.0 to 11.7 -0.1 to 19.1 2.1 to 23.3 

Klamath River below Iron Gate 
Dam 

-4.7 to 7.0 -3.3 to 10.9 -2.9 to 14.9 

Klamath River near Seiad Valley -6.3 to 5.8 -5.3 to 7.4 -6.0 to 12.1 

Klamath River at Orleans -6.7 to 7.1 -7.0 to 9.2 -7.8 to 12.2 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Timing Shift (day) 

2020s 2050s 2070s 

Klamath River near Klamath -6.9 to 9.8 -7.9 to 11.1 -10.4 to 11.7 

M
is

so
ur

i 

Missouri River at Canyon Ferry 
Dam 

-6.3 to -3.0 -10.1 to -5.7 -13.4 to -7.8 

Milk River at Nashua -6.6 to -0.2 -9.5 to -1.2 -10.9 to -3.6 

S. Platte River near Sterling -10.3 to -2.9 -13.8 to -7.0 -16.3 to -8.4 

Missouri River at Omaha -6.1 to -3.4 -10.5 to -6.8 -14.6 to -8.8 

Bighorn River at Yellowtail Dam -9.8 to -5.0 -16.1 to -10.1 -21.8 to -12.8 

North Platte River at Lake 
McConaughy 

-9.3 to -4.2 -14.3 to -9.1 -19.3 to -10.8 

Ri
o 

G
ra

nd
e 

Rio Grande near Lobatos -11.8 to -5.6 -18.5 to -10.3 -23.5 to -11.8 

Rio Chama near Abiquiu -8.0 to -2.1 -10.5 to -3.9 -13.7 to -5.1 

Rio Grande near Otowi -9.7 to -4.8 -14.4 to -8.9 -18.5 to -9.8 

Rio Grande at Elephant Butte Dam -7.8 to -3.5 -9.9 to -4.4 -13.6 to -6.2 

Pecos River at Damsite No. 3 near 
Carlsbad 

-2.1 to 4.7 -1.4 to 7.1 -1.6 to 9.9 

Sa
cr

am
en

to
– 

Sa
n 

Jo
aq

ui
n 

Sacramento River at Freeport -10.5 to 7.6 -15.2 to 5.8 -16.0 to 2.7 

Sacramento River at Bend Bridge 
near Red Bluff 

-10.5 to 8.3 -11.0 to 5.7 -12.0 to 5.8 

Feather River at Oroville -12.5 to 6.3 -17.6 to 2.7 -17.6 to 2.2 

San Joaquin River near Vernalis -11.9 to 1.2 -17.9 to -7.9 -20.0 to -10.4 

Stanislaus River at New Melones 
Dam 

-11.6 to 4.2 -18.3 to -5.3 -20.2 to -7.7 
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River 
Basin* 

Site Name and Description 
Projected Range1 of Annual Runoff Timing Shift (day) 

2020s 2050s 2070s 

Sacramento-San Joaquin Rivers at 
Delta 

-11.6 to 5.0 -15.4 to 1.0 -16.2 to -0.7 

San Joaquin River at Millerton Lake 
(Friant Dam) 

-12.2 to -2.2 -20.8 to -10.9 -24.2 to -13.4 

American River at Fair Oaks -13.2 to 10.9 -15.9 to 6.4 -13.9 to 3.7 

Tulare-Buena Vista Lakes -14.6 to 7.2 -13.3 to 4.6 -16.1 to 4.8 

Tr
uc

ke
e 

Little Truckee River below Boca 
Dam 

-14.4 to -5.7 -24.4 to -12.0 -32.7 to -12.9 

W.F. Carson R. at Woodfords -16.3 to -3.6 -28.6 to -13.8 -34.4 to -16.7 

Truckee River at Farad Gage (just 
above CA State line) 

-13.7 to -4.3 -24.1 to -9.0 -29.6 to -11.6 

Truckee R. at Nixon Gage -13.2 to -4.9 -23.2 to -8.7 -28.0 to -11.6 

Carson River at Fort Churchill Gage -15.2 to -1.9 -24.5 to -8.5 -27.3 to -10.7 

* Note: The Pecos, Tulare, and Carson are not SWA river basins, but are included under the Rio Grande, Sacramento and San Joaquin, 
and Truckee, respectively, as these locations are of interest from a water operations standpoint. 

1 Ranges of projected annual runoff (half of the annual flow volume) timing shift are the 25th to 75th percentile change of the 64 
projections. Negative values denote earlier runoff relative to the 1990s; whereas, positive values denote later runoff relative to the 
1990s. 
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3.11 Implications for Future Water Management 

Based on the hydroclimate analysis presented in this chapter, a listing of potential implications 
for future water management is presented. Specific analysis related to hydroclimate impacts, 
such as droughts and performance metrics of water resources systems (e.g., storage at the end of 
a drought cycle), are described in subsequent chapters of this report and are referenced here, as 
applicable. Furthermore, potential hydroclimate impacts are outlined here. However, for details 
on basin-specific impacts, the pertinent WaterSMART reports, such as those from basin studies, 
should be referenced. The following is a broad list of potential impacts for future water 
management: 

• Projected increases in temperatures, decreases in snowpack, and runoff occurring earlier 
in the year, with a corresponding reduction in supply in summer months, can make 
supplies less predictable and water deliveries more difficult to manage. 

• With projected increases in temperature and variable precipitation, more frequent and 
more severe droughts can be anticipated. Chapter 4 provides a West-wide drought 
analysis to quantify such impacts (i.e., changes in drought characteristics—duration, 
severity, and frequency). 

• As shown in the hydroclimate analysis, with the shifts toward earlier timing and volume 
of spring runoff largely projected in the eight major Reclamation river basins, 
hydropower production will likely be impacted. A generally decreasing pattern in April 
to July streamflow (except for the Missouri River Basin) and projected higher 
temperatures in the subsequent summer will likely add to hydropower production 
challenges from these two aspects—decreasing water supplies in summer months for 
hydropower generation and increasing power needs to meet cooling demands. 

• Changes in projected flow dynamics, such as shifts in the flow seasonality (substantial 
runoff occurring earlier in the year) and drought characteristics, can lead to reduced end-
of-water-year reservoir levels and river flows. This can have negative implications for 
flow and water-dependent recreational activities. An analysis of reservoir performance 
using a range of metrics for selected reservoirs is presented in Chapter 6. 

• In addition, changes in projected flow dynamics coupled with increasing temperatures 
and variable precipitation will likely impact water quality and present challenging 
ecosystem conditions. 

 





West-Wide Climate and Hydrology Assessment 

129 

4 West-wide Drought Analysis 
This chapter describes analyses of the variability and characteristics of drought for historical and 
future projected climate conditions across the Western United States. The analyses are performed 
using the Palmer Drought Severity Index (PDSI; Palmer, 1965) to define drought events. The 
advantage of using PDSI to define droughts is that it focuses explicitly on droughts driven by 
hydroclimate variability. The PDSI does not include anthropogenic effects, such as water 
management, including the effects of reservoirs and diversions. Thus, PDSI is well-suited to 
examine natural climate-driven drought characteristics (i.e., drought duration, severity, and 
frequency). 

The next section (Section 4.1) describes the PDSI dataset and how it is used in the analyses. 
Section 4.2 describes the methodologies used to identify and analyze drought events. Section 4.3 
presents results, along with considerations regarding the interpretations of the results. Summary 
and next steps emerging from the analyses are described in Section 4.4. Lastly, a listing of key 
findings is given in Section 4.5. 

4.1 Data 

The PDSI data used in the analyses contains two time periods: (1) the historical period,  
which includes the years 1473 to 2005; and (2) the projection period, which comprises the years 
2006 to 2099. The PDSI data collated from various sources to cover these two time periods were 
aggregated to a common spatial resolution of U.S. Geological Survey (USGS) eight-digit 
Hydrologic Unit Codes (HUC-8s; Seaber et al. 1987). Figure 65 shows the distribution of 
HUC-8s across the Western United States (including portions of Canada in the north and Mexico 
in the south) and covering the eight major Reclamation river basins. The region shown in Figure 
65 consists of a total of nearly 1,316 HUC-8s, but analysis was largely constrained to HUC-8s 
within the boundaries of the United States, resulting in a total of 1,255 HUC-8s with complete 
PDSI data covering the time periods used in the analysis. 

Furthermore, eight HUC-8s, one for each of the eight major Reclamation river basins, are 
highlighted in Figure 65. These specific HUC-8s are used for focused analyses. Metadata for 
these eight selected HUC-8s is given in Table 11. The spatial resolutions of the source PDSI data 
used are discussed within the respective time period sections—Section 4.1.1 (historical period 
PDSI) and Section 4.1.2 (projection period PDSI). Thus, time series of PDSI data covering the 
period 1473 to 2099 for each of the 1,255 HUC-8s was developed for use in the analyses. Note, 
all PDSI values referenced here are the summer (June-July-August) averaged PDSI values. 
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 Historical Period (1473 to 2005) PDSI 
The historical period used in this analysis includes the years 1473 to 2005. The PDSI data for 
this period were obtained from the Cook et al. (2010) PDSI dataset which provides tree-ring 
based reconstructions of PDSI on a 0.5°latitude-by-0.5°longitude spatial resolution for the years 
0 to 2017 (note that the Cook et al. paper was published in 2010, but the PDSI data have been 
updated). The Cook et al. (2010) PDSI data were aggregated to the 1,255 HUC-8s using area-
weighted averaging. A PDSI value was not calculated for a HUC-8 where the gridded area value 
was less than 50 percent of the HUC-8 area. This largely happens in areas where a HUC-8 
straddles cells with and without data (e.g., HUC-8s straddling the northern and southern United 
States borders). These HUC-8s were assigned a missing value. The aggregation of the Cook et al. 
(2010) PDSI data to the HUC-8s resulted in complete time series for all 1,255 HUC-8s starting 
in the year 1473. Thus, 1473 was selected as the first year for the analyses of the historical PDSI 
dataset. The last year selected for the historical PDSI time series was 2005. This date was 
selected because the CMIP5 climate projections begin in the following year. Statistically 
downscaled CMIP5 projections of monthly precipitation and temperature time series from 1950 
to 2099 were used to compute PDSI time series for the projection period, which is described in 
the next section. 

 Projection Period (2006 to 2099) PDSI 
Future projections of PDSI were developed based on CMIP5-LOCA climate projections, using 
the Wells (2003) model for computing PDSI. The input data requirements to develop monthly 
PDSI time series (Wells, 2003) are: (1) average monthly temperature, (2) total monthly 
precipitation, (3) monthly normal or average temperature for a period of record, and (4) a 
parameter set consisting of two values—the first value is the soil water capacity (also referred to 
as the available water holding capacity, or root zone water holding capacity) and the second 
value is the latitude of the site (e.g., a meteorological station or the centroid of a grid cell for a 
gridded dataset). All PDSI calculations for a given projection were computed for the 
1/16th degree (latitude-by-longitude) grid. 

The first three inputs required to calculate PDSI were developed by aggregating the LOCA 
precipitation and temperature time series to monthly values for each 1/16th degree grid cell. The 
soil water storage capacity data were derived by re-gridding (using bilinear interpolation) the  
1-degree global soil texture and derived water-holding capacities dataset (Webb et al., 2000) to 
the 1/16th degree grid resolution. The site latitude value was the centroid of the 1/16th degree grid 
cell. 

With this set of inputs developed for each projection, the PDSI model (Wells, 2003) was run to 
calculate gridded monthly PDSI values for each climate model projection for each of the 
1/16th degree grid cells for the period 1950 to 2099. Subsequently, for each projection, the 
monthly PDSI magnitudes were averaged to summer (June-July-August average) values. 
Additionally, PDSI values (e.g., Dai and NCAR, 2019) greater than +10 (wet) or less than  
-10 (dry) were replaced with a missing value and removed in subsequent calculations. As a final 
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step, the summer PDSI values for the 1/16th degree grid cells then were aggregated to the 
1,255 HUC-8s. 

The period 1950 to 2005 is a period common to both the historical data and the climate model 
simulated PDSI data sets. This common period (1950 to 2005) was used to compare drought 
characteristics— duration, severity, and interarrival times (see Figure 67 for definitions) 
computed using climate model data with drought characteristics computed using historical data. 
For other analyses, the “projection period” includes the years 2006 to 2099. Thus, three periods 
will be mentioned in the analyses that follow: (1) the historical period (1473 to 2005), (2) the 
common period (1950 to 2005), and (3) the projection period (2006 to 2099). As mentioned 
earlier, the computation of PDSI requires a long-term normal (average) temperature for each site. 
For the common period analyses the long-term normal temperature was computed for 1950 to 
2005, and for the climate model projection analyses the long-term normal temperature was 
computed for 1950 to 2099. 

Additionally, the Cook et al. (2010) PDSI data for the common period (i.e., 1950 to 2005) will be 
used to represent measured or observed PDSI for this period and will be referred to as observed 
data for analyses for the common period. 
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Figure 65. HUC-8s across the Western United States with select HUC-8s highlighted that were used for 
focused analyses. 

Note:  Metadata for the eight selected HUC-8s across the eight major Reclamation river basins are provided in Table 11.  

CANADA

MEXICO

P a c i f i c
O c e a n

0 500 1,000250
MilesState Boundary

Upper San Joaquin

Truckee
Sprague

Sacramento Headwaters
Rio Grande Headwaters
Lower Boise
Gallatin
Colorado Headwaters

Selected HUC-8 Basins
Legend

8 Major Reclamation Basins

Political Boundaries

Other HUC-8 Basin

Truckee and Carson River Basins
Sacramento and San Joaquin River Basins
Rio Grande Basin
Missouri River Basin
Klamath River Basin
Columbia River Basin
Colorado River Basin



West-Wide Climate and Hydrology Assessment 

133 

Table 11. Select eight-digit Hydrologic Unit Codes (HUC-8) in the eight major Reclamation river basins 
used to present study results 

River Basin HUC-8 ID HUC-8 Name State(s) 

HUC-8 Centroid Drainage 
Area 

(square 
miles) 

Latitude Longitude 

Colorado 14010001 Colorado Headwaters CO 40.0040 -106.4111 2,902 

Columbia 17050114 Lower Boise ID 43.6040 -116.4098 1,329 

Klamath 18010202 Sprague OR 42.5638 -121.2062 1,610 

Missouri 10020008 Gallatin MT-WY 45.4972 -111.1727 1,847 

Rio Grande 13010001 Rio Grande 
Headwaters 

CO 37.7278 -106.9285 1,381 

Sacramento 18020005 Sacramento 
Headwaters 

CA 41.0691 -122.3794 592 

San Joaquin 18040006 Upper San Joaquin CA 37.3375 -119.2087 1,639 

Truckee 16050102 Truckee CA-NV 39.4459 -119.8722 1,217 

4.2 Methodology 

 Drought Definitions 
The time series of summer PDSI for 1,255 HUC-8s were used to identify drought events for 
historical and projection periods. Two methods were used to identify drought periods, both based 
on PDSI values moving below or above a PDSI value of zero (i.e., zero cross-over). Using the 
first method, a drought event occurs when a summer PDSI value drops below the zero threshold 
and ends when a summer PDSI value moves above the zero threshold (Figure 66a). Using this 
method, a drought as short as 1 year is possible. 

The second method uses 3-year moving averages of summer PDSI to identify drought events. A 
3-year moving average was used to remove high frequency variability in PDSI. For this method, 
a drought event occurs when the 3-year moving average summer PDSI value drops below the 
zero threshold and ends when the 3-year moving average summer PDSI value moves above the 
zero threshold (Figure 66b). 

In general, the first method used to identify drought events results in more frequent and shorter 
droughts than the second method (compare Figure 66a and Figure 66b). 
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Once drought events were identified for each HUC-8 and for the historical and projection 
periods, several drought characteristics were computed—drought duration (in years), drought 
severity (mean PDSI for the drought event), and drought inter-arrival time (the number of years 
from the beginning of one drought to the beginning of the successive drought) (Figure 67). The 
number of droughts for the historical and projection periods also were computed for each 
HUC-8. Probability distributions were developed using the drought duration and drought severity 
data and were used in conjunction with the expected value of drought interarrival times to 
develop return period estimates of selected drought events. 

 
Figure 66. Illustration of droughts using zero-crossover of PDSI values. 

Note: Droughts are identified using (a) zero-crossover of yearly PDSI values, and (b) zero-crossover using 3-year moving averages of 
yearly PDSI values. 
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Figure 67. Generalized drought definition and characteristics. 

Note: Drought characteristics include drought duration (D, years), severity (S, mean PDSI calculated over a drought event), and inter-
arrival times (L, years). 

 Marginal Distributions of Drought Duration and Severity 
Using the drought duration and severity datasets from the historical (1473 to 2005) period and 
projection period (2006 to 2099), probability distributions9 (marginal probability distributions), 
were developed for drought duration and drought severity. These marginal distributions were 
developed for each of the 1,255 HUC-8s in the domain. 

The historical period, which is 533-years long, had a sufficient number of events (≥ 30; sample 
size) for each HUC-8 using either drought definition to develop the marginal distributions of 
duration and severity. Table 12 presents a summary of the sample size ranges from all the 
1,255 HUC-8s used to fit the marginal distributions over the historical period for each drought 
definition. 

  

 
9 These probability distributions are referred to as marginal distributions when used in a joint probability analysis, 

which is subsequently conducted (refer to Sections 4.2.3 and 4.2.5) to estimate drought return periods. 
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Table 12. Range of sample size by drought definition from all 1,255-HUC8s used in distribution fitting 
over the historical period (1473 to 2005) 

Drought Definition Sample Size Range* 

Zero-crossover of yearly PDSI values 
62 to 154 

(12% to 29%) 

Zero-crossover using 3 year moving averages of 
yearly PDSI values 

38 to 89 

(7% to 17%) 

* Note: The sample size percentages given in parenthesis are calculated as a fraction of the total length of the historical period time 
series, 533 years. 
However, for the projection period, which is only 94 years long, the number of drought events 
for any single projection and HUC-8 is limited. Thus, for any HUC-8, the number of drought 
events for a climate model projection can range from zero to only a single exceptionally long 
drought event over this period. Due to these limitations, the 32 projections for each of the RCPs 
(RCP4.5 and RCP8.5) were pooled to ensure that enough drought events were available to 
develop the marginal distributions. Furthermore, the pooling of drought duration and severity 
data from the RCP projections provides a robust representation of the underlying probability 
distributions of drought duration and severity by accounting for the wide range of variability 
provided by the climate model projections. A summary of the sample size ranges from all 
1,255 HUC-8s and 32 projections (in each RCP case, RCP4.5 and RCP8.5) used to fit the 
marginal distributions over the projection period and for each drought definition is given in 
Table 13. 

Furthermore, the range of sample size percentages calculated as a fraction of the total time series 
length in the two periods—historical period (Table 12) and the projection period (Table 13) are 
very comparable. This fraction is directly comparable for the drought definition of zero-
crossover of yearly PDSI values because of the binary drought description where any year can 
either be in drought or not. 

For the second drought definition, zero-crossover using 3-year moving averages of yearly PDSI 
values, the comparison of sample size fraction is somewhat indirect since the PDSI time series is 
first smoothed before identifying the drought events. However, the full time series length is used 
to make the comparison. Since this approach is used for both the historical and projection period, 
the sample size fractions are comparable in a relative sense between these two time periods. 
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Table 13. Range of sample size by drought definition from all 1,255-HUC8s used in distribution fitting 
over the projection period (2006 to 2099) 

Drought Definition 
Sample Size Range* 

RCP4.5 RCP8.5 

Zero-crossover of yearly PDSI 
values 

375 to 685 

(12% to 23%) 

318 to 647 

(11% to 22%) 

Zero-crossover using 3-year 
moving averages of yearly PDSI 
values 

189 to 358 

(6% to 12%) 

154 to 333 

(5% to 11%) 

* Note:  The sample size percentages given in parenthesis are calculated as a fraction of the total length of the projection period 
time series, (32 x 94 years). 
A set of eight different probability distributions for both drought duration and severity were 
tested for each HUC-8 to identify the best-fit distribution. The eight different probability 
distributions tested were: (1) log-normal (lnorm), (2) log-logistic (llog), (3) gamma (gamma),  
(4) logistic (logis), (5) exponential (exp), (6) normal (norm), (7) Gumbel (gumbel), and (8) 
Weibull (weibull)10. All distribution fitting and testing was conducted using the R statistical 
computing environment (R Core Team, 2019)11. Furthermore, distribution fitting was performed 
using maximum likelihood estimation of distribution parameters with R function fitdist from the 
R library, fitdistrplus. Standard error estimates for the fitted distribution parameters also were 
calculated and can be used to test the effects of distribution parameter uncertainty on results, 
such as changes in return period estimates. 

The best-fit distribution was selected using the Bayesian Information Criteria (BIC). BIC 
provides a score for each of the fitted distributions, and the distribution with the minimum BIC 
value was selected to be the best-fit distribution. In addition, further statistical tests (NIST, 
2012)—Chi-squared, Kolmogorov-Smirnov, Cramer-von Mises, and Anderson-Darling—also 
were conducted to evaluate the fitted distributions. The performance of these statistical tests 
varied widely primarily because, among other test-specific assumptions, statistical tests are 
sensitive to methods used in estimating distribution parameters. The method of maximum 
likelihood used here in parameter estimation is a well-founded approach in statistical literature 
and generally estimates unbiased distribution parameters over other approaches, such as the 
method of moments. However, other distribution parameter estimation methods, such as 
probability weighted moments or L-moments exist (Hosking and Wallis, 1997), but those 
methods were not used in the analysis here. The rationale being that many distributions (total, 
eight) were tested and a ranking scheme following the BIC scores was used to select the best-fit 

 
10 R function names for the respective distributions are given in the parenthesis in italics font. 
11 Any use of trade, firm, or product names is for descriptive purposes only and does not imply endorsement by the 

United States Government. 
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distribution from this pool of distributions. The selected best-fit distribution fits the time series 
data the “best” (minimum BIC value) relative to the pool of distributions tested. Finally, note 
that, with the distribution fitting of drought severity, which are negative PDSI values, the values 
were converted to positive magnitudes and, since log-transform distributions are undefined for 
zero PDSI values, a nominal value of 0.001 was used for these cases. The selected best-fit 
distribution counts (i.e., the number of HUC-8s) for the two drought definitions for drought 
duration and drought severity for historical and projection period (by RCP) are given in Table 14 
and Table 15. 
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Table 14. Best-fit distribution count across the domain (1,255 HUC-8s) of drought duration and drought 
severity for the drought definition “zero-crossover of yearly PDSI values” for historical and projection 
period (by RCP) 

Drought 
Characteristic 

Best-fit Distribution 
HUC-8 Count 

Historical RCP4.5 RCP8.5 

Duration 

Log-normal 1253 1255 1252 

Log-logistic 2 0 3 

Gamma 0 0 0 

Logistic 0 0 0 

Exponential 0 0 0 

Normal 0 0 0 

Gumbel 0 0 0 

Weibull 0 0 0 

Severity 

Log-normal 0 0 0 

Log-logistic 7 0 0 

Gamma 50 0 2 

Logistic 9 1 0 

Exponential 5 0 0 

Normal 55 243 22 

Gumbel 142 30 6 

Weibull 987 981 1225 
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Table 15. Best-fit distribution count across the domain (1,255 HUC-8s) of drought duration and drought 
severity for the drought definition “zero-crossover using 3-year moving averages of yearly PDSI values” 
for historical and projection period (by RCP) 

Drought 
Characteristic 

Best-fit Distribution 
HUC-8 Count 

Historical RCP4.5 RCP8.5 

Duration 

Log-normal 846 1248 1255 

Log-logistic 21 0 0 

Gamma 343 7 0 

Logistic 0 0 0 

Exponential 0 0 0 

Normal 0 0 0 

Gumbel 0 0 0 

Weibull 45 0 0 

Severity 

Log-normal 0 0 0 

Log-logistic 0 0 0 

Gamma 23 0 27 

Logistic 6 0 0 

Exponential 36 0 155 

Normal 107 76 0 

Gumbel 66 25 3 

Weibull 1017 1154 1070 

Based on Table 14 and Table 15, the dominant best-fit distribution for drought duration is the 
log-normal distribution, and for drought severity it is the Weibull distribution for both of the 
drought definitions. It is important to note that the predominant distributions—log-normal for 
drought duration and Weibull for drought severity—are the same for both the historical period 
and the projection period. This result provides a level of robustness indicating that the underlying 
stochastic processes generating drought characteristics are fundamentally the same under 
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historical and projected climate conditions though the parameters of the individual distributions 
are different. 

 Joint Distributions of Drought Duration and Drought Severity 
With the marginal distributions established for each HUC-8, joint distributions were developed 
using copulas. Several families of copulas are reported in the hydrologic literature. In this study, 
the Gumbel-Hougaard (GH) copula, specific to the Archimedean family of copulas that are 
generally used to model extreme value type processes, was used. Also, the parameter estimation 
for the GH copula was done using inverse Kendall tau. Kendal tau is a measure of correlation 
between the two variables used here—drought duration and drought severity. A closed-form 
relationship exists between the GH copula parameter (θ) and Kendall tau (τ)12, which couples 
(hence the name copula) the marginal distributions of drought duration and drought severity to 
form the joint distribution13. 

A copula parameter was calculated, along with its 95 percent confidence interval, for each of the 
1,255 HUC-8s in the domain using the combination of the pertinent time series discussed 
previously (Sections 4.1 and 4.2.2). For example, the historical time series of drought duration 
and drought severity were used to develop the set of copula parameters for the historical period 
(1473 to 2005). Similarly, for the projection period (2006 to 2099), copula parameters were 
calculated using the pooled time series data for the respective climate projections—RCP4.5 and 
RCP8.5. The estimated GH copula parameter for the historical and projection period RCPs 
(RCP4.5 and RCP8.5) for the two drought definitions (“zero-crossover of yearly PDSI values” 
and “zero-crossover using 3-year moving averages of yearly PDSI values”) are shown in Figure 
68 and Figure 69 respectively. 

The copula parameter provides a measure of the degree of association between drought duration 
and drought severity. With the first drought definition (“zero-crossover of yearly PDSI values”), 
the copula parameter distribution given in Figure 68 shows, for the historical period (1473 to 
2005), a greater association between drought duration and drought severity over portions of the 
Missouri River Basin (values between 1.5 to 2.0; or Kendall tau values between 0.33 and 0.50), 
and a weaker relationship across the remainder of the domain (copula parameter values below 
1.5; or Kendall tau values below 0.33). Note that, the copula parameter distribution uses the full 
historical period and does not account for any non-stationarity in the parameter estimation and, 
thus, can be viewed here as an estimate of the long-term mean parameter. For the projection 
period (2006 to 2099), the degree of association between drought duration and drought severity 
increases and expands spatially for the RCP8.5 projections compared with the RCP4.5 
projections. 

 
12 θ = 1/(1 – τ); τ ≥ 0. For τ < 0, θ = 1, i.e., independent copula. Range of τ, [-1, 1]. Refer to R library copula 

(Kojadinovic and Yan, 2010). 
13 Copulas are functions that join or “couple” marginal distribution functions to form multivariate distribution 

functions. 
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For the second drought definition (“zero-crossover using 3-year moving averages of yearly PDSI 
values”; Figure 69), a stronger association between drought duration and severity generally is 
seen for both the historical and projection periods compared with the first method of drought 
definition (see Figure 68). In the case of the RCP8.5 projections, the relationship between 
drought duration and severity becomes substantially stronger (copula parameter values between 
3.0 and 4.0, or Kendall tau values between 0.67 and 0.75) for HUC-8s in the Colorado, 
Columbia, Rio Grande, and Missouri River Basins. 

 
Figure 68. (a to c) Copula parameter for drought definition “zero-crossover of yearly PDSI values.” 

Note: Copula parameter shown for drought definition “zero-crossover of yearly PDSI values” for (a) historical (1473 to 2005), 
(b) simulations from RCP4.5 climate models (2006 to 2099), and (c) simulations from RCP8.5 climate models (2006 to 2099). 
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Figure 69. (a to c) Copula parameter for drought definition “zero-crossover using 3-year moving averages 
of yearly PDSI values.” 

Note: Copula parameter for drought definition “zero-crossover using 3-year moving averages of yearly PDSI values” for (a) historical 
(1473 to 2005), (b) simulations from RCP4.5 climate models (2006 to 2099), and (c) simulations from RCP8.5 climate models (2006 to 
2099).  
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 Drought Interarrival Time 
The drought interarrival time is the time between the start of two successive drought events. The 
expected value (or, mean/average value) of drought interarrival time for each HUC-8 for the 
historical period (1473 to 2005), and the projection period (2006 to 2099) is used in the 
following calculations of return periods for selected drought events. 

For the historical period (1473 to 2005), the calculation of the expected drought interarrival time 
for a HUC-8 is largely straightforward. Using the drought events identified over this period for a 
given HUC-8, the time interval between two successive drought events was calculated, and this 
set of interarrival time values was averaged to obtain the expected drought interarrival time for 
the HUC-8. 

For the projection period (2006 to 2099), and for each RCP (RCP4.5 and RCP8.5), the ensemble 
mean drought interarrival time for the 32 projections was calculated for the domain 
(1,255 HUC-8s). For a given projection and given HUC-8, the identified drought events over the 
projection period were used to calculate the interarrival times and then averaged to obtain a mean 
interarrival time for the given HUC-8 and projection. Note, in some cases, a projection will only 
identify a single drought event for the projection period and, in such cases, the interarrival time 
was identified as a missing value. The ensemble-mean interarrival time for a given HUC-8 was 
calculated using the mean interarrival times from the 32 projections after excluding missing 
mean interarrival time values. 

The distribution of mean interarrival time for the historical period (1473 to 2005), and the 
ensemble mean interarrival time for the projection period (2006 to 2099) for RCP4.5 and RCP8.5 
are shown in Figure 70 for drought definition “zero-crossover of yearly PDSI values,” and 
Figure 71 for drought definition “zero-crossover using 3-year moving averages of yearly PDSI 
values.” 

For the first drought definition (Figure 70), both for the historical and projection periods, most of 
the domain indicates return periods between 3 to 7 years. However, the historical period (1473 to 
2005) shows large portions of the domain with mean interarrival times between 3 to 5 years, and 
portions of the Missouri River Basin with interarrival times between 7 to 10 years. Note that, for 
the projections, it is the ensemble mean interarrival times that are shown (Figure 70b and Figure 
70c).  

For the second drought definition (“zero-crossover using 3-year moving averages of yearly PDSI 
values”), the smoothing of the PDSI values used in this drought definition result in generally 
longer drought interarrival times compared with the first drought definition. For the historical 
period (Figure 71a), most of the domain shows drought interarrival times between 7 to 10 years, 
with shorter interarrival times in the Central Valley of California (between 5 to 7 years) and large 
portions of the Missouri River Basin indicating interarrival times between 10 to 15 years. 
Though with a somewhat different spatial distribution (e.g., portions of the Colorado River and 
Lower Rio Grande Basins) between RCP4.5 (Figure 71b) and RCP8.5 (Figure 71c), the 
ensemble mean interarrival times are between 7 to 10 years for the projection period for this 
drought definition. 



West-Wide Climate and Hydrology Assessment 

145 

In addition to calculating the ensemble mean interarrival times using all projections (32 per 
RCP), the lower (5th percentile) and upper (95th percentile) bounds of the mean interarrival times 
were calculated for each RCP as an indicator of uncertainty associated with the mean interarrival 
times. These distributions of uncertainty in drought interarrival time are shown in Figure 72 for 
drought definition “zero-crossover of yearly PDSI values” and Figure 73 for drought definition 
“zero-crossover using 3-year moving averages of yearly PDSI values.” 

For the first drought definition (Figure 72), the lower bound (5th percentile) of the mean drought 
interarrival time for both the projections (RCP4.5, Figure 72a; RCP8.5, Figure 72c) is between 
3 to 5 years. The upper bound (95th percentile) of the mean drought interarrival time for both the 
projections (RCP4.5, Figure 72b; RCP8.5, Figure 72d) is between 5 to 10 years. 

For the second drought definition (Figure 73), the lower bound (5th percentile) of the mean 
drought interarrival time for both the projections (RCP4.5, Figure 73a; RCP8.5, Figure 73c) is 
between 5 to 10 years. The upper bound (95th percentile) of the mean drought interarrival time 
for both the projections (RCP4.5, Figure 73b; RCP8.5, Figure 73d) is between 10 to 30 years. 

In all cases, both drought definitions (Figure 72 and Figure 73), the respective uncertainty 
bounds (lower, 5th percentile; upper, 95th percentile) across the RCP projections (RCP4.5 and 
RCP8.5) show largely similar spatial patterns of uncertainty in mean drought interarrival times. 

The mean (for the projections this mean is an ensemble mean of RCP projections) drought 
interarrival time is an input variable that is used to calculate drought event return periods (see 
next section, Section 4.2.5), and are used to provide bounds to return period estimates discussed 
in the results section (Section 4.3.4). 
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Figure 70. (a to c) Mean drought interarrival time for drought definition “zero-crossover of yearly PDSI 
values.” 

Note: Mean drought interarrival time shown for (a) historical (1473 to 2005) and ensemble mean drought interarrival time shown for 
the projection period (2006 to 2099), (b) RCP4.5, and (c) RCP8.5. 
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Figure 71. (a to c) Mean drought interarrival time for drought definition “zero-crossover using 3-year 
moving averages of yearly PDSI values.” 

Note: Mean drought interarrival time shown for (a) historical (1473 to 2005) and ensemble mean drought interarrival time shown for 
the projection period (2006 to 2099), (b) RCP4.5, and (c) RCP8.5. 
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Figure 72. (a to d) Lower (5th percentile) and upper (95th percentile) bounds of mean drought interarrival 
time for drought definition “zero-crossover of yearly PDSI values.” 

Note: Left column plots – RCP4.5 projections, (a) lower bound (5th percentile) and (b) upper bound (95th percentile). Right column 
plots – RCP8.5 projections, (c) lower bound (5th percentile) and (d) upper bound (95th percentile). 
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Figure 73. (a to d) Lower (5th percentile) and upper (95th percentile) bounds of drought interarrival time 
for drought definition “zero-crossover using 3-year moving averages of yearly PDSI values.” 

Note: Left column plots – RCP4.5 projections, (a) lower bound (5th percentile) and (b) upper bound (95th percentile). Right column 
plots – RCP8.5 projections, (c) lower bound (5th percentile) and (d) upper bound (95th percentile). 
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 Joint Drought Return Periods 
The marginal distributions of drought duration and drought severity (see Section 4.2.2) in 
conjunction with the joint distribution from the copula analysis (see Section 4.2.3) and the mean 
drought interarrival times (see Section 4.2.4) are used to develop return period estimates of 
selected drought events for the two drought definitions: (1) zero-crossover of yearly PDSI 
values, and (2) zero-crossover using 3-year moving averages of yearly PDSI values. 

The methodology to calculate drought return periods is described in Shiau (2006) and Kwon and 
Lall (2016) and provides an application of the Shiau (2006) methodology to estimate drought 
return periods. The joint analysis of drought duration and drought severity as outlined in Shiau 
(2006)14 provides two cases as follows: 

The first case “and” (AND) case (Shiau, 2006; p. 810, equation 22), denotes the joint return 
period for drought duration (D) equaling or exceeding a specified drought duration threshold (d), 
i.e., D ≥ d and drought severity (S) equaling or exceeding a specified drought severity threshold 
(s), i.e., S ≥ s. 

The second case “or” (OR) case (Shiau, 2006; p. 810, equation 23), denotes the joint return 
period for drought duration (D) equaling or exceeding a specified drought duration threshold (d), 
i.e., D ≥ d or drought severity (S) equaling or exceeding a specified drought severity threshold 
(s), i.e., S ≥ s. 

From these formulations (Shiau, 2006), it is evident that the “and” case is a more extreme case 
of events over the “or” case. Thus, it is expected that the estimated drought return periods for the 
“and” case will be longer than those estimated for the “or” case. 

Results using the Shiau (2006) methodology for selected droughts—i.e., events with specified 
drought durations (d) and severity (s) for the two drought definitions for the historical and 
projection periods—are discussed in Section 4.3.4. This approach allows comparison of changes 
in drought return periods between the historical and projection period of a given drought event 
and using a specific drought definition. 

 Regime Shift Analysis 
The regime shift analysis conducted here follows the methodology published in Gangopadhyay 
and McCabe (2010)15. The GM10 methodology was first developed and applied to reconstructed 
streamflows in the Colorado River Basin at Lees Ferry. Application of the GM10 method to 
reconstructed streamflows at multiple sites across the West is documented in Gangopadhyay et 
al. (2019). Regime shift analysis provides an approach to develop decadal to multi-decadal 
outlooks for likelihoods of shift in the hydroclimate state of a system. It helps to answer 
questions, such as, if a basin has been under drought conditions for a certain period of time, what 

 
14 Refer to equations (22) and (23) in Shiau (2006), page 810. 
15 The publication Gangopadhyay and McCabe (2010) is abbreviated as GM10 hereafter in the report. 
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is the chance (probability) that it will shift to wetter conditions in the next 5, 10, or even  
20 years? 

PDSI values over the historical period, 1473 to 2005, were used to develop estimates of 
probabilities of regime shifts for the domain, 1,255 HUC-8s. Note that, this analysis also is valid 
not only for transitions from dry to wet, but also from wet to dry conditions for a given HUC-8. 

To be consistent with the published GM10 method, the data used were from the first drought 
definition only (i.e., zero-crossover of yearly PDSI values) over the historical period of record, 
1473 to 2005 (533 years). Projection period (2006 to 2099) PDSI data were not used in this 
analysis because the projection period is only 94 years long and is not long enough for this type 
of analysis. In particular, the projection period is not of sufficient length to capture low 
frequency components in the climate system that largely modulate regime shift behaviors  
(e.g., Gangopadhyay et al., 2019). Thus, only data for the historical period—PDSI values over 
the period 1473 to 2005 (533 years)—for the 1,255-HUC8s were used. 

4.3 Results 

 Common Period (1950 to 2005) Analysis 
Prior to analyzing changes in drought characteristics (duration, severity, and interarrival times of 
droughts), an evaluation of the performance of the climate models to simulate drought 
characteristics was performed for the common period (i.e., 1950 to 2005). Evaluating the 
performance of climate models to simulate drought characteristics is important for the 
interpretation of subsequent results. This analysis is based on droughts identified using “zero-
crossover of yearly PDSI values” (refer to illustration shown in Figure 66a). 

To perform this evaluation, plots of the spatial distributions of mean drought duration, mean 
drought severity, and mean drought interarrival time were developed. These drought 
characteristics were calculated for the 1950 to 2005 common period with two datasets—the 
Cook et al. (2010) PDSI time series (referred to as observations for the common period) and 
PDSI estimates developed from downscaled climate model projections of precipitation and 
temperature (referred to as simulations for the common period). The downscaled climate 
projections of precipitation and temperature from LOCA are identical over this common period 
for RCP4.5 and RCP8.5. As the precipitation and temperature projections are identical, only one 
set of 32 projections (recall, the total number of projections from LOCA is 64, which includes  
32 for RCP4.5 and 32 for RCP8.5) was necessary for the common period analyses. 

Next, a set of statistics is presented to compare the drought characteristics between observed and 
simulated values for the domain (1,255 HUC-8s), analyze bias, and consider performance across 
selected HUC-8s in the domain (see Figure 65 and Table 11). An evaluation of these three 
drought characteristics is discussed in the following sub-sections. 
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 Mean Drought Duration 

Figure 74 shows the spatial distribution of mean drought duration. For each HUC-8, the mean 
duration was calculated as the average of all the individual drought events that occurred for the 
given HUC-8 over the period 1950 to 2005. Figure 74a shows the distribution of observed mean 
drought duration, and Figure 74b shows the simulated mean drought duration from the climate 
model simulations (total, 32 projections). Note that, in the case of the climate model simulations, 
the mean drought duration is an ensemble mean of this statistic calculated in each case from the 
respective climate model projections. From Figure 74a, the observed mean drought duration for 
the study domain approximately ranges between 1.4 and 3.8 years, and the simulated mean 
(ensemble mean; Figure 74b) drought duration calculated from the climate projections 
approximately ranges between 2.1 and 3.8 years. 

 
Figure 74. Mean drought duration for (a) observed and (b) climate model simulations during 1950 to 
2005. 

Note: Mean drought duration shown for the common period (1950 to 2005) for (a) observed, (b) simulations from climate models. 

Figure 75a provides an overview summary for this statistic. The boxplots compare the 
distribution of mean drought duration across the 1,255 HUC-8s for the observations and climate 
model simulations. The median of the mean drought duration estimated for the observed is about 
2.14 years, and the median of the ensemble mean from the climate model simulations is about 
2.75 years. These median values present an overall comparison of the mean drought duration 
statistics for the study domain. 

1

Mean Drought Duration (year)

32 4 5

(a) Observed (b) Simulated
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Figure 75. (a) Distribution and (b) bias of mean drought duration for observed and climate model 
simulations during 1950 to 2005. 

Note: Mean drought duration, (a) boxplot of observed and GCM simulations, (b) spatial distribution of bias—see text for description. 

The climate model simulations show somewhat greater drought durations for the study domain 
over the observations—the GCM boxplot is positioned higher than the observed boxplot of mean 
drought duration (Figure 75a). Though the boxplots provide an overall comparison of the 
performance of the climate model simulations, the bias—defined here as the difference between 
the observed estimate and the simulated estimate—specifically, observed mean drought duration 
minus simulated ensemble mean drought duration, is spatially distributed. The spatial 
distribution of mean drought duration bias for each of the 1,255 HUC-8s is shown in Figure 75b. 

A negative bias value for a given HUC-8 means that the simulated drought duration is greater 
than the observed drought duration for that HUC-8. Nearly 94 percent of the domain show that 
the simulated mean (ensemble mean) drought duration is greater than the observed mean drought 
duration, and distribution of the bias is spatially heterogeneous. To further explore this spatial 
distribution of bias, it is illustrated using selected HUC-8s—one HUC-8 in each of the eight 
major Reclamation river basins (see Figure 65 and Table 11). Figure 76 shows results as a set of 
box and whisker plots (boxplots) of mean drought duration for these selected HUC-8s. 
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Figure 76. Boxplots of mean drought duration from climate model simulations and ensemble mean for 
climate model simulations and observed mean drought durations for selected HUC-8s. 

Note: The box in the box and whisker plots (boxplots) correspond to the 25th percentile (lower edge of the box) and 75th percentile 
(upper edge of the box) of the mean drought duration from climate model simulations during 1950 to 2005. The horizontal solid line 
in the box is the median (50th percentile) value and the lower and upper whiskers respectively extend to the 5th and 95th percentile 
values. Outliers are shown with open circles. The ensemble mean drought durations from climate model simulations are shown with 
blue filled circles. Observed mean drought durations during 1950 to 2005 are shown with red filled triangles. 

The boxplot for each HUC-8 shows the distribution of mean drought duration from the 
32 climate model projections and demonstrates the range of simulated mean drought duration 
magnitudes from the climate models. The ensemble mean from this set of projections is shown 
with a blue filled circle, and the observed mean drought duration during 1950 to 2005 is shown 
with a red filled triangle. As an example, for the Colorado River Basin HUC-8, the ensemble 
mean drought duration is about 2.9 years, and the observed mean drought duration is about 
2.5 years. Thus, the observed drought duration is somewhat lower (0.4 year) than the ensemble 
mean estimated from the climate model simulations. This comparison indicates that the model 
simulations are biased high in the example of the Colorado River Basin HUC-8. Table 16 
provides a listing of the observed and simulated mean drought duration for the selected HUC-8s 
shown in Figure 76. 
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Table 16. Observed and simulated mean drought duration for the selected HUC-8s in the eight 
Reclamation river basins 

River Basin 

Mean Drought Duration 
(year) 

Observed Simulated Bias 

Colorado 2.50 2.90 -0.40 

Columbia 2.42 3.12 -0.70 

Klamath 1.92 2.84 -0.92 

Missouri 2.70 2.63 0.07 

Rio Grande 2.31 2.47 -0.16 

Sacramento 2.50 2.45 0.05 

San Joaquin 1.82 2.42 -0.60 

Truckee 1.80 2.76 -0.96 

For most of the river basins (selected HUC-8s) listed in Table 16, the observed drought duration 
is lower than the ensemble mean estimated from the climate model simulations. This indicates 
that the model simulations are biased high (longer drought duration than observed). This is 
largely the case for the study domain and the bias (observed mean drought duration minus 
simulated ensemble mean drought duration) ranges between -1.68 to 0.62 years (see Figure 75b). 
Negative bias values imply that the simulated drought duration is greater than the observed 
drought duration—climate model simulations are biased high. 

 Mean Drought Severity 

Figure 77 shows the spatial distribution of mean drought severity. For each HUC-8, the mean 
severity was calculated as the average PDSI of all the individual drought events that occurred for 
the given HUC-8 over the period 1950 to 2005. Figure 77a shows the distribution of observed 
mean drought severity, and Figure 77b shows the simulated mean drought severity from the 
climate model projections (total, 32 projections). Note that, in the case of the climate model 
simulations, the mean drought severity is an ensemble mean of this statistic calculated in each 
case from the respective climate model projections. From Figure 77a, the observed mean drought 
duration for the study domain approximately ranges between PDSI values of -0.8 and -2.5, and 
the simulated mean (ensemble mean; Figure 77b) drought severity calculated from the climate 
projections approximately ranges between PDSI values of -1.2 and -2.5. 
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Figure 77. Mean drought severity for (a) observed and (b) climate model simulations during  
1950 to 2005. 

Note: Mean drought severity shown for the common period (1950 to 2005) for (a) observed, (b) simulations from climate models. 

Figure 78a provides an overview summary for this statistic. The boxplots compare the 
distribution of mean drought severity across the 1,255 HUC-8s for the observations and climate 
model simulations. The median of the mean drought severity estimated for the observed is a 
PDSI value of about -1.42, and the median of the ensemble mean from the climate model 
simulations is a PDSI value of about -1.62. These median values present an overall comparison 
of the mean drought duration statistics for the study domain. 

 

(a) Observed

1 3
Mean Drought Severity (PDSI x -1)
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Figure 78. (a) Distribution and (b) bias of mean drought severity for observed and climate model 
simulations during 1950 to 2005. 

Note: Mean drought severity, (a) boxplot of observed and GCM simulations, (b) spatial distribution of bias—see text for description. 

The climate model simulations show nominally greater drought severity for the domain over the 
observations (Figure 78a). Though the boxplots provide an overall comparison of the 
performance of the climate model simulations, the bias—defined here as the difference between 
the observed estimate and the simulated estimate—specifically, absolute value of observed mean 
drought severity minus absolute value of simulated ensemble mean drought severity, is spatially 
distributed. Since higher negative values of PDSI imply greater drought severity, absolute PDSI 
values were used to calculate drought severity bias—to aid in the interpretation of results in the 
following discussions. 

The spatial distribution of mean drought severity bias for each of the 1,255 HUC-8s is shown in 
Figure 78b. A negative bias value for a given HUC-8 means that the simulated drought severity 
is greater than the observed drought severity for that HUC-8. Nearly 76 percent of the domain 
show that the simulated mean (ensemble mean) drought severity is greater than the observed 
mean drought severity, and distribution of the bias is spatially heterogeneous. To further explore 
this spatial distribution of bias, it is illustrated using selected HUC-8s—one HUC-8 in each of 
the eight major Reclamation river basins (see Figure 65 and Table 11). Figure 79 shows results 
as a set of box and whisker plots (boxplots) of mean drought severity for these selected HUC-8s. 
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Figure 79. Boxplots of mean drought severity from climate model simulations and ensemble mean from 
climate model simulations and observed mean drought severity for selected HUC-8s. 

Note: The box in the box and whisker plots (boxplots) correspond to the 25th percentile (lower edge of the box) and 75th percentile 
(upper edge of the box) of the mean drought severity from climate model simulations during 1950 to 2005. The horizontal solid line 
in the box is the median (50th percentile) value and the lower and upper whiskers respectively extend to the 5th and 95th percentile 
values. Outliers are shown with open circles. The ensemble mean drought severity from climate model simulations are shown with 
blue filled circles. Observed mean drought severity during 1950 to 2005 are shown with red filled triangles. 

The boxplot for each HUC-8 shows the distribution of mean drought severity from the 
32 climate model projections and demonstrates the range of simulated mean drought severity 
magnitudes from the climate models. The ensemble mean from this set of projections is shown 
with a blue filled circle, and the observed mean drought severity during 1950 to 2005 is shown 
with a red filled triangle. As an example, for the Colorado River Basin HUC-8, the ensemble 
mean drought severity has a PDSI value of -1.36, and the observed mean drought severity has a 
PDSI value of -1.12. Thus, the observed drought severity is somewhat lower (absolute magnitude 
difference in PDSI, 0.24) than the ensemble mean estimated from the climate model simulations. 
This comparison indicates that the model simulations are biased high in the example of the 
Colorado River Basin HUC-8, i.e., simulated drought severity is greater than the observed 
drought severity. Table 17 provides a listing of the observed and simulated mean drought 
severity for the selected HUC-8s shown in Figure 79. 
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Table 17. Observed and simulated mean drought severity for the selected HUC-8s in the eight 
Reclamation river basins 

River Basin 

Mean Drought Severity 
(PDSI) 

Observed Simulated Bias* 

Colorado -1.12 -1.36 -0.24 

Columbia -1.39 -1.73 -0.34 

Klamath -1.38 -1.49 -0.11 

Missouri -1.24 -1.43 -0.19 

Rio Grande -1.34 -1.21 0.13 

Sacramento -1.16 -1.48 -0.32 

San Joaquin -1.50 -1.43 0.07 

Truckee -1.77 -1.53 0.24 

* Note: Bias is calculated as the absolute value of observed mean drought severity minus absolute value of simulated ensemble 
mean drought severity. 

For most of the river basins (selected HUC-8s) listed in Table 17, the observed drought severity 
is lower than the ensemble mean estimated from the climate model simulations—indicating that 
the model simulations are biased high (drier than observed). This is largely the case for the study 
domain, and the bias (absolute value of observed mean drought severity minus absolute value of 
simulated ensemble mean drought severity) ranges between PDSI values of -1.03 and 0.73 (see 
Figure 78b). Negative bias values imply that the simulated drought severity is greater than the 
observed drought severity. However, because the range of the bias is essentially within one PDSI 
category increment (e.g., Palmer, 1965), the climate model simulations and the observed values 
practically indicate the same drought conditions. 
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 Mean Drought Interarrival Time 

Figure 80 shows the spatial distribution of mean drought interarrival time. For each HUC-8, the 
mean drought interarrival time was calculated as the average of all (less one16) of the individual 
drought event interarrival times that occurred for the given HUC-8 over the period 1950 to 2005. 
Figure 80a shows the distribution of observed mean drought interarrival time, and Figure 80b 
shows the simulated mean drought interarrival time from the climate model projections (total,  
32 projections). Note that, in the case of the climate model simulations, the mean drought 
interarrival time is an ensemble mean of this statistic calculated in each case from the respective 
climate model projections. From Figure 80a, the observed mean drought interarrival time for the 
study domain approximately ranges between 2.8 and 9.6 years, and the simulated mean 
(ensemble mean; Figure 80b) drought interarrival time calculated from the climate projections 
approximately ranges between 4 and 6.5 years. 

 
Figure 80. Mean drought interarrival time for (a) observed and (b) climate model simulations during  
1950 to 2005. 
Note: Mean drought interarrival time shown for the common period (1950 to 2005) for (a) observed, (b) simulations from climate 
models. 

 
16 Since the interarrival time measures the time between the start of two successive drought events (see Figure 67), 

the number of events used in averaging is the total number of drought events minus one. 

(a) Observed

Mean Drought Interarrival Time 
(year)
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Figure 81a provides an overview summary for this statistic. The boxplots compare the 
distribution of mean drought interarrival time across the 1,255 HUC-8s for the observations and 
climate model simulations. The median of the mean drought duration estimated for the observed 
is about 4.39 years, and the median of the ensemble mean from the climate model simulations is 
about 4.93 years. These median values present an overall comparison of the mean drought 
interarrival time statistics for the study domain. 

 
Figure 81. (a) Distribution and (b) bias of mean drought interarrival time for observed and climate model 
simulations during 1950 to 2005. 

Note: Mean drought interarrival time, (a) boxplot of observed and GCM simulations, (b) spatial distribution of bias—see text for 
description. 

The climate model simulations show somewhat greater drought interarrival for the study domain 
over the observations—the GCM boxplot is positioned higher than the observed boxplot of mean 
drought interarrival time (Figure 81a). Though the boxplots provide an overall comparison of the 
performance of the climate model simulations, the bias—defined here as the difference between 
the observed estimate and the simulated estimate—specifically, observed mean drought 
interarrival time minus simulated ensemble mean drought interarrival time, is spatially 
distributed. The spatial distribution of mean drought interarrival time bias for each of the 
1,255 HUC-8s is shown in Figure 81b. 

A negative bias value for a given HUC-8 means that the simulated drought interarrival time is 
greater than the observed drought interarrival time for that HUC-8. Nearly 82 percent of the 
domain show that the simulated mean (ensemble mean) drought interarrival time is greater than 
the observed mean drought interarrival time, and distribution of the bias is spatially 
heterogeneous. To further explore this spatial distribution of bias, it is illustrated using selected 
HUC-8s—one HUC-8 in each of the eight major Reclamation river basins (see Figure 65 and 
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Table 11). Figure 82 shows results as a set of box and whisker plots (boxplots) of mean drought 
interarrival time for these selected HUC-8s. 

 
Figure 82. Boxplots of mean drought interarrival time from climate model simulations and ensemble 
means from climate model simulations and observed means for selected HUC-8s. 

Note: The box in the box and whisker plots (boxplots) correspond to the 25th percentile (lower edge of the box) and 75th percentile 
(upper edge of the box) of the mean drought interarrival time from the climate model simulations during 1950 to 2005. The 
horizontal solid line in the box is the median (50th percentile) value and the lower and upper whiskers respectively extend to the 5th 
and 95th percentile values. Outliers are shown with open circles. The ensemble mean drought interarrival time from climate model 
simulations are shown with blue filled circles. Observed mean drought interarrival time during 1950 to 2005 are shown with red filled 
triangles. 

The boxplot for each HUC-8 shows the distribution of mean drought interarrival time from the 
32 climate model projections and demonstrates the range of simulated mean drought interarrival 
time magnitudes from the climate models. The ensemble mean from this set of projections is 
shown with a blue filled circle, and the observed mean drought severity during 1950 to 2005 is 
shown with a red filled triangle. As an example, for the Colorado River Basin HUC-8, the 
ensemble mean drought interarrival time has a value of 5.33 years, and the observed mean 
drought interarrival time has a value of 4.55 years. Thus, the observed drought interarrival time 
is somewhat lower (0.78 year) than the ensemble mean estimated from the climate model 
simulations. This comparison indicates that the model simulations are biased high in the example 
of the Colorado River Basin HUC-8 (i.e., simulated drought interarrival time is greater than the 
observed drought interarrival time). Table 18 provides a listing of the observed and simulated 
mean drought interarrival time for the selected HUC-8s shown in Figure 82. 
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Table 18. Observed and simulated mean drought interarrival time for the selected HUC-8s in the eight 
Reclamation river basins 

River Basin 

Mean Drought Interarrival Time 
(year) 

Observed Simulated Bias 

Colorado 4.55 5.33 -0.78 

Columbia 4.45 5.23 -0.78 

Klamath 4.17 5.04 -0.87 

Missouri 5.00 4.96 0.04 

Rio Grande 4.17 4.59 -0.42 

Sacramento 3.77 4.19 -0.42 

San Joaquin 3.38 4.31 -0.93 

Truckee 3.57 4.80 -1.23 

For most of the river basins (selected HUC-8s) listed in Table 18, the observed drought 
interarrival time is lower than the ensemble mean estimated from the climate model simulations. 
This indicates that the model simulations are biased high (longer drought interarrival times). This 
is largely the case for the study domain and the bias (observed mean drought interarrival time 
minus simulated ensemble mean drought interarrival time) ranges between values of -2.20 and 
3.61 years (see Figure 81b). Negative bias values imply that the simulated drought interarrival 
time is greater than the observed drought interarrival time—climate model simulations are biased 
high. 

In summary, the climate model simulations generally have a somewhat dry bias—drought 
severity drier than observed, longer drought duration than observed coupled with longer drought 
interarrival times (the time between the start of two successive drought events) implying shorter 
wet spells. Furthermore, in an analysis such as this, it is typical to see regional bias signatures for 
drought characteristics (refer to Figure 75b, Figure 78b, and Figure 81b). Nevertheless, the 
climate model simulated drought characteristics over the common period (1950 to 2005) largely 
show that climate models encompass the observed drought characteristics and provide 
comparable results (summarized in Table 19). Based on these findings, it is concluded that the 
climate model simulations are useful for the study of droughts under future conditions across the 
Western United States. 
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Table 19. Summary of observed and climate model simulated drought characteristics for the study 
domain in the common period, 1950 to 2005 

Drought Characteristic 
Study Domain Median Value 

Observed Mean Simulated Ensemble Mean 

Duration (year) 2.14 2.75 

Severity (PDSI) -1.42 -1.62 

Interarrival Time (year) 4.39 4.93 

Analysis of changes in drought duration and drought severity between the full historical period 
(1473 to 2005) and the projection period (2006 to 2099) are presented in the next two sub-
sections (duration, Section 4.3.2; severity, Section 4.3.3). Changes to select drought event return 
periods, which involves mean drought interarrival times, is presented in Section 4.3.4. 

 Changes in Drought Duration 
Changes in mean drought duration and variability of drought duration are analyzed between the 
historical period (1473 to 2005) and the projection period (2006 to 2099) using the first drought 
definition of “zero-crossover of yearly PDSI values.” The historical mean drought duration for 
each HUC-8 was calculated using all the drought events identified over the 1473 to 2005 period. 
The mean drought duration for the study domain (1,255 HUC-8s) is shown in Figure 83a. Over 
the historical period, most of the domain show a mean drought duration between 2 to 3 years. 
For the coastal regions, the mean drought duration is between 1 to 2 years. In portions of the 
Missouri River Basin, longer droughts with mean duration between 3 to 4 years is seen. Note that 
these are mean drought durations and provide an estimate of the average drought lengths 
(duration) for the domain. It is of interest to know the maximum drought duration for the domain 
as well. 

The maximum drought duration for a given HUC-8 was first calculated as the maximum drought 
duration length from all the drought events that occurred during 1473 to 2005 for each HUC-8. 
The range of maximum drought durations for the domain was calculated to be between 5 and 
20 years during the historical period. Droughts of decadal and longer durations in the Western 
United States are well documented in the paleohydrology literature (e.g., Woodhouse et al., 
2010) and this analysis includes droughts from the historical data (starting in 1473) used in many 
of the paleohydrology analyses. 

For the projection period, 2006 to 2099, mean drought durations are shown for the two sets of 
climate model runs—RCP4.5 (Figure 83b) and RCP8.5 (Figure 83d). Results from both RCPs 
show an increase in mean drought duration consistently throughout the domain with RCP8.5 
models projecting more increases in drought duration than the RCP4.5 models. 
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In the case of the RCP4.5 projections (Figure 83b), most of the domain shows a mean drought 
duration between 3 to 4 years (compared to 1 to 2 years for the historical period) with some 
regions showing an increase in mean drought duration varying between 4 to 5 and 5 to 6 years. 
These regional changes are notable in portions of the Colorado, Rio Grande, Columbia, and 
Missouri River Basins. For the RCP8.5 projections (Figure 83d), most of the domain shows a 
mean drought duration between 4 to 5 years, which is 1 to 2 years longer than mean drought 
duration for the historical period. More areas of the domain show droughts with mean duration 
between 5 to 6 years and even between 6 to 7 years under RCP8.5. 

Figure 83c and Figure 83e show the changes in mean drought duration from the historical period 
for the RCP4.5 and RCP8.5 projections, respectively. A positive change (shown as percentage 
[%] change) implies an increase in mean drought duration length from the historical period, and 
a negative value implies a decrease in mean drought duration length from the historical period. 
The changes in mean drought duration in the domain are overwhelmingly positive for both of the 
RCPs and suggests an increase in mean drought duration for the projection period (2006 to 2099) 
compared with the historical period (1473 to 2005). Overall, the RCP8.5 changes are greater than 
the changes projected by the RCP4.5 models. The changes are most prominent for portions of the 
Colorado, Rio Grande, Columbia, and Klamath River Basins. 

This discussion of changes in mean drought duration broadly shows an increase in mean drought 
duration across the Western United States with varying degrees depending on a given climate 
model and region in the study domain. An increase or positive shift in the mean of a distribution 
also is associated with an increase in the maximum drought duration. For the historical period, 
the range of maximum drought duration for the domain was calculated to be between 5 and 
20 years; the range for RCP4.5 projections was calculated to be between 11 and 57 years, and 
between 19 and 74 years for RCP8.5 projections. 

Along with an understanding of how mean drought duration may change in the future, it is 
important to understand the changes in the variability of drought duration. Variability in drought 
duration is described using the standard deviation of drought durations. Higher values of 
standard deviation imply a greater variability. 

During the historical period (Figure 84a), for most of the study domain the standard deviation of 
drought duration ranged between 1 to 2 years. For portions of the Colorado and Rio Grande 
River Basins, the variability in drought duration ranged between 2 to 3 years. The Missouri River 
Basin showed a wider range, with some portions of the basin indicating a standard deviation 
between 3 to 5 years. Both the projections, RCP4.5 (Figure 84b) and RCP8.5 (Figure 84d), show 
an increase in the variability of drought duration, with the RCP8.5 projections showing larger 
increases in variability than the RCP4.5 projections. For the RCP4.5 projections, the majority of 
the domain shows a standard deviation of drought duration between 3 to 5 years, whereas the 
RCP8.5 projections indicate a substantial portion of the domain with standard deviations in 
drought duration of 5 to 8 years. Figure 84c and Figure 84e show the changes from the historical 
in the standard deviation of drought duration for RCP4.5 and RCP8.5 projections, respectively. 



West-wide Drought Analysis 
 

166 

 
Figure 83. Mean drought duration for (a) historical (1473 to 2005), (b and d) climate model simulations 
(2006 to 2099), (c and e) and projected changes. 

 
Figure 84. Standard deviation of drought duration for (a) historical (1473 to 2005), (b and d) climate 
model simulations (2006 to 2099), and (c and e) projected changes. 
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 Changes in Drought Severity 
Changes in mean drought severity and variability of drought severity also is analyzed between 
the historical period (1473 to 2005) and the projection period (2006 to 2099) using the first 
drought definition of “zero-crossover of yearly PDSI values.” 

The historical mean drought severity (i.e., mean PDSI for a drought) for each HUC-8 was 
calculated using all the drought events identified over the 1473 to 2005 period. The mean 
drought severity for the study domain (1,255 HUC-8s) is shown in Figure 85a. Over the 
historical period, all of the domain uniformly shows a mean drought severity with PDSI values 
between -1 to -2, or mild to moderate drought severities. However, the maximum drought 
severity PDSI values over the historical period range between -2.4 and -9.4, implying that some 
mean drought severities varied from moderate to extreme severity. 

For the projection period, 2006 to 2099, mean drought severity values are shown for the two sets 
of climate model runs—RCP4.5 (Figure 85b) and RCP8.5 (Figure 85d). Results for both of the 
RCPs show an increase in mean drought severity in portions of the domain. It is interesting to 
note that the mean drought severity for both RCP4.5 and RCP8.5 show similar distributions that 
point to increases in water-limited conditions in the future. Mean drought severity under both 
RCP4.5 and RCP8.5 projections show an increase in drought severity from the historical period 
with PDSI values ranging from -2 to -3, or moderate to severe droughts. The increase in drought 
severity is seen mostly for the High Plains, Central Valley, and the Great Basin regions. 

Figure 85c and Figure 85e show the changes in mean drought severity for the RCP4.5 and 
RCP8.5 projections, respectively. A positive value (shown as a percentage change) implies an 
increase in mean drought severity from the historical period, and a negative value implies a 
decrease in drought severity. The changes in mean drought severity in the domain are 
overwhelmingly positive for both RCPs and suggests an increase in mean drought severity for 
the projection period (2006 to 2099) from the historical period (1473 to 2005). The maximum 
drought severity for both RCPs indicate a range of PDSI values from -3.6 to -9.0, which 
indicates severe to extreme drought severity. Thus, at the lower end, the maximum severity is 
projected to increase from moderate (historical PDSI value, -2.4) to severe (projected PDSI 
value, about -3.6) droughts. 

During the historical period (Figure 86a), for most of the study domain the standard deviation of 
PDSI ranges between -0.75 and -1.0017. Higher standard deviation values are seen in some 
regions of the domain, such as the Central Valley of California, portions of the Columbia River 
Basin, and in sections of Kansas, Oklahoma, and Texas. Both projections, RCP4.5 (Figure 86b) 
and RCP8.5 (Figure 86d), generally show an increase in variability (higher standard deviation 
values). The increases in the variability of drought severity are generally larger for the RCP8.5 
projections than for the RCP4.5 projections; however, there are some portions of the domain 
where variability decreases for both RCP projections (e.g., areas around northern California) 

 
17 Standard deviation by definition is a positive value and always represented using the same unit as the variable 

being analyzed. Note, drought severity is represented using negative PDSI values, and hence the negative PDSI 
range for standard deviation is presented here. 
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(Figure 86c and Figure 86e). The areas around northern California under both sets of projections 
are showing a decrease in variability and the conditions may likely be further exacerbated with 
an increase in mean drought severity (see Figure 85c and Figure 85e), likely suggesting 
persistent drought conditions for the region. 
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Figure 85. Mean drought severity for (a) historical (1473 to 2005), (b and d) climate model simulations 
(2006 to 2099), and (c and e) projected changes. 

 
Figure 86. Standard deviation of drought severity for (a) historical (1473 to 2005), (b and d) climate model 
simulations (2006 to 2099), and (c and e) projected changes. 
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 Changes in Joint Drought Return Periods 
Joint drought return periods were estimated for two specifications of drought duration and 
severity and with the two drought definitions (i.e., “zero-crossover of yearly PDSI values” and 
“zero-crossover using 3-year moving averages of yearly PDSI values”). 

The first drought considered is based on a drought duration of 4 years and severity with a PDSI 
value of -2.5. Furthermore, return periods were estimated for the AND and OR cases. For this 
drought specification, the calculated return periods for the AND case means estimated joint 
return periods for drought duration equaling or exceeding the specified drought duration 
threshold of 4 years, and drought severity equaling or exceeding the specified drought severity 
threshold of PDSI equal to -2.5 (note, exceeding here should be interpreted as lower PDSI values 
as droughts are indicated by negative PDSI values). The OR case provides estimates of joint 
return periods for drought duration equaling or exceeding the specified drought duration 
threshold of 4 years, or drought severity equaling or exceeding the specified drought severity 
threshold of   PDSI equal to -2.5. 

Results of estimated joint drought return periods for these drought specifications and using the 
first drought definition (i.e., “zero-crossover of yearly PDSI values”) are shown in Figure 87. 
This selection represents a drought where the duration is at least 4 years in length and the 
average severity (PDSI) during this time is -2.5. Note that, this is an average PDSI value over the 
duration of the drought (for a single year, however, a PDSI value of -2.5 will be classified as a 
moderate drought year according to the Palmer drought classification (Palmer, 1965)) and 
individual drought years within the drought spell can have PDSI values greater or smaller than 
this average severity (see Figure 67). 

Furthermore, the first definition (“zero-crossover of yearly PDSI values”) used here is associated 
with larger variability in drought events compared with the second drought definition (“zero-
crossover using 3-year moving averages of yearly PDSI values”). Also, the projection period 
estimates are based on the ensemble mean drought interarrival times. Overall, these specific 
drought conditions can be considered to represent extreme conditions, particularly the AND case. 

Figure 87 (top row) shows the joint return periods for these specified drought conditions 
estimated for the historical period (1473 to 2005) and the projection period (2005 to 2099) and 
for the two RCPs (RCP4.5 and RCP8.5). During the historical period, this event 
(duration ≥ 4 years and PDSI ≤ -2.5) was expected to occur for the major portion of the domain, 
on average, once in 100 to 500 years. For portions of the Missouri River Basin, this event was 
expected to occur, on average, once in 50 to 100 years. For portions of the Pacific Northwest, 
this event was expected to occur, on average, once in 500 to 1,000 years. 

For the projections of future climate, this event is shown to occur, on average, once in 25 to 
50 years. It is interesting to note that the joint return periods are similar for both the RCP4.5 and 
RCP8.5 projections and suggest that water-limited conditions likely will be reached under 
RCP4.5 projections. 

The OR case, Figure 87 (bottom row), shows the joint return periods estimated for the historical 
period (1473 to 2005) and the projection period (2005 to 2099) and for the two RCPs (RCP4.5 
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and RCP8.5). During the historical period, this event (duration ≥ 4 years or PDSI ≤ -2.5) was 
expected to occur, on average, once in 10 to 25 years across the High Plains, Central Valley of 
California, Great Basin, and portions of the Upper Colorado River Basin; and, on average, once 
in 25 to 50 years in the Rio Grande Basin, and in portions of the Lower Colorado River Basin, 
Missouri River Basin, and Pacific Northwest.  

For the projections of future climate, this event is shown to occur, on average, once in 10 to 
25 years for practically the entire domain; except, in portions of the Central Valley of California 
this event is projected to occur, on average, once in 2 to 10 years. Similar to the AND case, it is 
interesting to note that the joint return periods are similar for both the RCP4.5 and RCP8.5 
projections, again suggesting that water-limited conditions likely will be reached under RCP4.5 
projections. 

As discussed earlier in Section 4.2.5, the OR case provides a situation of more frequent events 
(shorter return periods) compared with the AND case (events with longer return periods or rarer 
events). This is demonstrated with the results presented here. In interpreting these results, it is 
important to note the uncertainties in the estimation process. The sources of uncertainties include 
the parameters of the underlying marginal distributions fitted to drought duration and severity 
data. Developing the joint distributions using copulas also includes uncertainty associated with 
the fitted copula parameter. Choosing specific distributional models and copulas add to the 
uncertainty pool. 

An important question is, which uncertainty sources are most important and have the greatest 
impact on results. Based on the common period analysis (refer to Section 4.3.1), the drought 
interarrival time (see Section 4.3.1.3) was generally identified as a relatively larger source of 
uncertainty in comparison to drought duration and drought severity. During the analyses, all 
distributional model parameter estimates and associated standard errors or confidence bounds of 
model parameters were saved and can be used to further explore uncertainties in future studies. 
Here, only the drought interarrival time is used to show its impact on joint return period 
estimates. 

As mentioned earlier, the projection period estimates (Figure 87 plots for RCP4.5 and RCP8.5) 
are based on the ensemble mean drought interarrival times. However, with the 32 projections for 
each RCP, it is also possible to obtain the 5th and 95th percentiles of the mean drought interarrival 
times, which can then be used to provide an estimate of the 90 percent confidence interval of the 
joint drought return periods for each case. Results for selected HUC-8s, along with results for the 
second drought definition (“zero-crossover using 3-year moving averages of yearly PDSI 
values”), are given in Table 20 for the AND case, and Table 21 for the OR case. The second 
drought definition was included to evaluate the sensitivity of selecting one drought definition 
over another. 
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Figure 87. Joint drought return periods for drought with specified duration of 4 years and severity (PDSI) 
of -2.5 using the drought definition “zero-crossover of yearly PDSI values”, (a to c) AND case; 
(d to f) OR case.  

Note:  Results of estimated joint drought (“zero-crossover of yearly PDSI values”) return periods for drought specified with duration 
of 4 years and severity (PDSI) of -2.5 for the historical (1473 to 2005) and projection (2006 to 2099) periods. Top row (a to c) is the 
AND case (duration ≥ 4 years and PDSI ≤ -2.5) and the bottom row (d to f) is the OR case (duration ≥ 4 years or PDSI ≤ -2.5). The 
projection period return periods are calculated using the ensemble mean drought interarrival time from the climate model 
projections. 
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As an example, for the selected HUC-8 in the Colorado River Basin (14010001), for the first 
drought definition (“zero-crossover of yearly PDSI values”), the return period for the event 
(duration ≥ 4 years and PDSI ≤ -2.5) was estimated to be ~298 years (Table 20). For the second 
drought definition (“zero-crossover using 3-year moving averages of yearly PDSI values”), this 
event was estimated to have a return period of ~528 years. 

For the RCP4.5 projections, the drought definitions provide estimates of return periods for the 
HUC-8 in the Colorado River Basin as follows (Table 20): 

• Using the first drought definition (“zero-crossover of yearly PDSI values”), the 
5th percentile return period is 28 years and the 95th percentile return period is 50 years, 
resulting in a 90 percent confidence interval of 28 to 50 years. 

• Using the second drought definition (“zero-crossover using 3-year moving averages of 
yearly PDSI values”), the 5th percentile return period is 66 years and the 95th percentile 
return period is 164 years, resulting in a 90 percent confidence interval of 66 to 
164 years. 

For the RCP8.5 projections, the drought definitions provide estimates of return periods for the 
HUC-8 in the Colorado River Basin as follows (Table 20): 

• Using the first drought definition (“zero-crossover of yearly PDSI values”), the 
5th percentile return period is 24 years and the 95th percentile return period is 51 years, 
resulting in a 90 percent confidence interval of 24 to 51 years. 

• Using the second drought definition (“zero-crossover using 3-year moving averages of 
yearly PDSI values”), the 5th percentile return period is 46 years and the 95th percentile 
return period is 99 years, resulting in a 90 percent confidence interval of 46 to 99 years. 

Similar results are shown for the other HUC-8 basins (Table 20). Since the second drought 
definition uses a smoothed PDSI time series, the estimated return periods for the AND case are 
longer, and the 90 percent confidence intervals also are wider (greater uncertainty) when 
compared with the first drought definition. For the OR case (Table 21), the joint return periods 
are similar for both drought definitions. 

To provide another example of application for this approach, results also were computed for a 
second drought with conditions defined by a duration of 2 years and a severity with a PDSI value 
equal to -1.25. These drought conditions are half the duration and severity of the first drought 
specification discussed above. 

Results for this second drought specification are presented for the AND case in Table 22, and the 
OR case in Table 23. This drought specification is less severe than the first and, as expected, the 
joint return periods are shorter when compared with the return periods for the first drought 
specification. Similar to the first drought specification, for the OR case, the joint return periods 
are similar for both drought definitions. It should be noted that the 90 percent confidence interval 
is based only on considering the effects of uncertainty of the mean interarrival time and does not 
include any other uncertainty sources. 
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Table 20. Return periods for historical and projected droughts with specified duration of 4 years AND 
severity (PDSI) of -2.5 

River 
Basin 

(HUC-8 ID) 

Drought 
Defn.* 

Return Periods for Drought with Duration ≥ 4 years and Severity (PDSI) ≤ -2.5  
 

AND Case 

Historical 
(year) 

RCP4.5 
(year) 

RCP8.5 
(year) 

Mean 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 

Colorado 
(14010001) 

I 298 28 38 50 24 37 51 

II 528 66 102 164 46 70 99 

Columbia 
(17050114) 

I 158 22 31 45 19 27 38 

II 863 47 70 120 39 53 77 

Klamath 
(18010202) 

I 237 25 35 52 24 32 41 

II 2338 48 75 133 43 69 102 

Missouri 
(10020008) 

I 130 33 44 63 28 37 49 

II 966 80 131 202 43 74 114 

Rio 
Grande 

(13010001) 

I 224 41 50 63 36 47 68 

II 1184 115 153 211 73 133 214 

Sacramento 
(18020005) 

I 394 47 62 82 36 44 52 

II >50001 226 317 455 135 167 197 

San 
Joaquin 

(18040006) 

I 419 40 49 58 31 40 51 

II >50001 160 230 338 72 110 169 

Truckee 
(16050102) 

I 325 29 39 49 26 36 45 

II 4881 81 120 190 56 85 124 

* Note: (I) corresponds to droughts defined by “zero-crossover of yearly PDSI values,” and (II) corresponds to droughts defined by 
“zero-crossover using 3-year moving averages of yearly PDSI values.” 
1 These results (low confidence) show values exceeding 5,000 years and are listed for reference purposes only. This is likely related to 
numerical instabilities resulting from distributional fitting with smaller sample sizes for the second drought definition and probability 
estimations subsequently used to estimate joint return periods. This issue was observed mostly for the historical period with the 
second drought definition for the event under the AND case. 

The historical period includes years 1473 to 2005 and projection period includes years 2006 to 2099 for RCP4.5 and RCP8.5, along 
with uncertainty bounds.  
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Table 21. Return periods for historical and projected droughts with specified duration of 4 years OR 
severity (PDSI) of -2.5 

River 
Basin 

(HUC-8 ID) 

Drought 
Defn.* 

Return Periods for Drought with Duration ≥ 4 years or Severity (PDSI) ≤ -2.5  
 

OR Case 

Historical 
(year) 

RCP4.5 
(year) 

RCP8.5 
(year) 

Mean 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 

Colorado 
(14010001) 

I 36 11 16 20 10 15 21 

II 20 12 19 30 11 17 23 

Columbia 
(17050114) 

I 19 9 12 18 9 13 18 

II 22 13 19 33 12 17 24 

Klamath 
(18010202) 

I 21 11 15 23 11 15 19 

II 25 13 20 35 12 20 29 

Missouri 
(10020008) 

I 23 12 15 22 12 15 20 

II 20 12 19 29 10 18 27 

Rio 
Grande 

(13010001) 

I 30 13 17 21 12 16 23 

II 28 13 17 24 10 19 31 

Sacramento 
(18020005) 

I 20 10 14 18 11 14 16 

II 19 14 19 27 14 17 20 

San 
Joaquin 

(18040006) 

I 23 11 14 16 11 14 17 

II 27 12 18 26 12 18 28 

Truckee 
(16050102) 

I 20 10 14 17 10 14 17 

II 22 13 19 30 11 17 25 

* Note: (I) corresponds to droughts defined by “zero-crossover of yearly PDSI values,” and (II) corresponds to droughts defined by 
“zero-crossover using 3-year moving averages of yearly PDSI values.” 

The historical period includes years 1473 to 2005 and projection period includes years 2006 to 2099 for RCP4.5 and RCP8.5, along 
with uncertainty bounds. 
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Table 22. Return periods for historical and projected droughts with specified duration of 2 years AND 
severity (PDSI) of -1.25 

River 
Basin 

(HUC-8 ID) 

Drought 
Defn.* 

Return Periods for Drought with Duration ≥ 2 years and Severity (PDSI) ≤ -1.25  
 

AND Case 

Historical 
(year) 

RCP4.5 
(year) 

RCP8.5 
(year) 

Mean 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 

Colorado 
(14010001) 

I 28 9 13 17 9 13 19 

II 70 17 25 41 17 26 36 

Columbia 
(17050114) 

I 17 8 11 16 8 11 16 

II 44 14 22 37 15 20 29 

Klamath 
(18010202) 

I 20 9 13 19 10 13 17 

II 65 16 24 43 16 26 39 

Missouri 
(10020008) 

I 18 9 13 18 10 13 17 

II 48 16 27 41 16 27 42 

Rio 
Grande 

(13010001) 

I 22 10 13 16 10 13 19 

II 57 20 26 36 17 31 49 

Sacramento 
(18020005) 

I 20 8 11 15 9 11 13 

II 97 22 31 44 21 26 31 

San 
Joaquin 

(18040006) 

I 27 10 12 14 10 12 16 

II 103 21 30 43 18 27 42 

Truckee 
(16050102) 

I 20 8 11 14 9 12 15 

II 70 17 25 40 16 24 35 

* Note: (I) corresponds to droughts defined by “zero-crossover of yearly PDSI values,” and (II) corresponds to droughts defined by 
“zero-crossover using 3-year moving averages of yearly PDSI values.” 

The historical period includes years 1473 to 2005 and the projection period includes years 2006 to 2099 for RCP4.5 and RCP8.5, 
along with uncertainty bounds. 
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Table 23. Return periods for historical and projected droughts with specified duration of 2 years OR 
severity (PDSI) of -1.25 

River 
Basin 

(HUC-8 ID) 

Drought 
Defn.* 

Return Periods for Drought with Duration ≥ 2 years or Severity (PDSI) ≤ -1.25  
 

OR Case 

Historical 
(year) 

RCP4.5 
(year) 

RCP8.5 
(year) 

Mean 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 
5th 

percentile 
Ensemble 

mean 
95th 

percentile 

Colorado 
(14010001) 

I 9 6 8 10 6 8 12 

II 12 9 13 22 8 12 17 

Columbia 
(17050114) 

I 6 5 7 10 5 7 10 

II 11 9 14 24 9 12 17 

Klamath 
(18010202) 

I 6 6 8 12 6 8 11 

II 11 9 14 26 9 14 21 

Missouri 
(10020008) 

I 7 6 8 11 6 8 11 

II 12 9 14 21 7 13 20 

Rio 
Grande 

(13010001) 

I 8 6 7 9 5 7 10 

II 12 9 11 16 7 13 21 

Sacramento 
(18020005) 

I 5 4 6 7 5 6 7 

II 9 9 12 18 9 11 13 

San 
Joaquin 

(18040006) 

I 7 5 6 7 5 7 9 

II 11 8 12 17 8 12 19 

Truckee 
(16050102) 

I 6 5 7 8 5 7 9 

II 10 9 13 21 8 12 18 

* Note:  (I) corresponds to droughts defined by “zero-crossover of yearly PDSI values,” and (II) corresponds to droughts defined by 
“zero-crossover using 3-year moving averages of yearly PDSI values.” 

The historical period includes years 1473 to 2005 and the projection period includes years 2006 to 2099 for RCP4.5 and RCP8.5, 
along with uncertainty bounds. 
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 Regime Shift Analysis 
The regime shift analysis provides an approach to develop decadal to multi-decadal outlooks for 
likelihoods of shifts in the hydroclimate state of a system. Figure 88 shows the results of regime 
shift analyses using the PDSI data for the historical period (1473 to 2005) for 5-year and 10-year 
outlooks for the study domain (1,255 HUC-8s). Figure 88a and Figure 88b shows regime shift 
probabilities for 5-year outlooks when the Western United States has been under drought for 
5 and 20 years, respectively. 

The 5-year outlook (probability) of a regime shift (i.e., moving to a wetter state) with time in 
drought for 5-years (Figure 88a) for most of the domain is between 50 to 60 percent. Somewhat 
higher regime shift probabilities—60 percent to 70 percent—are found for portions of the  
Lower Colorado River Basin, Rio Grande Basin, and Central Valley of California. However, 
lower probabilities (< 50 percent) of regime shifts are seen for portions of the Upper Colorado, 
Upper Missouri, and Columbia River Basins. 

Figure 88b shows the 5-year outlook of a regime shift when the Western United States has been 
under drought conditions for 20 years (rather than 5 years as in Figure 88a). As expected, the 
probabilities of a shift to wetter conditions are higher across the domain given that drought has 
persisted for 20 years. However, results indicate that, even after being in drought for 20 years, 
substantial portions of the domain still indicate less than a 100 percent probability of 
transitioning to a wet state. For example, portions of the Upper Colorado River Basin only show 
regime shift probabilities between 60 to 80 percent. In contrast, transition to wet conditions is 
more likely (regime shift probability between 90 to 100 percent) for the Central Valley of 
California. 

The 10-year outlook for the Western United States following 20 years in drought (Figure 88c) 
indicates a high likelihood that the entire domain will transition to a wet state (regime shift 
probability between 90 to 100 percent). Note that the discussions here are focused on dry to wet 
transition, but the approach also is applicable for wet to dry transition. Finally, it is important to 
take into consideration that the method is based on historical PDSI data over the 1473 to 2005 
period with a specific drought definition, “zero-crossover of yearly PDSI values.” It also does 
not answer how long a dry or wet regime is going to last and only provides an estimate of the 
likelihood of a regime shift given the length of time in a specific regime (wet or dry) and the 
length of time into the future. 

Even though the regime shift analysis is based on historical PDSI data (1473 to 2005), in 
conjunction with the information presented here for projected changes to mean drought duration, 
drought duration variability, and mean interarrival times, the regime shift analysis here can be 
used to guide and monitor projected shifts in regime shift probabilities. 
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Figure 88. (a to c) Probability of regime shift using historical (1473 to 2005) PDSI data. 

4.4 Summary and Next Steps 

West-wide drought analyses were conducted to understand changes in drought variability and 
drought characteristics (duration, severity, and frequency/interarrival times/return periods) for 
historical and future projected climate conditions across the Western United States using the 
PDSI. Summer season (June-July-August) PDSI resulting in a single PDSI value per year was 
used to define droughts. Two separate drought definitions were developed. The first drought 
definition used “zero-crossover of yearly PDSI values,” and the second definition used “zero-
crossover of a smoothed (3-year moving averaged) PDSI time series.” Use of the first definition 
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to identify drought events results in more frequent and shorter droughts than does the second 
definition. The PDSI data used in the analyses spanned the period 1473 to 2099 and a few 
different sub-periods of this long time period were used for the analyses. The period 1473 to 
2005 was referred to as the historical period and consists of reconstructed PDSI and instrumental 
observations. The period 1950 to 2005 was considered to be a common period, which is an 
overlapping period between instrumental observations of PDSI and simulated PDSI values from 
climate models. The period 2006 to 2099 was considered to be the projection period for the 
climate models forced with RCP4.5 and RCP8.5 emissions projections. All PDSI data were 
aggregated to USGS eight-digit Hydrologic Unit Code (HUC-8) resulting in a total of 
1,255 HUC-8s for the study domain. 

With the drought events identified using the two separate drought definitions, characteristics of 
drought events (duration, severity, and interarrival times) were computed. Subsequently, 
marginal probability distributions were fitted to drought duration and drought severity for the 
historical and projection period with distribution parameters estimated using the maximum 
likelihood parameter estimation method. The predominant distributions were log-normal for 
drought duration and Weibull for drought severity for both the historical period and the 
projection period, and for both drought definitions. This provides a level of robustness such that 
the underlying stochastic processes generating drought characteristics are fundamentally the 
same under historical and projected climate conditions. 

Following the development of marginal distributions, joint probability distributions were 
developed using copulas, specifically, Gumbel-Hougaard copulas were fitted to the respective 
drought duration and severity time series data with the copula parameter in each case estimated 
using the analytical relationship with inverse Kendall tau. 

Prior to analyzing changes in drought characteristics, an evaluation of the performance of the 
ability of the climate models to simulate drought characteristics was performed for the common 
period (i.e., 1950 to 2005). This analysis was based on droughts identified using zero-crossover 
of yearly PDSI values. Evaluations were performed for drought duration, severity, and drought 
interarrival times. The climate model simulated drought characteristics over the common period 
(1950 to 2005) largely show that climate models encompass the observed drought characteristics 
and provide comparable results. Thus, it was concluded that the climate model simulations are 
useful for the study of droughts under future conditions across the Western United States. 

Changes in drought duration and severity based on the climate model projections were then 
conducted. The results section is focused on change in drought characteristics using the first 
drought definition. Climate model projections indicate an increase in drought duration and an 
increase in the variability of drought duration for most of the Western United States in the future. 
Climate models also project future increases in drought severity and in the variability of drought 
severity for most of the Western United States. 

Additionally, changes in joint drought return periods using two drought specifications were 
evaluated. One drought specification with relatively severe drought characteristics 
(duration of 4 years; severity, PDSI of -2.5) was compared with a second less severe drought 
specification (duration of 2 years; severity, PDSI of -1.25). This evaluation included both 
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drought definitions and two event types—the AND case (resulting in more severe events), and 
the OR case (resulting in less severe events). 

Furthermore, the joint return periods for the AND case using the first drought definition (“zero- 
crossover of yearly PDSI values”) are shorter than the joint return periods estimated using the 
second drought definition (“zero-crossover using 3-year moving averages of yearly PDSI 
values”). For the OR case, both drought definitions resulted in similar joint return periods. 
Finally, the 90 percent confidence intervals of joint return periods also were calculated by 
considering the uncertainty of the mean interarrival time. This estimation of confidence interval 
did not include any other uncertainty sources except for the uncertainty in mean interarrival time. 
This choice was guided from the common period evaluation of climate model performance. 

In addition to evaluating changes in drought characteristics, a regime shift analysis using the 
historical period (1473 to 2005) PDSI data was conducted. This analysis provided the ability to 
estimate outlooks of the likelihood of shifts in hydroclimate state (from dry to wet or vice-versa) 
given the number of years in a particular state (dry or wet). The 10-year outlook for the Western 
United States following 20 years in drought indicates that most of the domain is likely to shift to 
a wet state (regime shift probability between 90 to 100 percent). 

The analyses conducted here should provide water managers with a set of data, information, and 
tools to support water management decisions across the Western United States. As part of the 
next steps in a West-wide drought analysis, it will be important to consider the multiple sources 
of uncertainty (e.g., distribution parameter uncertainties) in the analysis steps used to estimate 
joint drought return periods. Ault (2020) provides a list of potential topics related to the future of 
drought research. 

4.5 Key Findings 

A listing of key findings from the West-wide drought analyses are given below: 

• Climate model projections indicate an increase in drought duration and an increase in the 
variability of drought duration for most of the Western United States in the future. 

• Climate models also project future increases in drought severity and in the variability of 
drought severity for most of the Western United States. 

• Underlying stochastic processes generating drought characteristics are fundamentally the 
same under historical and projected climate conditions. 

• CMIP5 climate model projections adequately capture the broad observed drought 
characteristics (duration, severity, interarrival times) during the common overlap period, 
1950 to 2005. 

• Joint return periods of drought duration and severity for more severe drought events, in 
comparison to less severe and frequent drought events, are sensitive to the drought 
definition used. 
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• Given the length of time in a specific hydroclimatic regime (i.e., wet period or dry 
period), the probability of a shift to a different regime can be estimated for time periods 
into the future. 

• Using reconstructed and observed summer season (June-July-August) PDSI over the 
1473 to 2005 period, the 10-year outlook for the Western United States following 
20 years in drought shows the domain to transition to a wet state, but duration of the wet 
spells are projected to be more variable in the future in comparison to the historical 
period (1473 to 2005). 

 



West-Wide Climate and Hydrology Assessment 

183 

5 Storage-Deficit Ratios and Risk Analysis 
A set of reservoir drought indices that consider water demands and inflows into the reservoir, 
including a consideration of the reservoir operating rules to estimate non-drought demand from 
the reservoir implicitly, are presented in this chapter. Broadly, these indices capture the storage 
(surplus/deficit) behavior of reservoirs as a function of inflows and demand and using the 
minimum active storage pool as an operations guide to estimate supply-demand imbalances and 
subsequent drought risks. 

Unlike commonly used drought measures, such as PDSI, which only consider hydroclimate 
variability, the indices developed here include a direct consideration of reservoir demand and 
inflows; the duration and severity of drought and surplus periods; and the ability of the system to 
likely avert a drought impact based on a prior reservoir refill cycle, or to recover from a drought-
induced failure in the subsequent period of surplus. 

Seasonal (flash droughts) and multi-year sustained droughts were identified through indices for 
drought duration, severity, recovery, and prior period surplus duration and volume. The indices 
were derived for five large reservoirs in Reclamation’s management area across the Western 
United States. These indices were then applied using both instrumental and tree-ring 
reconstructed streamflow data. 

For each of these five reservoirs, both univariate and multivariate drought statistics for the 
instrumental period based on the observed streamflow record and for the paleo-reconstructed 
period based on tree-ring reconstructed streamflow are presented. Two probability measures, the 
probability of long-duration and high-stress droughts (severe sustained droughts), and the 
probability of flash-drought (seasonal or short duration) failure are derived from the drought 
events for the instrumental period and the paleo-reconstructed period. 

The next section (Section 5.1) summarizes the reservoir inflow, outflow, and storage data for the 
instrumental period, and the inflow data for the paleo period used in the analyses. Section 5.2 
describes the methodology. The results are presented in Section 5.3, along with findings and 
considerations to interpret the results. Summary and next steps from the analysis are described in 
Section 5.4 and key findings are listed in Section 5.5. 

5.1 Data 

Five large reservoirs in the Western United States in Reclamation’s management area were 
selected as case studies to develop a set of reservoir drought indices. Their geographic locations 
are shown in Figure 89. Data on daily reservoir inflow and outflow rates and storage volumes 
were acquired from Reclamation offices for each of these five reservoirs. For the American Falls 
Reservoir, the streamflow data at the immediate downstream gage was used as a proxy for 
reservoir release. Reconstructed streamflow data from tree-ring reconstructions were available at 
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the monthly time scale and are based on prior studies across the Western United States. For all 
the variables (inflow, outflow, and storage), the daily data for the instrumental period was 
converted to monthly totals. Missing values at the monthly level (<1 percent) were imputed 
using random simulations from climatological mean and standard deviation. Table 24 provides 
the list of these reservoirs, along with the name of the respective dam, storage information 
(storage capacity and minimum active storage pool), their available records of years, and the 
streamflow reconstruction location (nearest USGS stream gage ID; refer to Section 2.4). 

5.2 Methodology 

The reservoir drought index and associated metrics for drought duration, severity, recovery, and 
excess duration and volume are introduced in this section. Given a sequence of monthly reservoir 
inflow and outflow, a monthly deficit is calculated as the difference between demand (outflow) 
and supply (inflow). These deficits, or monthly water shortages, could be met at least partially by 
the storage in the reservoir at that time. The accumulation of this shortage over time represents 
the storage drawdown, while an accumulation of negative deficits (or surpluses) represents 
reservoir fill-up. A fixed annual cycle of demand (i.e., a static 12-month demand profile with 
time varying reservoir inflows) was considered. Several metrics of supply-demand imbalance 
were then derived. 

In the absence of detailed demand data for the reservoirs, a procedure by which non-drought 
period releases could be used to estimate the “normal” demand from the reservoir on a monthly 
basis was first developed. The rationale was that releases in non-drought months would meet the 
allocated demand, as well as any spills from the reservoir. The allocated demands would include 
hydropower, irrigation, municipal and industrial demands, as well as required ecosystem 
maintenance flows. Consequently, under non-drought conditions, the minimum release for each 
calendar month could then be considered as the demand as it would not represent any spills or 
excess releases for that calendar month. For each reservoir, the monthly demand profile was 
derived as follows: 

• The minimum active storage (i.e., the volume at the minimum operating level) was first 
identified and assumed as a “proxy” reservoir rule curve. 

• The months when the available storage is not below this minimum active storage level 
were next identified. These are the months when the assumed rule curve is not triggered 
and are considered as “non-trigger events.” 

• The monthly distributions of the outflow data during these “non-trigger events” from the 
last 30 years (water years 1990 to 2019) were then selected. The minimum outflow for 
each calendar month from this distribution was considered as the minimum demand for 
that month. It should be noted that, over the past 30 years, operations may have changed 
(e.g., month-to-month release patterns) and demands have likely grown. As such, these 
minimum demand values are likely to be low when aggregated to an annual release. 
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Table 24. Location and data for five selected reservoirs in the Western United States in Reclamation’s management area 

Reservoir Dam Latitude Longitude 
Storage 
Capacity 

(acre-feet) 

Minimum Active 
Storage 

(acre-feet) 

Data Availability (Water Year) Streamflow 
Reconstruction  

Location* Inflow Outflow Storage 

American Falls American 
Falls 

42.95 -112.83 1,672,590 490,000 
1927 

to 
2019 

1908 
to 

2019 

1926 
to 

2019 

13077000 and 
Reclamation 
Hydromet1 

Canyon Ferry Canyon Ferry 46.65 -111.73 1,891,888 396,031 
1953 

to 
2019 

1953 
to 

2019 

1953 
to 

2019 
06054500 

Lake Powell Glen Canyon 37.00 -111.49 27,000,000 3,997,163 
1963 

to 
2019 

1963 
to 

2019 

1963 
to 

2019 
09380000 

Millerton Lake Friant 37.00 -119.71 520,500 135,000 
1995 

to 
2019 

1988 
to 

2019 

1985 
to 

2019 
11250100 

Shasta Lake Shasta 40.71 -122.42 4,552,000 1,900,000 
1922 

to 
2019 

1988 
to 

2019 

1985 
to 

2019 
11377100 

* Notes:  For a given reservoir, the streamflow reconstruction location is the nearest USGS stream gage ID (refer to Section 2.4) unless otherwise noted. Also, the period of record used 
in the paleohydrology analysis is 1685 to 1977 (refer to Section 2.4) and excludes drought events in the paleo-reconstructions prior to 1685. 

1 The Bureau of Reclamation operates a network of automated hydrologic and meteorologic monitoring stations located throughout the Pacific Northwest. This network and its 
associated communications and computer systems are collectively called Hydromet; https://www.usbr.gov/pn/hydromet/. Site ID for American Falls Reservoir inflow and storage is 
AMF. USGS gage 13077000 Snake River at Neeley, ID is used to represent outflow. 
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Figure 89. Five selected Reclamation reservoirs shown with their maximum storage capacity and dams. 

The basic concepts of the approach are illustrated in Figure 90 for a simplified, but 
representative, case where the demand is constant over time, and the supply varies as is typical of 
inflow time series (Figure 90, top panel). For each month, the deficit and the surplus are 
computed. If a new deficit occurs, a calculation of a potential drought is initiated, and the 
cumulative deficit (red bars in Figure 90, lower panel) is computed for each subsequent month 
and recorded. 

The number of consecutive months up to the maximum cumulative deficit in that sequence is 
recorded as the drought duration. The drought recovery period is the time from the peak of the 
cumulative deficit sequence for the event to the time when the cumulative deficit becomes zero. 
The subsequent period is one of surplus and the excess (blue bars in Figure 90, lower panel) is 
computed. An example of a reservoir drawdown-from and recovery-to a given storage level, and 
subsequent fill-up (a full reservoir cycle) is shown with a grey-shaded box in the lower panel of 
Figure 90. A full reservoir cycle begins with a drought and ends with a fill-up of the reservoir. 
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Based on this illustration of a reservoir cycle (see gray-shaded box in Figure 90, lower panel), 
the following reservoir indices are defined: 

• Reservoir Drought Severity (RDS) is the maximum value of the cumulative deficit (CD) 
within a reservoir cycle. 

• Reservoir Drought Duration (RDD) is the amount of elapsed time from the beginning of 
the reservoir cycle to the point when CD peaks. 

• Reservoir Drought Recovery (RDR) is the amount of time that is required from the peak 
severity to the end of the dry regime. This is similar to the reservoir filling up to the level 
from where it started depleting. 

• Reservoir Excess Fill-up (REF) is the sum of the excess (EX) during the cycle. 

• Reservoir Excess Duration (RED) is the amount of time that elapses from onset of the 
excess (EX) to its conclusion. 

• Reservoir Drought Index (RDI) for a given month is defined as either the cumulative 
deficit or excess within a reservoir cycle. RDI time series results are presented here as a 
percent of active storage, where active storage for a reservoir is defined as the difference 
between the storage capacity and minimum active storage pool (see Table 24). 

Together, RDD, RDS, RDR, RED, and REF constitute the reservoir drought metrics for one 
reservoir cycle. Multiple such events allow inference as to the multivariate probability 
distribution of these metrics. RDI and the respective metrics (RDD, RDS, RDR, RED, and REF) 
were calculated for both the instrumental period and the paleo-reconstructed period based on the 
estimated static 12-month demand profile. 
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Figure 90. An illustration of the reservoir cycle and corresponding drought metrics. 

Note: The top panel shows a synthetic reservoir inflow time series and the horizontal line represents constant reservoir demand. The bottom panel shows the various drought metrics. 
In addition, it shows an example of a reservoir drawdown-from and recovery-to a given storage level, and subsequent fill-up (a full reservoir cycle) is shown in the gray-shaded box. 
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Once the RDI and the related indices are computed, several types of droughts can be analyzed using the drought and surplus events. A 
visual presentation of these drought types is shown in Figure 91. 

 

 

Figure 91. Drought types based on drought metrics. 

Note: The different drought types described in the text are shown in the quadrants labeled I through IV in the left and right panels. The drought duration in months (horizontal axis) 
may vary with the reservoirs analyzed. 
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A total of eight different drought types is shown in Figure 91 between the left and right panels. 
Both panels in Figure 91 consider drought events as a multivariate distribution with drought 
duration on the horizontal axis as one of its variables to define the drought types; however, the 
second variable given in the vertical axis is defined differently between the two panels. The left 
panel considers the overall impact of a drought event on the reservoir’s active storage. The right 
panel considers the effects of pre-event reservoir fill-up, and the ability of this pre-event 
reservoir storage to mitigate drought impacts across a range of drought durations. 

The left panel of Figure 91 shows reservoir drought duration in months on the horizontal axis 
and reservoir drought severity as a percentage-drawdown of the active storage capacity of the 
reservoir on the vertical axis. Vertical and horizontal separators (dashed lines) are shown at  
RDD = 12 months and RDS = 20 percent to broadly separate severe sustained droughts from 
short-lived (1-year or less) droughts resulting in quadrants labeled I through IV for this panel. 

• Quadrant I represents short-lived, high-stress droughts defined by events where  
RDD < 12 and RDS > 20 percent 

• Quadrant II represents long-duration, high-stress droughts defined by events where:  
RDD > 12 and RDS > 20 percent 

• Quadrant III represents short-lived, low-stress droughts defined by events where:  
RDD < 12 and RDS < 20 percent 

• Quadrant IV represents long-duration, low-stress droughts defined by events where:  
RDD > 12 and RDS < 20 percent 

The right-panel of Figure 91 shows reservoir drought duration in months on the horizontal axis 
and a term referred to as the log-odds ratio in the vertical axis. The term log-odds ratio (or “log-
odds” in short) on the vertical axis is defined by: log �REFi−1

RDSi
�; REFi−1 is the preceding event’s 

(i-1; where, i is the current event) storage fill; RDSi is the current event’s (event, i) maximum 
deficit. Vertical and horizontal separators (dashed lines) are shown at RDD = 6 months and 
log-odds = 018 resulting in quadrants labeled I through IV for this panel. Furthermore, droughts 
less than 6 months in duration are referred to as “flash drought” to characterize short-duration 
(sub-annual – RDD ≤ 6 months) drought events. 

• Quadrant I represents flash drought events that can be met by pre-event reservoir fill-up 
where:  RDD < 6 and log-odds > 0 

• Quadrant II represents longer-duration droughts that can be met by pre-event fill-up 
where:  RDD > 6 and log-odds > 0 

• Quadrant III represents flash droughts that cannot be met by pre-event reservoir fill-up 
where:  RDD < 6 and log-odds < 0 

 
18 The ratio, log-odds is equal to 0 when REFi-1 = RDSi; where i is the current event. The notation log(x) means the 

logarithm (logarithm to the base 10) of x; x>0. 
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• Quadrant IV represents longer-duration droughts that cannot be met by pre-event 
reservoir fill-up where: RDD > 6 and log-odds < 0 

Amongst all the drought events described here (total of 8), of particular interest are: 

• Long-duration, high-stress droughts (Figure 91, left panel, quadrant II) 

• Flash droughts that cannot be met by pre-event reservoir fill-up (Figure 91, right panel, 
quadrant III) 

• Longer-duration droughts that cannot be met by pre-event reservoir fill-up (Figure 91, 
right panel, quadrant IV) 

Drought events and statistics for the five case study reservoirs are presented in the next section. 

5.3 Results 

The reservoir drought index, the multivariate distributions of the RDI statistics, and selected 
events for each of the five reservoirs are discussed in the following sections. The results for each 
reservoir are presented using a set of three figures (with multiple panels or sub-plots) shown in 
the following order. 

• First figure:  In this figure, the RDI time series normalized (divided) by the reservoir’s 
active storage and expressed as a percentage for the paleo-reconstructed period and the 
instrumental period are shown. 

• Second figure:  In this figure, the multivariate distributions (refer to Figure 91) showing 
the results for drought events in the paleo-reconstructed and instrumental periods are 
given. The top three worst drought events in the paleo-reconstructed period and the worst 
event in the instrumental period are also highlighted. The severity of the events is defined 
by the magnitude of RDS. 

• Third figure:  In this figure, the RDI time series of the top three worst events in the paleo-
reconstructed period and the worst event in the instrumental period are shown to 
demonstrate the reservoir cycles (refer to Figure 90 lower panel gray-shaded box region). 

Further descriptions for the figures are given below. 

In the first figure, the top (paleo-reconstructed period) and the bottom (instrumental period) 
panels show the RDI time series. Reservoir drawdown-from CD is shown in red, and fill-up EX 
is shown in blue. The scale used for the RDI is in percent of active storage for the reservoir. The 
zero-line represents the reservoir storage level at the beginning of the period. Reservoir storage 
in million acre-feet (MAF) is indicated on the secondary ordinate axis, along with indicators 
(dashed lines) at the reservoir’s minimum active storage pool and storage capacity. In the bottom 
panel, which presents the RDI for the instrumental period, the reservoir’s actual storage time 
series is shown on the secondary ordinate axis (using a light gray line). This comparison provides 
an evaluation of the RDI in filling and depleting the reservoir and serves as a validation for the 
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index. When there is a storage depletion, the periods should naturally correspond to greater 
negative RDI or cumulative deficit periods. 

In the second figure, the multivariate distribution of the drought duration and drought severity 
(RDS, as a percentage of active storage) is shown in the left panel. The joint distribution of the 
drought duration and the log-odds (i.e., the pre-event reservoir fill-up ratio to current event 
severity) is shown in the right panel. Paleo-reconstructed drought events are presented with filled 
(orange) squares, and the instrumental period’s events are presented with filled (gray) circles. 
The top three worst paleo-reconstructed drought events and the worst event in the instrumental 
period (both defined by the magnitude of RDS) are highlighted using larger-sized red, orange, 
and yellow squares, and gray circles. The year of occurrence is indicated against the points.  

In the left panel, vertical and horizontal dashed lines are provided at a duration of 12 months and 
severity of 20 percent, respectively, to broadly separate severe sustained droughts from short-
lived droughts (see Figure 91 for definitions). The number indicated inside the larger squares or 
the larger circle is the recovery period for that drought. In the right panel, vertical and horizontal 
dashed lines are provided at a duration of 6 months and log-odds of 0. Events below a log-odds 
ratio of zero (negative scale) are those whose current excess demands cannot be met through pre-
event excess storage. Events on the positive scale are those whose excess demand in a drought 
period can be fully supplied by the excess storage from the immediately preceding event. The 
numbers in the top three worst paleo-reconstructed drought events and the worst event in the 
instrumental period indicate the pre-event’s reservoir excess duration (REDi-1).  

Finally, the third figure shows the time series view of the first figure for the top three worst 
events in the paleo-reconstructed period and the worst event in the instrumental period. These 
events are arranged in a time order where the earliest of the top three worst events in the paleo-
reconstructed drought events is shown in sub-plot (a), followed by the second earliest in sub-plot 
(b), and the latest event in sub-plot (c). The worst instrumental period event is shown in sub-plot 
(d), and it naturally follows the order of the most recent time. RDI 12 months before and after the 
events are also shown. The actual event is highlighted in red for CD and blue for EX. 

Discussion of results using these figures are presented next for the five reservoirs. 

5.3.1 American Falls 
Drought statistics for the American Falls Reservoir are shown in Figure 92, Figure 93, and 
Figure 94. Given its relatively small storage and high minimum active storage, the American 
Falls reservoir cycles rapidly with drawdowns and fill-ups both in the instrumental and paleo 
period (Figure 92). Multiple events where the RDI was in excess of 100 percent of active storage 
capacity were noted in both the instrumental and paleo period. A severe drought was seen during 
the 1860s that was worse than any in the instrumental period. 

The left panel of Figure 93 (drought duration versus drought severity) reinforces this 
observation. Additional long-duration, high-stress droughts were noted in the paleo period, 
whereas no such events occurred in the instrumental period. These long-duration, high-stress 
droughts (i.e., a drought with a duration greater than 12 months and severity in excess of 
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20 percent active storage drawdown) typically recovered within 5 to 18 months. It is also 
noteworthy that these long-duration, high-stress events also have a log-odds close to or less than 
zero, indicating that the deficit during the drought period could not have been met through pre-
event excess storage (Figure 93, right panel). 

The chances of long-duration, high-stress drought was negligible in the instrumental period, but, 
was high in the paleo period as all the events that have a drought that exceeds 12 months were 
also severe. Several of the high-stress droughts were short-lived (less than 6 months). The 
probability of flash drought failure was 31 percent for both the instrumental and paleo periods, 
reinforcing that the primary difference informed by the paleo period pertains to severe sustained 
droughts with the criteria used in the analysis. 

Figure 94 shows the RDI for the top events highlighted in Figure 93. The worst event in the 
paleo-reconstructed period occurred during 1863 to 1865. The duration of this drought was 
14 months, with a recovery period of 18 months. The severity was 221 percent of the active 
storage capacity of the reservoir. The worst event in the instrumental period occurred during 
1935 to 1936 with 6 months to peak severity, and a recovery of 19 months. The severity was on 
the order of 163 percent of the active storage capacity.
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Figure 92. Drought types based on drought metrics. 

Note:  Normalized RDI time series (percentage of active storage) for the paleo-reconstructed period (top panel) and the instrumental period (bottom panel). For the instrumental 
period, the reservoir's actual storage time series is shown using a light gray line. Storage capacity and minimum active storage pool in both panels are shown with dashed gray lines. 
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Figure 93. Multivariate distribution of drought events for American Falls Reservoir. 

Note: Multivariate distribution of drought events with paleo-reconstructed drought events shown with filled (orange) squares, and the instrumental period’s events shown with filled 
(gray) circles. The top three worst paleo-reconstructed drought events and the worst event in the instrumental period are highlighted using larger-sized red, orange, and yellow 
squares, and gray circles. The year of occurrence is indicated against the points. The number indicated inside the larger squares or the larger circle is the reservoir drought recovery in 
months for that drought event. Dashed lines are used to define drought event thresholds (refer to text for details). 
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Figure 94. Normalized RDI time series for selected events for American Falls Reservoir. 

Note: Sub-plots (a) through (c) are in time order for the three worst paleo-reconstructed droughts and the worst instrumental period drought event is shown in sub-plot (d) 

. 
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5.3.2 Canyon Ferry 
Drought statistics for Canyon Ferry Reservoir are shown in Figure 95, Figure 96, and Figure 97. 
The Canyon Ferry Reservoir was dominated by pluvial events, with a few intervening short 
droughts during the instrumental period. This pattern was similar in the paleo-period. The 
observed storage fits well with the deficit periods, indicating that the RDI algorithm efficiently 
tracks reservoir depletion and could provide a proxy for storage analysis. The initial low storage 
in the 1950s corresponds to the first fill after its construction. In both the instrumental and the 
paleo-reconstructed period, the RDI has been less than 50 percent of active storage capacity.  

The worst event in the instrumental period corresponds to an 8-month drought with 20 percent of 
active storage depletion and 2 months to recover. Except for this, there were a few events in the 
short-lived, high-stress category during the paleo-reconstructed period during 1744, 1756, 1783, 
1797, 1865, and 1935. There is one event (around 1845 to 1846) in the long-duration, high-stress 
category. These events had quick recoveries (between 2 to 6 months). The probability of flash 
drought failure is estimated to be very low. 

Figure 97 shows the RDI for the top events highlighted in Figure 96. The worst event in the 
paleo-reconstructed period occurred during 1936. The duration of this drought was 9 months, 
with a recovery period of 2 months. The severity was 38 percent of the active storage capacity of 
the reservoir. Interestingly, the second-worst drought (severity of 33 percent), had a much longer 
duration (15 months). The worst event in the instrumental period occurred during 1989, 8 months 
to peak severity, and a recovery of 2 months. The severity was nearly 23 percent of the active 
storage capacity.
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Figure 95. RDI time series normalized by active storage for Canyon Ferry Reservoir. 

Note:  Normalized RDI time series (percentage of active storage) for the paleo-reconstructed period (top panel) and the instrumental period (bottom panel). For the instrumental 
period, the reservoir's actual storage time series is shown using a light gray line. Storage capacity and minimum active storage pool in both panels are shown with dashed gray lines.  
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Figure 96. Multivariate distribution of drought events for Canyon Ferry Reservoir. 

Note:  Multivariate distribution of drought events with paleo-reconstructed drought events shown with filled (orange) squares, and the instrumental period's events shown with filled 
(gray) circles. The top three worst paleo-reconstructed drought events and the worst event in the instrumental period are highlighted using larger-sized red, orange, and yellow 
squares, and gray circles. The year of occurrence is indicated against the points. The number indicated inside the larger squares or the larger circle is the reservoir drought recovery in 
months for that drought event. Dashed lines are used to define drought event thresholds (refer to text for details). 

  



Storage-Deficit Ratios and Risk Analysis 

200 

 

Figure 97. Normalized RDI time series for selected events for Canyon Ferry Reservoir. 

Note: Sub-plots (a) through (c) are in time order for the three worst paleo-reconstructed droughts and the worst instrumental period drought event is shown in sub-plot (d) 

.
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5.3.3 Lake Powell 
Drought statistics for Lake Powell are shown in Figure 98, Figure 99, and Figure 100. For  
Lake Powell, the worst droughts occurred in the instrumental period, most notably in the  
2000s and 1980s. The RDI during these droughts was up to 40 percent of active reservoir storage 
capacity. The droughts in the paleo period were short-lived and less intense compared to the 
instrumental period. Observed storage depicts a long period of initial fill up since construction of 
Glen Canyon Dam, subsequent moderate drawdown and fill up, and the recent depletion. This is 
reflected in the cumulative deficit curve. 

Figure 99 reveals that several droughts in the instrumental and paleo period were longer than 
12 months in duration, but generally less severe in the paleo period. The probability of severe 
sustained drought was around 50 percent in the instrumental period and much lower (15 percent) 
in the paleo period. The probability of flash drought failure was 11 percent in the instrumental 
and 19 percent in the paleo period. 

Figure 100 shows the RDI for the top events highlighted in Figure 99. The worst event in the 
paleo-reconstructed period occurred during 1702 to 1704, according to this analysis which relies 
on the Woodhouse et al. (2006) streamflow reconstruction. Note, this result is based on the 
analysis period 1685 to 1977 (also refer to Section 2.4) and does not include information from 
extended paleo-reconstructions. For example, the 1100s drought highlighted in Meko et al. 
(2007) is not included, nor are other notable droughts seen in the paleo-reconstructions prior to 
1685. The duration of this drought was 31 months, with a recovery period of 3 months. The 
severity was 25 percent of the active storage capacity of the reservoir. The worst event in the 
instrumental period occurred during 2001 to 2008 with 57 months to peak severity, and a 
recovery of 37 months. The severity was nearly 37 percent of the active storage capacity. 

.
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Figure 98. RDI time series normalized by active storage for Lake Powell. 

Note:  Normalized RDI time series (percentage of active storage) for the paleo-reconstructed period (top panel) and the instrumental period (bottom panel). For the instrumental 
period, the reservoir's actual storage time series is shown using a light gray line. Storage capacity and minimum active storage pool in both panels are shown with dashed gray lines.  

 



West-Wide Climate and Hydrology Assessment 

203 

 

 
Figure 99. Multivariate distribution of drought events for Lake Powell. 

Note:  Multivariate distribution of drought events with paleo-reconstructed drought events shown with filled (orange) squares, and the instrumental period’s events shown with filled 
(gray) circles. The top three worst paleo-reconstructed drought events and the worst event in the instrumental period are highlighted using larger-sized red, orange, and yellow 
squares, and gray circles. The year of occurrence is indicated against the points. The number indicated inside the larger squares or the larger circle is the reservoir drought recovery in 
months for that drought event. Dashed lines are used to define drought event thresholds (refer to text for details). 
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Figure 100. Normalized RDI time series for selected events for Lake Powell. 

Note: Sub-plots (a) through (c) are in time order for the three worst paleo-reconstructed droughts and the worst instrumental period drought event is shown in sub-plot (d) 
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5.3.4 Millerton Lake 
Drought statistics for Millerton Lake are shown in Figure 101, Figure 102, and Figure 103. A 
severe sustained drought around 2012 was noted for Millerton Lake during the instrumental 
period, and this is the drought of record based on the paleo-reconstructed and the instrumental 
periods. Except for this event, much of the instrumental period was dominated by wet periods. 
The same pattern was seen in the paleo period—pluvial events interspersed with short bursts of 
intense droughts. Interestingly, the severity of the 4-month droughts were always greater than  
20 percent of the active reservoir storage, and recovery happened within 5 months. About half of 
these droughts could have been alleviated with pre-event pluvial volume storage. No severe, 
sustained droughts were noted in the paleo period. 

Figure 103 shows the RDI for the top events highlighted in Figure 102. The worst event in the 
paleo-reconstructed period occurred during 1796. The duration of this drought was 4 months, 
with a recovery period of 5 months. The severity was 68 percent of the active storage capacity of 
the reservoir. The worst event in the instrumental period occurred during 2015 to 2016, 
17 months to peak severity, and recovery of 4 months. The severity was nearly 95 percent of the 
active storage capacity. 
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Figure 101. RDI time series normalized by active storage for Millerton Lake. 

Note:  Normalized RDI time series (percentage of active storage) for the paleo-reconstructed period (top panel) and the instrumental period (bottom panel). For the instrumental 
period, the reservoir's actual storage time series is shown using a light gray line. Storage capacity and minimum active storage pool in both panels are shown with dashed gray lines. 
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Figure 102. Multivariate distribution of drought events for Millerton Lake. 

Note:  Multivariate distribution of drought events with paleo-reconstructed drought events shown with filled (orange) squares, and the instrumental period's events shown with filled 
(gray) circles. The top three worst paleo-reconstructed drought events and the worst event in the instrumental period are highlighted using larger-sized red, orange, and yellow 
squares, and gray circles. The year of occurrence is indicated against the points. The number indicated inside the larger squares or the larger circle is the reservoir drought recovery in 
months for that drought event. Dashed lines are used to define drought event thresholds (refer to text for details). 
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Figure 103. Normalized RDI time series for selected events for Millerton Lake. 

Note:  Sub-plots (a) through (c) are in time order for the three worst paleo-reconstructed droughts and the worst instrumental period drought event is shown in sub-plot (d). 
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5.3.5 Shasta Lake 
Results for Shasta Lake are shown in Figure 104, Figure 105, and Figure 106. The RDI behavior 
of Shasta Lake is similar to that of American Falls Reservoir. It exhibits cyclicity in droughts and 
pluvial, both in the instrumental and paleo-reconstructed periods. Severe sustained droughts in 
both the instrumental and paleo period were noted, but the recovery from these longer droughts 
was typically within 5 months. The short-lived droughts (both in the instrumental and paleo 
period) had a severity between 20 to 50 percent of the active storage. The flash drought failure 
probability was low in both of the periods (less than 10 percent). Most of these short-lived 
droughts can be alleviated using pre-event reservoir fill-ups. 

Figure 106 shows the RDI for the top events highlighted in Figure 105. The worst event in the 
paleo-reconstructed period occurred during 1924 to 1925. The duration of this drought was 
17 months, with a recovery period of 3 months. The severity was 67 percent of the active storage 
capacity of the reservoir. The worst event in the instrumental period occurred during 1931 to 
1932, 19 months to peak severity, and recovery of 5 months. The severity was nearly 56 percent 
of the active storage capacity. 
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Figure 104. RDI time series normalized by active storage for Shasta Lake. 

Note:  Normalized RDI time series (percentage of active storage) for the paleo-reconstructed period (top panel) and the instrumental period (bottom panel). For the instrumental 
period, the reservoir's actual storage time series is shown using a light gray line. Storage capacity and minimum active storage pool in both panels are shown with dashed gray lines. 
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Figure 105. Multivariate distribution of drought events for Shasta Lake. 

Note:  Multivariate distribution of drought events with paleo-reconstructed drought events shown with filled (orange) squares, and the instrumental period's events shown with filled 
(gray) circles. The top three worst paleo-reconstructed drought events and the worst event in the instrumental period are highlighted using larger-sized red, orange, and yellow 
squares, and gray circles. The year of occurrence is indicated against the points. The number indicated inside the larger squares or the larger circle is the reservoir drought recovery in 
months for that drought event. Dashed lines are used to define drought event thresholds (refer to text for details). 
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Figure 106. Normalized RDI time series for selected events for Shasta Lake. 

Note:  Sub-plots (a) through (c) are in time order for the three worst paleo-reconstructed droughts and the worst instrumental period drought event is shown in sub-plot (d). 
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Finally, a summary of the five drought statistics (RDD, RDS, RDR, RED, and REF) for the top 
three worst events in the paleo-reconstructed period and the worst event in the instrumental 
period for all five reservoirs is presented in Table 25. Lake Powell has the most prolonged 
drought durations among the five reservoirs. American Falls Reservoir has the most severe 
droughts, and the droughts in this reservoir took the longest time to recover. Millerton Lake has 
the most excess period fill-up durations and volumes among the five reservoirs. Except for a few 
occasions, there is no common overlapping period for the time of occurrence of these events, 
indicating that the reservoir stress can be evaluated relatively independently across the five 
reservoirs analyzed. 

Table 25. Summary of five drought statistics for the five reservoirs 

Reservoir 

Event 
RDD 

(month) 

RDS 
(percent of 

active 
storage) 

RDR 
(month) 

RED 
(month) 

REF 
(percent of 

active 
storage) 

Type1 Year 

American 
Falls 

Paleo. 

1863 14 221 18 1 0.39 

1632 17 179 5 6 184 

1935* 5 171 15 4 52 

Inst. 1935 6 163 19 2 68 

Canyon Ferry 
Paleo. 

1936 9 38 2 2 4 

1846 15 33 3 6 26 

1757 3 23 6 4 68 

Inst. 1989 8 23 2 2 20 

Lake Powell 
Paleo. 

1702 31 25 3 6 11 

1856 19 19 4 1 1 

1897 20 18 2 5 25 

Inst. 2001 57 37 37 3 17 

Millerton 
Lake 

Paleo. 

1796 4 68 5 4 58 

1925 4 65 4 17 325 

1865 4 53 3 6 171 
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Reservoir 

Event 
RDD 

(month) 

RDS 
(percent of 

active 
storage) 

RDR 
(month) 

RED 
(month) 

REF 
(percent of 

active 
storage) 

Type1 Year 

Inst. 2015 17 95 4 3 67 

Shasta Lake 
Paleo. 

1924 17 67 3 3 52 

1931* 18 52 4 3 48 

1692 5 49 4 5 65 

Inst. 1931 19 56 5 1 2 

* Note:  Based on reconstructed streamflow used for reservoir inflows. These years also appear in the instrumental period and the 
calculated drought statistics are practically the same using the reconstructed inflows (“paleo-period”) and the measured inflows 
(“instrumental period”). 

1 Two types of drought event: paleo-reconstructed (labeled as “Paleo.”) and instrumental (labeled as “Inst.”). The top three worst 
paleo-reconstructed drought events and the worst event in the instrumental period are listed. 
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5.4 Summary and Next Steps 

Reservoirs are designed to buffer the effect of droughts and capture surplus flows during wet 
epochs. Paleo-reconstructed streamflow records are potentially useful to provide information on 
wet and dry periods with severity and duration that may not have been seen during the 
20th century and beyond the instrumental record. The work presented in this chapter aimed to put 
these paleo-reconstructions in the context of reservoir supply and demand, such that the potential 
imbalances in and failure statistics of reservoir storage could be compared on a common footing. 
A detailed modeling of reservoir operation rules and water rights would be an ideal approach for 
such an evaluation and comparison. However, given practical time and resource constraints, a 
more simplified approach that could be readily applied to multiple reservoirs to gain insights was 
taken in this work. 

The first step was to develop a reasonable proxy for calendar month water demand from each 
reservoir that is respectful of the operational rule curve for the reservoir and covers all possible 
uses. This was done for all the reservoirs, with a check of how reasonable this approach was for 
some of the reservoirs where some additional data was available. The consistency of the 
resulting depletion and fill statistics with the actual reservoir storage time series for each of the 
reservoirs provides confidence that the approximation was comparable for the purpose of 
assessing drought statistics. The methodology may underestimate the drought statistics if the 
assumption of minimum demand during “non-trigger” events is quite different than the actual 
demands for the reservoir. 

The assessment of drought severity-duration-recovery considering estimated demands and 
inflows is usually only a first step in the development of a management process for adaptation 
and risk mitigation. The risk indices developed here can serve as performance indicators for a 
proposed management strategy for climate risk mitigation. Climate risk mitigation needs to 
integrally consider information from climate change simulations (future trends), and from the 
instrumental and paleoclimate periods (the nature of persistence in climate variability and its 
predictability). The importance of such a consideration to identify the timing and nature of 
specific adaptation actions is highlighted by Doss-Gollin et al. (2019) and Doss-Gollin (2020). 

Adaptation strategies to increasing drought (and flood) risk in the future may entail changes in 
operational strategies to address changes in the seasonality of inflows and demands that include 
changes in the rule curves based on seasonal to decadal climate forecasts that leverage the 
predictability of the climate system at these time scales (e.g., Rajagopalan et al., 2019; Erkyihun 
et al., 2016; Yeager et al., 2018).  

They may also include structural changes, such as considerations for increasing water storage as 
climate model results show a shift in runoff seasonality. Finally, it is inevitable that a changing 
climate will lead to changes in water demand. This is an area that so far has not seen nearly as 
much attention as the generation of inflow and climate scenarios. Changes in demand may come 
from changes in population; crops; cropped area and irrigation technologies; environmental flow 
demands to address ecosystem needs under warming conditions; and demand for hydropower 
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and pumped storage as the Nation considers a greater emphasis on renewable energy sources. It 
is inevitable that these factors will pressure the existing system of surface and groundwater rights 
and reservoir operation in the Western United States. There is impetus for market-based 
mechanisms and the introduction of financial mechanisms for risk mitigation through water 
futures trading (CME, 2020). The integration of these factors into the consideration for an 
adaptation strategy is important. Reclamation is appropriately placed to play a leadership role in 
the integrated scientific analysis of the options. Further, Reclamation is well-placed to develop 
recommendations as to how the evolution of water allocation and system operation could be 
conjunctively analyzed to demonstrate how equity and value considerations can be best informed 
across the region. 

5.5 Key Findings 

A listing of key findings from the reservoir drought index and related drought metrics capturing 
storage-deficit and reservoir performance are given below: 

• From the five reservoirs analyzed, the minimum active storage pool at which restrictions 
are imposed is generally a large fraction of the active storage capacity. This may 
represent a strategy that tries to hedge against droughts; however, this analysis does not 
consider other constraints on reservoir storage—non-structural constraints 
(e.g., environmental flows), and structural constraints (e.g., outlet capacity). 

• For some of the reservoirs, the probability of severe sustained drought indicated is 
generally much higher in the paleo-reconstructed period than in the instrumental period. 
However, given the high minimum active storage pool, the ability of the system to avert a 
drought impact based on a prior reservoir refill cycle still relatively high in all five cases. 

• The estimated static demand considered here may belie the actual allocated water from 
the reservoir considering all uses and environmental flows and, if this is the case, then the 
likelihood of severe sustained drought may be understated by this analysis. 

• The results for Glen Canyon Dam (Lake Powell) are notable since, in this analysis, the 
severity and duration of droughts in the observed historical period is unmatched in the 
paleo-reconstructed period. However, the length of the paleo-reconstructed streamflow 
record used in this analysis does not capture the severe and long-duration drought events 
documented over the 1100s through the late 1500s, as described in Chapter 2. In other 
words, the major “megadroughts” in the paleo-reconstructed streamflow records were not 
analyzed. 
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6 Water Supply Reliability Assessment 

6.1 Background 

Repeated years of above- or (especially) below-average streamflow can challenge water 
managers and users since both infrastructure and management protocols are generally designed 
around average hydrologic conditions. The accumulation of water deficits (droughts) or, to a 
lesser degree, surpluses (pluvial events) over prolonged periods can force both managers and 
water users into sub-optimal modes of operation. For example, sustained drought may deplete 
reservoir storage, forcing shortages in water deliveries to end-users or may impact hydropower 
generation. Repeated flood episodes, however, may impact regional economies since flood 
damage to infrastructure may outpace maintenance and repair. 

Use of paleohydrology scenarios in water management and planning allows for broad 
understanding of possible future conditions based on known historical drought or pluvial events 
from the distant past. This chapter of the report summarizes water supply reliability under 
observed historical conditions and paleohydrology scenarios. Paleohydrology scenarios are 
scenarios of river inflow developed using streamflow reconstructions based on tree-ring data 
(i.e., paleo-reconstructions of streamflow). Scenarios may be input to a river systems model to 
evaluate major drought and pluvial events from the distant past. Paleo-reconstructions of 
streamflow that informed this analysis are introduced in Chapter 2. Similarly, Chapter 2 also 
describes the definition of drought that was used to identify major events in the reconstructed 
streamflow record. This analysis was performed in each of the eight major Reclamation river 
basins to demonstrate how this approach may be applied across these basins.  

This evaluation builds on existing studies that have been completed under Reclamation’s 
WaterSMART Basin Studies Program to evaluate water reliability under scenarios based on 
paleohydrology. Examples of existing studies include the Colorado Supply and Demand Study 
(Reclamation, 2012b), the Upper Missouri Basin Impacts Assessment and Missouri Headwaters 
Basin Study (Reclamation, 2020c), and the Reservoir Operations Pilot Study for the Washita 
Project (Reclamation, 2018). These studies, as well as the West-wide analysis summarized in this 
chapter, offer a broader look at the impact of droughts and pluvial events on water management 
than is typically considered when only examining historical events. 

This information may help water managers better understand potential worst-case scenarios 
using paleo-reconstructed streamflow to “stress test” their operational decisions. For many 
basins, the observed historical period does not encompass the full range of variability in 
conditions that occurred over a much longer historical period. In this study, paleo-reconstructed 
streamflow dating back to 1685 was used because 1685 to 1977 is the common time period 
across all the reconstructions considered. Individual reconstructions may go back even further in 
time, for example to about 762 in the Colorado River Basin (Meko et al., 2007). 
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This chapter summarizes methods used and resulting impacts to rivers and reservoirs using 
paleo-reconstructed streamflow information based on tree-rings. 

 River Basin Identification 
This report of water supply reliability considered each of the eight major Reclamation river 
basins outlined in the SECURE Water Act, namely the Colorado River Basin, the Columbia 
River Basin, the Klamath River Basin, the Missouri River Basin, the Rio Grande Basin, the 
Sacramento and San Joaquin River Basins, and the Truckee and Carson River Basins. For the 
Columbia River Basin, this analysis focuses on the Boise River basin. For the Missouri River 
Basin, this analysis focuses on the Upper Missouri River upstream of Fort Peck Reservoir. For 
Truckee River Basin, the Carson River basin is also considered as part of the analysis because 
these rivers are co-managed. Figure 107 illustrates the river basins considered in this analysis. 

 
Figure 107. River basins used in this water supply reliability assessment. 

 Overview of Analysis Methods 
For each of the basins selected for analysis, there is an existing river systems model used for 
long-term planning. In some cases, the same model is also used for daily operations. Table 26 
summarizes the river systems models used to simulate each system and key information about 
each model. It also identifies the observed historical period used as a baseline for analysis. 
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The development of model inputs, model simulations, and analysis of model outputs were 
performed collaboratively among Reclamation staff at the Technical Service Center and 
Reclamation’s Region and Area Offices. 

Table 26. Models used to simulate water management in each basin 

River Basin Model Software Time Step 
Observed 

Historical Period 
used as Baseline 

Columbia 
Boise RiverWare 
Planning Model 

RiverWare Daily 
10/01/1980-
09/30/2018 

Colorado 
Colorado River 
Simulation 
System (CRSS) 

RiverWare Monthly 
10/01/1905-
09/30/2018 

Klamath 

Klamath River 
Basin Study 
(KRBS) RiverWare 
Model 

RiverWare Daily 
10/01/1960-
09/30/2013 

Missouri 

Upper Missouri 
Basin Impacts 
Assessment 
(UMBIA) 
RiverWare Model 

RiverWare Daily 
10/01/1950-
09/30/1999 

Rio Grande 

Upper Rio Grande 
Water Operations 
Model 
(URGWOM) 

RiverWare Daily 
01/01/1950-
12/31/2015 

Sacramento and 
San Joaquin 

CalSim 2 WRIMS Monthly 10/1921-09/2003 

Truckee and 
Carson 

Truckee River 
Operating 
Agreement 
Planning Model  

RiverWare Daily 
10/01/1901-
12/31/2015 

This analysis sought to evaluate managed river conditions using the models identified above 
under an observed historical baseline period, notable historical drought events, and identified 
drought events from the distant past using streamflow reconstructions. Drought events from the 
distant past are called paleohydrology scenarios. As case studies, pluvial events were also 
evaluated in the Boise River basin and Truckee and Carson River Basins. The following sections 
describe notable historical droughts in the observed period that are relevant in the minds of water 
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managers. The following sections also generally describe the approach used to develop 
paleohydrology scenarios from streamflow reconstructions. 

Managed river conditions were evaluated for selected metrics. These metrics generally include 
storage in key reservoirs in the basin, as well as managed streamflow at key locations. Additional 
metrics were identified that are specific to each basin and are described in each basin subsection. 

In this report, projected future scenarios were not simulated by river systems models to evaluate 
future water management impacts. Typically, assessments of future impacts on water 
management have been performed through basin studies and other long-term planning studies. 
Application of models and tools that perhaps more appropriately represent physical hydrology in 
a specific river basin may be preferred for an analysis of climate change impacts. As discussed in 
Chapter 3, choices in methods for performing impacts assessments can lead to different 
outcomes. A single West-wide analysis using a consistent set of methodological choices (e.g., 
surface hydrology model) has advantages for making comparisons across basins and also may 
have limitations by not representing the hydrologic complexities of a river basin. Moreover, 
where possible, this chapter refers to existing basin-specific studies to discuss local impacts.  

For each river basin evaluated in this chapter, however, paleo drought events are compared with 
observed historical droughts and future droughts identified for each future CMIP5-LOCA 
streamflow projection under RCP4.5 and RCP8.5 emissions scenarios. The drought events were 
identified under unmanaged conditions and, despite the conditions being unmanaged, this 
provides information about the severity and duration of drought events. These results are 
discussed in the basin sections within this chapter. 

It should be noted that future projected drought events are identified using streamflow simulated 
using the Variable Infiltration Capacity (VIC) hydrologic model (e.g., Vano et al., 2020), which 
may be un-calibrated or partially calibrated in each of the river basins evaluated in this chapter. 
Because drought events identified from simulated streamflow are compared with events based on 
historical and paleo-reconstructed streamflow, which are based on observations, a step was 
performed to remove systematic biases in the simulated streamflow, therefore making events 
between record types comparable. 

 Observed Historical Events 
Historical drought events provide information on how these relatively recent events affected a 
managed river system of interest. Drought events from the paleo-reconstructed period can be 
simulated in the same way and compared to those from the observed historical period. Water 
managers, stakeholders, and the general public have familiarity with observed historical events 
that can provide a tangible benchmark against which to compare impacts of events from the 
more distant past. Historical events are also often used by water managers in developing risk-
informed operating decisions. Table 27 summarizes observed historical and paleo drought events 
evaluated in this chapter. 
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Table 27. Selected drought events from the observed historical period and paleo-reconstructed period 

River Basin 
Relevant 
Reconstruction(s) 

Drought 
Start 
Year 

End 
Year 

Length 

Colorado  
Colorado River at Lees 
Ferry, AZ 

Historical Drought 1 1953 1964 12 

Historical Drought 2 2000 20201 211 

Paleo Drought 1 1772 1783 12 

Paleo Drought 2 1845 1848 4 

Paleo Drought 3 1873 1883 11 

Columbia Boise River nr Parma, ID 

Historical Drought 1 1930 1942 13 

Historical Drought 2 1987 1995 9 

Paleo Drought 1 1878 1907 30 

Paleo Drought 2 1729 1745 17 

Paleo Drought 3 1813 1819 7 

Klamath Klamath River at Keno, OR 

Historical Drought 1 1917 1934 18 

Historical Drought 2 1990 1995 6 

Historical Drought 3 2000 2005 6 

Paleo Drought 1 1774 1787 14 

Paleo Drought 2 1843 1856 14 

Paleo Drought 3 1732 1746 15 

Missouri 
Missouri River at Fort 
Benton, MT; Musselshell 
River at Mosby, MT 

Historical Drought 1 1930 1946 17 

Historical Drought 2 1954 1964 11 

Historical Drought 3 1985 1992 8 

Paleo Drought 1 1793 1809 17 

Paleo Drought 2 1844 1852 9 

Paleo Drought 3 1855 1865 11 
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River Basin 
Relevant 
Reconstruction(s) 

Drought 
Start 
Year 

End 
Year 

Length 

Rio Grande 
 

Rio Grande at Otowi Bridge, 
NM; Conejos River near 
Mogote, CO; Rio Grande 
near Del Norte, CO 

Historical Drought 1 1950 1956 8 

Historical Drought 2 2011 2015 6 

Paleo Drought 1 1870 1883 15 

Paleo Drought 2 1772 1782 12 

Paleo Drought 3 1728 1737 11 

Sacramento and 
San Joaquin 

Sacramento River at Bend 
Bridge, CA; Feather River at 
Oroville, CA; American River 
at Fair Oaks, CA; San 
Joaquin River at Millerton, 
CA 

Historical Drought 1 1928 1934 7 

Historical Drought 2 1987 1992 6 

Paleo Drought 1 1776 1783 8 

Paleo Drought 2 1753 1765 13 

Paleo Drought 3 1833 1846 14 

Paleo Drought 1 1776 1783 8 

Paleo Drought 2 1833 1846 14 

Paleo Drought 3 1753 1766 14 

Paleo Drought 1 1776 1783 8 

Paleo Drought 2 1840 1851 12 

Paleo Drought 3 1753 1765 13 

Paleo Drought 1 1776 1783 8 

Paleo Drought 2 1840 1846 7 

Paleo Drought 3 1793 1796 4 
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River Basin 
Relevant 
Reconstruction(s) 

Drought 
Start 
Year 

End 
Year 

Length 

Truckee and 
Carson 

Carson River at Fort 
Churchill, NV 

Historical Drought 1 1923 1936 14 

Historical Drought 2 2012 2016 5 

Paleo Drought 1 1841 1851 11 

Paleo Drought 2 1776 1783 8 

Paleo Drought 3 1856 1865 10 

1The 2000 to 2020 drought in the Colorado River Basin is currently ongoing 

2The 1976 to 1977 drought and 2013 to 2015 drought were also historic droughts in California, but were not considered in this 
analysis. In the future, the approaches presented in this report may be used to evaluate the implications of these drought events as 
well. 

 Paleohydrology Scenario Development 
Paleo-reconstructed streamflow timeseries (reconstructions) were collected at a total of  
152 locations. The reconstructions and their source information are further discussed in  
Chapter 2. As discussed in Chapter 2, drought events may be defined many ways. Also, the 
characteristics of droughts may vary geographically, leading to use of different drought 
definitions in different parts of the West. Based on the selected definition for this analysis, 
droughts with the overall largest cumulative deficit compared with the long-term median were 
evaluated. 

In each of the river basins, select streamflow reconstructions were used to develop inputs for 
river systems models in those basins. The individual reconstructions that informed each basin 
analysis are listed in Table 27 and are also illustrated in Figure 3. To develop streamflow inputs 
that correspond with the inflow locations of the river systems models and at the needed timestep 
(typically daily), the paleo-reconstructed streamflow timeseries were spatially and temporally 
disaggregated using a similar approach to that developed by Nowak et al. (2010). For some 
models, a single streamflow reconstruction was used to inform inflow development for all 
locations in the model (e.g., Truckee and Carson River Basins). For other models, multiple 
reconstructions were mapped to appropriate inflow locations in the river systems model  
(e.g., Sacramento and San Joaquin River Basins). 

Water year annual timestep paleo-reconstructed streamflow was disaggregated to either a daily 
or monthly timestep (depending on the river system model) using the pattern of available 
observed or modeled streamflow (depending on the location), adjusted to ensure the summed 
water year annual flows match the streamflow reconstruction. 

Based on the variety of drought events identified, the three drought events with the largest 
cumulative deficit, in other words those events with the largest overall volume below the 
long-term median, were run through the river systems models and evaluated, along with the 
notable drought events in the observed historical period (refer to Table 27). The Paleo Drought 1 
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is the largest drought according to this definition while Paleo Drought 3 is the third largest. 
These three droughts represent three of the most severe droughts to occur during the 1685 to 
1977 period, which is the time period common to all available streamflow reconstructions. 

 Evaluating Impacts to Water Management Metrics 
Water managers commonly consider metrics as indicators of the success of achieving certain 
management objectives. There are metrics that are common across river basins, such as reservoir 
storage. However, there are metrics that are unique to each basin. For example, a managed river 
may have minimum instream flow requirements to accommodate fish and wildlife habitat unique 
to that river. 

In this chapter, common metrics are identified that were evaluated for each modeled river basin 
and drought event. Common reservoir metrics that were quantified in each river basin include: 

• Daily or monthly storage at major reservoirs during identified drought events 
• Average percent of days over drought below minimum managed pool elevation 
• Average percent of days over drought reservoir refills to top of managed pool 
• Average percent of capacity at the end of the water year (September 30) 

It should be noted that these select metrics may not illustrate the implications of drought length 
on the river systems. To this end, each basin evaluation discussed in the following sections 
provides timeseries illustrations of reservoir storage to offer complementary information on the 
impacts due to drought length, in addition to the average metrics over each drought event. Basin-
specific metrics beyond those listed above, and that are unique to individual river systems, are 
described in respective subsections below. 

When evaluating reservoir metrics, such as the average percent capacity at the end-of-water-year 
(September 30), it is important to consider reservoir storage as a function of mean annual inflow 
because some reservoirs may hold more water than can be accumulated in one year. For 
example, Lake Mead and Lake Powell can hold multiple years of reservoir inflow to allow for 
capture of water in wet years that may be used to meet demands in dry years. Other reservoirs 
may have limited capacity compared with mean annual inflow. Therefore, percent of reservoir 
capacity at the end of the water year may have unique meaning for each reservoir. Table 28 
summarizes total reservoir capacity relative to mean annual inflow. This information is referred 
to in following discussions of the impacts of drought events on reservoir storage. 
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Table 28. Mean annual inflow and capacity for evaluated reservoirs 

River Basin Reservoir Name 
Total Reservoir 
Capacity (acre-

feet) 

Mean Annual 
Inflow (acre-

feet)1 

Ratio (capacity / 
inflow) 

Colorado 

Lake Mead 27,620,0002 
10,881,113 

(1976-2019) 
2.7 

Lake Powell 24,322,0003 
10,292,224 

(1963-2019) 
2.4 

Columbia4 

Anderson Ranch 474,900 671,821 
(1981-2018) 

0.71 

Lucky Peak 264,400 
1,888,263 

(1981-2018) 0.16 

Klamath Upper Klamath Lake 515,408 
1,190,327 

(1961-2013) 
0.43 

Missouri Canyon Ferry 1,992,977 
3,697,270 

(1953-2019) 
5.4 

Rio Grande Elephant Butte 2,010,900 
444,071 

(2002-2019) 
4.5 

Sacramento 
and San 
Joaquin 

Millerton 611,500 
1,756,393 

(1994-2019) 
0.35 

Lake Shasta 4,552,000 
5,603,984 

(1990-2019) 
0.81 

Truckee 

Lahontan 309,917 
318,070 

(1901-2017) 
1.0 

Lake Tahoe 756,960 
165,336 

(1901-2017) 
4.6 

1 Mean annual reservoir inflow was computed over water years based on available observed data. 
2 Reservoir capacity represents active capacity (not including dead pool) and not total capacity. 
3 Reservoir capacity represents active capacity (not including dead pool) and not total capacity. 
4 Anderson Ranch Reservoir is upstream of and contributes flow to Lucky Peak Reservoir. Therefore, some of the inflow to Lucky 

Peak Reservoir is storage release from Anderson Ranch Reservoir. 
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6.2 Colorado River Basin 

The Colorado River Basin extends across seven basin States of the United States and into 
Mexico. Colorado River Basin water is shared among these seven States and Mexico in 
accordance with the “Law of the River”—a collection of compacts, Federal and State statutes, 
court decisions and decrees, international treaties, regulations, and other legal agreements—
which began with the 1922 Colorado River Compact. The river provides irrigation water to 
4.5 million acres and water supply to between 35 and 40 million people (Reclamation, 2015b). In 
addition, reservoirs in the Colorado River Basin are managed for hydropower, flooding, and to 
meet obligations under the Endangered Species Act. 

Since 2000, the Colorado River Basin has experienced a historic drought impacting water 
supply, hydropower production, recreation, and ecologic services. Inflows into reservoirs in the 
basin are the lowest in over 100 years of record keeping and, in 2016, Lake Mead reached its 
lowest storage since it first filled in the mid-1930s. 

The analysis of water supply risks related to drought events was performed by identifying 
notable historic drought events, as well as drought events in the paleo-reconstructed period, and 
comparing the managed system, under current operations and demands, with an observed 
historical baseline period. Two drought periods from the observed historical period were selected 
for analysis—the “Mid-20th Century Drought” lasting 12 years from 1953 to 1964 (Historical 
Drought 1), and the ongoing “Millennium Drought” spanning so far 21 years from 2000 to 2020 
(Historical Drought 2). Hydrologic conditions beyond 2018 were not simulated due to data 
constraints, but, from observations, the period 2000 to 2020 is the lowest 21-year period since 
the closure of Glen Canyon Dam in 1963. Had the simulations used hydrologic conditions from 
2019 and 2020, the Historical Drought 2 would have extended an additional 2 years and, if dry 
conditions continue to persist in the basin, could continue even longer.  

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Colorado River Basin were developed using the Lees-B annual 
streamflow reconstruction for the Colorado River at Lees Ferry, AZ (USGS ID 09380000). 
Multiple streamflow reconstructions have been developed for this location and additional 
information including references for these reconstructions can be found in Chapter 2. Figure 108 
shows the paleo-reconstructed naturalized (i.e., unimpaired) streamflow for the Colorado River 
at Lees Ferry, AZ (Lees-B) for the period 1685 to 1977, and naturalized streamflow over the 
observed historical period from 1906 to 2018. 

Annual paleo-reconstructed streamflow is shown in black, with the historical streamflow shown 
in blue. Drought events of interest are shaded and include the three “largest cumulative deficit” 
droughts from the paleo-reconstructed period—Paleo Drought 1 which spans 12 years from  
1772 to 1783; Paleo Drought 2 which spans 4 years from 1845 to 1848; and, Paleo Drought  
3 which spans 11 years from 1873 to 1883. These three drought events were identified using the 
drought definition described in Section 2.4. This approach, along with sub-setting the 
reconstruction to the West-wide common paleo-reconstruction period, limited the selection of 
droughts examined in this analysis. For example, the 1100s drought highlighted in Meko et al. 
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(2007) is not included, nor are other notable droughts seen in the paleo-reconstructions prior to 
1685, the start of the common period. Additional discussion of these earlier droughts, a 
comparison of different reconstructions, and the sensitivity of drought definition to the selected 
period can be found in Chapter 2.  

Together, these five drought events—two from the observed historical period and three from the 
paleo-reconstruction period—were used to investigate impacts to reservoir storage in Lake Mead 
and Lake Powell. 

 

 
Figure 108. Annual streamflow for the Colorado River at Lees Ferry, AZ showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

 River Systems Model Overview 
The Colorado River Simulation System (CRSS) is a monthly timestep river systems model that 
has been used for decades to support mid-term and long-term planning in the Colorado River 
Basin. For example, it was used as the basis for the Colorado Water Supply and Demand Study 
(Reclamation, 2012b) and to support development of the 2007 Interim Guidelines for Lower 
Basin Shortages and the Coordinated Operations for Lake Powell and Lake Mead (Reclamation, 
2007). 

The model version used in this report was CRSS.V4.5.0.2021.Apr2020, with policy ruleset 
CRSS.Baseline.2027IGDCP.v4.4.2. These are important to note for potential further exploration 
into results beyond the scope of this study. The CRSS model was run for each paleohydrology 
scenario with the framing of: “What would happen if the drought started tomorrow?” Initial 
conditions for all scenarios in the CRSS model simulations were end-of-calendar-year 
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projections from April 2020 Mid-Term probabilistic Operations Model (MTOM) Most Probable 
run. The operational policy set corresponds with the 2007 Interim Guidelines and Drought 
Contingency Plan which are assumed to extend through the end of the simulation period for 
modeling purposes. Model demands are based on official projections from the Upper Colorado 
River Commission (2007) held constant at 2018 levels. 

Baseline conditions were based on CRSS model simulations using historical 1906 to 2018 
hydrology where 112 different hydrology traces were modeled by starting hydrology in each 
year from 1906 to 2018. 

 Water Resource Metrics 
Water supply reliability metrics examined using CRSS are shown in Table 29. These metrics 
focused on impacts to the two major storage reservoirs in the basin, Lake Powell and Lake Mead, 
as well as their ability to deliver water to downstream water users. For each reservoir, two 
critical thresholds were identified. At Lake Powell, these were 3,525 feet, below which Lake 
Powell enters into the Lower Elevation Balancing Tier, as specified in the 2007 Interim 
Guidelines; and elevation 3,490 feet, which is the minimum power pool. In the Lower Elevation 
Balancing Tier, releases from Lake Powell are made to balance contents between Lake Powell 
and Lake Mead subject to minimum and maximum release constraints of 7.0 and 9.5 million 
acre-feet, respectively. Below the minimum power pool, hydropower can no longer be produced. 
At Lake Mead, the first critical elevation threshold is 1,025 feet, below which Lake Mead is in 
the Third Shortage Tier where deliveries to the Lower Division States and Mexico are reduced 
by a total of 1,375,000 acre-feet. Additionally, below this elevation, the Secretary of the Interior, 
in consultation with basin States, can consider hydrologic conditions and anticipated deliveries 
and enact additional measures to try and keep Lake Mead from falling below 1,000 feet. The 
lower critical elevation threshold is 1,000 feet, below which Intakes 1 and 2 are inoperable. 
These intakes are used by the Southern Nevada Water Authority (SNWA) to provide water to 
their service area that includes Las Vegas, Nevada. SNWA can still operate Intake 3 below this 
elevation.  

The final two metrics are related to water delivery. The first quantifies the 10-year total release 
from Lake Powell, which is representative of the 1922 Colorado River Compact article III.d that 
quotes, “The States of the Upper Division will not cause the flow of the river at Lee[s] Ferry to 
be depleted below an aggregate of 75,000,000 acre-feet for any period of ten consecutive 
years…”, and the second quantifies water deliveries to Lower Division States and Mexico. 
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Table 29. Metrics for quantifying water supply reliability in the Colorado River Basin 

Pool Elevation Metrics 

Percent of years Lake Powell elevation falls below 3,525 feet 

Percent of years Lake Powell elevation falls below 3,490 feet 

Percent of years Lake Mead elevation falls below 1,025 feet 

Percent of years Lake Mead elevation falls below 1,000 feet 

Other Metrics 

10-year release from Lake Powell 

Average lower basin deliveries (to Lower Division States plus Mexico) 

 Summary 
Consistent with the approach for other basins, drought events from the observed historical period 
and the 1685 to 1977 paleo-reconstruction period were evaluated to gain a broad understanding 
of drought events across the West and their relative impacts on regional water management. 
Paleo drought events have been studied before in the Colorado River Basin, more so than in 
other Western river basins. Several streamflow reconstructions exist for the Colorado River at 
Lees Ferry including Lees-B (Woodhouse et al., 2006), Meko 2007 (Meko et al., 2007), and CA 
DWR 2017 (described in Lukas et al., 2020). This report used the Lees-B reconstruction, which 
encompasses over 500 years from 1490 to 1997, and it has been an integral dataset for previous 
studies. This reconstruction was subset to the West-wide common paleo-reconstruction period. 
Several paleo droughts of record can be found in the Colorado River at Lees Ferry paleo-
reconstructions prior to 1685. These include the major 1100s drought identified in Meko (2007). 
Additional discussion about uncertainty regarding paleo-reconstructions and specific differences 
across reconstructions for the Colorado River at Lees Ferry can be found in Chapter 2. 

The following figures illustrate how drought events may affect Lake Mead and Lake Powell 
reservoir elevation under the paradigm of: “What would happen if the drought started 
tomorrow?” Figure 109 illustrates monthly Lake Powell pool elevation for each of the five 
identified drought events. The two horizonal lines show elevation 3,525 feet, below which  
Lake Powell enters into the Lower Elevation Balancing Tier, as specified in the 2007 Interim 
Guidelines; and elevation 3,490 feet, which is the minimum power pool.  

Each figure begins at January 1, 2021 initial reservoir conditions and then applies one of the five 
drought events to simulate reservoir conditions. Applying Historical Drought 1, pool elevation 
dropped below the higher 3,525-foot threshold in two periods—one near the start of the drought 
and another near the end—but remained above the lower 3,490 foot threshold over the duration 
of the drought. Applying Historical Drought 2, Lake Powell pool elevation dropped below the 
lower 3,490-foot threshold in the mid-2000s, recovered with slowly increasing elevations until 
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2012, and then declined to just above the 3,490-foot threshold until 2018 when it again dropped 
below this threshold. In Paleo Drought 1, lake elevations remained above both thresholds for 
7 years before declining around 1780 and remaining below 3,490 feet until 1784. Paleo 
Drought 2 shows a much shorter-duration drought where lake elevations steadily decline from 
the start of the drought in 1845 to the end of the drought in 1848. For two of those years,  
1847 and 1848, lake elevation remains below 3,490 feet, but rapidly recovers following the 
conclusion of the drought. Paleo Drought 3 is a longer-lasting, but less severe drought than the 
first two paleo droughts, with lake elevation remaining above both thresholds for the first 7 years 
before dropping below 3,525 feet, and only slightly falling below 3,490 feet in 2 years at the end 
of the drought. 
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Figure 109. Monthly modeled reservoir pool elevation for Lake Powell for each drought event (panels). 

Note: The solid horizontal lines show full pool elevation (3,700 feet) and the dashed horizontal lines show critical elevations 
(3,525 feet and 3,490 feet). Drought events are shaded. 
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Figure 110 illustrates monthly Lake Mead pool elevation for each of the five identified drought 
events. The two horizontal dashed lines show elevations 1,025 feet, below which Lake Mead  
is in the Third Shortage Tier; and 1,000 feet, below which Intakes 1 and 2 that provide water to  
Las Vegas, Nevada, are inoperable. In a shortage condition where pool elevation is below  
1,025 feet, deliveries to Lower Division States and Mexico are reduced by a total of  
1,375,000 acre-feet, and additional measures can be enacted as determined by the Secretary of 
the Interior, in consultation with the basin States.  

Historical Drought 1 shows a steady decline in Lake Mead elevation to just below 1,025 feet, a 
slight increase in elevation in the middle of the drought, followed by a slight decline to below 
1,025 feet at the end of the drought. At no point does Lake Mead fall below 1,000 feet in this 
drought. It is interesting to note that Lake Mead elevation following the end of the drought 
remains at or just above 1,025 feet. 

Historical Drought 2 shows Lake Mead elevation dropping to a low point just below the lower 
threshold of 1,000 feet, before remaining between 1,000 feet and 1,025 feet for the remainder of 
the drought. Historical Drought 2 examines how the basin would respond if hydrologic 
conditions from 2000 to 2018 were to occur again with the reservoir starting at near-present day 
conditions.  

Paleo Drought 1 shows a steady decrease in Lake Mead elevation for the first 12 years of the 
drought. Lake elevation falls below 1,025 feet after the first 6 years, and below 1,000 feet after 
the first 9 years. Elevation remains significantly below 1,000 feet for 3 years and even after the 
end of the drought. Similar to Historical Drought 1, lake elevation only returns to around 
1,025 feet in the years following the end of the drought. 

The two remaining paleo droughts, Paleo Drought 2 and Paleo Drought 3, show similar relative 
behavior to Lake Powell—with Lake Mead elevation dropping to below the lower threshold in 
Paleo Drought 2 before recovering, and dropping to just at the lower threshold and remaining 
steady in Paleo Drought 3. In these two droughts, lake elevation remains close to 1,025 feet 
following the end of the drought and does not substantially recover. 
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Figure 110. Monthly modeled reservoir pool elevation for Lake Mead for each drought event (panels). 

Note:  The solid horizontal lines show full pool elevation (1,229 feet) and the dashed horizontal lines show critical elevations (1,025 
feet and 1,000 feet). Drought events are shaded. 
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Figure 111 shows the water management metrics identified for the Colorado River Basin and 
how they perform over the 1906 to 2018 baseline period and over each of the historical and paleo 
drought events. To restate, baseline conditions reflect system performance when historical 
hydrology is run with near-present day starting initial conditions using an ensemble of the 
historical hydrology, and drought events reflect how the system would respond if the drought 
started with near-present day initial conditions. In addition to the percent of years below the two 
pool elevation thresholds each for Lake Powell and Lake Mead, this figure also shows the 
10-year average release from Lake Powell and the average annual delivery of water to the lower 
basin, including Lower Division States and Mexico. These are metrics that water managers 
consider in operation of the Colorado River Basin. 

Figure 111 shows the percent of years that have at least 1 month below relevant pool elevation 
thresholds. At Lake Powell, over the baseline period, Lake Powell is below 3,525 feet in 
28 percent of years (32 out of 113 years), and below 3,490 feet in 4 percent of years (5 out of 
113 years). For the two historical droughts, Lake Powell pool elevation is below 3,525 feet 
33 percent of years (6 out of 18 years) during Historical Drought 1 and 73 percent of years (14 
out of 19 years) during Historical Drought 2. Lake Powell was also below 3,490 feet 5 percent of 
years (1 out of 18 years) during Historical Drought 1 and was below this same threshold 
16 percent of years (3 out of 19 years) during Historical Drought 2. For the paleo droughts, the 
percent of years Lake Powell pool elevation fell below 3,525 ranged from 36 percent of years 
during Paleo Drought 3 (8 out of 17 years) to 56 percent of years (10 out of 18 years) during 
Paleo Drought 1. Similarly, the percent of years below 3,490 ranged from 18 percent (3 out of 
17 years) in Paleo Drought 3 to 28 percent (5 out of 18 years) in Paleo Drought 1. 

For Lake Mead, in the historical baseline period, pool elevation falls below 1,025 feet in 
33 percent of years (37 out of 113 years), and below 1,000 feet 4 percent in of years (5 out of 
113 years). For the historical droughts, these percentages increase to 44 percent of years below 
1,025 feet (8 out of 18 years) and no years below 1,000 feet during Historical Drought 1, and 
84 percent below 1,025 feet (16 out of 19 years) and 5 percent below 1,000 feet during Historical 
Drought 2. Interestingly, in the paleo droughts, the percentage of years below 1,025 feet is less 
than the historical droughts, which ranged from 53 percent (9 out of 17 years) to 72 percent  
(13 out of 18 years), but the percentage of years below 1,000 feet is much greater than the 
historical droughts, ranging from 12 percent (2 out of 17 years) to 44 percent (8 out of 18 years). 

Total delivery to the Lower Division States and Mexico over the baseline period averaged 
8.79 million acre-feet, just under the 9.0 million acre-feet delivery obligation under the  
1922 Colorado River Compact. The average delivery was reduced for all drought events, 
averaging 8.15 million acre-feet under Historical Drought 1, 8.06 million acre-feet under 
Historical Drought 2, and between 7.96 million acre-feet and 8.19 million acre-feet for the paleo 
droughts. The 10-year average release from Lake Powell was also reduced. The 10-year average 
release was 93 million acre-feet over the historical baseline period. Under Historical Drought 1, 
the average release was reduced to 82 million acre-feet, and under Historical Drought 2, reduced 
to 83 million acre-feet. For the three paleo droughts these average releases ranged from 80 to 
83.9 million acre-feet. 
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Figure 111. Colorado River Basin metrics showing mean baseline conditions (blue), historical droughts 
(gray), and paleo droughts (red, orange, and yellow). 

To explore how more recent historical and paleo drought events may be different from projected 
drought events using the CMIP5-LOCA RCP4.5 and RCP8.5 hydrologic traces from 2006 to 
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2099, average annual deficit by volume (acre-feet) and duration (length in years) are plotted for 
the drought events discussed in this section (drought events in the observed historical period and 
the paleo-reconstructed period), as well as for the largest cumulative deficit events for each 
projected hydrology trace. Figure 112 illustrates these events relative to each other. 

The grey circles represent Historical Drought 1 and Historical Drought 2. The colored diamonds 
represent the three largest paleo drought events. The green triangles represent the drought events 
for each future hydrologic projection. These droughts are based on natural streamflow for the 
Colorado River at Lees Ferry, AZ and do not reflect water management effects. The figure 
illustrates that the paleo drought events were moderately to substantially more severe than the 
historical droughts, but of shorter duration. Paleo Drought 2 by far is the most severe event as 
measured by average annual deficit, however, only lasts for 4 years. The future droughts indicate 
the possibility of droughts of similar severity to Paleo Drought 1, and more severe than the two 
historical droughts, but much longer lasting, up to 91 years. They also indicate the possibility of 
droughts with average annual deficits 2.5 to 3 times those of the two historical droughts and 
lasting for similar or slightly longer durations. 
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Figure 112. Drought length and average annual drought deficit for drought events at the Colorado River 
at Lees Ferry, AZ. 

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

6.3 Columbia River Basin (Boise) 

The Columbia River Basin contributes streamflow to the fourth largest river in the United States 
by mean annual streamflow volume. Evaluation of drought scenarios across the entire river basin 
would be complex. This report focuses on the Boise River basin, which is a subbasin of the 
Snake River, one of the Columbia River’s primary tributaries. The Boise River basin is  
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illustrated in Figure 107 while the main features of the Columbia River Basin are illustrated in 
the Columbia River Basin document of the Water Reliability in the West – 2021 SECURE Water 
Act Report.  

The Boise Project was one of the first irrigation projects constructed by Reclamation and 
currently supplies irrigation water to 224,000 acres and supplemental water supply to an 
additional 173,000 acres in southwest Idaho and eastern Oregon. The Project has two divisions, 
the Payette Division and the Arrowrock Division, which are the focus of this risk analysis 
(Figure 107). The Boise RiverWare Planning Model was developed using the RiverWare 
software package (Zagona et al., 2001) and encompasses the Boise River from Arrowrock Dam 
to the river’s confluence with the Snake River near Parma, Idaho. Three reservoirs are included 
in the model: Anderson Ranch Reservoir and Arrowrock Reservoir owned by Reclamation, and 
Lucky Peak Reservoir, which is owned by the U.S. Army Corps of Engineers and operated 
jointly by the two agencies. These reservoirs provide flood risk management benefits and store 
water for irrigation supply and hydropower generation. Additionally, these reservoirs are 
managed to support recreation. 

Almost 40 percent of Idaho residents live in the Boise River watershed, with one-sixth of the 
population of the State residing in the floodplain. The Boise River watershed has recently 
experienced the most substantial growth in the State and continuing to meet current and future 
water needs is a major concern for residents and State and local officials. For example, in 2017, 
the Boise River saw an annual (October through September) runoff of 184 percent of normal 
(3,442,000 acre-feet) that caused flooding through the City of Boise for 101 days. 

The analysis of water supply risks related to drought events was performed by identifying 
notable historical drought events, as well as drought events in the paleo-reconstructed period, 
and comparing the managed system, under current operations and demands, with an observed 
historical baseline period. Two drought periods from the observed historical period were selected 
for analysis in the Boise River basin—the first lasting 13 years from 1930 to 1942 (Historical 
Drought 1), and the second lasting 9 years from 1987 to 1995 (Historical Drought 2). Analysis of 
managed streamflow and reservoir storage for these drought periods were compared with results 
for an overall historical baseline simulation period, in this case, water years 1981 to 2018. 
Additionally, results were compared with those from paleohydrology scenarios, which are 
described in the next section. 

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Boise River were developed using the annual streamflow 
reconstruction for the Boise River near Parma, ID (USGS ID 13213000). Additional information 
including references for these reconstructions can be found in Chapter 2. 
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Figure 113. Annual streamflow for the Boise River nr Parma, ID showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

Figure 113 shows this reconstruction in black, with the historical naturalized streamflow over the 
observed historical period shown in blue. Drought events of interest are shaded and include the 
three “largest cumulative deficit” droughts from the paleo-reconstructed period—the 1930s 
dustbowl drought and the late 1980s to 1990s drought from the observed historical period. These 
five drought events were used to investigate impacts to reservoir storage in Anderson Ranch 
Reservoir and Lucky Peak Reservoir. 

 River Systems Model Overview 
The Boise RiverWare model was used to conduct the risk assessment for the Boise River. The 
model was developed as part of the larger Upper Snake RiverWare model used for the Modified 
Flows analysis (https://www.bpa.gov/p/Power-Products/Historical-Streamflow-
Data/streamflow/Reclamation%20Upper%20Snake%20Modified%20Flows.pdf).” Additional 
model documentation may be found in Reclamation (2020d).  

October 1, 1980, through September 30, 2018, was selected as the observed historical period 
(i.e., baseline) because this period has the most widely available observed data and is quality 
assured. Water user demand inputs represent current condition demands from 2008 to 2018 and 
were developed from the Modified Flows process used in Reclamation’s Columbia-Pacific 
Northwest Region (https://www.bpa.gov/p/Power-Products/Historical-Streamflow-
Data/streamflow/Reclamation%20Upper%20Snake%20Modified%20Flows.pdf). This process 
developed three different patterns of demands by classifying each year between 2008 and 2018 
into dry, medium, or wet conditions. 
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To determine model initial conditions, inflows were corrected to remove the influence of 
groundwater returns from irrigation and the model was set to “spin-up” to get the groundwater 
effects to a current level. For the most part, the reservoirs in the Boise River basin fill within a 
couple of years. Consequently, up to about the first 2 years of simulated data were ignored in the 
analysis of output. 

 Water Resource Metrics 
The Boise RiverWare model encompasses the Boise River from Anderson Ranch Reservoir to 
the river’s confluence with the Snake River near Parma, ID. It includes Arrowrock Reservoir and 
Lucky Peak Reservoir, diversions to water users, and representation of the policy used to manage 
the river. This policy contains water management objectives that can be used to assess risk to the 
system. Table 30 lists the water supply reliability metrics examined using the Boise RiverWare 
model. These include how often Lucky Peak Lake reaches near full capacity between May 31 
and September 1 to support recreation on the lake, how often the Boise River at Glenwood 
exceeds the Flood Action Flow, and how often winter and summer streamflow targets below 
Anderson Ranch Dam are met. 

Table 30. Metrics for quantifying water supply reliability in the Boise River basin 

Storage Metrics 

Average percent of years Lucky Peak Lake reaches top of active capacity (264,400 acre-
feet) 

Average percent of days Lucky Peak Lake meets summer recreation target storage 
(264,400 acre-feet from May 31 to September 1 for recreation) 

Average percent of days Lucky Peak Lake falls below conservation pool (28,730 acre-
feet) 

Average percent of capacity on September 30 for Lucky Peak Lake 

Average percent of years Anderson Ranch Reservoir reaches top of active capacity 
(413,074 acre-feet) 

Average percent of capacity on September 30 for Anderson Ranch Reservoir 

Flow Metrics 

Boise River between Lucky Peak Dam and Glenwood streamflow below 6,500 cubic feet 
per second (cfs) (Flood Action Flow) 

Boise River below Anderson Ranch Dam minimum streamflow target (300 cfs from 
September 15 to March 31 and 600 cfs from April 1 to September 14)  
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 Summary 
Drought events from the observed historical period and the paleo-reconstruction period were 
selected to examine water resource metrics in the Boise River basin. The two droughts identified 
in the historical period represent two of the most severe droughts to occur in the Boise River 
basin, as evaluated by streamflow records for the Boise River near Parma, ID.  

Three droughts from the paleo-reconstruction period were also selected to examine their impact 
on water resources metrics relative to the observed historical droughts. These paleo droughts 
were identified using the “largest cumulative deficit” drought definition and represent the top 
three ranked droughts using this definition. These three droughts represent three of the most 
severe droughts to occur in the Boise River basin in the 1685 to 1977 paleo-reconstruction 
period. 
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Figure 114. Daily modeled storage for Anderson Ranch Reservoir for each drought event (panels).  

Note: The solid horizontal line shows full pool (474,900 acre-feet) and the dashed horizontal lines shows the top of active storage 
(413,074 acre-feet) and bottom of conservation pool (24,044 acre-feet) storages. Dead pool storage of 35,956 acre-feet is not 
modeled. Drought events are shaded. 
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Figure 115. Anderson Ranch Reservoir storage and downstream streamflow metrics showing mean 
baseline conditions (blue), historical droughts (gray), and paleo droughts (red, orange, and yellow). 
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Figure 114 shows the timeseries of storage at Anderson Ranch Reservoir for the two historical 
droughts and three paleo droughts. The lower dashed line shows the bottom of conservation pool 
at 25,000 acre-feet, as represented in the RiverWare model. The actual bottom of conservation 
pool is 62,000 acre-feet, but this includes dead pool storage, which is not represented in the 
model. Similarly, the upper dashed line shows the top of active storage at 413,074 acre-feet, as 
modeled, which also does not include dead pool storage. Overall, storage during drought events 
does not fall below the bottom of conservation pool, but does fall to this minimum and remain 
there for periods during each drought event. For close to a decade between 1880 and 1890, 
storage remains at or close to the bottom of conservation pool during Paleo Drought 1. Between 
1731 and 1740 in Paleo Drought 2, storage also remains close to the bottom of conservation 
pool. Storage drops to this level in Historical Drought 1 and Historical Drought 2, but for much 
shorter periods of time.  

Figure 115 shows reservoir metrics summarized over the historical baseline period and over each 
of the drought events. Anderson Ranch Reservoir refilled to the top of active storage 61 percent 
of years over the baseline period (water years 1981 through 2018). This refill percentage greatly 
decreased for each of the drought events—with the worst performance seen during Paleo 
Drought 2 where the reservoir refilled 11 percent of years (2 out of 17 years). During Historical 
Drought 1 the reservoir refilled 15 percent of years (2 out of 13 years), and during Historical 
Drought 2 it refilled 22 percent of years (2 out of 9 years). There are similar results for the 
percent capacity at the end of the water year. Over the baseline period, Anderson Ranch is 
62 percent full on average on September 30, with decreases in all droughts. Droughts, however, 
appear to have less of an impact on the ability to meet instream flow targets. There are summer 
and winter streamflow targets downstream of Anderson Ranch Reservoir, and for most drought 
events these targets are met as frequently as for the baseline period. For both streamflow targets, 
Paleo Drought 2 has the greatest impact on meeting these targets—75 percent of summer days 
(April 1 to September 14) during the drought for the summer target, and 71 percent of winter 
days (September 15 to March 31) during the drought for the winter target. 
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Figure 116. Daily modeled storage for Lucky Peak Lake for each drought event (panels).  

Note:  The solid horizontal line shows the top of total storage (264,440 acre-feet) and the dashed horizontal line shows the bottom 
of conservation pool storage (28,730 acre-feet). Drought events are shaded. 
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Figure 117. Lucky Peak Lake storage and downstream streamflow metrics showing mean baseline 
conditions (blue), historical droughts (gray), and paleo droughts (red, orange, and yellow). 
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Figure 116 shows the timeseries of storage at Lucky Peak Lake for the two historical droughts 
and three paleo droughts. The dashed line shows the bottom of conservation pool storage 
(28,730 acre-feet). The solid line shows the top of total storage (264,400 acre-feet). For the two 
historical droughts, Lucky Peak Lake is able to refill to the top of total storage with regularity 
and does not fall below the bottom of conservation pool storage often or for long durations.  
This contrasts with the paleo droughts, where in a long period in Paleo Drought 1, beginning in 
1878 and extending to 1887, storage remains well-below full storage, and for 2 years between 
1876 and 1877 storage remains below the bottom of conservation pool. The middle of Paleo 
Drought 2 also shows this behavior, with storage remaining below full storage from 1733 to 
1741, and a 2-year period with storage below the bottom of conservation pool. 

Figure 117 shows Lucky Peak Lake metrics that are similar to those described for Anderson 
Ranch Reservoir. Over the historical baseline period, Lucky Peak Lake refilled to the top of 
active storage in 74 percent of years. For the two historical droughts, the reservoir refilled to the 
top of active storage in 54 percent of years for Historical Drought 1 (7 out of 13 years), and 
33 percent of years for Historical Drought 2 (3 out of 9 years). For the paleo droughts, the 
reservoir refilled between 29 percent and 47 percent of years. As illustrated in Figure 116 for 
Paleo Drought 1, hydrologic conditions allowed for Lucky Peak reservoir to refill for several 
years in the middle of the drought, despite its duration of 30 years. Together, these figures 
illustrate that a single metric may not provide a full understanding of the severity of a drought on 
the managed Boise River system. Although Paleo Drought 1 does not appear as impactful as 
other drought events in terms of reservoir refill, there were more than 10 consecutive years 
where Lucky Peak was not able to refill over the course of a 30-year drought. Consideration of 
various aspects of drought, including severity and duration, are particularly important for 
understanding the potential water management impacts.  
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Figure 118. Drought length and average annual drought deficit for drought events at the Boise River near 
Parma, ID. 

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

To explore how more recent historical and paleo drought events may be different from projected 
drought events using the CMIP5-LOCA RCP4.5 and RCP8.5 hydrologic traces from 2006 to 
2099, average annual deficit by volume (acre-feet) and duration (length in years) are plotted for 
the drought events discussed in this section (drought events in the observed historical period and 
the paleo-reconstructed period), as well as for the largest cumulative deficit events for each 
projected hydrology trace. Figure 118 illustrates these events relative to each other. 
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The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow for the Boise River near Parma, ID and do not 
reflect water management effects. The figure illustrates that the paleo drought events were 
substantially more severe, and in the case of Paleo Drought 1, a substantially longer duration. 
With an average annual deficit of just under 500,000 acre-feet, Paleo Drought 1 is substantially 
longer than any of the historical or future droughts with similar deficits—at 30 years in length, 
the next closest drought is from the future droughts with an average annual deficit of just over 
500,000 acre-feet and a length of 21 years. 

 Analysis of Flood Events – Case Study for the Boise River Basin 

The Boise River flows directly through Boise, Idaho, and flooding is an important consideration 
in managing the Boise River. A Flood Action Flow of 6,500 cubic feet per second (cfs) exists for 
the Boise River at Glenwood Bridge, ID (USGS ID 13206000). Historic notable flood events 
occurred in 1972, 1974, 1997, and 2017 and were identified by regional water managers as 
important for context setting along with identified wet periods in the paleohydrology period. 
Figure 119 shows daily modeled streamflow for the Boise River at Glenwood Bridge, ID for 
these four historic flood events, as well as for 3 years in the paleo record that also experienced 
flood events. 

Figure 120 shows the percent of time the Boise River at Glenwood Bridge, ID was above the 
Flood Action Flow of 6,500 cfs on average over the baseline historical period as compared to the 
historical and paleo flood events. Over the historical baseline period, the Boise River exceeds 
6,500 cfs 2.4 percent of days during the event. Out of the four historical flood events, the two 
most severe were in 2017 when streamflow was above 6,500 cfs 21.1 percent of the days, and in 
1997 when streamflow was above 6,500 cfs 19.7 percent of the days. While below the historical 
flood events, the three paleo floods examined still substantially exceeded this threshold, between 
9.9 percent and 12.9 percent of the days during the event. 

Interestingly, in 1997 there were two substantial flood events, the first being a winter flood with 
1-day peak discharge of 24,052 cfs on January 2, 1997, and 10 days with daily streamflow more 
than 5,000 cfs. This event was notable at many other Reclamation dams throughout the West 
(Lahontan, Shasta, Trinity, and Folsom Dams for example). The second event was a spring 
snowmelt flood with 1-day discharge of 22,157 cfs on May 16, 1997, and 105 days with daily 
streamflow more than 5,000 cfs. 
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Figure 119. Modeled daily streamflow for the Boise River at Glenwood Bridge, ID for identified flood 
events.  

Note:  Streamflow during four historical years that experienced flood events (top 4 panels) are shown in gray. Three paleo years with 
flood events (bottom three panels) are shown in red, orange, and yellow. 
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Figure 120. Average exceedance above Flood Action Flows at Boise River at Glenwood Bridge, ID for 
identified flood events. 

Note:  Average exceedance computed for the baseline period is shown in blue. Those computed for four historical years are shown 
in gray and the three paleo years are shown red, orange, and yellow. 

To further understanding of potential future flood events, the River Management Joint Operating 
Committee (RMJOC) RMJOC-II effort evaluated future flood risk management using future 
climate projections. To focus the analysis on flood volumes, U.S. Army Corps of Engineers 
analyzed the projections for winter and spring separately. For each projection and 30-year epoch 
(historical period, 2030s, 2070s), the top five flood events by volume were identified for each 
flood season. One historical baseline was used for comparison purposes. In the lower Snake 
River basin, the average April to August runoff volume of the five largest events is projected to 
be similar or possibly decrease by the 2070s according to a range of future projections; whereas, 
the runoff volume contributing to the largest winter floods is projected to increase in the 2030s, 
and more so in the 2070s, for most of the future projections considered (RMJOC-II, 2020; refer 
to study report for more details about future projections used and the approach for analysis). 
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6.4 Klamath River Basin 

The Klamath River Basin encompasses around 15,700 square miles and extends from southern 
Oregon into northern California. The Klamath River headwaters are predominantly located in the 
southern Cascade Mountain range just south of Crater Lake. The upper portion of the Klamath 
River Basin contains the Klamath Project, one of the first Projects constructed by Reclamation. 
The Klamath Project provides irrigation water supply to 210,000 acres of farmland. Upper 
Klamath Lake serves as the primary storage reservoir for the Klamath Project and has a total 
capacity of 561,838 acre-feet. The mainstem Klamath River originates from Upper Klamath 
Lake and in the upper basin is joined by the Lost River. Keno Dam and four dams downstream 
are operated by PacifiCorp for the generation of hydroelectricity, the most downstream dam 
being Iron Gate Dam. Below Iron Gate Dam is the lower basin where the Klamath River is 
joined by the Shasta, Scott, Salmon, and Trinity Rivers as major tributaries before arriving at its 
mouth on the Pacific Ocean near Klamath, California. Reclamation manages the Klamath River 
for water supply and to meet responsibilities under the Endangered Species Act. These include 
maintaining specified lake levels in Upper Klamath Lake, and meeting instream flow targets 
along the Klamath River. 

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Klamath River Basin were developed using the annual 
streamflow reconstruction for the Klamath River at Keno, OR (USGS ID 11509500) and the 
Trinity River at Lewiston, CA (USGS ID 11525500). Additional information including 
references for these reconstructions can be found in Chapter 2. 

 
Figure 121. Annual streamflow for the Klamath River at Keno, OR showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 
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Figure 121 shows the Klamath River at Keno, OR streamflow reconstruction and naturalized  
(i.e, unimpaired) streamflow over the observed historical period and identifies the six drought 
events examined in the Klamath River Basin in this report. The Klamath River Basin has 
experienced three notable droughts in the observed historical period. The first, which can be 
considered the most impactful drought in the basin, occurred between 1912 and 1941, lasting  
29 years (Historical Drought 1). Two droughts occurred in the more recent past, one lasting  
6 years between 1990 and 1995 (Historical Drought 2), and the second lasting 6 years between 
2000 and 2005 (Historical Drought 3). Historical Drought 1 falls outside the observed historical 
period used as a baseline, water years 1960 to 2013, which is due to a lack of complete 
observational records with which to run the river system model prior to 1960. This drought was 
still identified by water managers in the basin as an important event to consider and was 
simulated using the paleo-reconstructed data. These three droughts represent three of the most 
severe droughts to occur in the Klamath River Basin based on streamflow records for the 
Klamath River at Keno, Oregon. In the paleo-reconstructed period, three droughts were 
identified using the “largest cumulative deficit” definition, and these three events lasted between 
13 and 14 years. The largest paleo drought (Paleo Drought 1) sees decreases in streamflow 
comparable to the largest historical drought. All three paleo droughts are more impactful than the 
two more recent historical droughts, as measured by streamflow, but do not match the largest 
historical drought.  

 River Systems Model Overview 
The Klamath River Basin Study (KRBS) model was developed to support the Klamath River 
Basin Study (Reclamation, 2016a). The KRBS model was developed using the RiverWare 
software package and simulates the managed river system, including reservoir operations, water 
diversions and return flows, irrigation deliveries, and municipal and industrial water use, in 
accordance with the management policy specified in the 2013 Biological Opinion (NMFS and 
USFWS, 2013). 

The KRBS model is a daily timestep model that was built upon existing models for the  
Klamath River Basin. One existing model is commonly referred to as the Klamath Basin 
Planning Model (KBPM), which was developed to support the Endangered Species Act 
consultations over the impacts of Klamath Project operations on the threatened Southern 
Oregon/Northern California Coast coho salmon (Oncorhynchus kisutch), as well as the 
endangered Lost River (Deltistes luxatus) and shortnose suckers (Chasmistes brevirostris) 
(Reclamation, 2016a). The other existing model was developed to support the environmental 
impact assessment for removal of four of the mainstem Klamath River dams (U.S. Department  
of the Interior and California Department of Fish and Game, 2011). 

The KRBS model encompasses the entire watershed, including tributaries of Upper Klamath 
Lake, the Lost River system, and major Klamath River tributaries. It was developed over a 
historical time period of water years 1961 through 2013 to facilitate comparison of results with 
the KBPM model. The model incorporated 2010 crop information, observed municipal and 
industrial demands, and modeled historical irrigation demands from the Klamath River Basin 
Study. Initial reservoir conditions were set at observed long-term averages over the historical 
period. 
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 Water Resource Metrics 
The Klamath River as simulated by the KRBS model uses the water management policy 
specified in the 2013 Biological Opinion. At present, the Klamath River is currently managed 
according to an updated Biological Opinion issued in 2019, with the re-initiation of consultation 
anticipated in 2021. Results presented below, including the water resource metrics identified in 
Table 31, are reflective of the management specified in the 2013 Biological Opinion and would 
potentially show different results were a different policy to be used. Average end-of-water-year 
reservoir storage is presented for consistency in analysis with other basins. Annual Klamath 
Project supply is also an important metric to illustrate Reclamation’s ability to meet one of its 
management objectives. 

Table 31. Metrics for quantifying water supply reliability in the Klamath River Basin 

Storage Metric 

Average percent of capacity on September 30 for Upper Klamath Lake 

Other Metric 

Average annual Klamath Project supply 

 Summary 
Drought events from the observed historical period and the paleo-reconstructed period were 
selected to examine whether paleo droughts were more impactful than those from the observed 
historical period and from average historical conditions. In looking at storage in Upper Klamath 
Lake over each of the droughts (Figure 122), only in Historical Drought 1 of the three historical 
droughts does storage appear to remain substantially below full pool for multiple years. In the 
paleo droughts, Paleo Drought 1 results in reservoir drawdown greater than during other paleo 
drought events. In looking at September 30 storage in Upper Klamath Lake (Figure 123), on 
average, over the water years 1961 to 2013, the observed historical baseline period for Upper 
Klamath Lake was at 44 percent of capacity. For Historical Drought 1, this drops to 30 percent of 
capacity. Interestingly, the three paleo drought events each have similar percent capacity at the 
end of the water year, between 31 percent and 32 percent. 
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Figure 122. Daily modeled storage for Upper Klamath Lake for each drought event (panels).  

Note:  The solid horizontal line shows the top of total storage (514,950 acre-feet). Drought events are shaded. 
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Figure 123. Upper Klamath Lake storage metric showing mean baseline conditions (blue), historical 
droughts (gray), and paleo droughts (red, orange, and yellow). 

The impact of drought on the annual water supply allocated to the Klamath Project was also 
investigated. Figure 124 shows these impacts as average annual allocations for the 1960 to  
2013 historical baseline period against each of the drought events. Over the baseline period, the 
Klamath Project had an average annual supply of 358,248 acre-feet. Historical Drought 1 greatly 
impacted Project supply, reducing this average to 203,606 acre-feet. This low Project supply is 
almost matched by Paleo Drought 1, which had an average Project supply of 219,792 acre-feet. 
The two remaining paleo droughts, Paleo Drought 2 and Paleo Drought 3, while not as impactful 
to Project supply as either Historical Drought 1 or Paleo Drought 1, still greatly reduced Project 
supply to 243,691 acre-feet and 255,043 acre-feet, respectively.  
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Figure 124. Klamath Project annual supply showing mean baseline conditions (blue), historical droughts 
(gray), and paleo droughts (red, orange, and yellow). 

To explore how more recent historical and paleo drought events compare against projected future 
events, LOCA downscaled CMIP5 RCP4.5 and RCP8.5 hydrologic traces were used to identify 
drought events. Figure 125 shows droughts from the observed historical period, the paleo-
reconstructed period, and for the future period covering 2006 to 2099. Droughts are shown with 
average annual deficit by volume (in thousand acre-feet) and duration (in years), with future 
events showing the drought with the largest cumulative deficit for each projected hydrology 
trace. 

The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow for the Klamath River at Keno, OR and do not 
reflect water management effects. The figure illustrates that the paleo drought events had a 
similar intensity, but much shorter duration than Historical Drought 1, and that the remaining 
two historical droughts had much lower intensities and durations. Future droughts of equal 
severity to Historical Drought 1, but with durations of up to 50 years instead of the 30 years for 
the historical drought, are possible. Droughts with much greater severity are also possible. 

 



Water Supply Reliability Assessment 
 

258 

 
Figure 125. Drought length and average annual drought deficit for drought events at the Klamath River 
at Keno, OR.  

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

6.5 Missouri River Basin (Upper Missouri) 

The Upper Missouri River Basin upstream of Fort Peck Reservoir encompasses an area of about 
50,000 square miles. The Missouri River is formed at the confluence of the Jefferson, Madison, 
and Gallatin Rivers, which flow out of the mountain ranges of southwest Montana. Tributaries to 
the Missouri River downstream of this confluence flow out of the Rocky Mountain Front and 
include the Sun, Teton, and Marias Rivers. The Upper Missouri River Basin also includes the 
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Smith, Judith, and Musselshell Rivers. Within the Upper Missouri River Basin, Reclamation 
manages several units of the Pick-Sloan Missouri Basin Program, including the East Bench Unit, 
Canyon Ferry Unit, Helena Valley Unit, and Lower Marias Unit. In addition, Reclamation 
manages the Sun River Project. In total, including Reclamation and non-Reclamation facilities, 
the Upper Missouri River supplies water to 1.1 million acres of irrigated land and 
320,000 people in the basin. 

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Upper Missouri River Basin were developed using annual 
streamflow reconstructions for the Missouri River at Fort Benton, MT (USGS ID 06090800) and 
the Musselshell River at Mosby, MT (USGS ID 06130500). Additional information including 
references for these reconstructions can be found in Chapter 2. 

Figure 126 shows the Missouri River at Fort Benton, MT streamflow reconstruction and 
naturalized (i.e., unimpaired) streamflow over the observed historical period and identifies the 
six drought events examined in this study. Three drought periods from the observed historical 
period were selected for analysis—the first lasting 17 years from 1930 to 1946 (Historical 
Drought 1), the second lasting 11 years from 1954 to 1964 (Historical Drought 2), and the third 
lasting 8 years from 1985 to 1992 (Historical Drought 3). Analyses of managed streamflow and 
reservoir storage for these drought periods were compared with results for an overall historical 
baseline simulation period, in this case, 1950 to 1999. Additionally, results were compared with 
those from paleohydrology scenarios, which are described in the next section. 

 
Figure 126. Annual streamflow for the Missouri River at Fort Benton, MT showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 
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It is important to note that major drought events have occurred in the Upper Missouri River 
Basin beyond those evaluated in this report. Due to the objective of providing a West-wide 
analysis with greatest possible consistency in methods across regions, these additional drought 
events were not evaluated in the modeling framework described here. However, results from 
existing studies may provide additional context. Across the Upper Missouri River Basin, the 
recent drought of 2000 to 2010, known as the “Turn-of-the-Century Drought,” was likely more 
severe than any in the instrumental record including the Dust Bowl Drought (Martin et al., 2020). 
Additional severe droughts were identified in the late 13th century (overlapping with the start of 
the severe and sustained “Great Drought” period in the American Southwest) and in the late 
15th century (consistent with the timing of the 16th century North American megadrought). The 
same streamflow reconstructions were used in the Upper Missouri River Basin as used in this 
report. In terms of drought events with decadal persistence in streamflow, two of the four most 
severe droughts in the last 1,200 years appear to have occurred within the last century (Martin et 
al., 2020). 

 River Systems Model Overview 
The Upper Missouri Basin Impacts Assessment (UMBIA) RiverWare model was originally 
developed using the RiverWare software package (Zagona et al., 2001) to support the Upper 
Missouri Basin Impacts Assessment (Reclamation, 2019) and the Missouri Headwaters Basin 
Study (Reclamation, 2020c). The model represents the Missouri River and its tributaries 
upstream of Fort Peck Reservoir and including the Musselshell River. The UMBIA model 
simulates the managed river system, including Reclamation and non-Reclamation reservoirs and 
irrigation projects, and agricultural, municipal, and industrial water uses. The model simulates 
using 2016 water management policy and current river regulatory constraints. The model runs at 
a daily timestep, with the historical baseline period beginning on January 1, 1950, and ending on 
December 31, 1999. Historical model inputs were developed using a suite of models. The VIC 
hydrology model was used to develop a majority of the inflows; however, some inflows and 
local inflows were calculated through mass balance or set to a fixed value in the case of springs. 
Reservoir evaporation was calculated using the Complementary Relationship Lake Evaporation 
(CRLE) model (Morton et al., 1985) and crop water demands were calculated using the ET 
demands model (Reclamation, 2015a). Crop water demands were set using current cropping 
patterns and acreages based on Reclamation (2012a) and Montana DNRC (2015).  

Municipal and industrial water demands were represented for four cities in the Upper Missouri 
River Basin, and demands were identified using each city’s water use plan or conversations with 
city officials—Bozeman (AEES, 2013), Helena (City of Helena, 2011), Great Falls (City of 
Great Falls, 2013), and Butte (Larson, 2013). River system initial conditions, primarily reservoir 
storage, at the start of each model run were set to mean historical conditions (i.e., each reservoir 
storage volume for January 1, 1950, was set to its mean storage volume between January 1, 
1950, and December 31, 1999). 

 Water Resource Metrics 
The largest Reclamation reservoir in the Upper Missouri River Basin is Canyon Ferry Reservoir, 
located along the mainstem Missouri River near Helena, Montana. Results from this analysis 
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focused on the effects of drought on storage of water in Canyon Ferry Reservoir. Downstream of 
Canyon Ferry Reservoir the abilty to meet summer and winter streamflow targets for the 
Missouri River at Toston, MT were examined. In addition, impacts of drought on two other 
Reclamation facilities, the Sun River Project and the East Bench Unit of the Pick-Sloan Missouri 
Basin Program, were investigated by looking at water users supplied by each facility—Fort Shaw 
Irrigation District (FSID), along with Broken O Ranch, and Greenfields Irrigation District (GID) 
for the Sun River Project; and the Clark Canyon Water Supply Company and East Bench Water 
Users for the East Bench Unit. These metrics are summarized in Table 32. 

Table 32. Metrics for quantifying water supply reliability in the Upper Missouri River Basin 

Storage Metrics 

Percent of years during drought event that Canyon Ferry Reservoir reaches top of joint-use storage 
(1,891,888 acre-feet). 

Percent of days during drought event that Canyon Ferry Reservoir falls below joint-use storage pool 
(1,097,599 acre-feet). 

Average percent of Canyon Ferry Reservoir joint-use storage capacity on September 30. 

Flow Metrics 

Average percent of days each year meeting Missouri River at Toston summer (May 1 to June 15;  
4,000 cfs) streamflow target. 

Average percent of days each year meeting Missouri River at Toston winter (September 15 to  
December 31; 3,000 cfs) streamflow target. 

Other Metrics 

Average annual water shortage, in acre-feet, to Fort Shaw Irrigation District and Broken O Ranch. 

Average annual water shortage, in acre-feet, to Greenfields Irrigation District. 

Average annual water allocation percent to Clark Canyon Water Supply Company.  

Average annual water allocation percent to East Bench Water Users. 

 Summary 
Drought events from the observed historical period and the paleo-reconstruction period were 
selected to examine whether paleo droughts were more impactful than those from the observed 
period and from average historical conditions. Figure 126 shows the drought events and, 
qualitatively, it can be seen that Historical Drought 1 is the most sustained and severe drought. 
This drought, commonly referred to in the basin as the “Dustbowl Drought,” is still often 
considered the drought of record and used in water supply planning studies. Paleo Drought 1 is 
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similar in length, but does not see the same sustained level of severity as the Dustbowl Drought. 
The other two paleo droughts are less severe than either the Dustbowl Drought or Paleo 
Drought 1, but appear more severe than the other two historical droughts—the late 1950s and 
early 1960s drought and the late 1980s and early 1990s drought, which are also used in water 
supply planning studies. 

Reclamation currently has unallocated water supply in Canyon Ferry Reservoir, which provides 
a measure of support against drought conditions (Figure 127). This is evident in the drought 
storage metrics shown in Figure 128. Over the 1950 to 1999 observed historical baseline period, 
the reservoir refilled to the top of joint-use storage in 94 percent of the years (47 years out of 50). 
In the individual drought events, the reservoir refilled each year during Paleo Drought 2 and 
Paleo Drought 3. Over Paleo Drought 1, which is the longest paleo drought evaluated, the 
reservoir did not fill in 2 of the 17 years. For the other droughts evaluated, the reservoir did not 
refill in only 1 year within each drought event. 
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Figure 127. Daily modeled storage for Canyon Ferry Reservoir for each drought event (panels). 

Note:  The solid horizontal line shows the top of joint-use storage (1,891,888 acre-feet) and the dashed horizontal line shows the 
bottom of joint use storage (1,097,599 acre-feet). Drought events are shaded. 
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Figure 128. Canyon Ferry Reservoir storage and downstream streamflow metrics showing mean baseline 
conditions (blue), historical droughts (gray), and paleo droughts (red, orange, and yellow). 
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In addition to Canyon Ferry Reservoir, the impact of drought on two additional Reclamation 
facilities were examined:  the Sun River Project and the East Bench Unit of the Pick-Sloan 
Missouri Basin Program. The Sun River Project is located west of Great Falls, Montana, and 
supplies irrigation water to about 93,000 acres of land in the Sun River basin. The Sun River is a 
tributary to the Missouri River, flowing out of the Rocky Mountain front region before joining 
with the Missouri River in Great Falls, Montana (refer to the basin map at the front of the 
Missouri River Basin document of the Water Reliability in the West - 2021 SECURE Water Act 
Report). Two irrigation districts receive water from the Sun River Project, primarily Fort Shaw 
Irrigation District, along with Broken O Ranch, and Greenfields Irrigation District. Figure 129 
shows shortages to FSID and Broken O and GID on average over the 1950 to 1999 observed 
historical baseline period, and over each of the observed historical and paleo droughts. Shortages 
for FSID over the baseline period average almost 70 acre-feet (i.e., this irrigation district has 
senior water rights within the Sun River basin) and shortages for GID over the same period 
average 3,355 acre-feet. Shortages are substantially higher for each irrigation district for all 
drought events. Particularly notable are Paleo Drought 1 and Paleo Drought 3, which have more 
substantial shortages for FSID and Broken O than any historical drought. For GID, shortages 
over these droughts are more comparable to historical drought shortages, but are still larger than 
any historical drought. 

The East Bench Unit in southwest Montana provides irrigation water to 21,800 acres in the 
Beaverhead River basin. The Beaverhead River basin is in the headwaters of the Upper Missouri 
River Basin, upstream of Three Forks, Montana. Shortages to water users are presented as a 
percentage of full allocation and are shown in Figure 130. The Clark Canyon Water Supply 
Company (CCWSC) and East Bench Water Users both receive water from the East Bench Unit 
and, over the historical baseline period, receive on average 93 percent and 82 percent of their 
allocations, respectively. The CCWSC, the more senior water user, is less impacted by drought 
and sees smaller decreases in allocations during drought. The lowest allocation is seen during 
Paleo Drought 1, when allocations averaged 84 percent. The East Bench Water Users are a junior 
water user and their allocations are more impacted by drought. Under Historical Drought 1, they 
receive an allocation of 67 percent. More notably, under Paleo Drought 1, they receive a 
60 percent allocation and, under Paleo Drought 2, a 56 percent allocation. 

The two examples from the Sun River Project and East Bench Unit show that, while the analyzed 
drought events have minimal impacts on Canyon Ferry Reservoir on average (likely because of 
the unallocated water supply), they do impact other Reclamation Projects in the Upper Missouri 
River Basin. 
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Figure 129. Shortages to Sun River Project Fort Shaw Irrigation District (FSID) and Broken O Ranch (left), 
and Greenfields Irrigation District (GID; right) showing mean baseline shortage (blue), historical droughts 
(gray), and paleo droughts (red, orange, and yellow). 

 
Figure 130. Allocations to East Bench Unit water users, Clark Canyon Water Supply Company (CCWSC; 
left), and East Bench Water Users (right) showing mean baseline allocation (blue), historical droughts 
(gray), and paleo droughts (red, orange, and yellow). 
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To explore how more recent historical and paleo drought events may be different from projected 
drought events using the LOCA downscaled CMIP5 RCP4.5 and RCP8.5 hydrologic traces from 
2006 to 2099, average annual deficit by volume (acre-feet) and duration (length in years) are 
plotted for the drought events discussed in this section (drought events in the observed historical 
period and the paleo-reconstructed period), as well as for the largest cumulative deficit events for 
each projected hydrology trace. Figure 131 illustrates these events relative to each other. 

 

 
Figure 131. Drought length and average annual drought deficit for drought events at the Missouri River 
at Fort Benton, MT. 

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow for the Missouri River at Fort Benton and do not 
reflect water management effects. The figure illustrates that the paleo drought events were 
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similar in length to the observed historical droughts and had a severity (as represented by 
average annual deficit) comparable to the Dustbowl Drought. Future droughts generally reflect 
the same range of severity seen in the historical and paleo droughts, with one notable exception, 
but indicate the possibility of much longer droughts, upwards of 40 to 60 years, and with one 
drought with a length of 81 years. 

6.6 Rio Grande Basin 

For the Rio Grande Basin, this report focuses on the Upper Rio Grande from the headwaters in 
the San Juan Mountains of southern Colorado to the Rio Grande at Caballo Reservoir in  
New Mexico. In the headwaters of the San Luis Valley of Colorado, the Conejos River joins the 
Rio Grande and the Rio Grande receives pumped groundwater from Reclamation’s Closed Basin 
Project. Additional major tributaries of the Rio Grande include the Rio Chama and the Jemez 
River. Imported water comes from tributaries of the San Juan River in Colorado to the  
Rio Chama by means of Reclamation’s San Juan-Chama Project, which constitutes a portion of 
New Mexico’s allocation under the 1922 Colorado River Compact. The entire amount imported 
from the San Juan system (historically about 90,000 acre-feet per year) must be consumed 
upstream of Elephant Butte Reservoir, as defined under the Rio Grande Compact  
(e.g., Littlefield, 1991). Reclamation maintains this water in a project pool at Heron Reservoir on 
the Rio Chama. The amount allocated and the timing of allocation depends on the available 
supply in Heron Reservoir. 

The Rio Grande serves as the primary source of water for agriculture throughout the Rio Grande 
Valley, as well as for municipal use by the major municipalities along the river corridor 
(including the cities of Albuquerque and Las Cruces, New Mexico; El Paso, Texas; and Ciudad 
Juarez, Mexico), and environmental and recreational uses in the States of Colorado,  
New Mexico, and Texas, as well as in Mexico. The basin also supports critical habitat for the 
federally endangered Southwestern Willow Flycatcher (Empidonax traillii extimus) and  
Rio Grande silvery minnow (Hybognathus amarus). Downstream of Elephant Butte Reservoir, 
the Rio Grande only flows during the Rio Grande Project’s irrigation water deliveries or in rare 
floods. In El Paso, Texas, water is diverted for required deliveries to Mexico. Streamflow 
supports river and reservoir recreation, as well as vital environmentally sensitive areas. 

The analysis of water supply risks related to drought events was performed by identifying 
notable historic drought events, as well as drought events in the paleo-reconstructed period, and 
comparing the managed system, under current operations and demands, with an observed 
historical baseline period. Two drought periods from the observed historical period were selected 
for analysis—the first lasting 6 years from 1950 to 1956 (Historical Drought 1), and the second 
lasting 4 years from 2011 to 2015 (Historical Drought 2). Analysis of managed streamflow and 
reservoir storage for these drought periods were compared with results for an overall historical 
baseline simulation period, in this case 1950 to 2015. Additionally, results were compared with 
those from paleohydrology scenarios, which are described in the next section. 
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 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Rio Grande River were informed by annual streamflow 
reconstructions at the Conejos River near Mogote, CO (USGS ID 08246500); Rio Grande near 
Del Norte, CO (USGS ID 8220000); and, Rio Grande at Otowi Bridge, NM (USGS ID 
08313000). Additional information including references for these reconstructions can be found in 
Chapter 2. These developed scenarios encompass the three most highly ranked drought events 
with the largest cumulative deficit. According to this drought definition, the largest drought 
occurred over a 14-year period from 1870 to 1883. The second largest drought occurred over a 
11-year period from 1772 to 1782. The third largest drought occurred over a 10-year period from 
1728 to 1737. 

 

 
Figure 132. Annual streamflow for the Rio Grande River at Otowi Bridge, NM showing droughts in the 
paleo-reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

Figure 132 shows the annual streamflow reconstruction for the Rio Grande at Otowi Bridge, 
New Mexico in black, with the historical naturalized streamflow over the observed historical 
period shown in blue. Drought events of interest are shaded and include the three “largest 
cumulative deficit” droughts from the paleo-reconstruction period, the 1950s drought and the 
2010s drought from the observed historical period. Streamflow at Otowi Bridge is presented 
because it is an integration of streamflow in the Upper Rio Grande headwater tributaries and 
representative of streamflow variability in the modeled region. Qualitatively, the three largest 
droughts in the paleo-reconstructed period were longer than the notable droughts in the observed 
period. Additionally, there were years with above average streamflow during drought events that 
did not meet the criteria to end the drought event. 
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Paleohydrology scenarios encompassing the five identified drought events were used to 
investigate impacts to reservoir storage in Elephant Butte Reservoir, as well as impacts to several 
other metrics that are important water supply indicators.  

 River Systems Model Overview 
Daily operations and long-term planning are performed using simulations by the Upper Rio 
Grande Water Operations Model (URGWOM) developed in RiverWare. URGWOM is the tool 
central to coordinated river management in the basin and its use and development is supported 
via a memorandum of understanding among the managing agencies, including Reclamation, the 
U.S. Army Corps of Engineers, and the New Mexico Interstate Stream Commission. URGWOM 
contains data from an observed historical period of January 1950 through December 2015. The 
model was used as the basis for analysis of impacts of drought events, including historical events 
that have occurred over the observed record, as well as reconstructed events based on tree-rings, 
termed paleohydrology scenarios. 

URGWOM is used to complete simulations based on policy for operations of all the facilities in 
the Rio Grande Basin from its headwaters in Colorado to Hudspeth County, Texas, and involves 
the use of complex accounting to track water specifically allocated for different water users. It 
applies the principals of mass conservation to simulate the physical processes of the hydrologic 
system. In addition, the URGWOM policy includes major legal constraints, such as reservoir and 
project authorization and the Rio Grande Compact. The primary purpose of URGWOM is to 
facilitate more efficient and effective accounting and management of water in the Upper Rio 
Grande Basin. However, URGWOM has been used for a variety of applications over the years, 
including accounting of native and trans-basin (San Juan-Chama Project) water in the system, 
daily operations according to the Annual Operating Plan, and long-term planning for specific 
projects, such as environmental or biological assessments, impact statements, and modified 
operations of specific elements (reservoir or project) of the system. 

For this analysis, the model was implemented by Reclamation’s Albuquerque Area Office in 
coordination with Technical Service Center staff who developed scenario inputs and performed 
analysis of model results. The model was run in Annual Operation Planning (AOP) mode, where 
URGWOM can be run in a flexible way to re-sequence historical data, if needed, as well as to 
vary the order of years. This AOP mode allows the use of the three sequences of years based on 
locations that TSC provided to be used in URGWOM. 

Initial reservoir conditions in the model were identical for each scenario simulation. Initial 
storage for each reservoir was computed as the median of 1974 to 2019 historical storage, except 
for Platoro Reservoir that began operating in 1983. To estimate water demand from Elephant 
Butte and Caballo Reservoirs, an approach was taken that relates demand to current reservoir 
storage, reservoir inflow, and Caballo Reservoir releases. 

 Water Resource Metrics 
In the Rio Grande Basin, storage at reservoirs such as El Vado and Heron on the Rio Chama, as 
well as Elephant Butte on the mainstem Rio Grande, provide insights to water supply reliability. 
Several metrics related to reservoir storage were selected to evaluate how these reservoirs are 
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impacted by drought events compared with an average historical baseline condition. The storage 
metrics evaluated for the Rio Grande are similar to storage metrics evaluated in other basins to 
inform a West-wide analysis of droughts and reservoir storage. One storage metric is the percent 
of years during a drought that storage reaches the top of active storage (in some cases full pool). 
Another storage metric is the percent of days over the drought duration that storage falls below 
the minimum conservation pool. Yet another storage metric is the average percent of capacity at 
the end of the water year (September 30). Again, this average is computed over each drought 
duration. 

Table 33 summarizes the metrics evaluated in the Rio Grande Basin. For Elephant Butte storage, 
URGWOM has dead pool storage of 2,000 acre-feet. However, water managers generally try to 
maintain minimum storage at 50,000 acre-feet. Therefore, 50,000 acre-feet is used as the 
minimum storage threshold for Elephant Butte Reservoir. Storage metrics for Elephant Butte 
Reservoir are discussed in this section. 

Table 33. Metrics for quantifying water supply reliability in the Rio Grande Basin 

Storage Metrics 

Percent of years during drought event that Elephant Butte Reservoir reaches top of 
active storage (2,010,900 acre-feet) 

Percent of days during drought event that Elephant Butte Reservoir falls below 
conservation pool (50,000 acre-feet) 

Average percent of capacity on September 30 at Elephant Butte Reservoir 

Other Metrics 

Average percent of days Middle Rio Grande Conservation District receives full demand 
(i.e., Cochiti Reservoir release is greater than or equal to Middle Rio Grande 
Conservation District demand) 

Average percent of days for which Article VII of the Rio Grande Compact between 
Colorado, New Mexico, and Texas (i.e., when Rio Grande Project storage water in 
Elephant Butte and Caballo Reservoirs is less than 400,000 acre-feet) is in effect 

Metrics listed in Table 33 in the “Other” category include additional metrics that are specific to 
the Rio Grande Basin. One such metric is the average percent of days the Middle Rio Grande 
Conservation District receives its full demand. To calculate this metric, if Cochiti Reservoir 
outflow is greater than or equal to Middle Rio Grande Conservation District demand on a given 
day (generally between March and October), then the full demand is met. 

Another metric is the average percent of days during a drought event that the Rio Grande 
Compact Article VII restrictions are in effect, which occurs if reservoir storage for the Rio 
Grande Project (simplified as the sum of Elephant Butte Reservoir storage and Caballo Reservoir 
storage) is less than 400,000 acre-feet. When Article VII restrictions are in place, upstream 
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States (Colorado and New Mexico) are not allowed to store native water in reservoirs 
constructed after 1929. 

Another important metric for water supply in the basin is whether contractors of San Juan-
Chama Project water in Heron Reservoir receive their full annual allocation, which totals 
96,200 acre-feet for all of the contractors. The metric is computed based on the available storage 
in Heron Reservoir plus the amount diverted from tributaries to the San Juan River. Results for 
this metric were evaluated in this report, but are not shown because, during the identified drought 
events in this analysis, there were not computed shortages. Interestingly, the results show that the 
configuration of the modeling experiment in terms of identified droughts and in terms of model 
initial conditions have a substantial impact on the results. Therefore, additional analysis is 
needed to fully investigate these impacts and may be seen as a useful next step for this work. 

 Summary 
Drought events from the observed historical period and the paleo-reconstruction period were 
selected to examine whether paleo droughts were more impactful than those from the observed 
period and from average historical conditions. If droughts were more severe in the paleo-
reconstructed period than the observed period, water managers may choose to make more 
conservative decisions with the additional understanding that water supplies may take longer to 
be replenished than previously thought. 

Figure 133 illustrates modeled daily storage at Elephant Butte Reservoir over select time periods 
that encompass selected drought events. Dashed lines indicate the minimum storage of 
50,000 acre-feet (based on agreement) and maximum active capacity of 2,010,900 acre-feet. It is 
notable that storage never reaches the top of active capacity in the drought event simulations. 
Storage does fall below the minimum storage target. 

 



West-Wide Climate and Hydrology Assessment 

273 

 
Figure 133. Daily modeled storage for Elephant Butte Reservoir for each drought event (panels). 

Note:  The solid horizontal line shows the top of active storage (2,010,900 acre-feet) and the dashed horizontal line shows the 
bottom of conservation pool storage (50,000 acre-feet by agreement). Drought events are shaded. 
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Figure 134 summarizes some aspects of the timeseries information presented in Figure 133. For 
the observed historical baseline period, Elephant Butte Reservoir reached top of active storage in 
only 1 year over the 1950 to 2015 period—in May 1987 (figure not shown). There were almost 
8 percent of days out of about 66 years of record where reservoir storage dipped below the 
agreed 50,000 acre-feet minimum. Interestingly, during the 1950s drought (Historical 
Drought 1), storage came close, but never fell below, the minimum while in other drought events 
the percent of days below the minimum was higher than the historical baseline (about 28 percent 
for Historical Drought 2; 15 percent for Paleo Drought 1; 10 percent for Paleo Drought 2; and 
4 percent for Paleo Drought 3). This metric appears to show that Historical Drought 2 was much 
worse compared with Paleo Drought 1; however, upon review of the timeseries of storage, both 
droughts have substantial impact on water supply with Paleo Drought 1 showing minimal storage 
lasting a decade or more. 

End-of-water-year storage at Elephant Butte Reservoir was 21 percent of capacity on average, 
which represents approximately one average year of inflow, over the observed historical baseline 
period. Generally, the irrigation districts served by the Rio Grande Project may not use their full 
surface water allocation in order to have reservoir storage available for the following year. In 
addition, the districts served by the Rio Grande Project also have access to groundwater, so they 
may use groundwater to make up for any needed surface water left in the reservoir. In 
comparison over the drought events, Historical Drought 1 (1950s) had about 9 percent of 
capacity on average; Historical Drought 2 (2010s) had about 3 percent of capacity on average; 
Paleo Drought 1 had 7 percent of capacity on average; Paleo Drought 2 had 5 percent of capacity 
on average; and Paleo Drought 3 had 8 percent of capacity on average. Therefore, the end-of-
water-year storage is lower in these historical and paleo drought simulations than it is, on 
average, in the historic baseline. 
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Figure 134. Elephant Butte Reservoir storage metrics showing mean baseline conditions (blue), historical 
droughts (gray), and paleo droughts (red, orange, and yellow). 

Figure 135 summarizes results of the drought analysis for metrics meaningful in the Upper Rio 
Grande Basin. Over the observed historical baseline period of 1950 to 2015, the model simulates 
that the basin is under Article VII restrictions 49 percent of the days. This increased to 70 percent 
over the 1950s drought (Historical Drought 1) and to 100 percent over the 2010s drought 
(Historical Drought 2). For the paleo droughts, the basin was generally in Article VII more 
often—84 percent of days over Paleo Drought 1; 92 percent of days over Paleo Drought 2; and 
76 percent of days over Paleo Drought 3. 

Over the observed historical baseline period, the average percent of days the Middle Rio Grande 
Conservation District received its full demand is 66 percent. For the historical droughts, this was 
similar or slightly lower—61 percent over the 1950s drought and 58 percent over the 2010s 
drought. Results were also slightly lower over the paleo droughts—52 percent over Paleo 
Drought 1; 52 percent also over Paleo Drought 2; and 51 percent over Paleo Drought 3. 
Generally, the drought events show slightly more days in shortage on average. 

Over the observed historical baseline period, the average percent of years the San Juan-Chama 
Project contractors received their full allocation was 88 percent. Interestingly, for all of the 
drought events (more recent historical droughts and paleo drought events), San-Juan Chama 
Project contractors did not have shortages. 
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Figure 135. Relevant Rio Grande Basin metrics showing mean baseline conditions (blue), historical 
droughts (gray), and paleo droughts (red, orange, and yellow). 

To explore how more recent historical and paleo drought events may be different from projected 
drought events via LOCA downscaled CMIP5 RCP4.5 and RCP8.5 hydrologic traces from  
2006 to 2099, average annual deficit by volume (acre-feet) and duration (length in years) are 
plotted for the drought events discussed in this section (drought events in the observed historical 
period and the paleo-reconstructed period), as well as for the largest cumulative deficit events for 
each projected hydrology trace. Figure 136 illustrates these events relative to each other. 

The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow at Rio Grande at Otowi Bridge and do not reflect 
water management effects. The figure illustrates that the paleo drought events were longer than 
the observed historical drought events of interest, but also encompass a similar range of severity 
(as represented by average annual deficit). However, future drought events may be longer and 
more severe than what has been either observed or reconstructed by tree-ring records of the 
distant past. 
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Figure 136. Drought length and average annual drought deficit for drought events at the Rio Grande at 
Otowi Bridge, NM. 

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

6.7 Sacramento and San Joaquin River Basins 

The Sacramento and San Joaquin Rivers are the two largest rivers in California. Together with 
the Central Valley Project (CVP) operated by Reclamation and California State Water Project 
operated by the State of California, they represent one of the most complex water management 
systems in the world. The Sacramento River originates in the Klamath Mountains in northern 
California and flows about 400 miles to its mouth at the Sacramento-San Joaquin Rivers Delta 
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(Delta). The San Joaquin River originates on the western slope of the Sierra Nevada Mountains 
and its tributaries drain a large portion of the Sierra Nevada Range. The CVP provides water for 
agriculture (on average 5,000,000 acre-feet), for municipal and industrial use (on average 
600,000 acre-feet), and for environmental purposes (on average 1,210,000 acre-feet). The 
California State Water Project provides municipal and industrial water use for more than  
23 million people. 

The analysis of water supply risks related to drought events was performed by identifying 
notable historic drought events, as well as drought events in the paleo-reconstructed period, and 
comparing the managed system, under current operations and demands, with an observed 
historical baseline period. Two drought periods from the observed historical period were selected 
for analysis—the first lasting 7 years from 1928 to 1934 (Historical Drought 1), and the second 
lasting 6 years from 1987 to 1992 (Historical Drought 2). A third drought, lasting from 2013 to 
2015 was of interest given its recent occurrence and the awareness of the general public to this 
drought; however, the management model simulation period did not allow for the inclusion of 
this drought in this study. Analysis of managed streamflow and reservoir storage for these 
drought periods were compared with results for an overall historical baseline simulation period, 
in this case 1922 to 2003. Additionally, results were compared with those from paleohydrology 
scenarios, which are described in the next section. 

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Sacramento and San Joaquin River Basins were developed 
using 11 streamflow reconstructions shown in Figure 3. Detailed results for four of these 
reconstructions—the Sacramento River at Bend Bridge, CA (USGS ID 11377100); the Feather 
River at Oroville, CA (USGS ID 11407000); the American River at Fair Oaks, CA (USGS ID 
11446500); and the San Joaquin River at Millerton, CA (USGS ID 11250100)—are presented 
below. These two reconstructions represent hydrology in close proximity to four of the key 
reservoirs in the Sacramento and San Joaquin River Basins—Shasta Reservoir, Oroville 
Reservoir, Folsom Reservoir, and Millerton Lake. Droughts from the observed historical period 
are the same for all four of these reconstructions; however, droughts from the paleohydrology 
period were identified for each reconstruction individually. Similar to identified drought events 
in other basins, the identification of drought is dependent on the reconstructions used and the 
drought definition applied, as discussed in Chapter 2. 
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Figure 137. Annual streamflow for the Sacramento River at Bend Bridge, CA showing droughts in the 
paleo-reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

 

 

 
Figure 138. Annual streamflow for the American River at Fair Oaks, CA showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 
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Figure 139. Annual streamflow for the Feather River at Oroville, CA showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

 

 
Figure 140. Annual streamflow for the San Joaquin River at Millerton, CA showing droughts in the paleo-
reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

These four reconstructions highlight how drought events impacting the Sacramento and  
San Joaquin River Basins often affect the entire region, and that there are also spatial differences 
in the drought events. Across the four reconstructions, the largest drought from the paleo-
reconstruction period (identified in Figure 137 to Figure 140 by the red shading) are the same, 
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lasting 8 years from 1776 to 1783. The second largest drought in the paleo-reconstruction period 
differs across reconstructions. Both the American River at Fair Oaks and the San Joaquin River 
at Millerton have droughts that begin in 1840; however, while the San Joaquin River drought 
only lasts for 7 years, until 1846, the American River drought extends 12 years to 1851.  

The second largest drought for the Feather River at Oroville begins earlier, in 1833, and overlaps 
with both the American River and San Joaquin River droughts, lasting 14 years until 1846. The 
Sacramento River at Bend Bridge also experiences a drought during this time, but it ranks as the 
third largest drought. By contrast, the second largest drought seen for the Sacramento River at 
Bend Bridge corresponds with the third largest drought seen for the American River and the 
Feather River, all beginning in 1753 and ending in 1765 or 1766. The third largest drought seen 
for the San Joaquin River is distinct from the other three reconstructions, beginning in 1793 and 
lasting 4 years to 1796. In presenting results, individual reservoirs use the paleo-reconstruction 
period droughts unique to the corresponding reconstruction location. Results for overall system 
metrics use the drought events for the Sacramento River at Bend Bridge. 

 River Systems Model Overview 
The managed river system within the Sacramento and San Joaquin River Basins, including the 
CVP and the California State Water Project, are modeled using the CalSim2 model. CalSim2 is 
built using the Water Resource Integrated Modeling System (WRIMS model engine, or 
WRIMS), a generalized water resources modeling system for evaluating operational alternatives 
for large, complex river basins. WRIMS integrates a simulation language for flexible operational 
criteria specification with a linear programming solver for efficient water allocation decisions. 
CalSim2 is a long-term planning model which simulates CVP and California State Water Project 
operations under a specified set of regulatory criteria. WRIMS and CalSim2 are products of joint 
development between the State of California Department of Water Resources and Reclamation 
(Close et al., 2003; Draper et al., 2004). The version of CalSim2 used for this study is an 
adaptation of the model used as the basis for the February 18, 2020, Record of Decision on Re-
initiation of Consultation on Coordinated Long-Term Operations of the CVP and the California 
State Water Project (Reclamation, 2020b). 

 Water Resource Metrics 
Results for the Sacramento and San Joaquin River Basins are presented to highlight four key 
reservoir locations—Shasta Reservoir, Oroville Reservoir, Folsom Reservoir, and  
Millerton Lake. These four reservoirs represent major storage facilities that support 
Reclamation’s CVP and the California State Water Project. Water Resources metrics related to 
reservoir storage are listed in Table 34. At Shasta Reservoir, a May 1 storage volume of  
4,100 thousand acre-feet is considered a threshold that can support Sacramento River 
temperature requirements through the summer, although numerous other conditions affect the 
accrual of cold water pool. End-of-September carryover has historically been as low as  
1,400 thousand acre-feet; both 1,900 thousand acre-feet and 2,200 thousand acre-feet have been 
key thresholds for desired carryover to promote subsequent year refill. At Folsom Reservoir, an 
end-of-December storage threshold of 230 thousand acre-feet is the assumption used in current 
operations under the American River Flow Management Standard. At Oroville Reservoir, 
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carryover threshold of 1,600 thousand acre-feet is used in calculating allocations to the 
California State Water Project. That said, end-of-year storage conditions can be lower than that, 
depending on California State Water Project obligations for meeting environmental and other 
regulatory criteria. 

In addition to storage metrics, the combined CVP and California State Water Project system is 
evaluated using two system metrics—total Delta outflow and total exports. These are also listed 
in Table 34. Total Delta outflow is a measure of freshwater flow from the Sacramento and San 
Joaquin Rivers into the Sacramento-San Joaquin Rivers Delta. Freshwater outflow is important 
in preserving habitat in the Delta, as well as preventing saline water intrusion upstream of the 
Delta. Total exports quantify the water supply provided by the CVP and California State Water 
Project to South-of-Delta delivery areas and demonstrate the range of project operations 
capabilities given regulatory export restrictions in the Delta. 

Table 34. Metrics for quantifying water supply reliability in the Sacramento and San Joaquin River Basins 

Storage Metrics 

Average percent of years during drought event above 4,100 thousand acre-feet in 
Shasta Reservoir on May 1 

Average percent of years during drought event above 1,900 thousand acre-feet in 
Shasta Reservoir on September 30 

Average percent of capacity in Shasta Reservoir at the end of the water year 
(September 30) 

Average percent of capacity in Millerton Lake at the end of the water year 
(September 30) 

Other Metrics 

Total Delta outflow in mean thousand acre-feet per year 

Total exports, the sum of exports from Banks and Jones Pumping Plants, in mean 
thousand acre-feet per year 



West-Wide Climate and Hydrology Assessment 

283 

 
Figure 141. Monthly modeled storage for Shasta Reservoir for each drought event (panels).  

Note:  The solid horizontal line shows the top of storage (4,552,000 acre-feet). Drought events are shaded. 
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Figure 142. Shasta Reservoir storage and metrics showing mean baseline conditions (blue), historical 
droughts (gray), and paleo droughts (red, orange, and yellow). 
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 Summary 

 Shasta Reservoir 

Shasta Reservoir is located at the north end of the Sacramento Valley along the mainstem of the 
Sacramento River. It is a major storage reservoir for Reclamation’s CVP. Figure 141 shows 
modeled storage in Shasta Reservoir for each drought event. The two historical drought events 
impact storage to a much greater extent than any of the three paleo droughts, with storage 
reaching their lowest levels in Historical Drought 1, lasting from 1928 to 1934. During this 
drought, the reservoir can refill to full pool in the first year of the drought, but then drops 
considerably over the subsequent years. It takes several years following the end of the drought 
before storage returns to full pool. In Historical Drought 2, storage also remains below full pool 
for multiple years, but sees a moderate recovery midway through the drought, and a rapid 
recovery following the end of the drought.  

By contrast, of the three paleo drought events, only Paleo Drought 1 shows storage remaining 
substantially below full pool for multiple years. The second half of Paleo Drought 1 and the 
other two paleo droughts show storages that are mostly able to recover to full pool or close to it 
each year. Figure 142 shows storage metrics for Shasta Reservoir and they reiterate that the two 
more recent historical droughts had a much larger impact on the reservoir than the three paleo 
droughts. However, Figure 141 illustrates that the paleo droughts, although perhaps less severe, 
lasted much longer. Two metrics for Shasta Reservoir are a May 1 storage volume of 
4,100 thousand acre-feet and 1,900 thousand acre-feet on September 30, at the end of the water 
year. Over the 1922 to 2003 baseline period, the May 1st 4,100 thousand-acre-foot threshold is 
achieved 67 percent of the time and the September 30 carryover of 1,900 thousand acre-feet is 
seen 62 percent of the time. During Historical Drought 1, the May 1 value is exceeded just  
14 percent of years over the drought, and the September 30 value is exceeded just 28 percent of 
years over the drought. Historical Drought 2 and Paleo Drought 1 show some decrease frequency 
of exceeding these thresholds, but, during the remaining two paleo droughts, these storage levels 
are seen with even greater frequency than over the baseline period.  

 Millerton Lake 

Millerton Lake impounds water from the Upper San Joaquin River, near the town of Friant, 
California. It supplies water to the Friant Division of the CVP and regulates streamflow releases 
for San Joaquin River restoration. 
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Figure 143. Monthly modeled storage for Millerton Lake for each drought event (panels).  

Note:  The solid horizontal line shows the top of storage (520,500 acre-feet). Drought events are shaded. 
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Millerton Lake storage exhibits similar impacts to Shasta Reservoir storage (Figure 143) where 
the two most impactful droughts appear to be the two historical droughts. During these events, 
storage drops substantially and remains well below full pool for multiple years. While the three 
paleo drought events show storages below full pool, there is moderate recovery year-to-year 
through the drought, with storages rebounding to full pool or close to full pool fairly often. 
Millerton Lake does not have explicit storage targets, so storage was only examined using 
September 30 or end-of-water-year storage percent, as shown in Figure 144. Over the 1922 to 
2003 baseline period, Millerton Lake was at 42 percent of capacity. All drought events appear to 
have similar impacts and percent capacity ranges between 33 and 35 percent. While informative, 
the monthly timeseries of storage shown in Figure 143 provides a clearer picture of the impact of 
drought on Millerton Lake. 

 
Figure 144. Millerton Lake storage metric showing mean baseline conditions (blue), historical droughts 
(gray), and paleo droughts (red, orange, and yellow). 
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 Delta Outflow and Total Exports 

 
Figure 145. Key metrics of Reclamation’s Central Valley Project and California’s State Water Project 
showing mean annual total Sacramento-San Joaquin Rivers Delta outflow (in thousand acre-feet) and 
mean annual total exports for baseline conditions (blue) against historical droughts (gray) and paleo 
droughts (red, orange, and yellow). 

To examine the impact of drought on the entire Sacramento and San Joaquin River Basins, and 
the interconnected CVP and California State Water Project systems, two metrics were selected. 
Total Delta Outflow is a measure of the water exiting the river basins and entering the 
Sacramento-San Joaquin Rivers Delta. Delta outflow of freshwater from the Sacramento River 
and San Joaquin River are critical to the maintenance of habitat and wildlife within the Delta, 
and also provide a buffer against the intrusion of saline water into the river basins. Total Exports 
is a sum of water pumped by the Jones Pumping Plant and Banks Pumping Plant, supplying 
water into the CVP and California State Water Project systems.  

Figure 145 shows these two metrics including their average conditions over the 1922 to  
2003 baseline period and over each of the drought events. Over the baseline period, Total Delta 
Outflow averaged 15,600,000 acre-feet per year. This drops to only 6,900,000 acre-feet per year 
for Historical Drought 1 and 6,100,000 acre-feet per year for Historical Drought 2. For the most 
impactful paleo drought, Paleo Drought 1, Total Delta Outflow averaged 7,900,000 acre-feet per 
year. While these results show that the two historical droughts were still more impactful with 
respect to Delta outflow than any of the paleo droughts, Paleo Drought 1 appears to impact the 
overall system in a greater way than it does just on Shasta Reservoir.  

Over the baseline period, Total Exports averaged 5,200,000 acre-feet per year. Historical 
Drought 1 and Historical Drought 2 reduce these exports on average to 3,600,000 acre-feet and 
3,200,000 acre-feet, respectively. Paleo Drought 1 also reduces exports to 4,300,000 acre-feet on 
average. It is interesting to note that, for both Total Delta Outflow and Total Exports, Historical 
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Drought 2, which lasted from 1987 to 1992, saw greater reductions in both metrics than 
Historical Drought 1. This is in contrast to the results presented above which show that Historical 
Drought 1 had a much greater impact on Shasta Reservoir than Historical Drought 2. 

 Future Drought 

To explore how projected future events compare against more recent historical and paleo drought 
events, droughts were identified for each projection using the LOCA downscaled CMIP5 
RCP4.5 and RCP8.5 hydrologic traces from 2006 to 2099. The largest drought for each 
projection was identified using the largest cumulative deficit measure used to identify paleo 
drought events. Figure 146 and Figure 147 show these projected future droughts against paleo 
droughts and historical droughts by plotting average annual deficit by volume (acre-feet) against 
duration (length in years). 

 
Figure 146. Drought length and average annual drought deficit for drought events at the Sacramento 
River at Bend Bridge, CA. 

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 
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The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow and do not reflect the impact of management for 
either the Sacramento River at Bend Bridge or the San Joaquin River at Millerton. Figure 146, 
showing events for the Sacramento River at Bend Bridge, reaffirms that the two historical 
droughts examined in this study were more severe, as measured by average annual deficit, than 
the three paleo droughts examined.  

The future projected droughts indicate the possibility of more severe, but shorter, droughts, as 
well as droughts of equal severity to the historical droughts, but lasting as long as 18 years. They 
also indicate the possibility of droughts equal in severity to the largest paleo drought, but lasting 
as long as 30 years. Figure 147, showing events for the San Joaquin River at Millerton, has 
similar findings. Here, the future projected droughts could be of equal to greater severity than the 
historical droughts, but lasting as long as 19 years. Some projections also indicate the possibility 
of long-duration (over 30 years), but mild-severity droughts.  
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Figure 147. Drought length and average annual drought deficit for drought events at the San Joaquin 
River at Millerton, CA. 

Note: Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

6.8 Truckee and Carson River Basins 

The Truckee and Carson River Basins support natural ecosystems and are a vital water source for 
more than 400,000 people. Tributaries high in the Sierra Nevada Mountains of California flow 
into Lake Tahoe, which is the source of the Truckee River. From its outlet at Lake Tahoe Dam, 
the Truckee River gains additional streamflow from several tributaries including Martis Creek, 
Prosser Creek, and the Little Truckee River in California, and Steamboat Creek in Nevada. This 
streamflow is an important source of municipal, agricultural, and environmental water for 
inhabitants of the Truckee River Basin, as well as the neighboring Carson River basin where 
some Truckee River streamflow is diverted via the Truckee Canal to support the Newlands 
Project, Stillwater National Wildlife Refuge, and the Fallon Paiute-Shoshone Indian Reservation 
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and Community. Remaining streamflow enters the Pyramid Lake Paiute Indian Reservation and 
discharges into Pyramid Lake where two endangered endemic fish species, cui-ui (Chasmistes 
cujus) and the Lahontan Cutthroat Trout (Oncorhynchus clarkii henshawi), are found and the 
Anaho Island National Wildlife Refuge provides breeding habitat for pelicans. Pyramid Lake is 
the terminal point of the Truckee River. The lake and its water elevation reflect the balance 
among the availability of water supplies, the high rate of evaporative losses experienced in the 
basin, and diversions to meet human demand.  

While the greater portion of the Truckee and Carson River Basins and most of the corresponding 
demands for water resources lie in Nevada, most of the precipitation and virtually all of the water 
storage from the Truckee and Carson River Basins lies in California. 

The analysis of water supply risks related to drought events was performed by identifying 
notable historical drought events, as well as drought events in the paleo-reconstructed period, 
and comparing the managed system, under current operations and demands, with an observed 
historical baseline period. Two drought periods from the observed historical period were selected 
for analysis—the first lasting 14 years from 1923 to 1936 (Historical Drought 1), and the second 
lasting 5 years from 2012 to 2016 (Historical Drought 2). Analysis of managed streamflow and 
reservoir storage for these drought periods were compared with results for an overall historical 
baseline simulation period, in this case 1901 to 2017. Additionally, results were compared with 
those from paleohydrology scenarios, which are described in the next section. 

 Paleohydrology Scenario Development 
Paleohydrology scenarios for the Truckee and Carson Rivers were developed using the annual 
streamflow reconstruction for the Carson River near Fort Churchill, NV (USGS ID 10312000). 
Additional information including references for these reconstructions can be found in Chapter 2. 
These developed scenarios encompass the three most highly ranked drought events with the 
largest cumulative deficit. According to this definition, the largest drought occurred over an 
11-year period from 1841 to 1851. The second largest drought occurred over an 8-year period 
from 1776 to 1783. The third largest drought occurred over a 10-year period from 1856 to 1865. 
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Figure 148. Annual streamflow for the Carson River near Fort Churchill, NV showing droughts in the 
paleo-reconstructed and observed historical periods. 

Note:  Paleo-reconstructed streamflow is in black and historical streamflow is in blue. The horizontal line shows long-term median 
streamflow. Drought events are shaded (red, orange, and yellow for Paleo Droughts 1, 2, and 3, respectively, and gray for historical 
droughts). 

cfs = cubic feet per second 

Figure 148 shows the annual streamflow reconstruction for the Carson River near Fort Churchill, 
NV in black, with the historical naturalized (i.e., unimpaired) streamflow over the observed 
historical period shown in blue. Drought events of interest are shaded and include the three 
“largest cumulative deficit” droughts from the paleo-reconstruction period, and the 1920s 
drought and the 2010s drought from the observed historical period. Qualitatively, Historical 
Drought 1 (1923 to 1936 shaded in grey) was longer than any of the three largest droughts in the 
paleo-reconstructed period (as defined by the largest cumulative deficit). Additionally, only 
during Paleo Drought 3 (shaded in yellow) was there a substantial wet year during the drought 
event. Paleohydrology scenarios encompassing the five identified drought events were used to 
investigate impacts to reservoir storage in Lake Tahoe, Lahontan Reservoir, and Stampede 
Reservoir, as well as impacts to several other metrics that are important water supply indicators. 

 River Systems Model Overview 
The Truckee River Operating Agreement, signed in 2008 (Reclamation, 2008) and implemented 
in December 2015, is an agreement developed by Federal, State, Tribal, and local agencies and 
organizations, and required by Public Law 101-618, for operation of the Truckee and Carson 
River Basins. The Truckee River Operating Agreement creates flexibility in water use and 
storage while ensuring that existing water rights are served, and flood control and dam safety 
requirements are met. Principally, the Truckee River Operating Agreement provides for more 
effective coordination of reservoir operations on the Truckee River. As such, the agreement 
allows for more stable water supply for Reno, Sparks, and Washoe County, Nevada; enhances 
streamflow in the Truckee River below Derby Dam for threatened and endangered fish species; 
and improves water quality. 
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Truckee River Operating Agreement operations is a complex blend of legal requirements and 
stakeholder input to determine Truckee River operational needs. To aid in the process, the 
Truckee River Operating Agreement Operations Model (TROA Operations Model) was 
collaboratively built in RiverWare to guide daily operations. The model contains the Truckee 
River Operating Agreement governing regulations and allows stakeholders to provide input into 
how they would like to manage their water. The operations model is managed by the Truckee 
River Operating Agreement administrator and is regularly updated to meet operational needs. 
Along with the operations model, Reclamation’s Lahontan Basin Area Office manages a 
collaboratively developed TROA Planning Model. The TROA Planning Model is logic-driven 
and simulates Truckee River and Carson River operations over the last 117-year period (1901 to 
2017). The planning model is regularly used by stakeholders to complete long-term studies  
(e.g., Safety of Dams studies, water supply studies, and drought contingency planning). 

With assistance from the Lahontan Basin Area Office, Technical Service Center staff developed 
scenario inputs, implemented the model, and performed analysis of model results for this report. 
Initial conditions in the model were identical for each scenario simulation and were set at water 
year 2018 levels, as recommended by the Lahontan Basin Area Office. Similarly, demands were 
set at 2018 levels and remained the same for each year throughout the runs. 

 Water Resource Metrics 
In the Truckee and Carson River Basins, storage at reservoirs such as Lake Tahoe, Lahontan, and 
Stampede provide insights into water supply reliability. Several metrics related to reservoir 
storage were selected to evaluate how these reservoirs are impacted by drought events compared 
with an average historical baseline condition from 1901 to 2017. The storage metrics evaluated 
for the Truckee and Carson River Basins are similar to storage metrics evaluated in other basins 
to inform a West-wide analysis of droughts and reservoir storage. One storage metric is the 
percent of years during a drought that storage reaches an identified upper storage target. For 
Lahontan, that is the current end-of-month storage objective (LSOCM) for June. For Tahoe, that 
is the legal filling limit. 

Another storage metric is the percent of days over the drought duration that storage falls below 
the minimum storage. In the case of Tahoe, this is the rim of the natural lake. Yet another storage 
metric is the average percent of capacity at the end of the water year (September 30). In the case 
of Tahoe, a more meaningful target is the percent of capacity on April 1, when allocations are 
set. These averages are computed over the drought duration. Table 35 summarizes the metrics 
evaluated in the Truckee and Carson River Basins. 
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Table 35. Metrics for quantifying water supply reliability in the Truckee and Carson River Basins 

Storage Metrics 

Percent of years during drought event that Lahontan Reservoir reaches the end-of-
June storage objective (LSOCM) 

Pool Elevation Metrics 

Average percent of years during drought event that Lake Tahoe reaches the legal filling 
limit (6,229.2 feet) 

Average percent of days during drought event that Lake Tahoe falls below the rim of 
the lake (6,223 feet) 

Flow Metrics 

Average percent of days during flood event that the Truckee River at Reno streamflow 
is above 5,500 cfs daily average (recognizing 6,000 cfs instantaneous maximum) 

Other Metrics 

Average percent of days Floriston Rates are met (400 cfs November through March; 
500 cfs April through October) 

Average percent of days over the drought duration that Carson Division of the 
Newlands Project demand is met 

Metrics listed in Table 35 in the “Other” category include additional metrics that are specific to 
the Truckee and Carson River Basins. One such metric is the average number of days during a 
drought that the Floriston Rates are met. This is a top operational priority in the basin. This rate 
is a designated flow rate required to flow past Floriston, California, on a daily basis. The target 
rate is typically 400 cfs from November through March and 500 cfs from April through October. 
The Floriston Rate can be reduced based upon the designated drought status of the basin 
determined on April 1 or April 15 using the Lake Tahoe elevation and predicted inflow. Another 
important metric is the average number of days during a drought that the Carson Division of the 
Newlands Project has a shortage (i.e., does not receive its full allocation). 

 Summary 

Drought events from the observed historical period and the paleo-reconstruction period were 
selected to examine whether paleo droughts were more impactful than those from the observed 
period and from average historical conditions. If droughts were more severe in the paleo-
reconstructed period than the observed historical period, water managers may choose to make 
more conservative decisions with the additional understanding that water supplies may take 
longer to be replenished than previously thought. 
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Figure 149 illustrates modeled daily storage over select time periods that encompass selected 
drought events. The shaded regions in the figure illustrate the difference between actual storage 
and the top of conservation pool. However, for Lahontan Reservoir, the more important metric is 
whether LSOCM end-of-month targets are met, particularly at the end of June when storage is 
typically at its highest to provide the season’s irrigation water supply. Periods during which the 
dark blue dashed line are above the solid black line are indicative of not meeting the monthly 
storage target. 

 
Figure 149. Daily modeled storage for Lahontan Reservoir for each drought event (panels).  

Note:  The horizontal lines show the top of active storage (dashed, upper at 286,978 acre-feet) and bottom of conservation pool 
(dashed, bottom at 4,000 acre-feet) storages. The dark blue dashed line indicates the end-of-month storage target, LSOCM. Drought 
events are shaded. 
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Figure 150 summarizes what is difficult to visualize in Figure 149. For the observed historical 
baseline period, storage in Lahontan Reservoir met the end-of-June storage target (LSOCM) in 
40 percent of years over the 1901 to 2017 period. Over Historical Drought 1 (1923 to 1936), the 
reservoir met this target only 1 year of the 14-year drought (or 7 percent). Over Historical 
Drought 2 (2012 to 2016), the reservoir never met the end-of-June target. Over the three largest 
paleo droughts, the reservoir met this end-of-June target 27 percent, 13 percent, and 20 percent 
of years, respectively, for Paleo Drought 1 (3 out of 11 years), Paleo Drought 2 (1 out of 
8 years), and Paleo Drought 3 (2 out of 10 years). 

Over the instrumental historical baseline period, Lahontan Reservoir end-of-water-year storage 
(on September 30) was about 34 percent of active capacity on average. For the drought periods, 
the average percentage of capacity was lower, around 12 percent and 8 percent for Historical 
Drought 1 and Historical Drought 2, and 20 percent, 16 percent, and 25 percent, respectively, for 
Paleo Droughts 1 through 3. Lahontan Reservoir has the capacity to hold approximately 1 year of 
inflow volume. 

Collectively, these results indicate the droughts identified over the observed historical period, 
using the drought definition described in Chapter 2, were as severe as or more severe than the 
largest paleo droughts in terms of their impact on Lahontan Reservoir storage.  

 
Figure 150. Lahontan Reservoir storage and downstream streamflow metrics showing mean baseline 
conditions (blue), historical droughts (gray), and paleo droughts (red, orange, and yellow). 



Water Supply Reliability Assessment 
 

298 

Important metrics for evaluating water supply risk with respect to Lake Tahoe include lake 
storage between the original natural lake level and the legal filling limit of the overlying 
reservoir. In addition, allocations from Lake Tahoe are set on April 1, so storage at that time is 
also an important metric for seasonal water supply. Figure 151 illustrates daily Lake Tahoe 
storage over the same drought events (in the observed historical period and paleo-reconstructed 
period) reported on for Lahontan Reservoir. Over Historical Drought 1 (1923 to 1936), Lake 
Tahoe pool elevation generally decreased over the drought duration and even dipped below the 
rim of the natural lake. Storage cannot be released below the rim of the natural lake (6,223 feet); 
therefore, the reduction in pool elevation below this level is likely due to lake evaporation over 
the course of the drought event. The lake was not reduced to elevation much below the rim of the 
natural lake during Historical Drought 2; however, the drought duration was also much shorter  
(5 years as opposed to 14 years). Over Paleo Droughts 1, 2, and 3, the lake also dipped below the 
natural rim, likely due to lake evaporation. After Paleo Drought 2, it took about 7 years for the 
lake to return to elevations in the operable range (6,223 to 6,229.2 feet). 
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Figure 151. Daily modeled pool elevation for Lake Tahoe for each drought event (panels). 

Note:  The horizontal lines show the legal filling limit (upper) and natural lake rim (bottom) storages. Drought events are shaded. 

Figure 152 summarizes metrics illustrative of the progression of Lake Tahoe pool elevation 
shown in Figure 150. Over the instrumental historical baseline period, Lake Tahoe filled to its 
legal limit 36 percent of years between 1901 and 2017. Over the course of the 14-year Historical 
Drought 1, it refilled in one of those years. Over the course of the 5-year Historical Drought 2, it 
did not refill to the legal limit. Over Paleo Droughts 1, 2, and 3, it refilled once over each 
drought and, in each case, this was in the first year after the start of the drought. 



Water Supply Reliability Assessment 
 

300 

The upper right panel of Figure 152 illustrates the percent of days, on average, the lake dipped 
below the natural elevation of the lake (i.e., the rim). Over the 117-year observed historical 
period, this occurred about 9 percent of days. Over the 14-year Historical Drought 1, this 
occurred about 61 percent of days and over the 5-year Historical Drought 2, this occurred about 
16 percent of days. Over the paleo-reconstruction period droughts (1, 2, and 3), this occurred 
53 percent, 57 percent, and 23 percent of days, respectively, over the course of these drought 
events. This result highlights the likelihood of lake evaporation being a larger factor in the loss 
of water supply in the future. 

 
Figure 152. Lake Tahoe pool elevation metrics showing mean baseline conditions (blue), historical 
droughts (gray), and paleo droughts (red, orange, and yellow). 
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April 1 pool elevation is an important metric for seasonal water supply. On average, the  
April 1 pool elevation of the lake was 6,226 feet as simulated by the Truckee River Operating 
Agreement model from 1901 to 2017 water years. Over the course of Historical Droughts 1 and 
2, the average April 1 pool elevation is 6,221 feet and 6,225 feet, respectively, over the course of 
these droughts (14 years and 5 years in duration). Over the course of Paleo Drought 1 and Paleo 
Drought 2, the average April 1 pool elevation is similarly about 6,223 feet. For Paleo Drought 3, 
the average April 1 pool elevation is 6,225 feet. 

Additional metrics considered for the Truckee and Carson River Basins include the percent of 
days Floriston Rates are met and the average frequency of Carson Division water demand of the 
Newlands Project (CDD) being fully met (computed as a percent of days during the drought). 
Over the instrumental historical baseline period, Floriston Rates are met 83 percent of days and 
the average percent of days that CDD is met is about 93 percent. 

 
Figure 153. Relevant metrics for the Truckee and Carson River Basins showing mean baseline conditions 
(blue), historical droughts (gray), and paleo droughts (red, orange, and yellow). 

By contrast, the average percent of days the Floriston Rates are met is much lower over the 
14-year Historical Drought 1 (about 38 percent), while over Paleo Drought 3, the percent of days 
is about 74 percent. The percent of days CDD demand is met is not substantially reduced under 
any of the drought scenarios; however, Historical Drought 2 seemed to impact the frequency of 
meeting CDD demand the most. 
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Figure 154. Drought length and average annual drought deficit for drought events at the Carson River 
near Fort Churchill, NV.  

Note:  Circles represent historical droughts, diamonds represent paleo droughts, and triangles represent the largest drought from 
each projection in the LOCA dataset for RCP4.5 and RCP8.5. 

To explore how more recent historical and paleo drought events may be different from projected 
drought events via LOCA downscaled CMIP5 RCP4.5 and RCP8.5 hydrologic traces from  
2006 to 2099, average annual deficit by volume (acre-feet) and duration (length in years) are 
plotted for the drought events discussed in this section (drought events in the observed historical 
period and the paleo-reconstructed period), as well as for the largest cumulative deficit events for 
each projected hydrology trace. Figure 154 illustrates these events relative to each other. 

The grey circles represent notable droughts in the instrumental record identified by 
Reclamation’s regional partners. The colored diamonds represent the three largest paleo drought 
events. The green triangles represent the drought events for each future hydrologic projection. 
These droughts are based on natural streamflow at Carson River near Fort Churchill and do not 
reflect water management effects. The figure illustrates that the historical drought events are 
among the longest and most severe events when compared with the events from the paleo-
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reconstruction period (as represented by average annual deficit). However, the future drought 
events that were identified as having the largest cumulative deficit could be longer, but probably 
not more severe, than historical drought events. 

 Analysis of Flood Events – Case Study for the Truckee and Carson River 
Basins 

In the Truckee and Carson River Basins, flooding is an important consideration, particularly due 
to the combined effects of atmospheric river precipitation events as well as snowpack storage. A 
maximum streamflow target of 5,500 cfs daily average exists for the Truckee River at Reno, 
Nevada (USGS ID 10348000). Historical flood events occurred in 1928, 1983, 1997, and 2017. 
Figure 155 shows daily modeled streamflow for the Truckee River at Reno, NV for these four 
historical flood events, as well as for 3 years in the paleo record that also experienced flood 
events. 
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Figure 155. Modeled daily streamflow for the Truckee River at Reno, NV for identified flood events. 

Note:  Streamflow during four historical years that experienced flood events (top 4 panels) are shown in gray. Three paleo years with 
flood events (bottom three panels) are shown in red, orange, and yellow. 
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The observed historical baseline simulation period resulted in few days with streamflow in the 
Truckee River at Reno above the maximum flood threshold. Notable flood events are illustrated 
in the figure as well to highlight specific flood years. However, the percent of flood days over 
the course of the 117-year observed historical period is very low. 

 
Figure 156. Average exceedance above Flood Action Flows at Boise River at Truckee River at Reno, NV for 
identified flood events. 

Note:  Average exceedance computed for the baseline period is shown in blue (if values are greater than zero). Those computed for 
four historical years are shown in gray and the three paleo years are shown red, orange, and yellow (if values are greater than zero). 

6.9 Key Findings 

This report has provided a comprehensive evaluation of the implication of drought events on the 
management of water across Reclamation’s operational domain. This work has allowed for 
collaboration with the country’s experts in dendrochronology and paleohydrology. In addition, it 
has facilitated the compilation of a vast database of paleo-reconstructed streamflow data. Use of 
paleohydrology information to inform water management is not new, but this Water Supply 
Reliability Assessment has provided the opportunity to perform a consistent set of modeling 
experiments across the eight major Reclamation river basins and explore the impacts of observed  
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historical droughts and droughts of the distant past on river systems. This work has allowed 
exploration of the question: How might a river basin respond if the same droughts were to occur 
today under current operating policies and water demands? 

 Hydrologic Variability Across the West 
The use of paleohydrology scenarios allows for an examination of conditions within each river 
basin in the more distant past as compared to the observed historical period. This analysis can 
put more recent basin conditions in a broader historical context and identify whether these more 
recent conditions were particularly dry or wet, and whether the basin experienced more or less 
hydrologic variability than the more distant past.  

In both the Boise River basin and the Klamath River Basin, the observed historical period 
appears wetter overall than the paleo-reconstructed period and appears to have more variability. 
The Colorado River Basin experienced more variability, though wetter conditions, in the paleo-
reconstructed period. Previous studies investigating the Colorado River Basin using 
reconstructions extending further back in time do show drier periods in the more distant past. 
The period known as the Medieval Climate Anomaly (~800 to 1400 across the West) was 
defined by both more severe and sustained droughts and pluvial events than what is known as the 
Little Ice Age period (1500 to 1850). Our analysis timeframe falls within the Little Ice Age, so 
we are not testing the most severe recorded paleo droughts in any of these records. That said, we 
are relating recent historical droughts to the period over which the paleohydrology data 
(streamflow and PDSI) are highest quality. In the Rio Grande Basin, streamflow variability in the 
paleo-reconstructed period is similar to the observed historical period, with slightly more 
persistent periods of low streamflow than is seen in the more recent past. The Sacramento and 
San Joaquin River Basins show slightly more streamflow variability in the observed historical 
period compared with the paleo-reconstructed period and more persistent periods of low 
streamflow more recently. Though there are some regional differences, the multiple 
reconstruction locations examined in this basin indicate similar behavior. The Truckee River 
Basin shows slightly higher variability in observed historical period, comparable to the 
Sacramento and San Joaquin River Basins. 

 Drought Events 
Through this analysis, notable drought events in the observed historical period were identified by 
water managers for each basin. Droughts in the more distant past were identified using the paleo-
reconstructed streamflow data for each basin. In the observed historical period, some droughts 
have broader regional impacts that extend across river basins. This includes the 1930s drought, 
which was substantial in every basin modeled, with slightly varying years, except for the Rio 
Grande Basin. In the late 1980s to early 1990s, the northern and coastal regions of the Western 
United States also experienced drought, including the Upper Missouri River Basin, the Boise 
River basin, the Klamath River Basin, and the Sacramento and San Joaquin River Basins. 
Similarly, in the late 2000s, the Southwestern United States, including the Colorado River Basin, 
Rio Grande Basin, and Truckee River Basin, also experienced drought. 
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The severity of droughts in the paleo-reconstructed period as compared to the observed historical 
period varied from basin to basin. In the Boise River basin, paleo droughts were both longer and 
more severe than historical droughts. This was the only basin where this behavior was seen. In 
the Upper Missouri River Basin, Rio Grande Basin, and Truckee and Carson River Basins, paleo 
droughts were comparable to historical droughts in their length and severity. The Klamath River 
Basin was mixed, where the 1930s historical drought was the most impactful, but the three paleo 
droughts then exceeded the remaining historical droughts in both length and severity. In both the 
Colorado River Basin and Sacramento and San Joaquin River Basins, historical droughts were 
both longer and more severe than the paleo droughts. As has been mentioned, in the Colorado 
River Basin and across the West, there are longer and more severe droughts that occur outside 
the 1685 to 1977 West-wide common reconstruction period.  

Examining the droughts in the paleo-reconstructed period, similar regional patterns exist as those 
discussed in the observed historical period. Across the greater Pacific Northwest region, 
including the Boise River basin, Klamath River Basin, and Upper Missouri River Basin, the 
1730s appear to be a substantial drought period. Similarly, the 1840s and 1850s saw droughts 
across the Sacramento and San Joaquin, Truckee, Colorado, Klamath, and Upper Missouri River 
Basins. 

It is interesting to note that while there are drought periods that have impacted a majority of the 
Western United States in both the paleo period and the historical period, the impact to local basin 
conditions has varied, as has the severity of paleo droughts relative to historical droughts.  

 Water Management Impacts of Drought Events 
The relative effect of drought on water management in each of the basins for droughts in the 
paleo-reconstructed period relative to the observed historical period generally reflect the severity 
of the drought as viewed from its impact to streamflow. Compared to historical droughts, the 
Boise River basin was more impacted by paleo droughts, with these droughts showing a greater 
impact to streamflow in the Boise River than during any of the historical droughts. This is also 
seen when looking at reservoirs along the Boise River. Anderson Ranch Reservoir has difficulty 
refilling during two of the three paleo droughts examined, with reservoir storage remaining at 
critically low levels for multiple years in a row. These droughts have a similar impact on storage 
in Lucky Peak Reservoir, with storage remaining low for multiple years in a row, and even 
falling close to empty for several years on one of the events. For these two reservoirs there are no 
historical droughts that impact reservoir storage to the same extent. 

For Lake Powell, pool elevation thresholds at 3,575 feet (below which Lake Powell enters into 
the Mid-Elevation Release Tier) and elevation 3,490 feet (below which Lake Powell enters into 
the Lower Elevation Balancing Tier) are important for management under the 2007 Interim 
Guidelines which manage the Colorado River system during drought. During Historical 
Drought 2, Lake Powell elevation fell below the lower minimum threshold early in the drought, 
recovered and remained close to the upper minimum threshold, and then fell below the lower 
minimum threshold again at the end of the drought. The paleo droughts considered showed  
Lake Powell falling below the lower minimum threshold for a longer period of time than the  
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historical droughts, but then refilling faster than this drought. According to the simulations, the 
three paleo droughts are impactful, but relatively short-lived relative to the historical droughts. It 
is important to note that in the Colorado River system, as well as others across the West, 
droughts prior to 1685 (which is the beginning of the paleo-reconstructed period used in this 
report) did rank as some of the most severe droughts, if not the most severe, ever recorded. 

For Lake Mead, 1,025-foot pool elevation is important because below this elevation Lake Mead 
is in a shortage condition where deliveries to Lower Division States are reduced to 7.0 million 
acre-feet. The 1,000-foot elevation is important for management because, below this elevation, 
drinking water supply can no longer be conveyed to Las Vegas, Nevada. Historical Drought 2 
shows Lake Mead elevation remaining between these low elevation thresholds, while pool 
elevation generally fared better in paleo drought event years. The 12-year paleo drought from 
1772 to 1783 shows greater impacts, with lake elevation dropping below the 1,000-foot threshold 
for several years before recovering following the end of the drought. Interestingly for Lake Mead 
and Lake Powell, while the pool elevation thresholds show greater impacts to the Colorado River 
Basin during the paleo droughts, average reservoir releases show greater impacts during 
observed historical droughts. 

In the Klamath River Basin, the extended drought in the first half of the 1900s remains the most 
impactful drought when looking at historical and paleo droughts considered in this report. It is 
only during this event, and the top ranked paleo drought, that Upper Klamath Lake fails to refill 
for multiple years in a row. Upper Klamath Lake levels are highly constrained by the current 
Biological Opinion. The lake must maintain a minimum elevation for endangered Lost River and 
shortnose suckers and maintain storage for fall Klamath River flows to support threatened 
Klamath River coho salmon. These minimum elevations somewhat buffer the impact of droughts 
on Upper Klamath Lake storage, but impact irrigators substantially, as illustrated by impacts to 
seasonal Klamath Project supply. It is interesting that the 2000s historical drought event 
(Historical Drought 3) did not result in greater impact to Klamath Project supply according to the 
river systems model simulations. 

The managed Upper Missouri River Basin is resilient to drought, particularly Canyon Ferry 
Reservoir, because of unallocated storage that can provide a buffer against water demand. 
Results show that over the 1950 to 1999 observed historical baseline period, the reservoir refilled 
to the top of joint-use storage in 47 out of 50 years. There is only a slightly greater impact on 
Canyon Ferry Reservoir storage under paleo drought events. Other Reclamation Projects in the 
basin, including the Sun River Project and the East Bench Unit of the Pick-Sloan Missouri Basin 
Program, are more impacted by drought, particularly the Sun River Project. Water users in these 
two basins both experience shortages during historical and paleo drought events. The top ranked 
paleo drought impacts water users in both Projects more than any historical drought, though to a 
similar degree.  

In the Rio Grande Basin, it appears that the largest cumulative deficit drought events in the 
paleo-reconstruction period similarly impacted water supply metrics, such as the average percent 
of days Article VII restrictions of the Rio Grande Project are in place and the average percent of 
days the Middle Rio Grande Conservation District receives its full demand, as the observed  
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historical drought events. However, Historical Drought 2 (2011 to 2015) appears to have the 
largest impact on average for Article VII restrictions. Also, individual reservoirs, such as 
Elephant Butte Reservoir, were similarly impacted by the largest paleo drought event and by 
observed historical droughts in terms of end-of-water-year storage deficits, but the 2011 to  
2015 drought appears among the most impactful. It is notable that storage in Elephant Butte 
Reservoir reached the top of active capacity in the observed historical period only once, in May 
1987. Over the entire simulated paleo-reconstructed period, the reservoir never reaches this level. 
Due to the capacity of the reservoir relative to streamflow in the Rio Grande, drought has less of 
an impact on the reservoir when storage is already low, but can reduce even moderate storage in 
the reservoir in the years following the start of a drought. Over the observed historical baseline 
period, the average percent of years the San Juan-Chama Project contractors received their full 
allocation is 88 percent. Interestingly, for all of the drought events, more recent historical 
droughts and paleo drought events, San Juan-Chama Project contractors did not have shortages; 
however, more exploration is needed to understand how the study experiment might impact this 
result. 

In the Sacramento and San Joaquin River Basins, modeled storage in Shasta Reservoir and 
Millerton Lake shows that the two historical drought events impact storage to a much greater 
extent than any of the three paleo droughts, with storage reaching their lowest levels in the  
1928 to 1934 drought event. During this drought, Shasta Reservoir storage falls considerably, 
and it takes several years following the end of the drought before storages recovers. Similar 
behavior is seen at Millerton Lake, where storage remains considerably below full pool for 
multiple years. In the paleo droughts, storage at both Shasta Reservoir and Millerton Lake are 
less impacted and generally able to recover to at least moderate storage levels each year. Looking 
at the system as a whole, the two historical droughts evaluated have the greatest impact on both 
Total Delta Outflow and Total Exports. Interestingly, the top ranked paleo drought has a fairly 
substantial impact on Total Delta Outflow and a less severe, but still substantial, impact on Total 
Exports. This is in contrast to the much more minimal impact this drought had on storage at 
Shasta Reservoir and Millerton Lake. 

In the Truckee and Carson River Basins, the drought events from the observed historical period 
were as impactful, or possibly more impactful, to water management than the largest cumulative 
deficit drought events of the paleo-reconstruction period. During each drought event, Lahontan 
Reservoir was largely not able to meet monthly LSOCM storage targets. In fact, the reservoir 
also did not meet the LSOCM storage target the year following the end of each drought. 
Collectively, these results indicate the identified droughts over the observed historical period 
were as severe as or more than the largest paleo droughts in terms of their impact on Lahontan 
Reservoir storage. For Lake Tahoe, the 1923 to 1936 drought saw pool elevation generally 
decrease over the drought duration and even below the rim of the natural lake. Storage cannot be 
released below the rim of the natural lake (6,223 feet), so the reduction in pool elevation below 
this level is likely due to lake evaporation over the course of the drought event. This result 
highlights the likelihood of lake evaporation being a larger factor in the loss of water supply in 
the future. Over the observed historical period, Lake Tahoe filled to its legal limit 36 percent of 
years between 1901 and 2017. Over the course of the 14-year Historical Drought 1, it refilled in  
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one of those years. Over the course of the 5-year Historical Drought 2, it did not refill to the legal 
limit. Results from the analysis show that the ability to meet Floriston Rates may be substantially 
impacted during drought events; however, the Carson Division demands appear less impacted. 
Interestingly, drought events did not substantially impact CDD demand compared to the overall 
instrumental historical baseline period, at least in terms of frequency of shortages. 

Figure 157 summarizes the average percent of reservoir capacity at the end of the water year 
(i.e., on September 30) for each of the key reservoirs discussed in this chapter. Results are 
summarized over the historical baseline simulation period for each river basin, as well as for 
observed historical drought events and the largest cumulative deficit drought events in each 
basin. It should be noted that averages were computed across the duration of each identified 
period and that these differ across basins. Further, these metrics do not necessarily illustrate 
cumulative impacts due to prolonged drought. Also, the percent of capacity at the end of the 
water year is dependent not only on hydrology conditions, but also how each reservoir is 
managed. For example, Elephant Butte Reservoir in the Rio Grande Basin can hold 
approximately 4.5 times its mean annual inflow, while Lucky Peak Reservoir in the Boise River 
basin can only hold about 15 percent of its mean annual streamflow. 
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Figure 157. Average percent of capacity at the end of the water year (i.e., September 30) for key 
reservoirs in each of Reclamation's eight major river basins under baseline historical and identified 
drought events. 
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 Pluvial Events 
Pluvial events were not extensively investigated in this study. In two of the basins, the Boise 
River basin and the Truckee and Carson River Basins, individual years in the observed historical 
period where substantial flood events occurred were examined and compared to individual years 
in the paleo-reconstructed period that experienced high streamflow. Water year 2017 was a 
significant wet year in both the Truckee and Carson River Basins and the Boise River basin. This 
event appears in both river basins as a wet spring event, due to high snowmelt runoff. Similarly, 
1997 appeared as a substantial pluvial event in both of these river basins. In the Truckee and 
Carson River Basins, the event caused flooding mostly in January. In the Boise River basin, the 
event was substantial in January, but it seemed to persist into the spring and was further 
complicated by cooler and wetter weather that resulted in lower-than-normal irrigation 
diversions from the river. Precipitation in both snowfall and rain set numerous records in the 
Truckee River Basin in 2017; Lahontan Dam made flood releases from February 15, 2017, until 
July 17, 2017. For the Boise River, there is a Flood Action Flow at the Glenwood Bridge, Idaho 
gage. The four historical years investigated, 1972, 1974, 1997, and 2017, exceeded this 
streamflow between 5 and 22 percent of days according to model simulations summarized in this 
report. The 3 event years from the paleo-reconstructed period exceeded this target between 9 and 
12 percent of days suggesting that, while impactful, more severe conditions with respect to 
flooding have been seen in the recent past. For the Truckee River, there is a Flood Action Flow 
for the Reno, Nevada gage. The four historical years investigated, 1928, 1993, 1997, and 2017, 
exceeded this target between 1 and 5 percent of days. Only 1 year in the paleo-reconstructed 
period exceeded this target and saw flows above the Flood Action Flow for 3 percent of days. 
This suggests that more severe conditions with respect to flooding have been seen in the recent 
past in the Truckee and Carson River Basins as well. 

 Projected Future Drought Events 
Using hydrology simulations developed from the LOCA downscaled climate projection dataset, 
the most impactful hydrologic drought, as measured by cumulative deficit (refer to Chapter 2 for 
definition), was identified for each climate projection. These hydrologic droughts were then 
compared with droughts from the observed historical period and paleo-reconstructed period. This 
analysis only examined drought through its impact on streamflow, looking at the length of 
drought and the average annual deficit in streamflow. These future hydrologic drought 
projections generally indicate the possibility of droughts of greater severity (as measured by 
average annual deficit) and greater length as compared to both historical and paleo droughts. 
There are basin-specific differences, however.  

In the Boise River basin, where the paleo droughts were much more severe than the historical 
droughts, the future drought projections indicate the possibility of more severe, but shorter 
duration events as compared to the paleo events, or longer, but less severe events. In the Klamath 
River Basin, hydrologic droughts of greater severity and of longer duration are evident in the 
future projections, as well as shorter duration events of much greater severity. In the Missouri 
River Basin, the future hydrologic drought projections generally are comparable to the historical 
and paleo events, but suggested the possibility of a more moderate, but extremely long duration 
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 event. In the Rio Grande Basin, future hydrologic drought projections suggest droughts of 
greater severity and longer duration than any of the historical or paleo events. In the Sacramento 
and San Joaquin River Basins, future hydrologic drought projections were generally of equal 
severity to historical or paleo events, but of greater length, or of shorter length but greater 
severity. Finally, in the Truckee and Carson River Basins, the future hydrologic drought 
projections generally were comparable to historical or paleo events, with the exception of a few 
projections that indicated the possibility of events of comparable severity, but of much longer 
duration. 

6.10 Summary and Next Steps 

The analysis presented in this chapter represents the first standardized and comprehensive use of 
paleohydrology information across Reclamation’s operational domain. It is hoped that the 
information presented will be directly useful to water managers in each of the basins included. 
However, it is also acknowledged that this is a preliminary analysis and could be greatly 
expanded upon in a number of ways. Additional results from the river systems models used in 
this analysis exist and could be used to examine a broader set of water resource metrics to better 
understand the impacts of droughts and pluvial events from the paleo-reconstructed period. 

A more rigorous assessment of the impacts of different drought and pluvial events using the 
existing set of metrics could also provide a more complete picture of the impacts of these events. 
To provide consistency across all basins considered, a standard paleo-reconstructed period of 
1685 to 1977 was selected. There exists streamflow reconstruction information for individual 
basins that extend beyond these dates that could be used to develop additional paleohydrology 
scenarios. Additional river basins could be considered and paleohydrology scenarios could be 
developed for other river systems models. Particularly for pluvial events, and specifically 
considering flood events, a more in-depth review of the methods used to develop the 
paleohydrology scenarios could be performed. This review could evaluate whether these 
methods are appropriate to events that occur at much shorter timescales, on the order of days to 
weeks typically, and if there are improvements that would provide better scenarios to examine 
these events in the paleo-reconstructed period. 
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7 Urban Landscape Demands Analysis 
Urban landscapes throughout the Western United States are a substantial consumer of water 
resources; however, limited spatial and temporal information exists on the evapotranspiration 
(ET) rates and consumptive use of these systems. Typical urban landscapes are comprised of a 
variety of plants and designs with turfgrass serving as the major surface cover component for 
most irrigated urban environments. Previous studies have estimated that irrigated turfgrass is the 
largest irrigated crop in the United States, covering up to 1.9 percent of the land area within the 
United States (Milesi et al., 2005). 

Reclamation developed estimates of historical and future agricultural irrigation and reservoir 
evaporation water demands through the West-wide Baseline Assessments Program 
(Reclamation, 2015a), and this chapter contains companion estimates for turfgrass irrigation 
water demands for major urban areas in the Western United States. Demand estimates were 
developed as rates (in inches per day; in/day), with the volume of water demand estimated for 
select urban areas. 

7.1 Turfgrass Demand Areas 

Sixty-eight urban demand areas were selected using the urban area boundaries defined by the 
2010 United States Census and urban area populations from the 2010 United States Census  
(U.S. Census Bureau, 2010). A population threshold of 200,000 was used to identify major urban 
areas in the 17 States in the Western United States within Reclamation’s authority, and an 
additional nine cities were selected in the northern Great Plains and northern Rockies as no cities 
in these regions met the population threshold. Figure 158 illustrates urban areas assessed in this 
study. 
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Figure 158. Urban areas analyzed throughout the Western United States. 

7.2 Turfgrass Demands Modeling 

7.2.1 ET Demands Model 
Turfgrass water demands were estimated using an ET and irrigation water requirements model, 
ET Demands (Allen et al., 1998; Allen et al., 2005; Allen and Robison, 2009; Huntington and 
Allen, 2010; Reclamation, 2015a). The ET Demands model estimates crop evapotranspiration 
(ETc) and net irrigation water requirements (NIWR), and is based on the common reference ET 
and crop coefficient approach, where the reference ET (ETo) is multiplied by time-varying crop 
coefficients to estimate the actual ET of a vegetated area (Allen et al., 1998). ETo refers to the 
ET from a cool season clipped grass reference crop that is actively growing, not limited by soil 
moisture, and is continuously maintained at full cover and peak height. The professional and 
scientific communities generally recognize the FAO-56 (Allen et al., 1998) and American 
Society of Civil Engineers’ Environmental and Water Resources Institute Standardized Penman-
Monteith method (ASCE-PM; ASCE-EWRI, 2005) as the most appropriate and recommended 
ETo method for estimating crop ET since it is physically based, and is a function of solar 
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radiation, temperature, humidity, and wind speed. Prevailing meteorological and radiative 
conditions are incorporated into the ETo, whereas crop coefficients account for variations from 
the reference condition due to factors such as crop type, phenological development, harvests, and 
stress. 

In this study, the standardized ASCE-PM method was applied with the dual crop coefficient 
approach for estimating turfgrass ETc and NIWR, where the crop coefficient is separated into a 
transpiration or basal crop coefficient (Kcb) and an evaporation coefficient (Ke). The dual crop 
coefficient is preferred over the single crop coefficient approach since it allows for separate 
accounting of transpiration and evaporation to better quantify evaporation from precipitation and 
simulated irrigation events, and in turn allows for accounting of soil moisture gains and losses 
both during the growing and non-growing seasons. Accounting for non-growing season soil 
moisture gains and losses is important for accurate estimation of effective precipitation and 
annual NIWR. The NIWR is defined as the annual ETc less the effective precipitation entering 
the root zone that is available for evaporation or transpiration. NIWR is synonymous with the 
terms “irrigation demand,” “net consumptive use,” and “precipitation deficit” (Allen and 
Robison, 2009; Huntington and Allen, 2010). A detailed description of the ET Demands model is 
provided in Reclamation (2015a). 

Time series of Kcb values typically range from 0 to ~1.2 and are referred to as crop coefficient 
curves. They represent impacts of changes in vegetation phenology on crop ET, which can vary 
from year to year depending on the start, duration, and termination of the growing season, all of 
which are dependent on temperature conditions during spring, summer, and fall periods. Rather 
than assuming fixed time intervals and growth points of Kcb curves as is traditionally done with 
the FAO-56 approach, thermal parameters of 30 day moving average air temperature and daily 
minimum air temperature were used to simulate the effects of air and soil temperature on Kcb 
start, duration, and termination of annual growing season and non-growing season periods.  

This approach allows for the length and shape of Kcb curves to be a function of thermal units 
rather than specified or constant calendar dates, which is necessary for integrating the effects of 
year-to-year variability and long-term trends in air temperature into growing-season length and 
crop phenology. Three sets of Kcb values as a function of percent time from green-up to 
effective full cover were developed for turfgrass in this study: warm, intermediate, and cool 
season. These categories represent the predominant turfgrass varieties grown in the Western 
United States—Bermuda (warm season), Kentucky Bluegrass (cool season), and Perennial Rye 
and Tall Fescue (intermediate season). 

Typical growing season dates for the predominant variety of turfgrass in each urban area were 
researched through inquiries with local agricultural extension offices, municipalities, and local 
sod farms. Acquired green-up and dormancy dates were used to calibrate temperature parameters 
that control the shape and length of ET Demands crop coefficient curves based on historical 
simulations. 
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7.2.2 Meteorological Data 
Historical meteorological data of daily solar radiation, maximum and minimum air temperature, 
humidity, wind speed, and precipitation used for historical ET Demands simulations and model 
calibration were acquired from gridMET (Abatzoglou, 2013) for the period of 2009 through 
2019. gridMET is a 4 kilometer (km) spatial resolution hybrid dataset of the North American 
Land Data Assimilation System (NLDAS; Mitchell et. al., 2004) and Parameter-elevation 
Regressions on Independent Slopes Model (PRISM; Daly et al., 1994). For each urban area, 
daily gridMET meteorological data and computed ETo were spatially averaged across coincident 
gridMET cells resulting in single time series of meteorological forcings. 

Future meteorological data of daily solar radiation, maximum and minimum air temperature, 
humidity, wind speed, and precipitation used for baseline and future ET Demands projections 
were obtained from the Multivariate Adaptive Constructed Analogs (MACA) dataset 
(Abatzoglou and Brown, 2012) for the same gridMET cells and spatially averaged for each urban 
area for the period of 1950 to 2100. The MACA dataset is a downscaled future gridded climate 
dataset consistent with the gridMET grid and is ideal for estimating physically based evaporative 
demand using the ASCE-PM equation since it provides downscaled solar radiation, air 
temperature, humidity, wind speed, and precipitation at daily time steps. MACA relies on 
adapted constructed analogs of multiple variables from gridMET, in this case daily maximum 
and minimum air temperature, solar radiation, humidity, wind speed, and precipitation.  

The MACA approach includes bias correction by mapping daily global climate model (GCM) 
data to aggregated gridded observations (Maurer et al., 2010); epoch adjustment for no analogs 
under future climate scenarios (Hidalgo et al., 2008); constructed analogs by finding predictor 
patterns using gridded observation data; and, bias correction using quantile mapping to gridMET 
data19. The full suite of MACA data includes climate projections from 20 different models that 
participated in Coupled Model Inter-Comparison Project Phase 5 efforts (CMIP5; Taylor et al., 
2012) (i.e., only 20 CMIP5 models archived daily outputs). MACA data includes GCM outputs 
from the historical CMIP5 experiment for the years 1950 to 2005 and GCM outputs from two 
future experiments for Representative Concentration Pathways (RCPs) (Moss et al., 2010) of 
4.5 and 8.5 for 2006 to 2100.  

RCP4.5 refers to the experiment where an additional radiative forcing of 4.5 Watts per square 
meter (W/m2) is simulated by 2100 compared to pre-industrial conditions, which is a future 
scenario of moderate climate action and controlled greenhouse emissions. RCP8.5 refers to the 
experiment where an additional radiative forcing of 8.5 W/m2 is simulated by 2100 and 
represents a future with no climate action and increased greenhouse emissions. In total, 
40 MACA transient projections were obtained for gridMET cells coincident with urban areas and 
were spatially averaged resulting in single time series projections of meteorological forcings and 
computed ETo for each urban area. 

 
19 Refer to MACA documentation at https://www.climatologylab.org/maca.html. 
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7.2.3 ET Demands Model Parameterization and Application 
The ET Demands model was parameterized with urban area latitude and longitude, elevation, 
soil type, turfgrass type(s), and respective meteorological data. Based on communication with 
local agricultural extension offices, local sod farms, and literature review, a typical silt-loam soil 
type was assumed with percent sand, silt, and clay of 20, 60, and 20, respectively; available 
water capacity of 0.2 inches per inch; initial rooting depth of 12 inches; and maximum rooting 
depth of 24 inches (Koenig and Isaman, 2010; USDA-NRCS, 1998; Allen and Robison, 2009). 

Impacts of increased carbon dioxide (CO2) on ETc were considered following methods of Kruijt 
et al. (2008), which result in scaled Kcb values based on sensitivity functions of CO2 
concentration, stomatal conductance, and transpiration. Kruijt et al. (2008) summarized results 
from over 30 studies and developed general CO2 - stomatal conductance sensitivity functions for 
different crop types. There are numerous irrigation water requirement uncertainties associated 
with sensitivities of stomatal conductance, transpiration, and leaf area index to increased CO2, 
and unknown land surface energy balance feedbacks from increased leaf temperatures and vapor 
pressure deficits (Allen et al., 1991; Jacobs and De Bruin, 1992, 1997; Islam et al., 2012); 
however, the approach of Kruijt et al. (2008) is practical in that it is physically based and 
considers primary CO2 affects that ultimately reduce transpiration and ETc. Application of the 
generalized grass and herb sensitivity formula developed by Kruijt et al. (2008) resulted in Kcb 
scale factors ranging from 0.99 to 0.94 and 0.99 to 0.84 for the period of 2006 to 2100 for RCP 
scenarios 4.5 and 8.5, respectively. These scale factors were applied in time to simulated Kcb 
values within ET Demands according to an annual timeseries of CO2 concentrations from  
4.5 and 8.5 RCPs. 

The ET Demands model was run with historical gridMET time series representative of observed 
climate histories from 2009 to 2019 for Kcb curve calibration. Once calibrated, ET Demands was 
then run with 40 individual MACA climate projection time series from 1950 to 2100 to derive 
and illustrate baseline (1950 to 2005) and projected (2006 to 2100) estimates of annual average 
temperature, solar radiation, humidity, wind speed, total precipitation, ETo, ETc, and NIWR for 
each urban area using program scripts20. While the ET Demands results from running the model 
with historical gridMET data are not summarized in this report, the digital files are available. 
The ET Demands model simulates ETo, growing season and non-growing-season soil and root 
zone water balance components, irrigation, and ETc and NIWR, all at daily time-steps (e.g., 
Figure 159). Where turf area estimates are available, projected changes in volumes of turfgrass 
ETc and NIWR can also be calculated using turfgrass to highlight volumetric changes. Annual 
and mean daily time series of ETc and NIWR and associated meteorological variables for 
historical and future time periods are presented in the results section. 

 
20 Refer to Python programs that can be found on GitHub at https://github.com/usbr/et-demands. Any use of trade, 

firm, or product names is for descriptive purposes only and does not imply endorsement by the United States 
Government. 
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Figure 159. Example ET Demands model simulation with selected parameters and inputs. 

Note:  ET Demands model simulation of gridMET derived ETo, warm season turfgrass ETc, basal ET (ETbas), basal crop coefficient 
curve (Kcb), total crop coefficient curve (Kc), simulated irrigations, and estimated gridMET precipitation for Las Vegas, NV. The 
simulated Kc curve, irrigations, and estimated precipitation are shown to illustrate the development of the Kc curve, and response of 
the Kc curve and ETc due to wetting events from precipitation and simulated irrigation events. 

ET = evapotranspiration; in = inches; PPT = precipitation; PMeto = Penman-Monteith reference evapotranspiration;  
ETact = evapotranspiration actual 

Statistics for future turfgrass water demand estimates were calculated for three future time 
periods, the 2020s defined as 2010 to 2039, the 2050s defined as 2040 to 2069, and the 2080s 
defined as 2070 to 2099. These three future time periods correspond to those that have 
commonly been used by Reclamation in long-term planning studies, including for the Baseline 
Assessments Irrigation Demand and Reservoir Evaporation Projections (Reclamation, 2015a). 
The study authors acknowledge the decade of overlap between the 2020s future time period and 
the present (2020 at the time of writing), but its inclusion is warranted given that the time period 
extends through 2039, and it offers a comparison with other Reclamation long-term planning 
studies. 

7.3 Results 

Future projections for all urban areas throughout the West predict increases in average annual 
temperature, which in turn lead to large increases in evaporative demand. In addition to increased 
evapotranspiration rates, increased temperatures also allow for longer growing seasons which 
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increases the total number of days that plants consume water. Annual plant water consumption is 
a function of both the evaporation rate and total time a plant is active. Projections and relative 
change of solar radiation, temperature, humidity, wind speed, and precipitation are region-
specific causing spatially variable changes in ETc and NIWR. 

The following sections discuss results for three urban areas from different regions throughout the 
Western United States. Results are summarized using 5th, 25th, 50th (median), 75th, and 95th 
percentile statistics of model output from all 40 climate projection datasets (RCP4.5 and RCP8.5 
scenarios; 20 models). 

Baseline estimates (1951 to 2005) generated using historical MACA data are not meant to 
represent actual historical conditions for each specific year. Historical MACA data were trained 
using the gridMET data from 1979 to 2009 and have the same overlying statistics as the training 
data, but are not a hindcast. Historical MACA estimates are used for comparison with future time 
periods to provide estimates of relative change. 

7.3.1 Las Vegas, Nevada – Warm Season Turfgrass 
Future projections of ETc and NIWR for warm season turfgrass in Las Vegas, Nevada, show 
increases of 13.9 inches/year and 13.7 inches/year, respectively, by the 2080s (Figure 160). 
Notably, median windspeed in this region is expected to decrease; however, these decreases are 
not enough to offset the temperature-driven increases in PM ETo. Future projections of 
precipitation in the region remains close to the historical baseline. 
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Figure 160. Anomaly from baseline (1951 to 2005) time series plots of climate, ET, and NIWR estimates 
for Las Vegas--Henderson, Nevada. 

Annual estimates of ETc show increases beyond PM ETo due to substantial lengthening of the 
growing season (Figure 161; ~50 days total: ~30-day earlier onset, ~20-day later end). Projected 
shifts in growing season are based on earlier commencement of typical emergence temperatures 
(i.e., T30) and later onset of killing frost temperatures. 
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Figure 161. Anomaly from baseline (1951 to 2005) time series plots for growing season start day of year 
(DOY), end day of year, and total length for Las Vegas--Henderson, Nevada. 

Investigation into monthly evaporation patterns show substantial changes in the growing season 
shoulder month ET and NIWR (largely driven by growing season length changes), as well as an 
overall increase in the magnitude of summer ET and NIWR. For example, baseline estimates of 
ET and NIWR for March and April are close to zero for most projections, but future scenarios 
show earlier startup and substantial evaporation occurring in these months by the 2080s for most 
climate scenarios. 
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Figure 162. Monthly evaporation and NIWR percentile summary plots for baseline (1951 to 2005), 2020s 
(2010 to 2039), 2050s (2040 to 2069), and 2080s (2070 to 2099) for Las Vegas--Henderson, Nevada. 

Note:  ET = evapotranspiration; ETact = evapotranspiration actual; NIWR = net irrigation water requirements 

7.3.2 Los Angeles, California – Intermediate Style Turfgrass 
Los Angeles, California, along with the majority of urban areas throughout California, use Dwarf 
Tall Fescue turfgrass varieties for urban landscaping (Huntington, 2020). An intermediate 
turfgrass Kcb curve (average of cool and warm season turfgrass crop coefficient curves) was 
developed for ET estimation in these areas. Typical management practices throughout California 
allow for a complete year growing season with limited to no dormancy. 

Results for Los Angeles show projected increases in median ETc of ~5.1 inches/year by the 
2080s with increases of median NIWR of ~5.4 inches/year by 2080 compared to the average 
1951 to 2005 baseline (Figure 163). Larger increases in NIWR compared to ETc are due to small 
decreases in average annual precipitation. 
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Figure 163. Anomaly from baseline (1951 to 2005) time series plots of climate, ET, and NIWR estimates 
for Los Angeles--Long Beach--Anaheim, California. 

Further investigation into monthly ETc and NIWR rates shows that annual patterns remain 
relatively unchanged due to current year-round growing practices. ETc and NIWR increases 
appear to be evenly distributed with no specific season or month showing more substantial 
changes than others (Figure 164). 
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Figure 164. Monthly evaporation and NIWR percentile summary plots for baseline (1951 to 2005), 2020s 
(2010 to 2039), 2050s (2040 to 2069), and 2080s (2070 to 2099) for Los Angeles--Long Beach--Anaheim, 
California. 

Note:  ET = evapotranspiration; ETact = evapotranspiration actual; NIWR = net irrigation water requirements 

7.3.3 Denver, Colorado – Cool Season Turfgrass 
Median projected changes by the 2080s in the Denver, Colorado region for cool season turfgrass 
(Kentucky Bluegrass) are 11.1 inches/year for ETc and 9.9 inches/year for NIWR (Figure 165). 
Increases in NIWR are slightly lower than increases in ETc due to projected increases in annual 
precipitation. Increases in ETo remain relatively high, even though wind speed is projected to 
decrease by ~0.5 miles per hour (mph) for median level climate scenarios. 
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Figure 165. Anomaly from baseline (1951 to 2005) time series plots of climate, ET, and NIWR estimates 
for Denver--Aurora, Colorado. 

Temperature-based growing season start and end dates show an increase of approximately 
90 days by the 2080s, with the majority of lengthening driven by earlier green-up (Figure 166). 
Lengthening of the growing season is reflected in the monthly ET and NIWR rates where 
shoulder months show shifts from limited to no ETc and NIWR to rates of 2 to 3 inches per 
month (Figure 165). Peak summertime ETc and NIWR rates are also increased under future 
projections. Increases in NIWR occur despite slight increases in projected precipitation for this 
region. 
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Figure 166. Anomaly from baseline (1951 to 2005) time series plots for growing season start day of year 
(DOY), end day of year, and total length for Denver--Aurora, Colorado. 
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Figure 167. Monthly evaporation and net irrigation water requirement percentile summary plots for 
baseline (1951 to 2005), 2020s (2010 to 2039), 2050s (2040 to 2069), and 2080s (2070 to 2099) for Denver-
-Aurora, Colorado. 

Note:  ET = evapotranspiration; ETact = evapotranspiration actual; NIWR = net irrigation water requirements 

7.3.4 Volume Estimates 
Volumetric estimates of turfgrass water consumption are a function of both the ETc and NIWR 
rates and respective surface area. The ET Demands model simulates ETc and NIWR estimates as 
rates and is not dependent on areal extents. Current estimates of turfgrass areas were available 
for a limited number of urban areas, and these estimates were used to calculate ETc and NIWR 
volume estimates by pairing each water district with its intersecting urban area. Table 36 lists 
turfgrass area estimates, along with current and future estimates of ETc and NIWR, in acre-feet 
per year based on projected rates estimated by ET Demands. Results are presented for three 
quantiles q25, q50, and q75 corresponding to the three percentiles, 25th, 50th, and 75th 
respectively, and for the baseline period (1951 to 2005), along with the three future periods 
2020s (2010 to 2039), 2050s (2040 to 2069), and 2080s (2070 to 2099). 
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Table 36. Baseline (1951 to 2005) and future urban irrigation evaporation volume estimates for select water districts in the Western United States 

Water 
Authority or 

District 

ET Demands 
Urban Area 

Irrigated Acres* 

Variable NIWR NIWR NIWR ETc ETc ETc NIWR NIWR NIWR ETc ETc ETc 

Quantile q25 q50 q75 q25 q50 q75 q25 q50 q75 q25 q50 q75 

Estimate 
Type 

Baseline 
(1951-2005) 

Baseline 
(1951-2005) 

Baseline 
(1951-2005) 

Baseline 
(1951-2005) 

Baseline 
(1951-2005) 

Baseline 
(1951-2005) 

2020s 2020s 2020s 2020s 2020s 2020s 

Southern 
Nevada Water 

Authority 

Las Vegas—
Henderson, 
NV 

11,547 

Rate 
(in/year) 

59.21 61.79 64.33 64.51 66.60 68.49 63.26 66.05 68.85 68.85 70.86 73.13 

Volume 
(acre-ft/year) 

56,975 59,458 61,900 62,072 64,085 65,901 60,867 63,555 66,254 66,248 68,180 70,365 

Western 
Municipal 

Riverside—San 
Bernardino, 
CA 

4,776 

Rate 
(in/year) 

51.16 53.94 56.71 60.35 61.97 63.50 53.24 55.99 58.91 62.40 64.07 65.89 

Volume 
(acre-ft/year) 

20,364 21,467 22,572 24,018 24,666 25,275 21,189 22,283 23,448 24,834 25,501 26,226 

Eastern 
Municipal 

Water District 

Murrieta—
Temecula—
Menifee, 
CA 

12,051 

Rate 
(in/year) 

48.92 51.89 55.00 59.10 60.80 62.48 51.05 53.89 56.95 61.02 62.83 64.80 

Volume 
(acre-ft/year) 

49,126 52,106 55,234 59,349 61,060 62,743 51,262 54,122 57,189 61,283 63,092 65,074 

Water 
Authority or 

District 

ET Demands 
Urban Area 

Irrigated Acres* 

Variable NIWR NIWR NIWR ETc ETc ETc NIWR NIWR NIWR ETc ETc ETc 

Quantile q25 q50 q75 q25 q50 q75 q25 q50 q75 q25 q50 q75 

Estimate 
Type 

2050s 2050s 2050s 2050s 2050s 2050s 2080s 2080s 2080s 2080s 2080s 2080s 

Southern 
Nevada Water 

Authority 

Las Vegas—
Henderson, 
NV 

11,547 

Rate 
(in/year) 

66.31 69.43 72.73 71.91 74.47 76.93 68.09 71.97 75.79 74.02 76.99 80.59 

Volume 
(acre-ft/year) 

63,811 66,807 69,982 69,200 71,657 74,029 65,524 69,252 72,929 71,224 74,087 77,552 

Western 
Municipal 

Riverside—San 
Bernardino, 
CA 

4,776 

Rate 
(in/year) 

55.44 58.60 61.54 64.48 66.27 68.13 56.64 60.07 63.27 65.70 67.65 70.00 

Volume 
(acre-ft/year) 

22,066 23,324 24,493 25,664 26,374 27,115 22,543 23,908 25,180 26,147 26,923 27,861 

Eastern 
Municipal 

Water District 

Murrieta—
Temecula—
Menifee, 
CA 

12,051 

Rate 
(in/year) 

53.18 56.43 59.73 63.16 64.94 66.92 54.33 57.77 61.23 64.29 66.36 68.70 

Volume 
(acre-ft/year) 

53,408 56,668 59,986 63,432 65,215 67,206 54,557 58,018 61,486 64,564 66,638 68,991 

* Note:  Urban irrigated acres are based on 2020 estimates provided by each water authority or district. Future volumes consider climate driven rate changes only and do not account for changes in total acreages, turfgrass type, or irrigation practices.
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7.4 Summary and Next Steps 

Projections of future ETc and NIWR for urban turfgrass throughout the Western United States 
show substantial increases in water demand by the 2080s. Increases in median projected ETc and 
NIWR from baseline conditions ranged from 8 to 36 percent and 9 to 54 percent, respectively. 
Increases in ETc are largely driven by increased temperatures and the accompanying increase in 
both ETo and growing season length. Large changes in either the growing season start, or end, 
dates has the potential to stress water supply systems during time periods when historical 
demands for water are typically low. Increases in precipitation in some regions provides some 
offset for increased annual ET, but, is typically not enough to completely compensate for the 
total increase in plant water demand. Spatially varying changes in projected windspeed and solar 
radiation lead to variable changes in ETo throughout the West. 

Current turfgrass species selection and management practices (e.g., year-round growth in 
California) may not reflect future practices and should be investigated for their potential to 
reduce total water consumption under future climate. Further research on plant phenology and 
growth dynamics related to energy-limited versus temperature-limited growth should be 
performed. Refinement of weather datasets for urban environments through comparison of 
gridded products with local station datasets will help improve the accuracy of ET estimates and 
overall water demand. Improved estimates and tracking of the spatial coverage and total acreage 
of urban turfgrass through the use of remote sensing and high-resolution imagery can help 
translate ET rate estimates to total volumes. 

7.5 Key Findings 

A listing of key findings from the urban landscape demand analysis and for the selected urban 
areas analyzed are given below: 

• Future projections for all urban areas throughout the West predict increases in average 
annual temperature, which in turn lead to large increases in evaporative demand. 

• In addition to increased evapotranspiration rates, increased temperatures also allow for 
longer growing seasons, which increases the total number of days that plants consume 
water. 

• Annual plant water consumption is a function of both the evaporation rate and the total 
time a plant is active. 

• For Las Vegas, Nevada, investigation into monthly evaporation patterns shows 
substantial changes in the growing season shoulder month ET and NIWR (largely driven 
by growing season length changes), as well as an overall increase in the magnitude of 
summer ET and NIWR. 
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• For Los Angeles, California, investigation into monthly ET for turf grass (ETc) and 
NIWR rates shows that annual patterns remain relatively unchanged due to current year-
round growing practices. ETc and NIWR increases appear to be evenly distributed with 
no specific season or month showing substantial changes. 

• For Denver, Colorado, increases in NIWR are slightly lower than increases in ETc due to 
projected increases in annual precipitation. 
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8 Climate Impacts on Groundwater 
The SECURE Water Act (SWA) identifies the critical need to improve understanding of water 
cycle variability and water use in part through the continued assessment of the availability of 
surface and groundwater supplies to meet the future needs of the United States. Assessment of 
groundwater is particularly challenging due to the changing equilibrium between recharge and 
discharge. This chapter provides a literature review of the impacts of climate on groundwater 
recharge and discharge and summarizes findings from recent studies (approximately over the last 
5 years) conducted by Reclamation. 

8.1 Impact of Climate on Groundwater Recharge and Discharge 

Recharge, or the replenishment of groundwater in aquifers, represents the amount of 
precipitation or applied water that remains to percolate into the subsurface after surface 
processes, such as evapotranspiration, snowmelt, and runoff. Recharge calculations often 
aggregate the errors from these surface processes, including the uncertainty and variability in 
precipitation, vegetation, and soil properties. Meixner et al. (2016) categorize recharge into four 
mechanisms as follows: 

• Diffuse recharge, or the precipitation that percolates directly to the water table. 

• Focused recharge, which comes from concentrated areas, such as streams and playas. 

• Mountain system recharge, which includes focused stream recharge along the mountain 
front, as well as water transported to the aquifer system from the mountain block. 

• Irrigation recharge, which is the infiltration and percolation of excess irrigation water. 

The relative importance of these mechanisms varies with regional climate, topography, land use, 
and aquifer properties. The Central Valley of California, for example, is dominated by irrigation 
recharge, while the High Plains Aquifer spanning from Nebraska to Texas is predominately 
diffuse recharge (Meixner et al., 2016; Gurdak et al., 2007). Mountain system recharge is an 
important mechanism in aquifers in the Rocky Mountain and Intermountain regions, such as the 
San Pedro and Wasatch Front systems (Meixner et al., 2016), as well as the Lower Santa Cruz 
River basin. 

Generally, as wet areas get more wet and dry areas get drier (Trenberth, 2011), diffuse recharge 
will mimic these regional patterns, with some buffering and intensification, respectively, from 
increased evapotranspiration driven by widespread anticipated temperature increases. Mountain 
system recharge may similarly reflect changes in high elevation precipitation, with decreases 
anticipated in the Central Valley and San Pedro (Meixner et al., 2016); however, mountain 
aquifers are poorly understood and are an active area of research. Focused recharge may also 
increase with projected increases in precipitation intensity, despite decreased totals in 
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precipitation. Changes in focused recharge, however, are highly uncertain, as the ability to model 
precipitation intensity is largely dependent on modeling climate processes at high spatial 
resolution to topographic effects and convective events. Finally, irrigation recharge will largely 
depend on water demands, and the response of farming practices and technology to meet these 
demands. 

Discharge, or the return of groundwater to the surface water system, requires characterization of 
subsurface processes that are hard to observe, but that determine the flow paths along which 
recharged water returns to the surface. Due to the nature of groundwater aquifers as storage 
systems, discharge is often a complex mix of water that recharged at different locations and 
traveled along variable paths with variable travel times before returning to the surface. 

Climate-driven changes in recharge and discharge continue to be an active area of research 
(e.g., Taylor et al., 2013) and this chapter broadly summarizes the state of knowledge on the 
topic and some of the recent work and case studies from Reclamation and its partners, and 
Federal and non-Federal collaborations (Figure 168). 

 
Figure 168. Location of groundwater case study basins across the West. 
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 Large-scale Hydrologic Events and Recharge 
Groundwater recharge is dependent on many factors, including subsurface hydrogeology, 
topography, and climate. In the arid and semi-arid Western United States, recharge primarily 
occurs after large, infrequent hydrologic events. These events must contain enough precipitation 
to surpass soil moisture and evaporation demands and thus excess water can infiltrate into the 
subsurface. In a recent study, it was hypothesized that these large recharge events only occur on 
a quasi-decadal scale (i.e., every, one to two decades) and contribute the majority of recharge to 
aquifers in arid and semi-arid environments (Masbruch et al., 2016). To investigate this 
hypothesis, groundwater records were analyzed with precipitation, temperature, and snow water 
equivalent (SWE) records from 1960 to 2013 in the northern Utah portion of the Great Basin. In 
addition, existing groundwater models were used to assess the impact of different recharge 
events on subsurface storage, and to investigate how changing the magnitude and timing of these 
events might alter aquifer recharge. 

Large recharge events were identified five times over the 53 years analyzed and were defined as 
time periods where the normalized groundwater level increased for three consecutive years. 
Multivariate timeseries analysis identified that these large recharge events occur, on average, 
every 11 to 13 years. On average, the annual precipitation during these large recharge events was 
131 millimeters21 higher than the average annual precipitation, and the annual SWE was 
71 millimeters higher. Seasonal trends indicated that the largest increases in precipitation were 
observed in spring during these large recharge events and the smallest increases were observed 
during the summer months. While average annual temperatures did not appear to be driving 
these large recharge events, it was found that most of the large recharge events corresponded to 
winters with warmer than average temperatures and springs with colder than average 
temperatures. Cooler spring temperatures slow snowpack melt and increase infiltration while 
reducing runoff leading to larger subsurface recharge amounts. 

Using the groundwater models to simulate these large recharge events suggested that each event 
recharges 115 to 205 cubic millimeters per basin. The study also used these models to change the 
frequency and magnitude of one large recharge event to an average event. This not only 
decreased the amount of recharge entering the aquifer during those 3 years, but also increased the 
amount of time between large recharge events. Comparing those two simulations showed that 
aquifer stress and depletion occurred 2 years earlier when one large recharge event was replaced 
with an average recharge event. This study not only showed the crucial role climate plays in 
groundwater recharge in the West, but also highlights the importance of understanding how these 
large recharge events and climatic drivers will change in the future. 

 Spatial Distribution of Groundwater Recharge 
Given the direct coupling between groundwater recharge and climate, recent focus has turned 
towards understanding how climate change will alter groundwater resources. Future recharge 
projections are normally developed through forcing a hydrologic model with climate data from 

 
21 1 inch = 25.4 millimeters 
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global climate models (GCMs) (e.g., Allen et al., 2010; Crosbie et al., 2011). GCMs climate 
output is typically at a daily or monthly timescale and provided at a coarse spatial resolution of 
around 100 to 200 kilometer (km) per grid cell side and is then downscaled to a finer resolution 
anywhere between 6 to 12 km. In groundwater resource studies, a finer spatial scale allows for a 
more realistic representation of topography, land use, and geology, which all factor into how 
recharge is incorporated to underlying aquifers. In addition, groundwater recharge can occur on 
daily or even sub-daily timescales. However, considerable effort goes into downscaling the GCM 
climate data and understanding the spatial and temporal uncertainty associated with the 
downscaling method. Given the temporal and spatial scales associated with natural aquifer 
recharge, a study by Tillman et al. (2018) investigated the effects of scale on simulating historic 
recharge in the Upper Colorado River Basin (UCRB). The study used a Soil Water Balance 
(SWB) model to simulate recharge and forced the model with historic climate datasets at three 
spatial resolutions (800 meters, 4 km, and 12 km) and two temporal scales (daily and monthly). 

When using daily climate data, Tillman et al. (2018) found that there are very few differences in 
the average annual recharge from 1982 to 2014 when modeling recharge at the three different 
spatial scales. However, there were substantial differences when modeling seasonal recharge 
trends, where the 4 km resolution resulted in 21 percent and 38 percent higher recharge during 
the summer months than the 800 m and 12 km resolutions, respectively. The difference in 
recharge during these months between scales was not explained by differences in precipitation, 
but by differences in snowpack and temperature during the winter months. Using monthly 
climate data to model recharge produced similar trends between spatial scales as the daily 
climate data did, where annual averages and trends were similar between spatial scales and the 
largest differences were seen when looking at recharge during the summer months. In addition, 
there were very few differences when directly comparing temporal scales, which suggests 
monthly models may be sufficient to capture seasonal and annual groundwater recharge 
dynamics.  

Scale has always been an important issue to consider in hydrologic modeling, and the study by 
Tillman et al. (2018) further highlights how differences in spatial and temporal scale may or may 
not alter simulated groundwater recharge trends. The results from the study suggest that for 
water resource managers interested in long-term annual or decadal recharge estimates, using a 
coarser timescale and spatial resolution is most likely sufficient and timesaving. However, if 
seasonal dynamics are of interest, a finer temporal and spatial scale might be useful, as long as 
consideration is given to the uncertainties associated with finer-scale data. 

8.2 Climate Change and Groundwater Case Studies 

Reclamation-funded studies focusing on recharge and groundwater dynamics have been focused 
on the Upper Colorado River Basin, as summarized below. Other Reclamation studies address 
groundwater changes, many through the supply and demand imbalance planning efforts referred 
to as “basin studies.” Studies—such as the Lower Santa Cruz River and Eloy-Maricopa Basin 
Studies in Arizona, the Salinas and Carmel River Basin Study and the American River Basin 
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Study, both in California, and Klamath River Basin Study spanning from Oregon into 
California—explicitly model changes in groundwater processes under future climate conditions. 
These studies are also summarized below. Other basin studies, such as those in the Upper 
Missouri and Milk St. Mary River basins have incorporated groundwater changes inferred from 
external studies into their planning methodology. The response of groundwater systems to 
changes in climate varies across Reclamation’s regions as outlined by the following case studies. 

 Upper Colorado River Basin 

 Groundwater Recharge 

The Colorado River provides water for more than 38 million people and traverses more than 
2,200 km from its headwaters in the Rocky Mountains through seven States and into Mexico. 
Given the large expanse of the Colorado River Basin, it has been divided into two separate 
basins, where the upper basin is north of Lees Ferry, Arizona, and the lower basin is south of 
Lees Ferry. The discharge of groundwater into the Upper Colorado River Basin is estimated to 
provide between 21 to 58 percent of streamflow (Miller et al., 2014), with higher percentages 
during low-flow years. 

Given the importance of groundwater in the Upper Colorado River Basin, a recent study 
quantified projected changes in the UCRB between the recent historical (1950 to 2015) and 
future (2016 to 2099) time periods (Tillman et al., 2016a). The study used the SWB groundwater 
recharge model that estimates recharge by direct infiltration after calculating each water balance 
component (i.e., rainfall, snowmelt, interception, evapotranspiration (ET), and streamflow in 
between model cells). SWB was then forced with gridded climate data derived from 97 different 
climate projections from the Coupled Model Intercomparison Project Phase 5 (CMIP5) model 
archive. The 97 projections represented four different Representative Concentration Pathways 
(RCP) with radiative forcing levels of 8.5, 6, 4.5, and 2.6 Watts per square meter (W/m2) and 
were downscaled using the Bias Correction and Spatial Disaggregation (BCSD) method into 
monthly temperature and precipitation grids. The monthly values were further disaggregated into 
daily values using a historical resampling and scaling technique. Results were presented from 
1950 to 2099 on a 10-year moving average basis to smooth out the variability of extreme years 
and its effects are integrated over time in groundwater systems. 

Tillman et al. (2016a) found that simulated future groundwater recharge is anticipated to be 
greater than the historical average in most future decades (Figure 169). The median simulated 
groundwater recharge in the future moving 10-year annual averages are projected to be between 
73 to 88 percent greater than the historical averages, depending on the RCP of each simulation. 
Despite projected increases in temperature and thus ET, recharge is projected to increase due to 
projected increases in precipitation over the basin from the BCSD downscaled data. 

In addition to estimating the overall change to groundwater recharge in the UCRB as described 
in the above study, Tillman et al. (2017) investigated how the spatial and seasonal recharge 
dynamics might shift in the future. Using the same methods and datasets as Tillman et al. 
(2016a), it was found that projected changes in future recharge are not spatially homogenous 
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across the UCRB. Recharge in the northern part of the UCRB is projected to increase while 
recharge in the more southern areas is projected to decrease. Seasonal changes in recharge are 
also anticipated across the entire UCRB, as projected recharge is estimated to decrease by 
approximately 50 percent in the summer while increasing by around 50 percent during the 
winter. 

 
Figure 169. Median of 10-year moving averages of simulated annual recharge from RCPs. 

Note:  SWB model simulated annual groundwater recharge from BCSD downscaled projections using all CMIP5 RCPs  
(2.6, 4.5, 6.0 and 8.5). Figure modified from Tillman et al. (2016a). 

While the study by Tillman et al. (2016a) compared recharge in simulated historical and future 
time periods, it did not investigate how closely the simulated historical periods from each of the 
97 projections actually matched observed climate data. This comparison is described in Tillman 
et al. (2016b). Even though the 97 modeled projections were bias corrected using observed data 
from Maurer et al. (2002), they were constrained using only monthly statistics. Thus, for any 
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given year, there can be substantial differences between the observed historical value and the 
bias-corrected modeled value of precipitation or temperature. In addition, those differences are 
magnified when using precipitation and temperature as inputs to a recharge model. To this end, a 
subsequent study (Tillman et al., 2016b) investigated the difference between estimating historical 
recharge using the 97 modeled climate projections as Tillman et al. (2016a) did and estimating 
historical recharge using the observed climate dataset that the 97 climate projections were bias-
corrected following Maurer et al. (2002). Historic recharge was modeled from 1951 to  
2010 using the same SWB model as the above Tillman et al. (2016a) study, and forced with 
precipitation, maximum and minimum temperatures from actual climate observations, and the  
97 CMIP5 model results. Results compared simulated historic recharge between the observed 
and modeled input datasets on an average monthly, average annual, and moving 10-year average 
basis. 

Results from the Tillman et al. (2016b) study indicate that using the modeled climate projections 
preserve the historic monthly recharge dynamics seen when using observational data. The 
months of March through June account for over 88 percent of the mean annual recharge in the 
UCRB using both datasets. The largest differences between historic recharge simulated using 
observed or modeled climate data are seen in the months of July and August; however, each of 
these months only accounts for 1 percent of the mean annual recharge in the basin. 

Similarly, the modeled input data preserves the annual trends and dynamics in historic recharge 
values that are seen when using observed input data. The biggest difference is seen when 
comparing the 10-year moving average of historic recharge between the observed and CMIP5 
modeled data. It is worth noting that, when using observed climate data to simulate historic and 
future recharge, analysis of the 10-year moving averages suggests that there will be less recharge 
in the future than historically. This is opposite of the trend found when using the CMIP5 model 
data to compare historic recharge to future time periods. 

Overall, these studies conducted in the UCRB highlight the uncertainty with future recharge 
projections. There is considerable spatial heterogeneity throughout the UCRB with future 
recharge estimations, in addition to seasonal dynamics. However, projected increases in 
precipitation and temperature alone do not fully explain the spatially diverse projected changes 
in recharge and it would be useful to better understand the different drivers behind anticipated 
increases or decreases to future recharge. 

 Groundwater Discharge 

The return of groundwater to the surface as discharge sustains rivers between precipitation 
events. This non-event portion of streamflow is often called baseflow and is important for river 
ecological health and water supply, particularly during drought periods. Since this water has 
passed through the subsurface, it is both older and more chemically complex than the streamflow 
derived directly from precipitation events. These characteristics of discharge are commonly used 
to quantify the fraction of streamflow derived from groundwater using age-dating and chemical 
separation techniques. 
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Recent studies indicate that, on average, greater than half of the annual streamflow in the UCRB 
comes from shallow subsurface flow paths or larger-scale groundwater flow paths (Miller et al., 
2016). This estimate was from a combined modeling approach using site-specific conductivity 
mass balance results to calibrate a hybrid statistical-deterministic-geospatial model, called 
SPARROW (SPAtially Referenced Regression On Watershed attributes). The SPARROW 
models were then driven by statistically downscaled projections of future climate and runoff to 
estimate future baseflow (Miller et al., 2019). 

Future baseflow delivered to local stream reaches decreased by approximately 10 percent under 
hot/dry climate scenarios; remained unchanged for median climate scenarios; and increased by 
approximately 10 percent for warm/wet scenarios. However, across climate scenarios, the 
models projected decreases in baseflow delivered to the outlet of the UCRB at Lees Ferry. 
Relative to historical conditions, baseflow at Lees Ferry decreases by 30 to 40 percent by the 
2080s. These regional-scale decreases in baseflow are driven largely by increases in 
evapotranspiration associated with increased temperatures, offsetting any local-scale increases in 
baseflow due to increased precipitation (Miller et al., 2019). Further analysis of the dynamic 
watershed processes that drive these changes in discharge could be assessed using process-based 
models that explicitly account for groundwater/surface water interactions (Miller et al., 2016). 

 Lower Colorado River Basin 
Projected changes to groundwater recharge in the Lower Colorado River Basin (LCRB) are quite 
different than those in the UCRB. The LCRB extends south from Lees Ferry, Arizona, all the 
way down into Mexico. A recent study (Tillman et al., 2020) investigated how future recharge 
patterns in the LCRB compared to the UCRB using the 97 CMIP5 projection ensemble and the 
SWB model as was done in Tillman et al. (2016a). Due to the unavailability of data in Mexico, 
Tillman et al. (2020) only included the portion of the LCRB that resides in the United States. The 
LCRB is substantially more arid than the UCRB with annual precipitation as little as 
70 millimeters near Yuma, Arizona, and temperatures 45 to 50 degrees Fahrenheit warmer than 
the UCRB. In addition, seasonal precipitation patterns in the LCRB are very different than those 
in the UCRB where precipitation is fairly uniform throughout the year. In the LCRB, the 
majority of precipitation falls from the monsoonal storms in July and August, with the remaining 
precipitation falling from September to March.  

In addition to climate, the principle aquifers in the UCRB and LCRB consist of different 
geologies. The principle aquifers in the UCRB are composed of permeable, moderately- to well-
consolidated sedimentary rocks while the principle aquifers in the LCRB are basin-fill aquifers 
consisting of unconsolidated gravel, sand, silt and clay, or partially consolidated sedimentary or 
volcanic material (Tillman et al., 2020). Given these differences in the geologic attributes and the 
climate of the UCRB and LCRB, it is not surprising that substantial differences in projected 
recharge patterns were found between the two areas. 

Historical climate data in the LCRB suggests a weak decreasing trend in precipitation from  
1951 to 2015 (Tillman et al., 2020). Along these same lines, future projected precipitation in the 
LCRB is estimated to be the same as or slightly lower than precipitation during the historical 
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period through most of the rest of this century. Similar to projected temperature trends in the 
UCRB, temperature is projected to increase substantially throughout the remainder of this 
century. Therefore, with the combined projections of increased temperature (and increased ET) 
and decreased precipitation, groundwater recharge is projected to be substantially less than 
historic levels in the LCRB. Out of the 71 remaining decades (calculated as 10-year moving 
averages) in this century, 55 of those decades are projected to have less than the historical  
25th percentile of recharge, which equates to 77 percent of the time (Tillman et al., 2020). 

However, an important uncertainty projecting groundwater recharge using SWB is the lack of 
vegetation feedback to climate change. In particular, the SWB model does not simulate 
responses to changes in atmospheric CO2 in terms of stomatal conductance and carbon 
assimilation, which may have various compensating effects on the ET response to temperature 
change (e.g., Dieleman et al., 2012). 

 American River Basin 
The American River Basin Study (ARBS) is a project by Reclamation and a diverse set of 
partners that aims to identify vulnerabilities to future water resources under a changing climate in 
the American River basin. The American River basin is located from Sacramento, California east 
to the Sierra Nevada mountains and bounded by Bear River on the north and Cosumnes River to 
the south. Groundwater resources were investigated in two subbasins at the bottom of the 
foothills adjacent to Sacramento (the North and South American groundwater subbasins). 
Changes to groundwater storage were simulated using CalSim3 (CA-DWR, 2017), a water 
resources planning model, coupled to C2VSim (Brush et al., 2013), which is a spatially 
distributed groundwater model specific to the Central Valley. Calsim3 receives hydrologic inputs 
from the Variable Infiltration Capacity (VIC) model (Liang et al., 1994, 1996; Nijssen et al., 
1997), which is a large-scale, semi-distributed hydrologic model that simulates the surface water 
balance at each grid cell, including infiltration and soil moisture storage, evaporation and 
transpiration, and surface runoff and baseflow. VIC was forced with five different climate 
scenarios, which were created using the same downscaled LOCA projections and hybrid-delta 
ensemble (HDe) methodology as the Eloy-Maricopa Stanfield Basin Study mentioned below 
(Reclamation, 2020a). 

All of the developed climate scenarios for the ARBS indicate increasing temperatures through 
the end of the next century while the projected change in precipitation is less certain with wet 
scenarios projecting small increases in annual precipitation and dry scenarios projecting small 
decreases in annual precipitation. Due to the projected rise in temperatures, SWE, and potential 
evapotranspiration are predicted to decrease and increase, respectively. On the other hand, runoff 
is more similar to projected precipitation patterns, where the dry scenarios indicate a decrease in 
annual runoff while the wet scenarios suggest an increase in annual runoff by the end of the next 
century. These coupled changes between climate and hydrology in the ARBS study area will 
lead to projected changes in groundwater storage in the two lower elevation groundwater 
subbasins. Groundwater model results suggest that, under all future climate scenarios, the  
North American groundwater subbasin will experience a decline in groundwater storage. In the 
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South American groundwater subbasin, groundwater storage is projected to increase under wet 
climate scenarios and decrease under dry climate scenarios with the central tendency scenario 
suggesting a net loss of 300,000 acre-feet of storage by the end of the 20th century. 

 Salinas and Carmel River Basins 
The Salinas and Carmel Rivers Basin Study (SCRBS) is similar to the ARBS described above, 
where Reclamation collaborated with other Federal agencies and local partners to identify water 
resource vulnerability under a changing future climate in the Salinas River basin and the Carmel 
River basin. The SCRBS also created multiple strategic portfolios demonstrating different water 
resource adaptations to combat potential imbalances between projected water availability and 
demand. The study area for the SCRBS is located along the coastline in central California and 
encompasses both the Salinas and Carmel River basins in addition to the Monterey Peninsula. 
Overall, the study area is approximately 4,500 square miles and has a population of around 
370,00 people. The area is primarily known for its tourism and agriculture and is one of the most 
prominent agricultural areas across the Western United States. Despite multiple reservoirs and 
rivers in the study area, groundwater is a prominent source of water in the area. For example,  
San Luis Obispo sources nearly 80 percent of its water demand from groundwater and a recent 
transition from cattle ranching to irrigated agriculture has increased the groundwater demand. 
These supply and demand imbalances have led to declining groundwater levels and water supply 
challenges. 

To address these water imbalances and plan for the future, the SCRBS developed five future 
climate scenarios (Reclamation and U.S. Geological Survey, 2020a) coupled to three future 
socioeconomic scenarios and modeled the change in groundwater levels under these future 
scenarios through the end of the 21st century (Reclamation and U.S. Geological Survey, 2020b). 
The SCRBS also modeled projected sea level rise as it has the potential to impact saltwater 
intrusion into adjacent groundwater aquifers within the study area. Future climate scenarios were 
developed using the transient HDe approach, which is similar to the HDe approach used in the 
ARBS and the Eloy-Maricopa Stanfield Basin Study, except that it also accounts for the time-
varying evolution of projected changes in precipitation and temperature over the study area. The 
transient HDe methodology was developed and applied as part of the Sacramento and San 
Joaquin Rivers Impacts Assessment (Reclamation, 2014) and Basin Study (Reclamation, 2016b). 
The future sea level scenario was created by using one GCM projection that represented a 
conservative (“worst-case”) estimate of sea level rise in the area.  

The future climate and sea level rise scenarios were used as input into four different hydrologic 
models that were used to analyze future groundwater conditions across three distinct areas within 
the study area. The first model used is called the Basin Characterization Model (BCM; Flint et 
al., 2013), which is a watershed model that can calculate daily watershed budgets. BCM includes 
a suite of pre- and post-processing tools that are used to map historical climate data and GCM 
projected climates onto a smaller grid using spatial-interpolation and downscaling methods. In 
this study, BCM is used to spatially-interpolate and downscale the climate scenarios and estimate 
potential evapotranspiration for the following three models.  



West-Wide Climate and Hydrology Assessment 

345 

The second model used is called the Hydrologic Simulation Program-Fortran (HSPF). HSPF is a 
semi-distributed, lumped-parameter model that simulates watershed flow and transport processes 
(Bicknell et al., 1997). HSPF simulates streamflow hydrographs, soil moisture, surface runoff, 
interflow, baseflow, evapotranspiration, groundwater recharge, channel routing, sediment and 
nutrient fluxes, and reservoir routing. The third model used is the MODFLOW – One-Water 
Hydrologic Model (MF-OWHM; Harbaugh, 2005). MF-OWHM integrates physically based 
flow processes, both natural and human-influenced, into a supply and demand framework. This 
software is well-suited to address conjunctive use, water management, water-food-security, and 
climate-crop-water scenario analyses. The fourth model used was GS-FLOW: Coupled 
Groundwater Surface-Water Flow Model (Leavesley et al., 1983). GS-FLOW is an integrated 
groundwater and surface water model that couples the U.S. Geological Survey (USGS) 
Precipitation-Runoff Modeling System (PRMS; Markstrom et al., 2015) with the USGS Modular 
Ground-Water Flow Model (MODFLOW-NWT; Niswonger et al., 2011). 

Different models were used for three distinct areas within the study domain based on what 
models were already available for those areas: the Carmel River basin, the Salinas River basin, 
and the Paso Robles basin. GS-FLOW was used to model groundwater and surface water 
interactions in the Carmel River basin.  

To simulate hydrology in the Salinas River basin, two different models were developed based on 
the four models outlined above. The first model is called the Salinas Valley Watershed Model 
(SVWM), which is a hydrologic modeling tool developed by the USGS to simulate streamflow 
responses to climate inputs across the Salinas Valley watershed, several smaller watersheds 
along the Monterey Bay coastline, and the Monterey Peninsula. In general, the SVWM combines 
the BCM and HSPF models to simulate the climate and hydrology for the upland areas and 
tributaries draining into the alluvial valleys, which are simulated by the following two models.  

The second model is called Salinas Valley Integrated Hydrologic Model (SVIHM). The SVIHM 
was created by coupling the SVWM to MF-OWHM to create an integrated hydrologic model 
that accounts for the movement of water, including water management systems that re-distribute 
water supplies to meet urban, agriculture, environmental, and industrial needs.  

Last, to model groundwater resources in the Paso Robles basin, the SCRBS used an existing 
integrated hydrologic model called the Paso Robles Basin Model (PRBM) and coupled it to 
SVWM to create the Paso Robles Integrated Hydrologic Model (PRIHM). This approach 
provided a consistent framework for addressing rainfall and runoff processes throughout the 
Salinas Valley watershed and presents future opportunities for evaluating sediment and nutrient 
transport processes. Similar to the SVIHM, the SVWM was used to develop inflows to the 
PRIHM stream network for each climate simulation. In addition, PRIHM was used with MF-
OWHM to dynamically simulate climate and land use and associated agricultural demands, 
groundwater pumpage, and recharge. 

Similar to the ARBS, all future climate scenarios in the SCRBS suggest an increase in annual 
average temperatures. Precipitation is less certain, with two dry scenarios indicating a decrease 
of up to 10 percent in annual precipitation and two wet scenarios indicating an increase of 10 to 
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20 percent in annual precipitation. In addition, the three future socioeconomic scenarios all 
suggest an increase in population and water demand of varying degrees. Sea level rise is also 
projected to increase substantially along the coastal regions, which could lead to saltwater 
intrusion among adjacent groundwater aquifers. Coupling these future climate results to the three 
socioeconomic scenarios and taking into account future sea level rise suggests that water 
resources, including groundwater, will become scarcer over the next century and imbalances 
between supply and demand will continue to grow. Groundwater modeling results using these 
future scenarios for the SCRBS are still being carried out and will lend insight into how different 
adaptation strategies might help mitigate future groundwater vulnerabilities. 

 Lower Santa Cruz River Basin 
The Lower Santa Cruz River passes through Tucson, Arizona. The climate is hot and arid with 
recharge dominated by infrequent rain events during the fall monsoon season or winter months. 
Natural recharge in the area is not spatially distributed; but, is mostly confined to stream 
channels as rain events often cause surface runoff into channels rather than direct infiltration. 
The agricultural, municipal, and industrial water supply is dependent on groundwater and the 
Central Arizona Project, which imports Colorado River water to the region. Reclamation (2020a) 
studied changes in climate, streamflow, evapotranspiration, and soil moisture under two future 
climate scenarios using CMIP5 RCP4.5 and RCP8.5 emissions scenarios to span a range of 
possible future emissions. The study used these future estimates of precipitation and temperature 
to produce streamflow changes using the Colorado Basin River Forecast Center’s Sac-SMA 
model. The streamflow projections are used to calculate changes in streamflow recharge for 
groundwater modeling efforts that assess the combined effects of changes in artificial and natural 
recharge, as well as other anthropogenic factors, such as groundwater pumping. 

Climate scenarios consistently identify increases in temperature in the future in the Lower Santa 
Cruz River basin, with higher increases under the higher emission scenario. Precipitation 
changes are more variable than temperature. Under the lower emissions scenario, relatively 
minimal and inconsistent changes are projected in seasonal precipitation. In the worse-case 
scenario, total precipitation decreases in the monsoon and winter wet seasons. Precipitation 
becomes increasingly variable under projected future conditions. Soil moisture decreases, with 
the largest decreases in the spring months preceding the dry season under the higher emissions 
scenarios. Despite increases in temperature, evapotranspiration decreases due to limited soil 
moisture. The combination of these findings suggests a range of changes in streamflow and 
related risks to the sustainability of groundwater, infrastructure, and environmental systems. 

The groundwater system in the area of the Lower Santa Cruz River basin is part of the Tucson 
Active Management Area. The groundwater model for the Tucson Active Management Area 
requires inputs of recharge, including recharge facilities, stream recharge, and mountain front 
recharge. While mountain front recharge will change with climate-driven changes in snow, 
precipitation, and evaporation, it was not the focus of this study and continues to be an active 
area of research. Preliminary estimates of stream recharge across the basin decreased by 
40 percent under future climate conditions, although the change varies by stream. The basin 
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study did not explicitly address groundwater discharge to streams, but the number of days with 
no streamflow per month from the Sac-SMA model consistently increases in the higher 
emissions scenario, especially in April, May, and August. The loss of baseflow suggests 
decreases in groundwater returning to the stream under future climate scenarios. While the study 
basin largely consists of ephemeral or intermittent streams, these waterways are critical for 
supporting riparian vegetation and the associated wildlife habitat in the region. Longer periods 
without streamflow and potentially deeper groundwater levels would negatively impact these 
natural systems. 

 Eloy-Maricopa-Stanfield Basins 
The Eloy-Maricopa Stanfield Basin Study is a project investigating the projected change in 
natural recharge in southern Arizona (Reclamation, 2020a). The study area is located south of 
Phoenix and north of Tucson and has a climate similar to the Lower Santa Cruz River basin. The 
two rivers of interest that contribute to natural recharge in the study area are the Gila River that 
enters on the northeastern part of the domain and leaves on the northwestern part of the domain 
and the Santa Cruz River that enters from the south with all flow infiltrating within the study 
area. Recharge from the Gila River is assumed to be the volume of water entering the domain 
minus the volume of water leaving the domain, while all water entering the domain from the 
Santa Cruz River is assumed to recharge. The challenge of modeling recharge from these two 
rivers lies in the fact that the Gila River flow is regulated by discharge from an upstream dam 
and the Santa Cruz River flow is primarily effluent dominated, except during large precipitation 
events. 

In order to model future recharge in the Eloy-Maricopa Stanfield Basin Study area, a statistical 
relationship between historic annual streamflow and precipitation was developed for each river. 
Changes in annual temperatures did not explain any of the annual variation in streamflow, 
probably due to the flashy nature of the system and evaporation not playing an important role. 
However, a power function relationship (e.g., Crosbie et al., 2013) with annual precipitation was 
able to best explain the variance in streamflow for the Santa Cruz River. For the Gila River, it 
was found that a power law relationship with annual precipitation, combined with a linear 
relationship with total precipitation from the largest annual event, best explained the managed 
streamflow response. These relationships were then coupled to projected climate data to estimate 
the magnitude and trends in future natural recharge within the study area. Projected climate data 
was developed by using 64 downscaled LOCA climate projections (Pierce et al., 2014) of 
precipitation and temperature to develop five future climate scenarios using the HDe 
methodology (Hamlet et al., 2010). 

Projected changes in climate in this southern Arizona basin suggest that, while the average 
annual change in precipitation over the next 80 years ranges between -1 to 2 inches, all climate 
scenarios indicate an increase in extremely wet or extremely dry years (above the 90th percentile 
or below the 10th percentile of annual precipitation, respectively). Given the power law 
relationship that was found between recharge events and annual precipitation, it is apparent that 
recharge events in this area primarily occur only during years with extremely high amounts of 
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precipitation. Therefore, in the future, there appears to be more years where natural recharge 
from streamflow infiltration contributes to aquifer storage for both wet scenarios. On the other 
hand, there are also more years where there is no natural groundwater recharge from streamflow 
due to the increase in extremely dry years in both dry scenarios. However, when using the HDe 
methodology to develop climate scenarios, the historic sequencing of events is preserved while 
the relative magnitude of the climate data is adjusted. That means the results from this basin 
study do not delve into whether or not there will be more consecutive wet years or more 
consecutive dry years. Future investigations should focus on investigating whether or not the 
sequencing of events might change and how this will contribute to aquifer storage. 

 Klamath River Basin 
The Klamath River flows from south-central Oregon to the Pacific Ocean on the coast of 
California. The Klamath River Basin has many competing water uses resulting in imbalances in 
water supply and demand. Since 2001, groundwater pumping in the basin has increased to meet 
the range of water needs in the basin. As part of the Klamath River Basin Study (Reclamation, 
2016a), Reclamation and partners evaluated the effects of climate variability and change on three 
groundwater basins in the Klamath River Basin. The study relied on global climate model 
(GCM) outputs from both Coupled Model Intercomparison Projects phases—phase 3, CMIP3 
and phase 5, CMIP5. These projects include model results that encompass a range of potential 
futures. This study selected five climate scenarios to span this range, pairing temperature ranges 
from warm to hot with precipitation changes from wet to dry while including the central 
tendency of the projections. 

In the Upper Klamath Basin, the groundwater evaluation used a previously developed 
groundwater model (MODFLOW) driven by perturbed inputs of recharge to groundwater and 
maximum evapotranspiration from groundwater. Maximum evapotranspiration consistently 
increased under a range of possible future scenarios, driven by increases in temperature. 
Recharge, calculated based on relationships with precipitation, also increased under the wetter 
precipitation scenarios, but suggested slight decreases under some dry scenarios. The scenario 
representing the central tendency of the available set of CMIP3 or CMIP5-BCSD-downscaled 
futures indicated increases in recharge from 3 to 11 percent. Increased precipitation drives the 
increase in recharge, with larger changes under the CMIP5 modeling scenarios and into the 
farther future. The groundwater system combines these compensatory effects of more water 
leaving the system through evapotranspiration and more water entering the system through 
increase recharge. For the central tendency, the increased recharge exceeded the increased losses, 
resulting in increased groundwater storage and discharge to streams, although some drier 
projections did indicate storage losses. 

Storage increases were greater around the mountainous edges of the basin, with little projected 
change in the agricultural valleys. The two remaining basins (Scott Valley and Shasta) did not 
have groundwater models available at the time of the study. The study developed a groundwater 
screening tool which considers changes in basin-average groundwater elevation from changes in 
water availability, water demand, and management practices. The results of this statistical tool 
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similarly indicate that the increase in recharge from increased precipitation under future climate 
conditions may offset increases in evapotranspiration driven by higher future temperatures. 

Neither the modeling approach nor the assessment tool fully account for changes in groundwater 
demands in the system. Furthermore, the study identified shifts in the timing and volume of 
snowmelt runoff and surface water flows. Feedbacks between the surface and groundwater 
systems are complex and challenging to capture. As a result, the study identified the 
development of a coupled groundwater-surface water model as a possible effort that would 
enhance understanding of climate change impacts on the Klamath River Basin. 

 Milk and St. Mary River Basins 
The Milk and St. Mary River basins lie in northern Montana and southern Canada and are mostly 
comprised of rural and agricultural lands with numerous small towns scattered throughout. The 
climate in the area is typical of the northern Great Plains, with large seasonal variations. 
Summers are cooler and wetter in the higher elevations of the western part where snow can be 
observed during every month of the year. In 2012, Reclamation completed a basin study on the 
Milk and St. Mary River basins to address the imbalances in water demand and supply, which 
are mostly due to irrigation shortages (Reclamation, 2012c). In addition, the 2012 study 
investigated future climate projections and how changing climate conditions might alter future 
water demands and supplies in the region. Currently, Reclamation is updating the 2012 Milk and 
St. Mary Basin Study with the latest climate projections and surface hydrology models. 

The Milk and St. Mary Basin Study uses a scenario approach to quantify water supply, demand, 
and management risk under current operating policies. Similar to other basin studies, these 
scenarios included projected future climate conditions compared to historical conditions; 
however, they also included paleo-reconstructed conditions that represented periods of extreme 
drought and pluvial events (extremely wet periods). Future climate scenarios were developed 
similarly to those in the Eloy-Maricopa Stanfield Basin Study and the ARBS in that they were 
developed using the HDe methodology and used the ensemble of 64 CMIP5-LOCA climate 
projections. 

Streamflow calculated from each climate scenario were then input into a RiverWare model 
(Zagona et al., 2001) to evaluate current and future activities and conditions in the St. Mary 
River and Milk River basins. Groundwater was incorporated into the study analysis by way of 
return flows to rivers and streams in the RiverWare model. Return flows were calculated using 
unit response functions that are based on diversions and consumptive use by crops and 
phreatophytes. Therefore, return flows were connected to the different climate scenarios only in 
the sense that diversions and consumptive use are impacted by changes in precipitation and 
temperature. Results from the update to the Milk and St. Mary Basin Study are still pending at 
the time of this report. 
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8.3 Summary and Next Steps 

Many of the studies highlighted in this report relied on multiple models, each capturing only 
portions of the hydrologic cycle (e.g., weather patterns, land surface processes, groundwater 
fluxes). This approach limits the ability to holistically investigate feedbacks between these 
systems. One such example is drawn from the Lower Santa Cruz River Basin Study, whose 
stakeholders were interested in climate-driven changes in riparian evapotranspiration. The 
amount of water returned to the atmosphere by near-stream vegetation will depend on climatic 
influences on the near-surface atmosphere, river levels, and groundwater depths. Models that 
couple these systems have large computational and input data requirements, often inhibiting the 
long runs needed to analyze climate trends. 

Future work should address the need to bring the strengths of integrated modeling to climate 
change studies. One such program that aims to close this gap is the National Science 
Foundation’s Convergence Accelerator program that funds projects that shorten the time 
between research and practice. As part of the Convergence Accelerator program, Reclamation is 
working on an upcoming project to couple machine learning around an integrated groundwater-
surface model. This effort aims to facilitate long-term simulations of the hydrologic cycle from 
the land surface through the groundwater system. 

Improvements in estimations of projected precipitation will undoubtedly improve estimates of 
the influence of climate on groundwater systems. In addition, models used, for example the SWB 
to estimate groundwater recharge, lack vegetation feedback effects on climate change. A full 
literature review on combined effects of atmospheric CO2 and temperature on transpiration from 
different plant types would point to the need to address this topic in future regional projections of 
ET and associated groundwater recharge. As mentioned above, this includes higher resolution 
climate modeling to capture convective events that drive both diffuse and convective events. 
This also includes better understanding of mountain precipitation and flow paths to valley 
aquifer systems. As modeling of future precipitation and temperature improves, the groundwater 
community must keep pace to improve estimates of groundwater storage in the Western United 
States. 

8.4 Key Findings 

Consistent groundwater recharge and discharge analysis West-wide is not available; therefore, 
only case study-specific findings were documented in this chapter. However, for the Colorado 
River Basin—Upper Colorado River Basin (UCRB) and Lower Colorado River Basin (LCRB)— 
results from a multi-year collaboration effort with the USGS are available. This analysis was 
completed using the 97 CMIP5 projections that were statistically downscaled using the Bias 
Correction and Spatial Disaggregation (BCSD) method. Key findings from the studies in the 
Colorado River Basin are listed below: 
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• Historical (1896 to 2019) precipitation and temperature data for the Upper and Lower 
Colorado River Basins were analyzed to better understand recent trends in climate data 
that may affect groundwater resources in the area. 

o Historical data indicate multidecadal-scale cyclical patterns in precipitation in 
both the UCRB and LCRB. Although UCRB precipitation had no statistical trend 
over the recent historical period, the LCRB had a weak negative trend over this 
period. Multidecadal-scale cyclical patterns in temperature also are observed in 
historical climate data in both the UCRB and LCRB, at least until the early 1970s. 
Beginning at that time, both the UCRB and LCRB experienced strong, monotonic 
positive trends in temperature. 

• Projected climate data from 97 CMIP5 ensemble members across the full range of RCPs 
from water years 1951 through 2099 were evaluated to understand what current climate 
models are projecting about future conditions in the Colorado River Basin, and what this 
might mean for groundwater systems in the region. 

o Precipitation in the UCRB is projected to increase throughout the rest of the 
century, rising to 6 percent above the 1951 to 2015 historical period by mid-
century and to 9 percent above the historical period by the end of this century. 

o Temperature in the UCRB also is projected to be above the recent historical 
median throughout the rest of the century, with steady warming in decadal 
average temperatures expected until the last quarter of this century. 

o In contrast to projected precipitation in the UCRB, precipitation in the LCRB is 
projected to be the same as, or slightly less than, the historical period throughout 
most of the rest of this century. 

o Like projected temperature in the UCRB, temperature in the LCRB also is 
projected to be above the recent historical median throughout the rest of the 
century. 

o Comparing median projections for all future decades with median results from all 
historical decades, future precipitation is expected to be greater than that of the 
past in the UCRB, though no significant difference is projected for precipitation 
in the LCRB. Significant (at 5 percent significance level) increases are expected 
in temperature in both the UCRB and LCRB. In general, projections of future 
precipitation are more variable and less certain than those for future temperature. 

• To estimate the effects of projected precipitation and temperature on groundwater 
systems in the region, results from the 97 member CMIP5 climate projection ensembles 
were used as input in a Soil-Water Balance (SWB) groundwater infiltration model for the 
Colorado River Basin. 

o SWB simulation results indicate that the UCRB is expected to experience decades 
of above-historical-average groundwater infiltration through the end of the 
century. 
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o For the LCRB, simulated groundwater infiltration is projected to be consistently 
less than the recent (1951 to 2015) historical period for most of the remaining 
century. 

o A comparison of the distribution of all median simulated groundwater infiltration 
results between recent historical and future periods indicates projected 
groundwater infiltration in the UCRB is significantly (at 5 percent significance 
level) greater over the combined 2020 to 2099 future period than the recent  
(1951 to 2015) historical period. Moreover, in 41 of 71 (58 percent) possible 
future decades (calculated as 10-year moving averages) in this century, 
groundwater infiltration is projected to be greater than the 75th percentile of 
historical simulated groundwater infiltration. 

o Projected groundwater infiltration in the LCRB across all future decades is 
significantly less than in the historical period. Of the 71 future decades in the 
century, projected groundwater infiltration in the LCRB is expected to be less 
than the 25th percentile of historical infiltration in 55 (77 percent) of the 10-year 
periods. 

o Important differences in projected precipitation between the upper (increasing 
precipitation) and lower (decreasing precipitation) basins largely drive the 
different responses of simulated groundwater infiltration in the upper (increasing 
infiltration) and lower (decreasing infiltration) basins. 

• Finally, considering the uncertainty inherent in projected climate data, coarser spatial and 
longer temporal scale input data may be sufficient for water resources managers who 
need to understand changes in trends in groundwater recharge over water-year or longer 
time periods. 
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9 Uncertainties 
Water managers make decisions every day that are based on less-than-perfect knowledge of 
future conditions. Drawing on these experiences, while knowing more about the nature of the 
uncertainties of the information (described throughout this chapter), can help in navigating future 
change—an effort broadly classified as decision-making under uncertainty. 

It is helpful to recognize at the onset that within science uncertainty analysis is a process that 
helps identify a range of possible outcomes, adding important context and understanding to 
information presented. It is often categorized in two ways: uncertainty that will always exist 
(e.g., inherent randomness natural to a process), known as aleatory uncertainty, and uncertainty 
that can be reduced with improved process understanding or data (e.g., improving model 
structures or parameters, improving quality of observations), known as epistemic uncertainty 
(O’Hagan, 2004). Climate and hydrologic evaluations, including those in this report, have both 
types of uncertainty; therefore, one should not expect that advances in climate, hydrology and 
paleohydrology science can entirely eliminate uncertainty. However, there is inherent value in 
knowing more about the possible range of the decision variables (e.g., annual or seasonal 
streamflow magnitudes) for water managers, which is what uncertainty analysis can provide. 

This chapter provides perspective on potential sources of uncertainty in this report’s climate and 
hydrologic projections and paleohydrology evaluations. This perspective builds on past reports. 
Since the first SECURE Water Act Report, the data, and tools available for evaluating impacts of 
projected future climate on water supplies throughout the West have evolved and improved in 
many ways. Reclamation has consistently pursued evaluations using current science that provide 
updated models accompanied by a range of projections that characterize certain aspects of 
uncertainty. This started in 2011 with CMIP3 climate projections using a single statistical 
downscaling approach, the BCSD approach (Reclamation, 2011b). In 2016, this evaluation 
broadened to using CMIP5 projections and the same BCSD statistical downscaling approach 
(Reclamation, 2016c). In 2021, as outlined in this report, CMIP5 projections were used with an 
alternative statistical downscaling approach called LOCA, in conjunction with other assessment 
methods, including ones that leverage paleohydrology data. 

The assessment methods used in this report provide many robust insights into hydroclimatic 
variability in the recent past, the more distant past through paleohydrology, and changes 
projected for the future. This diversity of techniques to evaluate water supply reliability 
collectively provide a more robust analysis, especially when these different techniques reveal 
similar conclusions. For example, future climate projections and paleohydrology are two 
complementary types of information that both help to understand and prepare for conditions 
outside of those seen in the instrumental period. Future projections of streamflow rely on a suite 
of models—GCMs, downscaling methods, hydrology models, and river routing models—to 
reveal how increases in greenhouse gas concentrations influence hydroclimate processes. 
Alternatively, paleohydrology reconstructions use dendrochronology—the science of using tree-
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rings to better understand the climate of the distant past. These reconstructions analyze tree-ring 
cores, correlate those cores to stream gage and hydroclimate records via statistical models and 
estimate what this reveal about past hydroclimate across the Western United States. 

Together, these approaches can give broader context to the questions of what hydroclimate states 
have occurred in the recent or distant past that could occur again, and what do future projections 
suggest, outside of hydroclimate conditions experienced in the recent or distant past. Both of 
these analyses (paleohydrology and future projections) require unique tools and models, which 
have associated uncertainties across the analysis steps. Collectively, using multiple approaches 
broadens the understanding of possible future conditions and allows for a more informed risk-
informed decision-making framework to support robust water resources planning in the West. 

The analyses in this report are designed to be used in a risk-informed decision-making 
framework. They follow methods documented in peer-reviewed literature and are supported by 
leading researchers and practitioners in Federal agencies and research institutes across the United 
States. Because of the amount and nature of the uncertainty in future hydroclimate projections, 
however, it is also appropriate to consider concepts and techniques that provide decision makers 
with actionable information that does not rely on probabilities, using a subfield of decision 
science that deals with a deeply uncertain future. Deep uncertainty arises when, among other 
factors, the likelihoods of future conditions cannot be stated with confidence, and when experts 
do not agree on the most appropriate way to represent complex interactions between factors 
influencing a planning context (Lempert et al., 2003; Marchau et al., 2019). 

In essence, the scientific and engineering knowledge base contributing to impact assessment 
methods is steadily evolving. Ongoing research, described throughout this chapter, offers 
insights into the potential uncertainties of the methods used in this report and should be 
considered as findings are interpreted. 

9.1 Future Projections 

Chapters 2 and 3 describe the future projections used in this report. These projections use GCMs 
generated as part of CMIP5, multiple emission scenarios (RCP4.5, RCP8.5), and are downscaled 
using the LOCA statistical downscaling approach. This section provides additional context on 
the implications of these model choices within climate science broadly and describes the 
uncertainties inherent in projecting future hydroclimate conditions. 

Uncertainties in future projections stem from the inability to predict future global sociopolitical 
developments, incomplete understanding of complex system processes, imperfect representation 
of those processes in models, and irreducible natural variability. Numerous decisions must be 
made to generate usable projections, and each has associated uncertainties: choice in scenarios of 
greenhouse gases (uncertainties in human behavior); choice of models used for global climate 
simulation; choice of model initial conditions; choice of climate downscaling techniques; and, 
choice, configuration, and calibration of hydrologic models, as examples. The quantitative 
implications of all of these decisions aggregate to represent the overall uncertainty in 
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characterizing projected future climate impacts. Clark et al. (2016) presents the steps in 
developing hydrologic projections, starting with climate modeling, moving through climate 
downscaling, and finally applying hydrologic modeling and identifying areas of uncertainty. 

The next sections provide an overview of characterizing and analyzing uncertainty in four broad 
areas, namely, (1) climate modeling, including use of GCMs, scenarios of greenhouse gas 
concentrations, and internal climate variability, (2) climate downscaling, (3) hydrologic 
modeling, and (4) highlights from ongoing research aimed at mitigating the challenges of 
planning under deep uncertainty. 

 Climate Modeling 

Climate modeling includes multiple sources of uncertainty, which are often described as GCMs, 
greenhouse gas concentrations scenarios (also referred to as emission scenarios), and internal 
variability, described in detail below. The influence these uncertainties have on future 
projections varies depending on region and time horizon. For example, when analyzing regional 
temperatures from CMIP3 models, Hawkins and Sutton (2009) found uncertainty in future 
projections related to internal climate variability is greater in the near future, whereas 
uncertainties due to greenhouse gas concentrations and climate model selection is larger at the 
end of the 21st century. 

 Global Climate Models 

A key source of uncertainty in climate impacts assessments lies in the structure of global  
climate models, or GCMs. This report relies on the same GCMs that were used to inform the 
West-Wide Climate Risk Assessment of the 2016 SECURE Water Act Report (Reclamation, 
2016c). This generation of GCMs, namely CMIP5, have more detailed representations of Earth 
systems in terms of spatial detail and representation of physical and biogeochemical processes 
than the CMIP3 generation of GCMs used in the West-Wide Climate Risk Assessment of the 
2011 SECURE Water Act Report (Reclamation, 2016c). For that reason, many GCMs have 
come to be termed Earth System Models. 

While the CMIP5 generation of GCMs agree better with global observations of temperature and 
precipitation (Knutti et al., 2013), Earth System Models continue to have irreducible 
uncertainties like internal climate variability (Bishop and Abramowitz, 2013; Knutti and 
Sedlácek, 2013). Diversity in GCMs offers an information resource that can be used to define 
alternative climate change narratives for the water resources sector (Brekke et al., 2009). 

GCM projections are based upon initial model states, assumptions of future greenhouse gas 
concentrations in the atmosphere, and internal as well as external forcings, such as solar radiation 
and volcanic activity to name just a few. Changes in land surface, atmosphere, and ocean 
dynamics, as well as how such changes are best modeled in GCMs, continue to be areas of active 
research. Depending on how these and other factors are represented within each GCM, projected 
future conditions, such as the magnitude of temperature and precipitation changes, may vary.  
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However, the degree to which the magnitude of GCM-simulated warming agrees with historical 
observations varies based on the data, methods, and time periods used for making such 
comparisons, where some studies find more GCM warming (Santer et al., 2017) while others 
show warming rates more in line with observations (Lin et al., 2016; Richardson et al., 2016). 
GCMs continue to be refined, including how to characterize model outputs and observations, and 
how measurement errors, internal variability, and model forcings can be improved to enhance 
future model performance (Lin et al., 2016). 

Climate modeling is inherently uncertain due to climate system feedbacks and the chaotic 
evolution of system states. As such, inter-model differences are expected (Hawkins and Sutton, 
2009), and multi-model estimates of uncertainty are a critical component of many climate impact 
assessments (Brekke et al., 2009). Not all models are created equal and carefully rejecting, or 
giving less weight to, models that have an inadequate representation of Earth-system processes 
or climate system dynamics is often desired, but challenging to do (Knutti, 2010; Knutti et al., 
2010) and does not necessarily lead to a reduced range in projections. The research community is 
working to develop methods for meaningful multi-model combinations (Mote et al., 2011; 
Bishop and Abramowitz, 2013; Evans et al., 2013; Abramowitz et al., 2019), but this effort is a 
complicated, application-specific challenge because some models have more relevance and skill 
depending on assessment questions. 

 Scenarios of Greenhouse Gas Concentrations 

While there is inherent uncertainty in future projections, there is high confidence in the science 
community’s understanding of the greenhouse effect and the knowledge that human activities are 
changing the climate in unprecedented ways. Reclamation has consistently relied on a broad 
range of possible climate scenarios when assessing the risks and impacts from climate change. 
The NCA4 identified RCP4.5 and RCP8.5 as the core scenarios representing an appropriate 
range of future conditions, stating “NCA4 focuses on RCP8.5 as a ‘higher’ scenario, associated 
with more warming, and RCP4.5 as a ‘lower’ scenario with less warming. Other RCP scenarios 
(e.g., RCP2.6, a ‘very low’ scenario) are used where instructive, such as in analyses of mitigation 
of science issues” (USGCRP, 2018). 

Reclamation’s use of a range of RCPs—without assigning probabilities to any individual climate 
modeling experiment—reflects Reclamation’s commitment to understand uncertainties 
associated with future projections and identify a range of possible outcomes consistent with the 
current state of the practice in water resources climate impact assessments. This adheres to the 
requirements in P.L.111-11 (§9503(b)(1)) to use, “the best available scientific information with 
respect to presently observed and projected future impacts of global climate change on water 
resources. …” Furthermore, NCA4 future projections currently constitute nationally available 
scientific information that has been extensively reviewed by Federal and non-Federal experts. 

 Internal Climate Variability  

Another source of uncertainty stems from internal climate variability, which is often thought of 
as equivalent to year-to-year and decade-to-decade natural variability. It has long been 
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recognized that the climate system evolves in a chaotic way (Lorenz, 1963), meaning that small 
perturbations in atmospheric initial conditions cause large differences in the trajectory of future 
climate simulations (Deser et al., 2012a; Deser et al., 2012b). The differences among different 
initializations of the same model can be attributed to internal climate variability, as distinct from 
any model error (Tebaldi et al., 2011). In most climate impact assessments, internal climate 
variability is represented using the ensemble of opportunity described as individual simulations 
by various GCMs and often several simulations of the same GCM with differing initial 
conditions.  

In an effort to explore and understand the consequences of relying on such ensembles, Kay et al. 
(2015) explicitly characterized the uncertainties associated with internal climate variability in a 
series of simulations of the Community Earth Systems Model (one of many Earth Systems 
Models included in CMIP5). Early results demonstrated the influence of internal climate 
variability on 20th to 21st century climate trajectories. Internal climate variability, as seen in 
multiple runs of a single GCM, can produce projection spread comparable to that in CMIP5 
GCMs collectively. While internal variability can have a big influence on values in a particular 
year or decade, the overall climate change signals are not changed, establishing that GCMs work 
properly in their overall response to climate change. 

 Climate Downscaling 

It is important to recognize that many of the outputs from climate models validate better against 
observations at continental to global scales than at local to regional scales and may not capture 
regional or watershed-level metrics well. For example, because their spatial grid resolution may 
be on the order of one-degree latitude/longitude, some GCMs may not capture the orographic 
effects associated with certain mountain ranges (e.g., the Cascade Mountains of Washington). 
Accordingly, techniques must be employed to localize or “downscale” GCM output for 
applications such as basin-specific water resources planning studies. Ultimately, the downscaled 
projections of climate are used as inputs to hydrologic models to produce projected streamflow, 
which are then used to assess impacts to the water resource system in question.  

Of note, the primary difference in future climate projections presented in this report compared to 
the West-Wide Climate Risk Assessment of the 2016 SECURE Water Act Report is the use of 
the statistical downscaling method called LOCA (LOcalized Constructed Analogs) as a 
compliment to the BCSD (Bias Correction and Spatial Disaggregation) statistical downscaling 
approach used in earlier reports. 

Uncertainties exist at each of the steps necessary to translate GCM output to water resources 
impacts. Uncertainties in the downscaling process can result in variations depending on the 
modeling technique used. While the current and past SECURE reports have focused on two 
statistical approaches (see Vano et al., 2020 for a detailed comparison), a large variety of 
downscaling methods exist, including: (1) statistical methods that make use of the climate model 
circulation patterns (Fowler et al., 2007; Wilby et al., 2014) or incorporate physically based 
dynamical considerations (Jarosch et al., 2012); (2) dynamical downscaling approaches  
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(Giorgi, 1990; Rasmussen et al., 2014), and, more recently, (3) hybrid approaches that combine 
elements of statistical and dynamical methods (e.g., Gutmann et al., 2016). 

The statistical downscaling methods traditionally used by the water resources sector in the 
United States, as in this report, have involved rescaling the precipitation and temperature outputs 
from the climate model using a statistical model (Wood et al., 2004; Hidalgo et al., 2008; Stoner 
et al., 2013). Such methods vary in the degree to which they preserve the change signal produced 
by the climate model itself (Pierce et al., 2015), which some users view as a requirement. These 
statistical approaches often have weaknesses in their representation of hydrologically important 
meteorological features, such as the time-space scaling of storm characteristics (Maraun, 2013; 
Gutmann et al., 2014). 

Reducing uncertainty in the downscaling process will be difficult, but progress can be made 
through improvements in computational power, systematic evaluation of existing downscaling 
methods, and the removal of poorly performing methods. For example, for an application that 
depends on the proper representation of precipitation in the mountains, it may be reasonable to 
remove methods that rely on climate model precipitation if that climate model does not have a 
representation of those mountains due to its coarse spatial resolution. If, in this case, multiple 
downscaling methods that provide a better representation of orographic effects all provide a 
similar answer, the resulting uncertainty can reasonably be reduced. 

Depending on the application, it is also possible to select methods for their ability to produce 
either unbiased information (Teutschbein and Seibert, 2012), or a proper representation of 
extreme events or spatial scaling characteristics (Gutmann et al., 2014). Improvements in 
computational capacity also have the potential to reduce uncertainties in regional climate 
modeling as these improvements lead to the ability to run models with convection permitting 
scales (Kendon et al., 2014; Rasmussen et al., 2014). At these scales, it is possible to explicitly 
resolve convection, thus reducing one source of uncertainty. Finally, one of the most important 
pieces to evaluate for any climate change assessment is the ability of the methods to represent the 
changes most relevant to identified management concerns, though how best to do this is still not 
yet established. 

Differences between future projections presented here based on the LOCA downscaling method 
and in the 2016 SECURE Water Act Report based on the BCSD method are described in detail 
in a Technical Memorandum, Comparing Downscaled LOCA and BCSD CMIP5 Climate and 
Hydrology Projections (Vano et al., 2020). In general, these two methods provide generally 
similar results, both in relation to their historical comparisons and future projections. There are, 
however, locations and variables where differences arise. For example, in the Canadian portion 
of the Columbia, precipitation declines in LOCA relative to BCSD result in lower ET, runoff, 
and SWE in hydrologic model output, which can be attributed to the observation datasets used. 
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 Hydrologic Modeling 

Hydrologic models translate downscaled temperature and precipitation into relevant water 
management variables like snowpack and runoff. In this report, Reclamation presents a range of 
projected future hydroclimate variables measured using the central tendency (ensemble median), 
and the 10th and 90th percentile bounds from the 64-projection ensemble. These help in providing 
a lower and upper bound of hydroclimatic change possibilities through time for this analysis. The 
2011, 2016, and 2021 SECURE Water Act reports all use the Variable Infiltration Capacity 
(VIC) macroscale hydrology model, although the model version has advanced and spatial 
resolution has been further refined over the years. Relative to changes in emission scenarios, 
GCMs, and downscaling techniques, the differences in future projections because of VIC 
versions or resolutions between the 2016 and 2021 reports are small (Vano et al., 2020). 

Choices made in hydrological modeling can influence results and are being researched at 
Reclamation and elsewhere. Commonly for long-term water supply planning studies (e.g., basin 
studies) performed by Reclamation, an evaluation is done to select an appropriate surface 
hydrologic model to use to simulate runoff (Broman and McGuire 2020; Brekke, 2010). A 
selection may be made based on available existing models for a region or the ability of a model 
to represent relevant hydrologic processes, though results of these processes have not been 
highlighted in this or past SECURE reports. 

An important result in research on the hydrologic impacts of climate change is that the portrayal 
of climate change impacts depends on the decisions made on the selection, configuration, and 
calibration of hydrologic models (Wilby, 2005; Miller et al., 2012; Vano et al., 2014; Mendoza et 
al., 2015). In one of the earliest studies, Wilby (2005) demonstrated that parameter uncertainties 
have a large impact on the portrayal of climate change impacts. Subsequent work has 
demonstrated that the portrayal of climate change impacts also depends on the choice of 
hydrologic models and on specific decisions made in model calibration (Miller et al., 2012;  
Vano et al., 2014; Mendoza et al., 2015). For a variety of reasons, hydrologic model calibration 
often receives inadequate attention in climate change impact assessments, with potential first-
order effects on the estimation of future hydrologic responses. 

The uncertainties in hydrologic modeling stem from both algorithmic simplifications of 
hydrologic theory and data limitations (Clark et al., 2016). Considerations of parsimony may 
compel modelers to neglect specific processes (e.g., groundwater-surface water interactions, 
carbon fertilization). Moreover, data limitations constrain the extent that it is possible to 
adequately capture the details of the landscape, and especially, define appropriate model 
parameter values. Specifically, inter-model differences occur because different modelers have 
made model development decisions in different ways, as manifested in different spatial 
discretizations, process parameterizations, model parameter values, and time-stepping schemes 
(Clark et al., 2011). It is now possible to use multiple hypothesis-modeling frameworks to 
deliberately and systematically characterize uncertainties in physically motivated hydrologic 
models (Clark et al., 2015a; Clark et al., 2015b; Clark et al., 2015c), and such work will be 
important to improve the realism of the portrayal of climate risk. 
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It is important to acknowledge that the current analytical approach used provides only a limited 
view of the uncertainty space. For example, the trend toward using multiple hydrologic models 
rather than a single model (the standard approach for many prior studies, as well as this one) has 
confirmed that a single hydrologic model selection erroneously narrows the final projection 
uncertainty space by failing to represent the hydrologic sensitivities that would be estimated 
through different modeling choices. As the impact assessment community continues to formulate 
strategies toward reducing projection uncertainty, it is nonetheless important to better understand 
the possible sources of uncertainty, which likely are more substantial than the present approach 
assumes. 

The opportunities to reduce uncertainty in hydrologic modeling relate to the configuration and 
calibration of hydrologic models. Reducing uncertainties associated with model configuration 
requires that models appropriately represent dominant processes, because neglecting processes 
(e.g., groundwater-surface water interactions, or carbon fertilization) or over-simplifying process 
representations (e.g., temperature index snow models, or temperature-based representations of 
potential evapotranspiration), can lead to biased portrayals of climate change impacts (Milly and 
Dunne 2011; Lofgren et al., 2013). For example, Sheffield et al. (2012) demonstrated that trends 
in global drought are exaggerated when using temperature-based representations of potential 
evapotranspiration. Efforts to reduce uncertainties through increases in model complexity may in 
fact increase inter-model differences. Such changes in the portrayal of uncertainty should not be 
viewed as an increase in uncertainty, but, rather, increases in inter-model differences simply 
reveal uncertainties that have always been present. 

The most accessible opportunity to reduce uncertainties is through the judicious selection of 
model parameter values (i.e., parameter values that are either specified a priori or inferred 
through model calibration). Yet, there are two challenges associated with this task, other than the 
investment of time and effort. The first challenge is the realism of calibrated models for 
individual basins. Mendoza et al. (2016) demonstrated that model calibration can substantially 
reduce projected change uncertainty and is an important aspect of hydrologic simulation. 
However, decisions made during model calibration can lead to appreciable differences in the 
portrayal of climate change impacts. These problems stem from parameter interactions and 
compensatory errors associated with traditional calibration objectives (e.g., a singular focus on 
daily streamflow errors), suggesting that more work should be focused on diagnostic, 
multivariate, and multi-objective approaches to parameter estimation so models get the right 
answers for the right reasons (Gupta et al., 2008). 

The second challenge is the difficulty in defining spatially consistent model parameters over 
large geographic domains (Archfield et al., 2016) in the face of sparse hydrologic observations. 
In many continental domain applications, estimates of model parameters can be highly uncertain 
(Mizukami et al., 2017), where parameters are typically specified a priori to default values, or 
parameter maps are patched together from independent, uncoordinated calibration efforts. Such 
continental-domain parameter estimates can be improved substantially through the application of 
scale-aware parameter regionalization methodologies (Samaniego et al., 2010), a notable 
research advance. 
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Another hydrologic modeling element worth mentioning is that the choice of historical 
meteorological dataset, the dataset on which a hydrologic model is calibrated, can also play a 
role in how sensitive different locations are to changes in temperature and precipitation  
(Elsner et al., 20l4; Vano et al., 2020).  

In summary, the consideration of hydrologic model selection, individual basin calibration and 
large-domain parameter estimation techniques, and an awareness of meteorological datasets used 
in the modeling process support considerations for multiple sources of uncertainty in long-term 
planning studies. An awareness of how these choices affect modeling results can build 
knowledge of, and at times reduce, uncertainties associated with representing hydrologic 
processes. 

 Deep Uncertainty in Hydroclimate Projections 

The content above describes the implications of, and research into, processes and choices 
required to translate global climate projections into practical inputs to system planning models. 
The purpose of this work is to enable exploration of how potential future changes may challenge 
water resources management. This approach to impacts assessment can be considered “top-
down” (Dessai and Hulme, 2004), wherein a set of futures is developed as a representation of the 
range of potential future conditions and used to probabilistically describe future system risks. 
Under climate change, and the complicated steps necessary to translate climate change signals to 
regional streamflow, relying on probabilistic analyses to make decisions can be problematic. 
These systems are subject to conditions of deep uncertainty, described as situations where 
conditions external to, but impacted by, a planning context cannot be confidently described as 
more or less likely, and there is disagreement among experts about how to represent complex 
interactions that affect planning (Lempert et al., 2003; Marchau et al., 2019), and thus it is 
prudent to recognize the need to explore alternative planning paradigms. 

In the case of projecting future climate risks to water resources systems, the first factor, 
difficulties in placing likelihoods, is applicable because of the impossibility of determining the 
most probable future trajectory of global greenhouse gas concentrations. The second factor, 
disagreement among experts, is demonstrated by the large number of GCMs that do not agree 
and the subsequent downscaling steps that are all subject to philosophical and methodological 
choices and are undergoing continual research and development. 

Due to this unresolvable deep uncertainty, it is advantageous to use a “bottom-up” approach in 
planning with climate change data. Bottom-up approaches (Dessai and Hulme, 2004) begin with 
a foundation of extensively testing a system to determine external conditions that result in poor 
or unacceptable performance (i.e., identifying vulnerabilities). In water resources planning, 
vulnerabilities could be tied to, for example, a certain reduction in streamflow compared to 
historical volumes, a certain level of demand growth, and specific downstream flow constraints, 
among others. Through various processes and types of analysis, and with varying levels of 
certainty, these can be translated into monitorable conditions or scenarios, such as, temperature 
increases, wildfires, or policy developments. 
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A critical advantage of “bottom-up” approaches is that planning outcomes and risk perceptions 
are not contingent on assumptions made at the beginning of a planning process about modeling 
inputs, which rely on imperfect data at best, or deeply uncertain data at worst. Instead, planning 
is based on actionable information that more readily supports monitoring and incrementalism 
with the goal of making robust decisions that perform acceptably well across a wide range of 
potential futures. 

Decision-making under deep uncertainty (DMDU) is a subfield of decision science that has 
developed methods, processes, and tools to implement the bottom-up paradigm and mitigate the 
challenges of planning under deep uncertainty. DMDU is an active area of research and practice 
(DMDU Society, 2021), with applications across many sectors including defense, energy policy, 
and disaster preparedness (Marchau et al., 2019; DMDU Society, 2021). Water resources 
planning and management is one of the most prominent focus areas (Lempert and Groves 2010; 
Herman et al., 2015; Kasprzyk et al., 2013; Brown et al., 2012; Haasnoot et al., 2003; Groves et 
al., 2021), and Reclamation has undertaken several studies that explore or apply DMDU methods 
(Reclamation, 2012b; Alexander, 2018). Expanding awareness of deep uncertainty and 
increasing knowledge and applications of DMDU methods will be an important component of 
Reclamation’s future activities related to assessing and adapting to climate change impacts. 

9.2 Paleohydrology Information and Reconstructions 

Chapters 4, 5, and 6 highlight the use of paleohydrology in this report. Paleohydrology uses 
climate information recorded as growth variability in tree rings to reconstruct variability in past 
climate. 

Here, tree ring measurements serve as proxy records for moisture conditions of the past that 
allow estimations of streamflow through a statistical relationship between observed tree growth 
and naturalized records of gaged streamflow. Incorporating long paleohydrologic records into 
water resource studies can inform decision-making by adding important information on past 
conditions that are not captured in recent observational records; however, some uncertainties 
arise when using paleohydrology. This uncertainty stems from both methodological choices 
inherent to the technique as well as a limited understanding of how past variability characteristics 
will persist under changing future climate conditions. These uncertainties are discussed in greater 
detail below. 

Two sets of paleohydrology information based on tree-ring chronologies were used in this report. 
The two sets are: reconstructed drought index, summer (June-July-August) season Palmer 
Drought Severity Index (PDSI) (Cook et al., 2010), and water-year annual reconstructed 
streamflow (Rice et al., 2009; Martin et al., 2019; Littell et al., 2016). These reconstructions of 
PDSI and streamflow were used in conjunction with instrumental (mostly 20th century) and 
climate projection (21st century) information in a range of analyses. The analyses included using 
the PDSI index directly in a long-term drought analysis (Chapter 4), analyzing severe sustained 
and flash droughts using reconstructed streamflow (Chapter 5), and identifying significant 
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drought events in the reconstructed streamflow record that reflect particularly challenging 
conditions that can be used to assess water supply reliability with water resources system models 
(Chapter 6). In the following paragraphs, uncertainties related to developing and assessing 
reconstructions broadly, and streamflow reconstructions specifically, are discussed. 

Fundamentally, there is uncertainty associated with correlating tree-rings with annual streamflow 
using a statistical model. The steps in developing the chronologies include, selecting appropriate 
sites for trees, developing the tree-ring chronologies from the sampled trees’ annual tree-rings, 
and developing the empirical models between chronologies and annual flows. 

The chronology development methods, going from interpreting raw measured ring widths (from 
tree stands and even wood laying on the ground) to representative chronologies have 
methodological choices associated with them, and those choices are not universal. Though the 
tree-ring chronologies developed by the team that worked on this report largely use approaches 
consistent with the common practices in dendrochronology, there are some differences in the 
broader dendrochronology community in terms of objective approaches to building chronologies. 

The choice of statistical modeling approaches also vary, and the observational data of natural 
streamflows used in the statistical modeling can be uncertain. For some locations, model-derived 
natural streamflow is also used, and such reconstructions inherit the uncertainties present in the 
hydrology models used to develop the natural flow estimates. Other factors that contribute to 
uncertainty can also include the fact that as one goes further and further back in time, the number 
of trees available to develop chronologies decreases. Thus, there is a sample-size consideration 
that factors into developing the reconstructions. Potential uncertainty associated with low sample 
sizes are typically addressed by first assessing the climate signal quality over the length of 
chronologies themselves (Briffa and Jones, 1990) and secondly by choosing the starting year of 
the reconstruction based on adequate verification skill of the reconstruction model as determined 
by the availability of chronologies over time. In this report, the drought analysis with 
reconstructed PDSI used 1473 as the starting year and analyses with streamflow data used  
1685 as the beginning year to identify drought events. While this study uses previously published 
reconstructions, it is standard practice to thoroughly describe the methodological choices made 
and both minimize and provide the uncertainty bounds for all reconstructed values. While the 
reconstructions listed in Table 2 were not yet published at the time of this report, streamflow 
reconstructions in the Milk and St. Mary River basins were developed following the approach 
described in Martin et al. (2020) and reconstructions in the Columbia River Basin were 
developed following the approach of Gedalof et al. (2004). 

In addition to the analytical aspects of developing reconstructions, there are fundamental 
environmental aspects to the growth of the trees. The sensitivity of tree growth to climate can 
fluctuate over time and some trees switch between temperature and moisture sensitivity. In the 
case of streamflow, trees tend to be more skillful at recording dry conditions than very wet 
conditions. These challenges can be partially addressed by first screening chronologies prior to 
their use in reconstruction models to ensure they contain a consistent climate signal of interest 
(for example, are well correlated with local precipitation records, e.g., Martin et al., 2019).  
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Issues of switching climate sensitivities can also be partially addressed in the model verification 
process by identifying models that fail to capture defined shifts in climate conditions  
(Briffa et al., 1988). 

Furthermore, some regions have better coupling between tree growth and climate than others 
across the West. For example, the Upper Colorado River Basin has a strong tree growth-climate 
relationship (e.g., higher skill, measured using correlation), but in the Missouri River Basin, this 
relationship can be less direct, resulting in skill that is not uniform across the West. The 
uncertainty associated with the strength of the climate-growth relationship of a region can largely 
be understood using the reconstruction statistics that quantify reconstruction skill. 

Events such as wildfires, floods, and particular insect activity leading to defoliation can be hard 
to detect and differentiate from climate. However, stand-level uncertainties like fire or insect 
activity are minimized as much as possible starting at the level of producing a climate sensitive 
chronology, but also in the statistical methods employed to develop the reconstructions. The 
most robust methods against stand level disturbance usually employ linear multi-variate methods 
like Principal Component Analysis (PCA) to summarize common growth signals across many 
chronologies. The least robust methods to this potential problem use only a few individual 
chronologies in a regression-based reconstruction framework. However, generally, before final 
reconstructions are accepted, the selected predictor chronologies are checked for obvious signs 
of stand-level disturbance. In summary, uncertainty from stand-wide disturbances in any 
individual streamflow reconstruction would be expected to be quite small. 

Probabilistic interpretations of flow reconstructions are needed because of uncertainty stemming 
from limitations of the basic data, from the reconstruction process itself, and from the choice of 
analytical methods. Important differences in reconstructions can largely be traced to differences 
in basic tree-ring data, hydrologic data, and modeling choices. Short calibration periods with 
inadequate natural flow records are considered the largest sources of uncertainty and, especially, 
if the record only exists over a single sustained wet, dry, or average period. When possible, this 
uncertainty is addressed by developing or extending natural flow estimates over the longest time 
period possible. 

Statistical reconstruction methods, such as multiple linear regression, yield an estimate of the 
reconstruction uncertainty in terms of the error variance. The error variance reflects the goodness 
of fit of the reconstruction model and is critical to the interpretation of the reconstructed 
streamflow statistics. Such statistics are typically developed from both calibration and 
verification estimates of error and goodness of fit. The biases and standard errors of 
reconstructed streamflow drought statistics have been found to depend on degree of the 
goodness-of-fit, calibration sample length, reconstruction sample length, and autocorrelation of 
the reconstructed flows (Brockway and Bradley, 1995). Gangopadhyay et al. (2009) presents a 
non-parametric reconstruction methodology to develop an ensemble of streamflow 
reconstructions to support probabilistic interpretations. The uncertainties related to 
reconstructing streamflows, such as developing chronologies and methodological choices, 
largely apply to uncertainties for reconstructing the PDSI timeseries (Cook et al., 2010). 
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Finally, the use of paleohydrology as a tool for estimating possible future conditions relies at 
least in part on an assumption of stationary hydrologic variability through time. Given 
projections of changing future climate conditions outlined in this report, some uncertainty exists 
in that assumption itself (Milly et. al., 2008). As a result, some characteristics of hydrologic 
variability evident in paleohydrologic records may or may not be possible under future climate 
conditions. However, given this uncertainty and the knowledge that such variability has occurred 
in the past, the most prudent course of action remains to plan for the full range of possibilities 
evident from the past, a task for which the use of paleohydrology is uniquely suited. 

9.3 West-wide Drought Analyses 

Chapter 4 of this report details a long-term drought analysis of both the distant past and future 
projections. These West-wide analyses use both reconstructed Palmer Drought Severity Index 
(PDSI) (Cook et al., 2010) and projections of PDSI developed using precipitation and 
temperature data from the CMIP5-LOCA archive. The PDSI data was broadly defined over two 
periods for the analyses—historical period (1473 to 2005) and projection period (2006 to 2099). 

Though PDSI was developed by Palmer (1965) and continues to be used and even underlies the 
U.S. Drought Monitor, the use of it as an index to identify droughts, especially in the context of a 
climate change analysis has been debated (e.g., Ault, 2020). Dai (2011a; 2011b) and Dai et al. 
(2004) provide discussions on the choice of using PDSI in drought analysis and note that PDSI 
has been reasonably successful at quantifying long-term drought (Dai and NCAR, 2019). 
Assessing impacts, such as droughts, adds a level of complexity and, therefore, additional 
uncertainty in characterizing such impacts from GCM data. GCM-based projections have known 
uncertainties, yet practitioners who are familiar with those uncertainties still use them. Using 
GCM output for additional analysis can be useful, although it requires further effort and 
expertise as uncertainties are compounded. 

Analyses of drought characteristics over the common period (1950 to 2005) largely show that 
climate models encompass the observed drought characteristics and that the climate model 
simulations can be useful in understanding droughts under future conditions across the Western 
United States. One key source of uncertainty in this analysis is drought interarrival time, the 
details of which are presented in Chapter 4. To date, not all sources of uncertainty have been 
analyzed, but, all distributional model parameter estimates, and associated standard errors or 
confidence bounds of model parameters, were retained and can be used to further explore 
uncertainties in future studies. 

9.4 Water Supply Reliability Assessments 

In Chapter 6 of this report, paleohydrology scenarios were developed and run through river 
systems models to identify how current river management might be affected by some of the 
substantial droughts of the distant past, in comparison with more recent historical droughts  
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(and floods in two cases). Along with scenarios of streamflow, various assumptions were made 
to inform other inputs, such as water demand, reservoir evaporation, model initial conditions, 
and duration of model run before the drought event or flood event occurs. All of these choices 
inform the event-based scenario approach taken in this assessment and ultimately contribute to 
outcome uncertainties. 

Where possible, sensitivity analyses were performed to inform methodological choices. One 
example is the model initial conditions and duration of the model simulation before the selected 
drought (pluvial) event takes place. For each simulated river basin (refer to Chapter 6), the 
sensitivity of the results to initial conditions (e.g., reservoir storage) and duration prior to drought 
events was either explicitly evaluated using the system model or was discussed with water 
managers in the basin where selections were made according to on-the-ground experience. 
Although these choices may be seen as sources of uncertainty, they were coordinated with 
regional water managers and are therefore documented and transparent. Similarly, water demand 
model inputs were based on discussions with water managers and typically corresponded with 
static demands at set levels (2018 demands for example) throughout the model simulations. In 
most cases, these choices were made to coincide with previous existing planning studies 
performed in the respective river basins. 

Other river system model inputs such as reservoir evaporation and inflows were computed based 
on available physically based models. Uncertainties associated with those methods inherently 
cascade into the water supply reliability assessment modeling. 

Moreover, a river system model itself is a representation of a river system and how it is 
managed. Therefore, this representation introduces additional uncertainties into the estimation of 
drought impacts on water supply and river management. For example, river and reservoir 
operations that actually occur on the ground are translated into logic statements within a river 
system model. How operational policies are interpreted and thereby how the logic statements are 
composed may vary depending on the modeler. However, there may be uncertainty associated 
with the development of the river management logic within a model. In this report, to reduce 
river system model uncertainty, the analyses relied upon existing models that have been 
calibrated, reviewed, and used in previous regional long-term planning studies. 

9.5 Urban Landscape Demands Analysis 

In Chapter 7, the ET Demands model (Reclamation, 2015a) was used to estimate turf grass 
evapotranspiration demands to quantify outdoor urban landscape water demand given that 
turfgrass is the most extensive urban vegetation type. In this analysis, there are numerous 
irrigation water requirement uncertainties for historical and future climate periods. 

For historical periods, primary uncertainties include those associated with accuracy of gridded 
weather data, turf grass crop coefficients, and simplifying assumptions, parameterizations, and 
model processes within ET Demands, such as thermal based functions for simulating turfgrass 
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phenology, root depth and seasonal root growth, soil water balance and runoff, and irrigation 
amount and frequency. 

For future periods, primary uncertainties include those for historical periods, in addition to those 
associated with accuracy of weather data under future climate (using the Multivariate Adaptive 
Constructed Analogs (MACA) downscaling method), potential changes in turfgrass varieties, 
and effects of increased CO2. Uncertainties associated with increased CO2 include sensitivities of 
stomatal conductance, transpiration, and leaf area index, and unknown land surface energy 
balance feedbacks from increased leaf temperatures and vapor pressure deficits (Allen et al., 
1991; Jacobs and De Bruin, 1992, 1997; Islam et al., 2012). While it is acknowledged that there 
are numerous uncertainties associated with estimating historical and future water requirements 
using ET Demands, more complex plant growth models (PGMs) have similar uncertainties given 
they are highly parameterized and require detailed input data and calibration, often times 
calibrated to empirical crop coefficient curves used in the ET Demands model. 

Therefore, the principle of parsimony was followed in this study given the limited information 
available and uncertainties associated with gridded weather, model input data, and calibration 
information. ET Demands and the approach of Kruijt et al. (2008) used in this assessment is 
practical and justified in that it is physically based, accepted and endorsed by the American 
Society of Civil Engineers (ASCE) and Food and Agricultural Organization (FAO), and 
considers primary CO2 effects that ultimately reduce transpiration and crop evapotranspiration 
(ETc) under future climate scenarios. 

9.6 Climate Impacts on Groundwater 

Changes in focused groundwater recharge are highly uncertain since the ability to model 
precipitation intensity is largely dependent on modeling climate processes at high spatial 
resolution to capture topographic effects and convective events. This report provides an 
overview of existing studies, each of which have elements of uncertainty. For example, studies 
conducted in the Upper Colorado River Basin highlight the uncertainty with future recharge 
projections. There is considerable spatial heterogeneity throughout the Upper Colorado River 
Basin with future recharge estimations, in addition to seasonal dynamics. However, projected 
increases in precipitation and temperature alone do not fully explain the spatially diverse 
projected changes in recharge and it would be useful to better understand the different drivers 
behind anticipated increases or decreases to future recharge. 

9.7 Summary 

This report was designed to take advantage of the best available information and techniques in a 
risk-informed decision-making framework, following methods documented in peer-reviewed 
literature and supported by collaboration with leading researchers in other Federal agencies and 
research institutes across the United States. This report focuses on demonstrating what is 
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possible to assess across a West-wide domain. And, while each method could be further refined, 
the diversity of approaches is not intended to be all encompassing, but rather a research effort 
that provides useful context and prompts further inquiries. 

The complexities of the climate system, of physical processes in nature, of human behaviors 
dictating greenhouse gas concentrations, and of computing tools, all ultimately lead to 
uncertainties in the results of long-term planning studies. Reclamation commonly considers risks 
in water resources planning associated with these uncertainties and continues planning with these 
insights in mind, recognizing both the value and shortcomings of the information, and also 
recognizing the need to explore alternative planning paradigms to consider decision-making 
under deep uncertainty. 

Future scenarios encompass uncertainties associated with climate modeling, climate 
downscaling, and hydrologic modeling (Wilby and Harris, 2006; Davie et al., 2013; Addor et al., 
2014; Schewe et al., 2014; Vano et al., 2014; Mendoza et al., 2015). Although these methods 
were widely accepted as a reasonable strategy toward this objective, there is a growing 
awareness that many of these choices would affect assessment findings. Where once climate 
changes were based on a single GCM (e.g., Wood et al., 2004; and associated Western United 
States assessments, such as Christensen et al., 2004), the recognition of uncertainty in GCM 
choice has standardized the use of more than a dozen GCMs today. The approach taken in this 
study relies on numerous climate projections to understand future climate and hydrology, though 
it primarily relies on the LOCA downscaling method (and MACA downscaling for urban water 
demand) and a single hydrology model using a priori parameter set for the hydroclimate 
analysis. Thus, current future hydroclimate projections provide a limited view of the uncertainty 
space. For example, the trend toward using multiple hydrologic models rather than a single 
model has confirmed that a single hydrologic model selection artificially narrows the range by 
not representing the hydrologic sensitivities that would be estimated through different modeling 
choices. 

Furthermore, a problem confronting practitioners and decision-makers in the progress of climate 
science is that the projection uncertainty space (i.e., the combined uncertainty arising from 
uncertainties present at each step in the analysis) has expanded as research reveals a fuller range 
of uncertainties associated with the identified modeling steps. Therefore, it is important that the 
impact assessment community continues to formulate strategies toward reducing projection 
uncertainty. It is nonetheless critical now to gain a better understanding of the multiple sources 
of uncertainty, which likely are more substantial than the present approach suggests. 

Similar to development of future scenarios for analysis, there is uncertainty associated with paleo 
information used and developed in this report, as discussed above. The drought analysis 
conducted in this report used a range of methods spanning degrees of complexity. The field is 
continuing to progress towards new, expanded uncertainty paradigms, just as it did in the past for 
the hydroclimate analysis. At the time of this report, work is still underway to identify and/or 
pragmatic and scientifically sound strategies for doing so. 
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While it is important to acknowledge limitations in the analyses presented in this report and to 
make an initial effort to more fully characterize and better reveal that uncertainty space, ongoing 
research should also keep the computational requirements in perspective. There is a need for 
guidance to make specific methodological choices such that users are able to understand and 
communicate the implications of those choices for their respective applications. It is also 
important to consider impacts beyond those captured in simulations, such as the impact of 
wildfires on water availability and quality. 

Additionally, it is important to recognize that a diversity of techniques collectively provides a 
more robust analysis, especially when different techniques reveal similar conclusions. For 
example, future climate projections and paleohydrology provide complementary information that 
help to understand and prepare for conditions outside those seen in the observed period. 
Collectively, paleo analysis and analysis using future projections both reveal scenarios and 
likelihoods which extend understanding, allow for a more informed risk-informed decision-
making framework, and can help promote more resilient planning. 

As research continues to characterize and, where possible, reduce uncertainties inherent in 
projecting hydroclimate impacts of climate change, the water resources management community 
should also be aware that future conditions are ultimately deeply uncertain. This means that risk-
informed analyses alone may not provide appropriate practical information for planning, and that 
bottom-up approaches using decision-making under deep uncertainty (DMDU) methods or 
similar approaches should be more broadly explored. Such bottom-up methods can help mitigate 
the challenges of planning under deep uncertainty and reduce the influence of imperfect, often 
limiting, up-front assumptions during planning processes. These methods likely present a 
prudent future direction for water resources planning and management. 
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